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Abstract 

DIGITAL TRANSFORMATION AND PERFORMANCE OF COMMERCIAL BANKS 

IN ZIMBABWE: THE MEDIATING ROLE OF INFORMATION TECHNOLOGY 

CAPABILITY 

Tendai Panaishe 

Unicaf University in Malawi 

The need for digital transformation (DT) to address organisational performance challenges 

has received heightened attention from scholars and practitioners in recent years. Nonetheless, 

evidence on DT effects on commercial bank performance in the context of developing countries, 

especially in Zimbabwe, remains scarce as most studies have focused on jurisdictions outside 

Africa. This study empirically examined the association between DT and the performance of 

commercial banks in Zimbabwe, with a specific focus on the role of IT capability as a mediating 

mechanism. In particular, the study assessed the effects of DT on employee productivity, IT 

innovation, IT capability, and commercial bank performance, and hypothesised positive 

relationships among these constructs, including an indirect pathway where DT improves bank 

performance through strengthened IT capability. Using a quantitative study approach and stratified 

random sampling, the study extracted data from 310 commercial bank employees in Zimbabwe. 

Structural Equation Modelling (SEM) was applied using SPSS/AMOS to test the proposed 

relationships. The results show that DT has a positive and significant effect on employee 

productivity, IT innovation, and IT capability, and that both IT innovation and employee 

productivity contribute positively to commercial bank performance. Importantly, the study 

confirms that IT capability positively mediates the relationship between DT and bank performance, 
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highlighting IT capability as a critical mechanism through which DT yields performance gain. 

Practically, the study results suggest that commercial bank managers should deepen investment in 

DT, strengthen employee participation in transformation initiatives, and systematically enhance 

IT capability to maximise performance outcomes. Policymakers and regulators should create an 

enabling environment that supports bank digitalisation and capability development. Future 

research is encouraged to adopt mixed-method and longitudinal designs, incorporate additional 

mediators and moderators, and expand stakeholder perspectives to strengthen causal inference and 

contextual relevance. 
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CHAPTER 1: INTRODUCTION 

1.1. Background of the Study 

Digital transformation (DT) has been elevated in the priority matrices for commercial 

banks across the globe. This top prioritisation has been driven by its potential to reshape the 

performance of commercial banks worldwide. This is so because of DT’s ability to enhance 

efficiency, competitiveness and overall performance. Consequently, commercial banks seem to be 

investing significantly in DT initiatives. However, the direct path from DT investment to improved 

organisational performance is neither automatic nor assured. Emerging research suggests that this 

relationship is critically mediated by the organisation’s inherent IT capability (ITC) (Audy et al., 

2023; Do et al., 2022; Jihane & Aziz, 2022).  Whether this holds for commercial banks in 

developing contexts like Zimbabwe remains unknown. 

To fully explore this dynamic, this study seeks to ascertain the effect of DT on the 

performance of commercial banks as well as how IT capability interacts with the relationship 

between DT and commercial bank performance in Zimbabwe. As a foundation for this study, the 

following section discusses the global, regional and local perspectives of the study. It begins by 

defining the core concepts of DT, commercial bank performance and IT capability, thereby 

establishing a clear framework for the subsequent analysis. 

1.1.1. Definition of Core Concepts 

The main concepts of this study are commercial bank performance, IT Capability, IT 

capability mediation and Digital Transformation. The following section defines these concepts and 

contextualises them to this study. 
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1.1.1.1. Commercial Bank Performance.  

Performance in the context of organisations and banks has seen several definitions (Contu, 

2020; Doval, 2019). According to Doval, performance refers to the output of what an organisation 

produces, measured against what it has set out to achieve. In the context of commercial banks, 

performance refers to the achievement of key performance indicators (Coulon, 2020). These 

performance indicators touch on the bank’s operational efficiency, the quality of its assets, 

profitability and customer satisfaction. Several studies have measured performance using both 

financial metrics (such as Return on Assets, Profits, Return on Equity, and Earnings per Share) 

and non-financial measures (such as market share and customer satisfaction). 

Commercial Bank Performance (CBP) in this study was operationalised as a two-

dimensional continuum encompassing both financial and non-financial metrics (Hvolby & 

Thorstenson, 2001; Joensuu-Salo, S., & Matalamäki, 2023; Kettinger et al., 1997; Länsiluoto et 

al., 2019; Melville et al., 2004; Powell, 1995). In order to determine the financial performance of 

commercial banks, the study sought information relating to the Return on Investment (ROI), Cost 

Reduction and Net Profit. Non-financial performance was measured using indicators capturing 

process efficiency, customer satisfaction, and market share growth. These indicators were adopted 

and adapted from prior validated studies and were measured using a 5-point Likert scale (Joensuu-

Salo & Matalamäki, 2023; Länsiluoto et al., 2019). 

To construct a single composite index for commercial bank performance, the study 

computed the arithmetic mean for each dimension (financial and non-financial performance). To 

complement the perceptual measurement above, objective secondary data on Return on Assets 

(ROA) was used as a measure of commercial bank performance. The ROA for each of the 13 

commercial banks (Appendix I) was collected for triangulation purposes. 
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1.1.1.2. Digital Transformation. 

While several authors have defined DT, there is no universally agreed-upon definition of 

what constitutes DT among scholars. This is because DT is multifaceted and has been defined to 

encompass a wide range of interpretations across different industries and contexts (Furr et al., 

2022; Kumar & Sangtani, 2023). Noetheless, it has generally been agreed that DT refers to the 

adoption, infusion and integration of digital technologies into the operations of an organisation, 

leading to significant changes in how it operates internally, acquires and serves its customers 

(Kazei & Sengupta, 2022).  

Specifically for commercial banks, DT refers to the application of digital technologies in a 

commercial bank’s value chain in a manner that introduces seismic changes in how the bank 

provides service to its customers (Ortaköy & Özsürünç, 2019). DT encompasses a wide range of 

commercial bank initiatives that include digitalisation of customer interactions, process 

automation, implementation of data analytics, and the integration of such emerging technologies 

as blockchain and Artificial Intelligence (AI).  

For the purpose of this study, DT is operationalised through specific and interlinked 

elements that directly influence bank performance and seem to be mediated by IT capability. These 

elements include the application of Big Data analytics, the use of social media platforms, mobile 

technologies and AI. These elements result in process automation and digitisation, data-driven 

decision making and digital customer engagement, thereby defining the DT of a commercial bank 

(Basahel, 2023; He et al., 2021; Shehadeh et al., 2023). 

Given the lack of consensus in defining DT, this study adopts a measurable operational 

focus by examining DT through observable banking outcomes. Specifically, DT in this study is 

operationalised through the extent to which banks: (i) digitise customer-facing services and 
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channels, (ii) automate workflows and service processes, (iii) implement data analytics to improve 

decision-making and customer responsiveness, and (iv) integrate emerging digital technologies to 

support innovation and competitiveness. These DT elements enabled the construct to be 

empirically tested within the study model, particularly in relation to employee productivity, IT 

innovation, IT capability and commercial bank performance. For banks to succeed in 

implementing DT to enhance performance, they must also develop and leverage strong IT 

capabilities. 

1.1.1.3. IT Capability. 

IT Capability refers to a company’s scope to acquire, deploy, combine, and reconfigure IT 

resources in an effective manner that will result in the enhancement of work processes and business 

strategies (Werder & Richter, 2022). It is not limited to technical infrastructure alone but also 

involves organisational processes, skills, and strategic alignment. IT capability has been divided 

into reactive and proactive, with the former enhancing work processes while the latter supports 

business strategies (Ranjbarfard & Mirsalari, 2020).  

1.1.1.4. The Mediating Role of IT Capability on DT and Bank Performance. 

This refers to the extent to which IT capability influences the relationship between DT and 

bank performance (Barba-Sánchez et al., 2024). In their studies on the mediation of IT Capability 

on performance, Ning and Yao (2023) opine that this refers to how IT Capability influences the 

relationship between organisations and their supply chain objectives. Similarly, Ning & Yao 

(2023) opine that the mediation of IT capability can be seen in how it interplays with the 

relationship between DT and change management. These definitions show that mediation refers to 

the impact that a variable has on a given relationship. In the context of this study, the mediation of 
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IT capability therefore refers to the extent to which IT capability influences the relationship 

between DT and commercial bank performance (Kasteli et al., 2022; Yang et al., 2023). 

1.1.2.  Background of the Study from a Global Perspective  

The global business environment has seen rapid technological advancement, and this has 

forced traditional industries, including commercial banks, to adapt so as to obviate the risk of 

obsolescence (Masoud & Basahel, 2023). Commercial banks, as linchpins of modern economies, 

face constant existential threats from digitally native competitors, necessitating a strategic shift 

toward DT to ensure survival and sustain performance (Modiba et al., 2020; Varma et al., 2022). 

In order to catalyse this relationship, it has been observed that global institutions have used their 

IT capabilities (Ranjbarfard & Mirsalari, 2020; Rostika, 2023). Several authors (Naimi-Sadigh et 

al., 2021; Tanda & Schema, 2019; Haryanti et al., 2023) opine that globally, Europe and Asia have 

led in implementing advanced digital strategies, with substantial progress reported in digital 

customer interfaces and end-to-end process redesigns. 

 However, the rise of Fintechs and BigTechs has intensified competition, challenging 

traditional banks by offering faster, cheaper and more convenient digital financial services 

(Kaondera et al., 2023; Katuka et al., 2023; Moyo et al., 2019; Shambira, 2020). This disruption 

has compelled banks to accelerate their DT efforts to preserve market share and sustain 

performance.  

According to Wang (2023), while DT priorities have received elevated attention, the return 

on these investments has been mixed. Wang (2023) shows that 69% of European banks reported 

an increase in digitalisation aimed at DT, while 88% have initiated DT-related end-to-end 

processes. Asian banks have made significant strides in implementing DT, while American banks 
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have adopted several strategies, such as in-house development as well as collaborating with 

Fintechs (Tanda & Schena, 2019; Shashikala, 2019).  

Similarly, recent research by Ernst & Young has indicated that "90% of global companies 

are implementing DT in their strategic plans" (Sia et al., 2021, p. 35). While there has been such a 

high uptake of DT, the impact on performance has been mixed in the literature. Some studies have 

shown that banks in Asia have improved their performance through DT (Boufounou et al, 2024; 

Sia et al., 2021; Zuo et al., 2021), while others indicate that the impact on performance is not only 

negative but also dependent on bank size (Nguyen-Viet & Nguyen, 2023). Such inconsistent 

results trigger a need for further inquiries into the impact of DT on commercial bank performance. 

The necessity for a successful DT originates from the fact that commercial banks have been 

subjected to the harsh effects of environmental changes such as the emergence of big tech and 

fintechs, as well as evolving client needs (Jihane & Aziz, 2022; Tran et al., 2022). Fintechs have 

been effective in digitally reforming and entering the banking market by delivering lower-cost 

services (Jihane & Aziz, 2022; Wewege et al., 2020), higher-quality services (Jihane & Aziz), and 

faster and more convenient services (Jihane & Aziz; Iluba & Phiri, 2021). The impact of these 

activities on the performance of commercial banks has not been positive. Banks have largely 

responded to these by implementing DT. However, the results of its impact on performance have 

not been consistent in the literature. Some studies have suggested that for DT to impact 

performance positively, organisations need to have a strong IT capability (Carcary, M., & Doherty, 

2022; Rostika, 2023).  This, therefore, necessitates further inquiries into what impact DT will have 

on the performance of commercial banks, considering the mediating role of IT capacity. 

Despite the potential benefits accruing from DT (Albukhitan, 2020; Kitsiosis et al., 2021; 

Rego et al., 2021), it has been observed that a significant portion of DT efforts by commercial 
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banks globally have failed due to implementation challenges, thereby negatively impacting bank 

performance (Diener & Špaˇcek, 2021). According to Tabrizi et al. (2019), DT implementation 

failure rates globally have been as high as 70% bringing into question whether DT indeed 

positively improves organisational performance.  

Likewise, Orji (2019) discovered that many DT programs were either dying or on the verge 

of failing, as seen in the cases of Nike, Burberry, and P&G, all of whom invested heavily in DT 

but failed (Davenport & Westerman, 2018). These DT initiatives were seen to be costly for these 

organisations and negatively impacted performance. What is not clear in these studies, however, 

is how IT capability was used to mediate the relationship between DT and performance, suggesting 

the necessity for further studies to investigate the strength of the interplay between these 

constructs. 

Studies on the Chinese commercial banks indicated that DT’s impact on performance (Do 

et al., 2022; Lee & Shin, 2018) is attributed to the role it has been seen to play in railroading 

Organisational performance by impacting operational efficiency, customer service, employee 

productivity, and competitive positioning (Abdulquadri et al., 2021; Albukhitan, 2020; Masoud & 

Basahel, 2023). Specifically, it has been seen to impact customer acquisition using data analytics, 

improve lending through predictive analytics, enhance employee productivity, and spur IT 

innovation (Hokonya, 2024). Artificial Intelligence (AI) has been used to enhance customer 

service, and DT has been applied to internal processes of commercial banks as they seek to 

streamline processes and enhance performance (Radenkovi´c et al., 2023).  

McKinsey and Company (2021) show that Fintech has applied successful DT that has 

resulted in 40% of customers leveraging it, with 90% of such customers being satisfied with the 

service at the expense of commercial banks. Another study by KPMG (2017) revealed that 84% 
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of millennials were open to starting a banking relationship with a big tech company. This presents 

performance challenges for banks, given that these competitors are reducing the market share of 

banks.  

Sia et al. (2021) studied DT implementation at DBS Bank in Singapore using a case study 

approach and discovered that the bank improved all its operations and financial performance 

through DT. Zuo et al.’s (2021) studies considered the Chinese commercial banking sector; 

Boufounou et al. (2022) studied DT in Greece; and Tran et al. (2022) assessed DT in Hungary 

using a case study of two banks. While these studies helped illuminate the impact of DT on 

commercial bank performance in specific contexts, they did not address the mediating role of IT 

capability. The question of how DT ensures improved performance for commercial banks in 

Zimbabwe thus becomes a matter of concern, given that these studies focused on different 

geographical contexts and also did not consider how IT capabilities influence the said relationship. 

This suggests the need to examine the interlink between DT and the performance of Zimbabwean 

commercial banks and how IT capabilities affect this interplay. 

1.1.3. Background of the Study from a Regional Perspective  

The DT in the context of performance in the commercial banking sector in Zimbabwe, 

considering the mediation of IT capability, cannot be isolated but needs to be viewed in the African 

context. In developing regions, including Africa, the uptake of DT has been slower and uneven 

due to infrastructural limitations, skills shortages, economic instability and legacy systems (Kraus 

et al., 2021; Lanzolla et al., 2020; Prügl, 2021; Nambisan et al., 2019; Paul et al., 2024; Verhoef 

et al., 2021).  

The African environment is characterised by the rapid proliferation of mobile money, 

epitomised by M-Pesa in Kenya, undergirded by Mobile Network Operators (MNOs) digital 
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capabilities. According to Chitokwindo et al. (2021), these have pressured commercial banks to 

digitally transform or become irrelevant. It has been revealed by Khams (2022), who studied the 

Egyptian banking sector, that DT assists commercial banks in successfully fending off Fintech 

competition, thereby ensuring sustainable performance by commercial banks. That as it may, the 

digital divide between Africa and the developed world seems to widen further. According to 

Avevor (2024), over 90% (in 2020) of the population in both North America and Europe had access 

to 4G network, which is a key enabler in DT. In contrast, only 52% of Africa’s population had the 

same access during the same period.  

Furthermore, the use of IT capability in enhancing the relationship between DT and 

commercial bank performance has not become a mere competitive strategy; rather, this has 

morphed into a vital adaptation to the widespread economic informalisation, currency volatility, a 

young tech-savvy population and a plethora of other challenges confronting the commercial 

banking sector. 

The DT journey for commercial banks in developing nations has been markedly distinct 

from the global north and east. According to Shaavadze (2021), most banks in developing nations 

are often still grappling with building foundational IT capabilities, reliable connectivity, secure 

data centres, digital literacy and all this compounded by erratic power supplies and legacy systems. 

It appears this state of affairs in the developing regions dovetails with what is obtaining in 

Zimbabwe (Kaondera et al., 2023). In contrast, commercial banks from the global north and east 

mainly focus on AI and Big Data analytics.  

In order to accelerate the impact of DT on commercial bank performance, Shaavadze 

(2021) posits that commercial banks in developing nations need to leverage IT capability, as it 

provides the bridge that enables investment in digital tools to translate into actual performance 
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gains. This is supported by studies in Nigeria and Ghana (Avevor, 2024) that have shown that 

robust IT governance and agile digital skills have been key in the successful launch of applications 

that have driven growth.  

The impact of IT capability on the relationship between DT and commercial bank 

performance has been studied in South Africa. According to Bvuma and Marnewick (2020), 

sustainable performance is mediated by how well technology is absorbed by the organisation. 

Similarly, studies by Mogoale et al. (2021) conclude that IT capability has been critical in 

enhancing the performance of South African organisations. In contrast, similar studies by Modiba 

et al. (2020) showed that the impact of IT capability on the South African Financial services 

industry is less understood. This was attributed to the unique complexities related to infrastructure 

and cultural diversity. Such conflicting findings suggest the need for further inquiries in the 

African context. 

1.1.4. Study Background from a Local Perspective 

As of 31 December 2022, the Zimbabwean banking sector comprised twenty-seven 

banking institutions, of which thirteen were commercial banks, 3 building societies,7 deposit-

taking microfinance institutions, 3 development financial institutions and 1 savings bank (The 

Reserve Bank of Zimbabwe, 2022). In a World Bank study, Kunicova et al. (2021) noted that 96% 

of transactions in Zimbabwe are done digitally, thereby providing a strong digital payment system 

that can form the backbone of an effective DT. While this study hints that the country is well 

placed to accrue benefits from implementing DT, it is silent on its impact on commercial bank 

performance as well as on how IT Capability mediates this relationship.  

Specifically, the Zimbabwean banking system remains fragile, with non-performing loans 

(NPLs) constituting around 7% of total bank loans, threatening the performance of commercial 
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banks (Katuka et al., 2023). In addition, Katuka et al. (2023) observe that the structure of the 

banking system is highly concentrated, given that the top three banks hold a market share of 76%. 

Compounding these challenges is the observation that commercial banks in Zimbabwe have been 

losing ground to MNOs with a recorded reduction of 2.7% since 2016 (Kaondera et al., 2023). To 

deal with these challenges and the persistent economic problems, commercial banks in Zimbabwe 

have advanced from the traditional roles of simply being deposit takers to embracing DT to 

enhance performance. Whereas studies elsewhere have explored the interlink between DT and 

commercial bank performance, this area remains underexplored in the context of Zimbabwean 

commercial banks. 

Furthermore, the Zimbabwean commercial banking sector has endured significant shocks 

over the decades that include hyperinflation, dollarisation and now DT (Tsaurai, 2018). In addition, 

mobile network platforms such as Ecocash, Netcash, and Telecash have put pressure on 

Zimbabwean banks to implement DT to attain a sustainable competitive advantage (Kaondera et 

al., 2023). Moreover, the recent COVID-19 pandemic dented commercial banks' performance, thus 

necessitating a rapid deployment of viable DT (Boufounou et al., 2022). According to Khams 

(2022), the prevalence of the Coronavirus required commercial banks to rethink their business 

models by adopting and implementing successful DT. 

Despite this observation, DT adoption in Zimbabwe has been seen to be slower relative to 

other African countries (Kaoendera et al., 2023). Furthermore, Kaondera et al. posit that because 

of the slow DT implementation, Zimbabwean banks’ market share has receded by 2.7% since 

2016, negatively impacting performance. Could the implementation of DT leveraging IT capability 

result in improved performance for banks in Zimbabwe? This can only be clarified upon carrying 

out further studies in this domain. 
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Although some studies in Zimbabwe have considered some aspects of DT, it appears there 

is a paucity of literature that has considered the mediating role of IT Capability in the Zimbabwean 

context. Studies by Chindudzi et al. (2020) considered "how digital banking impacts the 

performance of commercial banks in Zimbabwe” but did not consider the full construct of DT. 

Kaondera et al. (2023) studied how DT can be applied to customer relationship management by 

Zimbabwe’s commercial banks. Hokonya (2024) instituted a study on how DT impacts customer 

satisfaction. In all cases, the role played by IT capability was not considered. Additional studies 

are thus obligatory to establish the impact of DT on commercial bank performance, considering 

the role of IT capacity. 

A recurring theme in the literature is the mediating role of IT capability, which 

encompasses the infrastructure, skills, processes and alignment needed to support and leverage 

digital technologies (Werder & Richter, 2022; Ranjbarfard & Mirsalari, 2020). Strong IT 

capability can enhance DT outcomes and improve performance (Kasteli et al., 2022; Yang et al., 

2023; Barba-Sánchez et al., 2024; Kohli & Melville, 2019). However, findings remain 

inconsistent. Some studies find insignificant or even negative effects, arguing that IT capability 

may hinder performance in the short term due to high investment costs or misaligned digital 

strategies (Sutanto et al., 2024; Shanti et al., 2023). These contradictions point to the need for more 

context-specific investigations, especially in developing, high-risk environments such as 

Zimbabwe. 

Existing Zimbabwean studies have examined aspects of digital banking, customer 

satisfaction and digital marketing (Chinakidzwa, 2020; Chindudzi et al., 2020; Hokonya, 2024), 

but none have comprehensively assessed how DT influences commercial bank performance 
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through IT capability, nor how DT interacts with employee productivity and IT innovation. This 

creates a significant empirical and theoretical gap. 

Against this background, this study investigates how digital transformation affects the 

performance of commercial banks in Zimbabwe, focusing on the mediating role of IT capability 

and the influence of DT on employee productivity and IT innovation. The study aims to generate 

insights that can guide strategy formulation, strengthen managerial decision-making and support 

evidence-based policymaking within the Zimbabwean banking sector. 

1.2. Statement of the Problem  

Although digital transformation (DT) is widely regarded as a strategic enabler of improved 

organisational performance, empirical evidence on its effects in the banking sector remains 

inconsistent. At the same time, meta analyses indicate that DT can lead to 14% -22% improvement 

in performance due to positive outcomes such as improved efficiency, innovation and 

competitiveness (Boufounou et al., 2024; Sia et al., 2021; Zuo et al., 2021) in advanced and Asian 

economies, other studies demonstrate negative or insignificant effects arising from high 

implementation costs, organisational resistance, digital skill gaps and operational disruptions 

(Kadur & Rajshekar, 2022; Reis & Melao, 2023; Tran et al., 2023; Nguyen-Viet & Nguyen, 2023) 

showing that over 30% of major DT projects in banking fail to meet the intended objectives.  

These contradictions highlight an empirical gap regarding the extent to which DT improves 

bank performance, and this is problematic for academicians, policymakers and banking 

practitioners because it limits evidence-based decision-making on DT investments, especially in 

contexts where transformation costs are high and failure risks are substantial. Furthermore, this 

contradiction presents a critical dilemma: whether DT investments are reliable performance drivers 

or risky ventures with uncertain payoffs. 



14 

 

A growing body of literature suggests that IT capability may explain these mixed results 

because it determines an organisation’s ability to deploy, integrate and leverage digital 

technologies effectively (Kasteli et al., 2022; Yang et al., 2023; Barba-Sánchez et al., 2024; Kohli 

& Melville, 2019). However, findings about its mediating role are also inconsistent. Some studies 

confirm significant mediation effects, whereas others report weak or even negative influence, 

particularly in resource-constrained environments (Sutanto et al., 2024; Shanti et al., 2023). 

Furthermore, the interplay between DT, employee productivity, and IT innovation as they 

collectively influence bank performance is not adequately conceptualised. This creates a 

theoretical gap, as the mechanisms through which IT capability strengthens or limits DT outcomes 

remain unclear, especially in developing-country banking systems. 

The overwhelming majority of studies are situated in developed economies as well as Asian 

countries (Cappa et al., 2020; Xie & Wang, 2023). Zimbabwean commercial banks operate under 

distinct challenges which present a unique context.  These severe contextual pressures include 

economic instability, high non-performing loans, intense competition from mobile money 

operators, and uneven DT adoption across banks (Tsaurai, 2018; Kaondera et al., 2023; Katuka et 

al., 2023). While over 90% of national transactions are now processed digitally (Kunicova et al., 

2021), little is known about whether DT initiatives translate into improved commercial bank 

performance, or how IT capability influences this relationship. Commercial banks face intense 

competition from MNOs that capture 80% of person-to-person payments and are responsible for 

the reduction in commercial bank market share by 2.7% annually since 2016 (Kaondera et al., 

2021; RBZ, 2023). Existing Zimbabwean research remain narrow in scope, focusing mainly on 

digital banking, customer satisfaction and digital marketing (Chinakidzwa, 2020; Chindudzi et al., 

2020; Hokonya, 2024), with little attention to the combined effects of DT, IT capability, IT 
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innovation and employee productivity. This creates a contextual gap and leaves Zimbabwean 

commercial bank managers with little evidence-based models tailored to their volatile 

environment, underscoring the need for an evidence-based investigation into how DT affects the 

performance of Zimbabwean commercial banks.  

If this research problem remains unaddressed, Zimbabwean banks risk misallocating scarce 

capital toward costly DT initiatives that may fail. This may lead to continued weakened 

competitiveness, eroded profitability and increased systemic vulnerability in the commercial 

banking sector. In essence, this worsens inefficiencies, intensifying customer attrition to fintech 

and mobile money competitors, and weakening competitiveness. In addition, policymakers will 

lack the insights needed to craft effective DT and ITC strategies to help CBP. Such outcomes have 

broader consequences for financial sector stability, credit provision to businesses, and the 

achievement of national economic development goals. Consequently, there is a strong need for 

context-specific evidence to clarify how DT affects the performance of commercial banks in 

Zimbabwe and to determine the mediating role of IT capability while accounting for the roles of 

employee productivity and IT innovation as critical transformation mechanisms. 

1.3.  Purpose of the Study, Research Aims, and Objectives 

This section discusses the purpose of the study, the research aims, and the study objectives. 

According to Dudkowski (2021), this is critical as it establishes the framework of the current 

investigation and guides the methodological approach of the study. Furthermore, this directs the 

research, facilitates evaluation and gives context to the investigation. 

1.3.1. Purpose Statement 

The purpose of this quantitative study was to examine how digital transformation (DT) 

influences the performance of commercial banks in Zimbabwe, with a specific focus on the 
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mediating role of IT capability. Although Zimbabwean commercial banks have increasingly 

invested in DT in response to operational, competitive and economic pressures, there is limited 

empirical evidence on whether these initiatives translate into measurable performance 

improvements. By analysing the relationships among DT, IT capability, employee productivity, 

IT innovation and commercial bank performance, this study provides insight into how banks can 

strengthen their digital strategies and leverage IT capability to maximise the effectiveness of DT 

initiatives. 

Guided by an explanatory, cross-sectional survey design, the study draws on three 

theoretical lenses: the Technology Acceptance Model (TAM), which informs technology adoption 

behaviours; the Digital Orchestra Framework (DOF), which explains coordinated digital capability 

integration; and the Dynamic Capabilities Theory (DCT), which explains how firms reconfigure 

resources to achieve competitive advantage. These theories collectively inform the investigation 

of how DT affects key organisational variables and how IT capability mediates the DT 

performance relationship. 

Primary data were collected from employees across all thirteen commercial banks in 

Zimbabwe. A final sample of 310 respondents was selected through stratified random sampling, 

based on population estimates from the Reserve Bank of Zimbabwe. The sample size was 

determined by triangulating G*Power 3.1.9.7 and Krejcie and Morgan’s (1970) table to ensure 

adequate statistical power. Data were collected using a structured questionnaire aligned with the 

study objectives. In addition. Secondary data on ROA for the period 2022 to 2024 was 

systematically collected from published annual reports. This objective financial data was used to 

triangulate the perceptual performance measures obtained from the survey. 
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1.3.1.1. Research Aim 

This study aimed to analyse the effect of digital transformation (DT) on the performance 

of commercial banks in Zimbabwe, and to determine whether IT capability mediates this 

relationship. It sought to examine how DT (independent variable) interacts with IT capability, IT 

Innovation, Employee Productivity, and Commercial Bank Performance (dependent variables). 

The study aimed at measuring how IT capability (mediating variable) influences the relationship 

between DT and CBP.  In addition, the study sought to investigate the effects of DT, ITC, ITN, 

and EP (independent) variables on CBP (dependent) variable. 

1.3.1.2. Specific Research Objectives. 

To achieve the study aim, the following specific objectives were formulated: 

i. To determine the extent to which digital transformation (DT) influences the 

performance of commercial banks in Zimbabwe. 

ii. To examine the effect of digital transformation (DT) on IT capability in 

Zimbabwean commercial banks. 

iii. To determine the effect of digital transformation (DT) on employee productivity in 

Zimbabwean commercial banks. 

iv. To ascertain the effect of digital transformation (DT) on IT innovation within 

Zimbabwean commercial banks. 

v. To determine the effect of IT innovation on the performance of commercial banks 

in Zimbabwe. 

vi. To assess the extent to which IT capability influences commercial bank 

performance in Zimbabwe. 
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vii. To determine the effect of employee productivity on commercial bank performance 

in Zimbabwe. 

viii. To examine if IT capability mediates the relationship between digital 

transformation and the performance of commercial banks in Zimbabwe. 

1.4.  Nature and Significance of the Study 

To achieve the objectives stated above, this study was done using specific study methods, 

design, data collection, and analysis procedures. Further discussion on these will be done below 

under the nature of the study section. The research approach, research philosophy and research 

strategy will be explained below. In addition, the study justification will be given under the study 

significance section, and this will outline why there was a need to carry out this research. 

This study adopted a quantitative research approach aimed at statistically examining the 

relationship between DT, employee productivity, IT capability, IT innovation, and commercial 

bank performance, considering the mediation role of IT capability. The quantitative orientation is 

appropriate given the study’s objective of testing hypothesised relationships among clearly defined 

and measurable variables, rather than exploring subjective meanings or lived experiences. By 

focusing on numerical data obtained from commercial bank employees, the study seeks to generate 

generalisable and objective evidence regarding how digital transformation influences 

organisational performance outcomes in the Zimbabwean banking sector. The quantitative nature 

of the study aligns with its positivist philosophical stance and supports the use of inferential 

statistical techniques to establish the strength, direction, and significance of the relationships under 

investigation (Scalcău, 2023). 

While DT has received substantial scholarly attention, its theoretical explanation in relation 

to commercial bank performance, particularly when mediated by IT capability, remains 



19 

 

fragmented and underdeveloped. Existing studies have predominantly examined DT through 

partial lenses, such as digitalisation processes, digital maturity models, or customer-facing 

outcomes (Bican, 2020; Gökalp & Martinez, 2022; Taj et al., 2021; Kaondera, 2023). As a result, 

the theoretical understanding of how DT translates into organisational performance outcomes in 

commercial banking remains incomplete. 

A critical theoretical gap arises from the limited integration of internal organisational 

mechanisms that explain how DT affects performance. Although prior studies acknowledge the 

importance of DT, many fail to simultaneously account for employee productivity, IT innovation, 

and IT capability as interconnected explanatory variables (Maha et al., 2024; Nahed et al., 2024; 

Rizwana et al., 2024; Widodo et al., 2024). This omission weakens existing theoretical models by 

overlooking the organisational capabilities and human factors that enable or constrain the 

effectiveness of DT initiatives. Furthermore, the mediating role of IT capability remains 

theoretically ambiguous.  

While some scholars suggest that IT capability strengthens the DT– performance 

relationship, others report inconclusive or inconsistent effects, particularly in resource-constrained 

environments (Hakizimana et al., 2023; Nadkarni & Prügl, 2021). This lack of theoretical 

consensus indicates that existing frameworks insufficiently explain the conditions under which DT 

leads to improved performance. Consequently, there is a need for theory-driven empirical models 

that explicitly position IT capability as a central mechanism rather than a peripheral construct. 

In addition to these conceptual gaps, the literature exhibits a pronounced contextual bias. 

Most empirical studies on DT and performance are situated in developed or Asian economies, 

including China, Vietnam, Singapore, Jordan, and selected European countries (Hang et al., 2021; 

Zuo et al., 2021; Boufounou et al., 2022; Nahed et al., 2024). African contexts and Zimbabwe in 
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particular remain underrepresented. This is theoretically problematic because DT outcomes are 

highly context-dependent, shaped by institutional environments, resource availability, regulatory 

conditions, and workforce capabilities. The limited application of DT theories in Zimbabwean 

commercial banking restricts their explanatory generalisability. 

A further theoretical limitation arises from methodological dominance in the existing 

literature. Many studies rely on qualitative designs or single-case approaches (Hakizimana et al., 

2023; Hokonya, 2024; Masinire et al., 2023; Sia et al., 2021), which, while insightful, constrain 

theory testing and limit generalisability. The scarcity of large-sample quantitative studies 

examining multiple DT-related constructs simultaneously leaves a gap in theory validation and 

refinement. 

Considered individually, this study sought to apply existing theories, such as the Dynamic 

Capabilities Theory (DCT), the Technology Acceptance Model (TAM), as well as the Digital 

Orchestra Framework (DOF) on the Zimbabwean context. There is a paucity of studies that have 

applied these theories when examining how IT capability influences the association between DT 

and commercial bank performance in Africa. By doing so, this study applies these established 

theories in a new context, thereby advancing these theories in an African context. Furthermore, 

this study can be seen to have integrated these multiple theories to create a broad framework that 

assists in explaining the interaction between the independent and dependent variables of the study. 

It can be seen that this has not been widespread in the literature if one is to consider the 

Zimbabwean context. 

In light of these gaps, the mediating role of IT capability in the relationship between DT 

and commercial bank performance, together with the roles of employee productivity and IT 

innovation, remains insufficiently theorised. This study responds to these shortcomings by 
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empirically examining the interplay between DT, IT capability, IT innovation, employee 

productivity, and commercial bank performance within the Zimbabwean context. By doing so, it 

contributes to theory by extending existing frameworks to a new context, clarifying causal 

mechanisms, and strengthening the explanatory power of DT-related theories in commercial 

banking. 

The practical significance of this study lies in its ability to provide actionable, evidence-

based insights for multiple stakeholder groups within and beyond the commercial banking sector. 

By empirically examining the impact of DT on commercial bank performance while accounting 

for the mediating role of IT capability, this study offers practical value in the following ways: 

For commercial bank management, this study provides empirical evidence on how DT 

initiatives translate into improved organisational performance through enhanced employee 

productivity, IT innovation, and IT capability. The findings offer managers a data-driven basis for 

prioritising digital investments, designing DT strategies, and aligning technology initiatives with 

organisational capabilities. By identifying IT capability as a critical mediating mechanism, the 

study assists bank executives in understanding that successful DT is not solely a function of 

technology adoption but also of developing internal IT infrastructure, skills, and processes. These 

insights can inform strategic planning, resource allocation, and performance management 

decisions within commercial banks operating in challenging environments such as Zimbabwe. 

For investors, the study provides valuable information on the performance implications of 

DT in commercial banking. By demonstrating the conditions under which DT positively influences 

bank performance, the study equips investors with a framework for evaluating the long-term 

sustainability and competitiveness of banks’ digital strategies. Understanding the role of IT 

capability as a performance enabler allows investors to better assess the risk-return profile of banks 
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undertaking DT initiatives and to make more informed investment decisions based on evidence 

rather than assumptions. 

From the perspective of bank clients, the study indirectly highlights how DT contributes to 

improved service delivery, operational efficiency, and innovation within commercial banks. 

Enhanced employee productivity and IT innovation, both shown to be influenced by DT, translate 

into faster service, improved digital banking platforms, and more reliable financial products. As a 

result, customers benefit from improved banking experiences, greater convenience, and more 

responsive service offerings, which are critical in increasingly digital financial ecosystems. 

For academicians and researchers, this study contributes practical insights by extending 

empirical evidence on DT and organisational performance to an under-researched context. The 

findings provide a reference point for future studies seeking to examine DT outcomes in 

developing economies and resource-constrained environments. Moreover, the integrated 

examination of DT, IT capability, IT innovation, and employee productivity offers a practical 

research framework that scholars can adapt, refine, or extend in future investigations across 

different industries or geographical settings. 

1.5. Study Strengths and Weaknesses 

This study took samples from all thirteen commercial banks in Zimbabwe. While it was 

better to include all financial institutions and many more variables in this study, the time-bound 

nature of the study prevented it from including many other variables, as well as using more 

financial institutions. The study did not consider other financial institutions such as insurance 

companies, deposit-taking microfinance companies, asset management companies, and building 

societies, all of which participate in the financial services industry in Zimbabwe. Including these 

in the study could enrich the inquiry, given the diversity in the way they operate. That as it may, 
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focusing on commercial banks allowed the study to be completed within the time allocated by the 

University and within budget due to financial resource limitations. 

Although the study's goal was to investigate the association between DT and commercial 

bank performance, considering the mediating role of IT capacity, a mixed-methods approach that 

incorporates qualitative data collection, such as interviews and focus groups, to confirm or validate 

results from the quantitative approach could have been considered. This could then improve the 

study's rigour. However, the use of a survey instead of a case study in this research is seen to 

provide the basis for the generalizability of study results. 

Nonetheless, the researcher benefited immensely from the criticism received during the 

thesis journey, thus improving his writing skills. The results from this study will also benefit 

academia as a basis for further inquiry in this novel area. Furthermore, commercial banks will gain 

insights into the extent to which the study variables impact their output, thereby helping them to 

improve their performance, especially taking into consideration the mediation role of IT capability. 

The generalizability of this quantitative inquiry is advantageous to the sector since banks may be 

able to apply the results in their context.  

1.6. Research Questions and Research Hypotheses 

The following section will provide the questions that guided this study. As some scholars 

observe, research questions are critical as they provide direction for the study in its methodology, 

collection of data, as well as interpretation of the study outcome (Kross & Giust, 2019). They are 

therefore considered an important foundation for an inquiry as they have a significant bearing on 

how useful the outcome of the inquiry will be (Covvey et al., 2023). As a result, this study 

diligently formulated research questions that would guide the study, and these are provided below.  
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1.6.1. Research Questions 

To achieve the study objectives, it is essential to craft the study questions that align with 

the respective objectives.  Research questions provide the foundation for statistical hypothesis 

testing and guide the empirical analysis (Barroga & Matanguihan, 2022). Consequently, this study 

was undergirded by the following questions. 

RQ1: What is the direct influence of DT on the performance of commercial banks in Zimbabwe? 

RQ2: To what extent does DT affect IT capability in Zimbabwean commercial banks? 

RQ3: What is the effect of DT on the productivity of the employees of commercial banks in 

Zimbabwe? 

RQ4: What is the effect of DT on the level of IT innovation by Zimbabwean commercial banks? 

RQ5: What is the relationship between the level of IT innovation and the performance of 

Zimbabwean commercial banks? 

RQ6: To what extent does IT capability affect the performance of Zimbabwean commercial 

banks? 

RQ7: What is the effect of employee productivity on commercial bank performance in

Zimbabwe? 

RQ8: To what extent does IT capability mediate the relationship between DT and commercial 

bank performance in Zimbabwe? 

1.6.2. Research Hypotheses 

Based on the research questions above, the following null hypotheses were formulated and 

tested. In line with statistical hypothesis testing, the null hypotheses (H₀) assume no relationships 

between variables, while the alternative hypotheses (Ha) posit the existence of positive 

relationships (Barroga & Matanguihan, 2022). This helps in giving the study a clear direction and 
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provides a structured approach to investigating the relationship between DT, employee 

productivity, IT capability and commercial bank performance in Zimbabwe, as well as measuring 

the extent to which IT capability influences the relationship between DT and commercial bank 

performance in Zimbabwe. 

H01: There is no significant relationship between DT and the performance of commercial 

banks in Zimbabwe. 

H02:  There is no significant relationship between DT and the IT capability of Zimbabwean 

commercial banks. 

H03:  There is no significant relationship between DT and the productivity of employees in 

Zimbabwean commercial banks. 

H04: There is no significant relationship between DT and IT innovation by Zimbabwean 

commercial banks. 

H05: There is no significant relationship between IT innovation and the performance of 

Zimbabwean commercial banks. 

H06: There is no significant relationship between IT capability and the performance of 

Zimbabwean commercial banks. 

H07: There is no significant relationship between employee productivity and the performance 

of commercial banks inZimbabwe. 

H08: IT capability does not mediate the relationship between DT and commercial bank 

performance in Zimbabwe. 

1.7. Assumptions, Limitations, Delimitations 

This section of the study provides the assumptions, limitations and delimitations of the 

study on the impact of DT on the performance of commercial banks in Zimbabwe, considering the 
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mediation of IT capability. This is considered important as it sets the integrity and applicability of 

the study as well as gives guidance on the study context, thus assisting with the interpretation of 

the study (Sapkota, 2024). 

1.7.1. Assumptions 

The following assumptions shaped the implementation of this study. The rationale of the 

following assumptions was grounded in the extant literature, industry trends and the specific 

context of Zimbabwean commercial banks. 

1.7.1.1. Digital Transformation is a key performance indicator in the commercial 

banking sector in Zimbabwe.  

This assumption stems from the heightened interest in the subject area among academics. 

Recent studies have shown that DT can improve efficiency, reduce operational costs, and may lead 

to improved customer experience and all this impacts performance (Huang, 2021; Pham et al., 

2022; Soesilo & Tampubolon, 2023). In addition, Industry trends seem to confirm that DT impacts 

performance as the banking industry continues to undergo significant changes, with many of them 

investing heavily in digital technologies to remain competitive (Sia et al., 2021).  

1.7.1.2. IT Capability plays a mediating role in the association between DT and 

commercial bank performance in Zimbabwe.  

This assumption applied to this study because the Digital Orchestra Framework seems to 

suggest that IT capability is key in improving how banks implement their DT, thus banks with 

strong IT capability are likely to improve the interaction between DT and commercial bank 

performance (Kasteli et al., 2022; Yang et al., 2023). Research has concluded that the effective use 

of digital technologies, effective IT skills, and IT governance positively impact how commercial 

banks’ DT initiatives impact performance (George & George, 2023). 
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1.7.1.3. Survey respondents are knowledgeable and will provide relevant responses.  

Bank employees are likely to have the most valuable insights into DT initiatives 

implemented by their banks, as they are highly involved in the implementation and use of digital 

technologies. Furthermore, bank employees will most likely provide informed responses given 

their understanding of the banking industry and its operations. 

1.7.1.4. All banks involved will allow their employees to participate in the survey, and 

the Research Council of Zimbabwe will approve the study.  

The study results will add value to the banks as they will have valuable insights into how 

DT impacts performance and also how IT capability influences this relationship. The Regulatory 

authorities and academia at large will also draw lessons from this study; thus, it was envisaged that 

such approvals would be granted.  It was thus assumed that the study would find support from the 

banks and regulators, including the Zimbabwe Research Council. 

1.7.2. Limitations 

According to Ross and Zaidi (2019), study limitations constitute the inherent weaknesses 

that are seen in a study design, and these need to be acknowledged to ignite interest in further 

inquiry. Concerning this study, the following limitations were observed. 

1.7.2.1. Sample Size Limitation. 

Given that the study aimed to generalise the results, the sample used could be limited in 

size, thereby resulting in underrepresentation from some commercial banks in Zimbabwe. The 

study used the G*Power software to determine the minimum sample size, and this was triangulated 

with Kejcie and Morgan’s (1971) table to arrive at 361 respondents. To ensure that the responses 

were not concentrated on one bank, the questionnaires were then distributed in proportion to this 

number. 
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1.7.2.2.  Self-Reported Data. 

The use of self-reported data from the survey may be subject to bias. To address this, the 

study adapted valid measures from previous studies. In addition, the collection of data from several 

respondents from the same institution improved the reliability of the data. 

1.7.2.3. Contextual Factors. 

The study may not fully account for other contextual factors such as economic conditions, 

regulatory environment and views from customers and other stakeholders. As a remedy, the study 

recommended these as areas for further study. 

1.7.2.4. Methodological Limitations. 

This study employed a quantitative approach, which, while appropriate for testing 

hypothesised relationships, does not capture the rich, contextual insights that qualitative methods 

such as interviews or focus groups could provide. This limitation was mitigated by grounding the 

survey instrument in previously validated scales from the literature, ensuring that the quantitative 

measures were robust and theoretically sound. 

In addition, the stakeholder perspective was limited to commercial bank employees. While 

they are important in the provision of critical internal insights, the views of other key stakeholders 

such as customers, regulators and shareholders were not included. This could limit the holistic 

understanding of how DT influences the performance of commercial banks in Zimbabwe, 

considering the mediation of IT capability. That as it may, this study mitigated this by the 

application of robust statistical analysis to ensure the reliability of the employee data and has 

recommended the inclusion of other stakeholder perspectives as a key area for further studies in 

section 5.5. 
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1.7.3. Delimitations 

In order to have a focused study, it is important to set out the study delimitations. These 

study boundaries define the scope and focus of the study, thus providing clarity on the areas that 

will and will not be covered by the inquiry (Ross & Zaidi, 2019). Primarily, these specify the 

population, geographical and data collection time frame parameters associated with the study. In 

terms of this study, the following parameters were considered.  

1.7.3.1. Geographic Scope. 

This study was limited in its geographic scope to commercial banks that operate in 

Zimbabwe. This was because of a paucity of studies that have considered the subject in the context 

of Zimbabwean commercial banks. Most of the current literature seems to have considered other 

industries, while that which has studied DT in commercial banks has focused on other areas 

(Chinakidzwa, 2020; Chindudzi et al., 2020; Hokonya, 2024). Most studies in the literature were 

done in Asian countries, Europe and the Middle East, thereby suggesting the need for widening 

the geographic scope (Shwedeh et al., 2020).  

1.7.3.2. Population and Sample. 

The population targeted by this study were commercial bank employees aged between 18 

and 65 years. The study relied on a sample of 361 participants. 

This is due to the reason that employees at least 18 years old are not vulnerable and do not 

need guardian consent; in addition, those above 65 have retired and therefore were not considered. 

Sampling was considered important due to time constraints that would make it difficult to carry 

out a census of the population. In addition, prior valid studies have applied representative samples, 

as was the case in this study (Alrawashedh & Shubita, 2024). 
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1.7.3.3. Time Frame. 

The study was limited to the two years provided by the University. In that regard, the study 

was limited to January 2023 to December 2024.  

1.7.3.4. Study Variables. 

The focus variables for this study were DT, IT Capability, IT Innovation, Employee 

productivity and Commercial Bank Performance. These were selected after a thorough literature 

review, which indicated that these were connected, albeit with some gaps that were noted in the 

literature (Almustafa et al., 2023; Alshammari, 2023; Cappa et al., 2020; Khan et al., 2022; Kumar, 

2024; Lahiri & Das, 2024; Mogoale et al., 2021; Panda & Rath, 2021) 

1.7.3.5. Research Instruments. 

A structured questionnaire was the only study instrument deployed to collect data. The 

scope of the questions was limited to the constructs of the study framework and avoided any 

political or sensitive questions. This was in line with the nature of the study, as well as support 

from the literature (Kircher, 2022; Ozcan et al., 2023). 

1.7.3.6. Theoretical Framework. 

The conceptual boundaries for this study were guided by three theories. These were the 

Dynamic Capabilities Theory, The Technology Acceptance Model and the Digital Orchestra 

Framework. These theories supported the links between the study variables as indicated earlier. 

1.7.3.7. Methodology. 

The study approach was quantitative in nature, and a survey was used to collect data. This 

was because this study was correlational and it sought to establish relationships between study 

variables, thus fulfilling the purpose of this study. The gaps identified in the problem statement 

also required this approach. 
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1.7.3.8. Analytical Techniques. 

This quantitative study sought to establish the interaction between various study variables 

defined in the conceptual framework. In order to meet the pertinent study objective, it was essential 

that a robust analytical technique be deployed. To that end, this study employed the Structural 

Equation Modelling (SEM) technique to analyse the hypothesised relationships. 

1.7.3.9. Scope of the Study. 

This study was limited to commercial banks only and did not consider other financial 

service providers such as microfinance banks, developmental banks, agriculture financing banks 

and other financial institutions. This was in line with prior studies that focused on commercial 

banks, given their importance in the respective countries' economies (Soelistyoningrum et al., 

2023) 

1.7.3.10. Exclusion Criteria. 

The study limited the participants to active Zimbabwean commercial bank employees of 

banks that were operating in Zimbabwe. Those employees working for branches outside the 

country were not surveyed. In addition, the surveyed employees were between 18 and 65 years 

old, in line with the legal age of maturity and retirement age in Zimbabwe, respectively. Minors 

and those with severe disabilities who could not make their own decisions were not considered for 

the study. 

1.8. Structure of the Study 

This dissertation is divided into five main chapters. Chapter 1 provided the impetus for this 

research by introducing the topic, providing background to the study, giving the problem and 

purpose statements, setting the study objectives, and establishing the study questions and 

hypotheses, as well as highlighting the significance of the study.  
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Chapter 2 evaluated and synthesised the extant literature surrounding DT, IT Innovation, 

employee productivity, IT capability, and commercial bank performance, as well as the mediating 

role of IT capability. Empirical studies were evaluated to draw on the prior study experience. 

Largely, this chapter synthesised, analysed, and evaluated the literature specific to this study. 

Subsequently, Chapter 3 detailed the methodology, research design, and procedures 

applied to this inquiry. The study techniques, including the population, sample, sampling 

techniques, instruments applied in data collection, and how ethics were upheld, were covered in 

this section. In addition, this chapter considered the key concepts of reliability and validity. 

Limitations and delimitations specific to the study methodology and how they impacted the study 

were also considered in the third chapter. 

Chapter 4 collected and analysed the data relating to the study. Guided by the problem 

statement, the methodology, and the research questions and hypotheses, this chapter presents the 

study results. Demographic statistics and descriptive statistics were applied. Such analyses as 

structural equation modelling (SEM) and critical factor analysis (CFA) were discussed in this 

chapter. Overall, the analysis given was linked to the study hypotheses and research questions. 

The study terminates with Chapter 5, which summarises the study and gives conclusions 

as well as recommendations. It offered an interpretation and discussion of the results, linking them 

to the body of existing literature related to the topic under study. It discussed how the results 

conformed to both the literature review as well as the theoretical framework. The contribution to 

knowledge in the form of the study conclusions is also provided in this chapter, thereby bringing 

the study to a conclusive end. 
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1.9.  Chapter Summary 

Largely, this Chapter showed that the concept of DT has gained worldwide interest from 

both academics and practitioners (Masoud & Basahel, 2023). It established that several banks 

globally have embarked on DT journeys to sustain performance given dynamic customer needs 

and increased competition (Khams, 2022; Sia et al., 2021; Tardieu, 2020). The problem, however, 

is that there is no consensus on whether DT results in positive performance (Boufounou et al, 2022; 

Sia et al., 2021; Zuo et al., 2021), with some studies confirming, while others returning negative 

results (Kadur & Rajshekar, 2022; Reis & Melao, 2023; Tran et al., 2023).  

Furthermore, the mediating role of IT capability in enhancing the impact of DT on 

commercial bank performance was not adequately considered in these studies. Regarding 

Zimbabwean commercial banks, their performance has been dented by structural challenges in the 

market, NPLs, and the aggression coming from MNOs and Fintechs, and this has seen their market 

share dwindle (Kaondera et al., 2023; Katuka et al., 2023). The need for this study resulted from 

gaps in the literature (Boufounou et al, 2024; Kadur & Rajshekar, 2022; Reis & Melao, 2023; Sia 

et al., 2021), methodological gaps (Hakizimana et al., 2023; Hokonya, 2024; Masinire et al., 2023) 

and contextual gaps resulting from studies being skewed toward Asian and European countries 

(Cappa et al., 2020; Goldfarb & Tucker, 2019). 

The chapter outlined the study objectives, culminating in the significance of the study. To 

achieve the outlined objectives, the chapter determined that a quantitative research approach 

undergirded by a survey design was the best approach for this study. This lined up with prior 

studies (Huang, 2023; Kontic & Kontić, 2023; Scalcău, 2023). It highlighted how the study was 

significant by exploring both theoretical and practical significance. Theoretically, the chapter 

illuminated that this study would add to existing theory (Bican, 2020; Gökalp & Martinez, 2022; 
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Kaondera, 2023). Also, policymakers, bank managers, and regulators will be practically enriched 

by the study as they will be able to make enhanced decisions and strategies (Tran et al., 2022).  

Guided by the study variables, the chapter established questions and hypotheses that 

funnelled the study. The next Chapter reviews the literature surrounding the study. 
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CHAPTER 2: LITERATURE REVIEW 

2.1. Overview 

The global banking sector is undergoing a significant makeover owing to rapid 

technological advancements, morphing customer needs, and increased competition from Fintechs 

and MNOs (Do et al., 2022; Lee and Shin, 2018). This has resulted in the performance of banks 

coming under intense pressure. As a result, DT has emerged as a key component in this change, 

and several banks globally have initiated DT journeys (Papathomas & Konteos, 2023) with a view 

to sustaining performance. Likewise, Zimbabwean commercial banks face increasing pressure to 

adapt and innovate to remain relevant and competitive. Consequently, their response has been to 

adopt DT, albeit at an excruciatingly slow pace (Kaondera et al., 2023).  

On the global stage, the implementation of DT has returned inconsistent results as indicated 

by various studies (Diener & Špaˇcek, 2021; Reis & Melao, 2023; Sia et al., 2021; Tran et al., 

2023). Regionally, most of the DT efforts have been slow, although some successes have been 

recorded (Modiba et al., 2020).  Specifically, the impact of DT on commercial bank performance 

in Zimbabwe seems poorly understood. Furthermore, the mediating role of IT capability in this 

relationship seems to be underexplored in the literature. Where studies have been done, most have 

been in different geographical contexts, that is, mainly in the developed world and Asian countries 

(Nahed et al., 2024; Zuo et al., 2021), suggesting the need for further inquiry. 

Accordingly, the objective of this literature review is to provide a detailed overview of 

existing knowledge in the area of DT and commercial bank performance as mediated by IT 

capability. This is achieved through synthesising nascent research on the effect of DT on 

commercial banking performance. This section discusses literature on the mediating role of IT 
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capability in the relationship between DT and commercial bank performance, specifically the 

extent to which it enhances or hinders this association. The individual study variables will be 

discussed. In addition, the review will examine the current state of DT in the Zimbabwean 

commercial banking sector, discuss the key drivers and challenges of DT, and the impact on 

commercial bank performance.  

Consequently, this chapter starts with the theoretical review of the inquiry. The theories 

underpinning the study will be discussed and contextualised. The ensuing theoretical framework 

will be presented, as well as the conceptual framework. After discussing the main themes of the 

study, this chapter develops the hypotheses that underpin the study. Specifically, it looks at the 

link between DT and employee productivity, DT and IT capability, and DT and IT innovation. 

Further, the individual relationships between IT innovation, IT capability, employee productivity, 

and commercial bank performance will be explored. By examining the body of literature on the 

interplay between these variables, the review aims to provide a better and more comprehensive 

detailing of the complex dynamics at play by exposing related gaps to point out any areas for future 

research. 

The literature search strategy was underpinned by the consultation of numerous databases 

to extract the relevant literature for this study (Ebidor & Ikhide,2024; Jedynak et al., 2021; 

Nadkarni & Prügl, 2020) The databases that were employed in this study were ProQuest, EBSCO, 

Science Direct, Emerald Insight, Google Scholar, Web of Science, Scopus, Research Gate, and 

Mendeley. The use of these databases is supported in recent studies as they enhance the credibility 

of a study (Osei et al., 2023; Pandey, 2024; Setiyo & Rochman,2023; van Tonder et al., 2020). 

The search targeted mainly English articles, and the bulk of them were from the year 2019 

onwards, except in unavoidable circumstances. Key phrases that were applied in the search include 
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“Digital Transformation”, “Digital Transformation and IT innovation”, “Digital Transformation 

and IT capability”, “Digital Transformation and employee productivity”, “Employee productivity 

and commercial bank performance”, “IT capability and commercial bank performance”, “IT 

innovation and commercial bank performance”, “Digital Transformation and Organisational 

Performance" and “Digital Transformation Framework”. The search was confined to peer-

reviewed scholarly papers as well as credible research articles and conference papers. 

2.2. Theoretical Review 

A theoretical framework is a vital cog in the success of any study, as it cements the structure 

and helps illuminate the vision and basis of the study (Bunmi, 2022). Furthermore, it assists in 

marking the peripheral confines of the research pitch (Dash et al., 2023), thereby ensuring a 

focused study that allows generalizability (Mensah et al., 2020), which is one of this study’s aims. 

According to Kivunja (2018), it constitutes the study field’s expert-drawn theories used to provide 

structure to the research and help provide a "theoretical context, or foundation for the interpretation 

and analysis of data to gain the meaning contained thereof" (p. 46). Additionally, it has been seen 

to assist in the construction of a conceptual framework (Chukwuere, 2021) as well as lend support 

to the study theories. In order to arrive at a theoretical framework, it is necessary to carry out a 

theoretical review of the theories relevant to the current study. 

This study is theoretically grounded in an integrated framework drawing on the Dynamic 

Capabilities Theory (DCT) as the primary explanatory lens, supported by the Technology 

Acceptance Model (TAM) and the Digital Orchestra Framework (DOF). The integration of these 

theories provides a coherent explanation of how digital transformation (DT) influences 

commercial bank performance in Zimbabwe through organisational, technological, and human-

centred mechanisms. 
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Dynamic Capabilities Theory (DCT) serves as the core theory anchoring this study. DCT 

explains how organisations operating in turbulent environments develop, reconfigure, and deploy 

internal capabilities to achieve sustained performance (Teece et al., 1997; Teece, 2018). In the 

context of this study, DCT provides the theoretical justification for examining IT capability and 

IT innovation as strategic capabilities through which DT enhances commercial bank performance. 

Zimbabwean commercial banks operate in an environment characterised by economic volatility, 

regulatory pressure, and technological disruption; thus, DCT is particularly suited to explaining 

how DT enables banks to adapt and remain competitive. Accordingly, DCT underpins the 

hypothesised relationships between DT, IT capability, IT innovation, and commercial bank 

performance. 

While DCT explains organisational-level capability development, it does not sufficiently 

account for individual-level behavioural responses to digital technologies. To address this 

limitation, the Technology Acceptance Model (TAM) is incorporated as a supporting theory to 

explain the role of employee productivity in the DT performance relationship. TAM posits that 

technology adoption and usage are driven by perceived usefulness and perceived ease of use 

(Davis, 1989). In this study, TAM provides the theoretical basis for hypothesising that DT 

positively influences employee productivity, which in turn affects overall commercial bank 

performance. By incorporating TAM, the study acknowledges that the success of DT initiatives 

depends not only on organisational capabilities but also on employees’ acceptance and effective 

use of digital systems. 

The Digital Orchestra Framework (DOF) further complements the framework by 

explaining how IT capability coordinates and aligns digital resources to produce performance 

outcomes. DOF conceptualises DT as an orchestrated process in which digital technologies, 



39 

 

organisational processes, and human capabilities are synchronised to create value (Khin & Ho, 

2019). Within this study, DOF provides the theoretical rationale for the mediating role of IT 

capability in the relationship between DT and commercial bank performance. It explains how IT 

capability acts as the mechanism through which DT initiatives are translated into tangible 

performance gains. 

Taken together, these theories form a coherent and integrated theoretical framework. DCT 

explains why DT enhances performance through capability development, TAM explains how 

employee productivity responds to DT, and DOF explains how IT capability mediates and 

orchestrates these relationships. This integrated framework underpins the development of the study 

hypotheses and informs the conceptual framework presented later in this chapter. 

2.2.1. Dynamic Capabilities Theory (DCT) 

The Dynamic Capabilities Theory argues that an organisation’s ability to integrate, build 

and reconfigure internal and external resources enables it to sustain performance in rapidly 

changing environments (Teece, 2007). In this study, DCT provides the foundational logic linking 

digital transformation (DT) to commercial bank performance. 

2.2.1.1. How DCT links to the study variables. 

DCT explains how banks must reconfigure their technological, human and operational 

resources to benefit from DT. Without strong dynamic capabilities, DT may produce negative or 

insignificant performance outcomes, as shown in conflicting empirical results (Kadur & Rajshekar, 

2022; Tran et al., 2023; Nguyen-Viet & Nguyen, 2023). 

DCT positions IT capability as a dynamic capability enabling banks to adapt technology, 

build digital infrastructure and align IT resources with changing market needs. The theory explains 
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that commercial banks with sophisticated IT capability are able to sense, seize and develop digital 

trends through agile innovation (Warner & Wäger, 2019).  

This study posits relationships between DT and IT capability, DT and IT innovation, and 

all these with commercial bank performance. Previous studies have used this theory to explain 

how organisations can develop and leverage dynamic capabilities to drive IT innovation, as well 

as explain how IT capability can be used as a dynamic capability to drive performance in the 

context of DT in commercial banks (Nousopoulou et al., 2022; Vial, 2019). Recent studies suggest 

that sensing, seizing, and reconfiguration capabilities allow banks to identify and exploit 

opportunities as well as reconfigure and re-channel resources, thereby aiding the achievement of 

the bank’s strategic performance objectives (Abdurrahman et al., 2024; Rostika, 2023). 

Banks with stronger dynamic capabilities more effectively convert digital technologies into 

performance gains (Kasteli et al., 2022; Barba-Sánchez et al., 2024). The DCT explains that 

organisations with robust IT capability are likely to gain a competitive advantage and thereby 

enhance their performance. This is because advanced IT capability improves cybersecurity, as well 

as being the catalyst for continuous organisational renewal (Krechovská & Procházková, 2022). 

The DCT has been applied to support the relationship between DT and Innovation. Warner 

and Wäger (2019) argue that dynamic capabilities are innovation-based; therefore, they can impact 

the innovation capabilities of commercial banks. In the same vein, Bawdy et al. (2024) posit that 

DT influences the ability of banks to innovate. The dynamic capabilities theory is quite instructive 

in this study because studies such as Marx et al. (2021) have shown that these enable firms to sense 

and seize opportunities that are presented by digital technologies. This is possible through 

leveraging the same to change bank strategies and processes, as well as constant innovation and 

evolution in the digital era. 
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More studies have used this theory to support the mediating role that IT capability plays in 

the relationship between DT and commercial bank performance (Rostika, 2023). This is so, 

according to Teece et al. (1997), because dynamic capabilities allow firms to scale up or down at 

speeds and costs that were not previously possible to achieve, improve services, and enhance the 

efficiency of the transformed commercial bank.  Recent studies indicate that dynamic capabilities 

allow commercial banks to adapt rapidly to technological changes as well as the ever-evolving 

market conditions, thus enhancing their DT capabilities (Rostika, 2023).  

IT capability, as a subset of dynamic capabilities, has been seen to mediate the association 

between DT and bank performance by facilitating the integration of digital technologies within the 

commercial bank’s operations. Further, Cheng et al. (2023) posit that this mediation aids 

innovation and business model transformation, thus enhancing performance and the achievement 

of a competitive advantage. Consequently, commercial banks in Zimbabwe will need to leverage 

dynamic capabilities to drive IT innovation. 

2.2.1.2. Critical evaluation. 

While DCT is widely used to explain digital competitiveness, it has been criticised for 

being overly abstract and difficult to operationalise in empirical studies. Scholars have indicated 

that words such as “sensing”, “seizing” and “reconfigure” may be difficult to convert into 

measurable and trainable skills. Furthermore, there is divergence in what constitutes dynamic 

capabilities, with different authors citing different capabilities (Braun & Sydow, 2019; Warner & 

Wäger, 2019).  

Likewise, how these capabilities are measured has been a bone of contention due to the 

lack of a standard measuring approach (Kump et al., 2019). Nonetheless, van Tonder (2020) 

maintains that there exists a need to carry out further studies using the dynamic capability theory 
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to study DT and its impact on organisational performance, especially considering the mediation 

role played by IT capability. In developing economies like Zimbabwe, resource constraints may 

weaken dynamic capabilities, making DT benefits less automatic. This justifies empirically testing 

whether IT capability mediates DT–Commercial Bank Performance relationships in such contexts. 

This is in line with several similar prior and valid studies (Kowalski et al.,2024; Wu & Cheng, 

2024; Zhang et al., 2022). 

2.2.2. Technology Acceptance Model (TAM) 

The Technology Acceptance Model (Davis, 1989) explains user acceptance of technology 

based on perceived usefulness and perceived ease of use. The TAM is a pivotal framework for 

understanding the interplay between DT and employee productivity as well as the impact of 

employee productivity on the overall performance of commercial banks (Zain & Christian, 2023).  

2.2.2.1. How TAM links to the study variables. 

TAM provides the theoretical basis for expecting that employees who perceive digital tools 

as useful and easy to use are more likely to adopt them, leading to improved employee productivity. 

DT provides employees with new technologies and collaboration platforms. TAM posits that the 

subsequent impact of DT on employee productivity is influenced by acceptance of the associated 

technologies (Sharma & Sharma, 2023). 

Prior studies suggest that the adoption and use of technology, which is at the centre of DT, 

is capable of instituting immediate and future benefits such as improved individual and corporate 

performance (Marikyan & Papagiannidis, 2023). The use of TAM in this study was apt because 

this study theorises that DT impacts employee productivity, which in turn impacts commercial 

bank performance. This chimed with İslatince (2023), who used TAM to evaluate the attitudes of 

Turkish bank employees towards banking technology. It was found that TAM plays an important 
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role in aiding the comprehension of how bank employees perceive and accept information 

technology and their acceptance of DT. The study discovered that employees’ acceptance of 

technology directly influenced their productivity, which in turn positively impacted overall bank 

performance. Similarly, Vuković et al. (2019) conclude that TAM is a useful framework for 

explaining the interplay between DT, employee productivity, and the overall performance of 

banks. 

Employee acceptance of digital tools influences their willingness to participate in 

innovation and process improvement. According to Kraus et al. (2022), TAM helps to explain the 

readiness of an organisation to absorb and continuously adopt innovative IT. According to 

Taherdoost (2023), if commercial bank employees and developers who are supposed to apply 

digital tools perceive the new platforms as cumbersome or not fit for purpose, they will resist using 

them, thereby negatively impacting IT innovation. 

2.2.2.2. Critical evaluation. 

Although TAM successfully predicts individual-level technology adoption, it has been 

criticised for being limited to user perceptions and not addressing organisational or strategic 

readiness. However, combining TAM with DCT strengthens the framework by linking micro-level 

adoption with macro-level organisational capabilities. Recent scholars (Almaiah et al., 2022) argue 

that TAM on its own may be an insufficient lens; however, it needs to be integrated with other 

models, hence the combined use of this framework and the DCT, as well as the DOF. While TAM 

has been criticised for being irrelevant as an explanatory theory when it comes to innovation, it 

has been regarded as a powerful lens in explaining the impact of IT innovation on commercial 

bank performance. This is so because innovations need to be accepted by the users for them to 

positively impact performance. 
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2.2.3. Digital Orchestra Framework (DOF) 

The Digital Orchestra Framework (Sia et al., 2021) conceptualises digital transformation 

as a coordinated integration of digital capabilities similar to instruments in an orchestra working 

harmoniously. To enhance understanding of how IT capability functions within an integrated 

digital ecosystem, this study draws on the Digital Orchestra Framework (DOF) developed by Sia 

et al. (2021). The DOF conceptualises digital transformation as a coordinated and synchronised 

effort across multiple organisational domains, including customer engagement, operations, 

organisational structures, IT capability and go-to-market activities. Similar to an orchestra, where 

different instruments must work in harmony to produce a coherent performance, the framework 

emphasises that digital transformation succeeds only when digital initiatives, resources, 

leadership, culture and processes are aligned and managed cohesively. 

The DOF is particularly relevant to this study because it illustrates how IT capability acts 

as a central coordinating mechanism that enables an organisation to integrate digital technologies 

effectively and achieve performance outcomes. In the context of Zimbabwean commercial banks, 

where digital maturity levels vary and resources are constrained, the framework provides a clear 

theoretical lens for understanding why some digital transformation initiatives succeed while others 

fail. Figure 1 below depicts the Digital Orchestra Framework, showing its major components and 

the central positioning of IT capability within a holistic digital transformation strategy. 
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Figure 1 

The Study Conceptual Framework 

 

Note. This model was produced by Wade, et al. (2017), showing how organizations achieve DT 

by concentrating on four sections of go-to-market, engagement, operations, and organisation, and 

deciding what value they need to achieve. From “Orchestrating Digital Business Transformation. 

Global Center for Digital Business,” by M. Wade, A. Noronha, J. Macaulay, & J. Barbier, 2017, 

GCDBM. 

2.2.3.1. How DOF links to study variables. 

DOF directly informs the study’s mediating mechanism. It argues that DT success depends 

on the coordinated orchestration of IT infrastructure, digital skills, leadership, culture and 

processes. 

The DOF is a useful analogy and offers a comprehensive lens for understanding the 

mediation role played by IT capability on the relationship between DT and commercial bank 

performance. This is because it emphasises the orchestration of IT capability to enhance 

commercial bank performance. Zimbabwean commercial banks can therefore use IT capability to 
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harmonise different DT initiatives to achieve better performance (Abdurrahman et al., 2024). This 

is achieved when banks detect and respond to opportunities provided by technology to lower costs, 

improve processes, and provide enhanced products to customers (Li et al., 2023). 

Similarly, Khin and Ho (2019) argue that strong IT capability enables the seamless 

integration and coordination of the orchestrated resources, thus impacting the relationship between 

DT and commercial bank performance. By insisting that IT capability plays the conductor role, 

the DOF helps clarify its efficacy in generating the output variable, that is, commercial bank 

performance. Some studies indicate that IT capability enhances operational efficiency, enables 

innovation, improves customer experience, and supports decision-making, thus assisting DT to 

improve bank performance (Chen et al., 2024; Thuy, 2020; Zhu & Jin, 2023).  

2.2.3.2. Critical evaluation. 

While DOF offers a strong conceptualisation of integrated digital capabilities, its limitation 

lies in the fact that it has been applied mainly in advanced digital economies like Singapore. 

Testing DOF in Zimbabwe, therefore, contributes context-specific evidence to global DT 

literature. 

In essence, the Dynamic Capabilities Theory (DCT), the Technology Acceptance Model 

(TAM), and the Digital Orchestra Framework (DOF) are the key theories supporting this study. 

This is because the prior studies have supported the use of the DCT to support the relationship 

between DT and IT capability, DT and IT innovation, and commercial bank performance, as well 

as the mediating role of IT capability (Kowalski et al.,2024; Nousopoulou et al., 2022; Rostika, 

2023; Vial, 2019; Warner & Wäger, 2019; Wu & Cheng, 2024; Zhang et al., 2022).  

Similarly, the use of the TAM in this study stems from its support for the hypothesised 

relationships between DT and employee productivity as well as employee productivity and the 
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performance of commercial banks (İslatince, 2023; Marikyan & Papagiannidis, 2023; Shanti et al., 

2023; Vuković et al., 2019; Zain & Christian, 2023). As prior studies have indicated, the DOF 

supports the mediating role played by IT capability on the relationship between DT and 

commercial bank performance (Chen et al., 2024; Khin & Ho, 2019; Thuy, 2020; Zhu & Jin, 2023). 

The convergence of the theories supporting the relationships in this study can be seen in the table 

presented below. Consequently, the theoretical framework for this study is framed by the given 

theories as they are relevant to the current study. 

Table 1  

Integrated Theoretical Logic for this Study 

Theory Primary Contribution Linked Variables 

DCT Explains organisational ability to convert DT 

into performance 

DT → IT Capability → Performance 

TAM Explains employee adoption and behavioural 

responses to DT 

DT → Employee productivity; DT → IT 

Innovation 

DOF Explains the orchestration of IT capability as a 

mediator 

IT Capability → Performance; DT → IT 

Capability 

 

The integration of the Technology Acceptance Model (TAM), the Dynamic Capabilities 

Theory (DCT) and the Digital Orchestra Framework (DOF) provides a comprehensive and multi-

level theoretical foundation for this study. TAM explains how employees perceive, adopt and 

utilise digital tools, making it essential for understanding the behavioural mechanisms through 

which digital transformation influences employee productivity and IT innovation. DCT, on the 

other hand, offers a strategic perspective by clarifying how organisations reconfigure and deploy 

resources, particularly technological and human capabilities, to derive competitive advantage, 

thereby illuminating the link between digital transformation and organisational performance.  
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DOF complements both by demonstrating how digital resources, leadership, culture, 

processes and IT capability must be orchestrated cohesively for digital transformation to yield 

meaningful performance gains. When combined, these theories capture the full pathway through 

which digital transformation operates from employee-level adoption to organisational capability 

development, to coordinated digital execution. Together, they form a robust theoretical lens for 

explaining how digital transformation affects performance across employee, innovation, capability 

and organisational dimensions within Zimbabwean commercial banks. 

2.3. The Conceptual Framework 

This section develops the conceptual framework underpinning the study. It focuses on 

theorising the relationships among digital transformation, employee productivity, IT capability, IT 

innovation, and commercial bank performance. Drawing on the Dynamic Capabilities Theory, 

Technology Acceptance Model, and Digital Orchestra Framework, the section explains why and 

how these constructs are expected to be related, without engaging in extensive discussion of 

empirical findings. 

Based on the reviewed theories and empirical evidence, the conceptual framework 

proposes that digital transformation (DT) influences commercial bank performance both directly 

and indirectly. The indirect effect operates through IT capability, which mediates the relationship 

by enabling banks to effectively deploy and leverage digital technologies. Additionally, DT is 

expected to enhance employee productivity and IT innovation, both of which are theorised to 

contribute to improved commercial bank performance. These pathways align with TAM 

(employee adoption), DCT (resource reconfiguration), and DOF (orchestration of IT capabilities). 

Thus, the conceptual model proposes a set of interrelated pathways through which digital 

transformation is expected to influence the performance of commercial banks. First, the framework 
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incorporates a mediated pathway, whereby digital transformation enhances IT capability, which in 

turn improves bank performance. Second, digital transformation is theorised to strengthen 

employee productivity, which subsequently contributes to improved organisational outcomes. 

Third, digital transformation is expected to stimulate IT innovation, which also plays a role in 

enhancing bank performance. In addition to these indirect effects, the model acknowledges a direct 

pathway from digital transformation to bank performance, recognising that some performance 

gains may occur independently of mediating factors. Overall, this integrated framework positions 

IT capability as the central mechanism through which digital transformation yields varying 

performance outcomes across Zimbabwean commercial banks, while also accounting for the 

complementary roles of employee productivity and IT innovation. 

Figure 2  

The Study Conceptual Framework 

 

This conceptual framework is sufficient for this study as it addresses the study objectives. 

The main aim of this study is to investigate the impact of DT on the performance of commercial 
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banks, considering the mediating role of IT capability. In each relationship, the arrow is pointing 

toward the dependent variable. The bold arrows show the relationships between the predictor 

variables and the response variables, while the dashed line shows the perceived mediating role of 

IT capability in the relationship between DT and commercial bank performance. As indicated in 

Table 2 below, the study theories discussed earlier support this conceptual framework, thus making 

it a perfect fit for this study. 

Table 2  

Construct Relationships and Supporting Theories 

Construct Hypothesis Relationship 

Affected 

Supporting Authors for the 

Relationship 

Supporting 

Theories 

DT H1 DT → CBP 

Do et al. (2022); Cappa et al., 

(2020); Chen et al., (2021); Qi & 

Xiao, (2020); Qiu et al., 2018); 

Wang, (2023) 

TAM (Davis, 

1989), DCT 

(Teece et al., 

1997) 

DT H2 DT → ITC 

Hamida, (2018); Madanayake and 

Yapa, (2024); Makovoz & Sergii 

Lysenko, (2024); Sia et al., (2021) 

DCT (Teece et al., 

1997) 

DT H3 DT → EP 

Adhikari et al., (2022); Almustafa 

et al., (2023); Indrasari & Pamuji, 

(2023); Gun et al., (2024); Ly, 

(2024); Widodo et al., (2024) 

TAM (Davis, 

1989) 

DT H4 DT → ITN 
Alrawashedh & Shubita, (2024); 

Alshammari, (2023) 

DCT (Teece et al., 

1997) 

ITN H5 ITN → CBP 

Bakri et al., (2024); Huang & Yang, 

(2019); Lahiri, (2022); Lahiri & 

Das, (2024); Midhundev, et al., 

(2023); Vedapradha, & Hariharan, 

(2021); Yang et al., (2021) 

DCT (Teece et al., 

1997) 

ITC H6 ITC → CBP 

Bharadwaj (2000); Erkmen et al. 

(2020); Mogoale et al. (2021); 

Nwankpa & Roumani (2016) 

DCT (Teece et al., 

1997) 

EP H7 EP → CBP 

Khan et al., (2022); Kumaran et al., 

(2023); Rahaman et al., 2023; Shi et 

al. (2024) 

TAM (Davis, 

1989) 

ITC H8 DT→ITC→CBP 

Panda & Rath (2021); Sia et al. 

(2021); Zuo et al. (2021); Shanti et 

al. (2023) 

DCT (Teece et al., 

1997), DOF Wade 

et al. (2017) 

Note: Author (2025) 
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2.4. Key Study Variables 

This section discusses the key study variables, and these include Digital Transformation, 

IT Capability, Employee Productivity, IT Innovation and Commercial Bank Performance. These 

will set the tone for discussing the key study themes as determined by the research hypotheses. 

2.4.1. What is Digital Transformation? 

To gather a better understanding of what DT entails, it is important to consider its 

interconnected components. According to Saarikko et al. (2020), arriving at DT entails the 

achievement of the interconnected concepts of digitisation and digitalisation. They show that 

digitisation is part of digitalisation, and the latter is embodied in DT. Consequently, it is important 

to consider these terms separately to avoid confusing them, as they are often used interchangeably 

(Gong & Ribiere, 2020; Mergel et al., 2019), blurring their distinctiveness and thus leading to their 

misinterpretation (Ali, 2022). 

2.4.1.1. Digitisation. 

A scan of the literature often reveals the wrongful use of digitisation, digitalisation, and 

DT, as they are often used interchangeably or to mean the same thing (Nwaiwu, 2018). For 

example, Udovita (2020) points out that digitalisation and DT are the same thing. This is not 

surprising as these concepts are closely related and connected (Saarikko et al., 2020). However, 

exposing their differences is key to understanding DT (Modiba et al., 2020).  

Digitisation has been defined as converting analogue information by coding it so that the 

same may be computerised (Schallmo et al., 2018). In other words, it is simply changing the 

analogue form of information into the digital form (Nwaiwu, 2018). An example of digitisation is 

scanning a report and sending it by email. Digitisation has been seen as the first step toward 
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effective DT as it forms its base (Verhoef et al., 2021). Pramanik et al. (2019) believe business 

process, product, and service digitisation enhances DT by allowing disruptive players to offer 

better stakeholder solutions. Hokkanen et al. (2021) argue that digitisation aids the creation of 

innovative models by businesses, making it a key component for digitally transforming a business. 

In essence, it appears in the literature that digitisation precedes both digitalisation and DT. 

Zimbabwean commercial banks seem to have achieved significant digitisation by automating their 

internal processes (Makota, 2023; Masinire et al., 2023; Wadesango & Magaya, 2020). 

2.4.1.2. Digitalisation. 

While digitisation is concerned with changing manual to digital (Mahmood et al., 2019), 

digitalisation has a wider focus as it refers to the alteration of current business models or processes 

by leveraging digital technologies and/or information technology (IT) (Aras & Büyüközkan, 

2023). Gartner (2020, as read in Modiba et al., 2020) describes digitalisation as the process of 

altering business models in a way that enhances revenue and value by employing digital 

technologies. Lisa et al. (2020) illuminate that digitalisation is when organisations improve their 

operations, products, and models by using digital devices. 

Alternatively, it can be considered the process of moving the entire business to one that is 

digital. It can thus be seen to differ from digitisation in that it goes beyond simply converting 

things from analogue to digital but focuses on how the entire business is delivered, thus prompting 

Saarikko et al. (2020) to claim that digitalisation embodies digitisation. Digitalisation may thus be 

viewed as an antecedent of DT as it allows the "creation of powerful digital affordances that may 

fundamentally alter the organisation of economic activity by supporting radical business model 

innovation” (Autio et al., 2018, p. 76).  
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The state of digitalisation in Zimbabwean commercial banks is not clear, as banks seem to 

be at various stages of digitalisation. Kunikova (2021) observes that Zimbabwean banks possess a 

strong digitalised backbone, given that the bulk of their transactions are now conducted digitally. 

Furthermore, Wadesango and Magaya (2020) indicate that the digitalisation journey for 

Zimbabwean banks is still ongoing, as indicated by the adoption of digital banking, online banking, 

mobile banking, and several other reliable and convenient digital services. Given the importance 

of DT to banks, it is, however, striking that not many papers have tackled this in the context of 

Zimbabwean commercial banks. 

2.4.1.3. Digital Transformation. 

A fundamental difference exists between digitisation, digitalisation, and DT. The use of 

the word "change" when it relates to digitisation and digitalisation, while DT uses the word 

"transformation," is not inadvertent. Safruddin et al. (2014) illustrated this when they remarked 

that change is when a snake sheds its skin, while transformation is akin to a caterpillar turning into 

a butterfly. While digitisation and digitalisation (a snake shedding its skin) result in some 

improvements, DT (a caterpillar turning into a butterfly) brings in some seismic transformation 

throughout the organisation that focuses on a holistic business reimaging to improve value to 

stakeholders (Udovita, 2020). The difference between digitisation, digitalisation, and DT is 

illustrated in Unruh and Kiron (2017), as shown in Figure 3 below. 
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Figure 3  

Understanding Digital Transformation 

Note. This model was produced by Unruh and Kiron in 2017 to summarise the meaning of 

digitisation, digitalisation, and DT and show that they are sequential. From “Digital 

Transformation on Purpose,” by G. Unruh and D. Kiron, 2017, MIT Sloan Management Review. 

Despite several attempts to define the concept of DT, there is no consensus among scholars 

regarding what it is (Gong & Ribiere, 2020; Papathomas & Konteos, 2023). For example, a 

literature review study by Vial (2019) returned twenty-three different definitions of DT. Similarly, 

Gong and Ribiere (2020), in an attempt to synthesise the DT definitions into a common one, 

reviewed twenty-one unique definitions. This is hardly surprising given the multifaceted, 

multidisciplinary, and complex nature of DT. This has led to many authors arguing that the 

meaning of DT is contextual and can be determined by the field of application. 

 That as it may, Szafir (2023) defined DT as the application of new digital technologies to 

bring radical improvements to the organisation. Such new technologies may include machine 

learning, big data analytics, and artificial intelligence, among others. Their impact may be the 

realisation of enhanced customer experiences, cost reduction, streamlined processes, and the 
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formation of new business models. Given the wide reach of DT, some authors (Reis et al., 2018; 

Schallmo et al., 2018) have illuminated that DT may be defined by three distinct classes. First, it 

is defined in an organisational context, which considers the conception of new business models or 

processes. Secondly, the DT definition needs to consider technological aspects, and this touches 

on digital technologies, embedded devices, social media, and analytics, among others. Thirdly, the 

DT definition is categorised by social class, where all aspects that influence humanity are 

considered. Consequently, Reis et al. summarised the DT definition “as applying new digital 

technologies to permit significant enhancements in a business in a manner that impacts all facets 

of clients’ lives" (p. 418). According to Seyedghorban et al. (2020), DT goes beyond changing 

manual to digital and merely the application of digital technologies, but rather allows the 

organisation to craft value for their clientele or enables the customers to generate value by 

themselves. Lee and Lee (2020) aver that DT is wide in its impact as it allows customers to 

participate in the organisation’s operational process, thus allowing the achievement of common 

objectives. 

Gong and Ribiere (2020) frown at many of these definitions as they allege that they lack 

parsimony, are verbose, and, in addition, contain many observable blemishes, while some have 

conflation problems. In that regard, they came up with a unified DT definition, which sees DT as 

"a fundamental change process, enabled by the innovative use of digital technologies accompanied 

by the strategic leverage of key resources and capabilities, aiming to radically improve an entity 

and redefine its value proposition for its stakeholders" (p. 12).  

Resultantly, this study will contextualise DT in commercial banking as the exploitation of 

digital technologies by commercial banks to build new digital banking models, achieve automated 

processes, improve stakeholder experience, and develop innovative digital products that result in 
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financial inclusion, better performance, and operational efficiency (Gong & Ribiere, 2020; Khams, 

2022). This is because, considering these different perspectives collectively, it seems they do 

underscore the fact that DT goes beyond the mere adoption of new technologies. Instead, it appears 

DT embraces a holistic transformation that touches on technology, new methodologies, shifts in 

organisational strategy, and impact on organisational culture, all to achieve expected benefits. 

Overall, DT can be seen in the context of commercial banks as the application of recent and 

emerging technologies to effect radical improvement in a commercial bank, and this multifaceted 

concept encompasses technological and cultural changes in commercial banks. 

2.4.1.4. Successful DT. 

Successful DT is one whereby the performance goals of an organisation are improved by 

DT. Amazon achieved DT success by improving delivery times and automating supply chains 

using robots, which resulted in better customer satisfaction and hence better performance (Trenerry 

et al., 2021). According to McKinsey & Company (2021), the success of DT is measured by three 

indicators: value creation, team health, and progress in change management. Value creation 

touches on metrics that improve the financial health of the organisation. Team health measures 

how well the organisation’s teams are adopting modern approaches such as agile, while change 

management progress entails how the organisation is progressing in developing new capabilities.   

On the other hand, in their examination of successful DT, some scholars agree that such is 

driven by customer-centricity. This prompts Chen and Huang (2019) to argue that commercial 

banks need to prioritise customer needs and preferences when designing and implementing digital 

solutions. This approach ensures that digital transformation efforts align with customer 

expectations, leading to enhanced customer experiences and increased customer satisfaction. 
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Successful DT is thus seen in how satisfied bank customers and other stakeholders are after 

carrying out the DT exercise. Furthermore, Cheng et al. (2023) view a successful DT as one that 

results in the bank gaining a sustained competitive advantage. For example, DBS Bank was 

successful in implementing DT, as evidenced by its sustained competitive advantage (Sia et al., 

2021). 

Overall, academics and practitioners intersect in seeing successful DT as involving 

improving organisational value, having functional teams, and progressive change management 

(McKinsey & Company, 2021), gaining market share through customer satisfaction (Chen & 

Huang, 2019), and achieving sustained competitive advantage (Sia et al., 2021). In the context of 

commercial banks, a successful DT must positively impact performance by considering the 

variables identified by McKinsey & Company as well as Sia et al.  

While studies have confirmed what successful DT entails (Chen & Huang, 2019; Trenerry 

et al., 2021), it remains unclear how IT capability has impacted such success. This seems to result 

from the fact that many such studies skirted investigating its influence on the said relationship 

(Boufounou et al., 2024; Kaondera et al., 2023; Kadur & Rajshekar, 2022; Sia et al., 2021). This, 

therefore, suggests that further inquiries are needed to enhance the evaluation of the mediating role 

that IT capability plays in this relationship. Indeed, what drives organisations to embark on DT 

journeys has come to be an area of interest in literature. 

2.4.1.5. Determining DT Driving Factors. 

DT driving factors are defined as a collection of both external and internal factors that 

trigger organisations to adopt DT (Osmundsen et al., 2018). These provide an answer as to why 

organisations need to adopt DT. In other words, these are the push and pull factors that push or 

pull organisations to implement DT. Several studies have identified a plethora of pull and push 
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factors for organisations, as well as commercial banks in particular, to implement DT (Verhoef et 

al., 2021; Wade et al., 2019). An exposition of these factors will help illuminate why DT and 

organisational performance seem to be attracting significant attention from practitioners and 

academics alike (Masoud & Basahel, 2023; Shashikala, 2019; Sia et al., 2021), and this study 

included.  

The rise of the digital age has ushered in unique threats that have pushed banks to seek 

refuge through digital transformation (Wade et al., 2019). This chimes with Salume et al. (2022), 

who identify “the so-called SMACIT3, that is, social, mobile, analytics, as well as the Internet of 

Things (IoT)” (p. 3) as having jolted organisations into DT journeys owing to the vast opportunities 

and threats they present. They identify Facebook and Google, which have provided threats to 

traditional banks, prompting them to institute their own DT programs to survive. In agreement are 

Verhoef et al. (2021), who posit that the need for DT is spurred by the presence of big data, 

artificial intelligence, and many other emergent digital technologies. Given that these technologies 

are available to commercial banks, they therefore push commercial banks to implement DT. 

Globalisation has meant that competition is not necessarily localised, with customers being 

able to open bank accounts across national borders. In the USA, the top five companies by value 

listed on S&P were hardly digital in the past decade, but due to changing competition dynamics 

ushered in by digital technologies, they are all now digital after implementing DT to counter global 

competition (Verhoef et al., 2021). Ajigini and Chinamasa (2023) disagree with this notion, as 

they intimate that the factors driving DT depend on geographical location. For example, Diener 

and Spacek (2021) cite South African banks that are yet to fully digitise as they encounter both 

operational and strategic hurdles. 
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Banks in Zimbabwe and South Africa have been pushed to implement DT by the advent of 

mobile network operators (MNOs) and fintechs, whose disruptive innovations have seen them take 

the market away from traditional banks (Jihane & Aziz, 2022; Verhoef et al., 2021). Nonetheless, 

other authors view the need for DT as driven by the need to “meet stakeholder expectations, 

including compliance, simplify processes, innovate, generate benefits, and prepare for risks and 

competitions while improving business models” (Pramanik et al., 2019, p. 323). Some authors 

(Haffke et al., 2016) recognise that regulatory requirements have played a part in pushing 

organisations into adopting DT. 

While numerous reasons have been cited as having accelerated DT, several authors agree 

that the need to satisfy changing customer needs has been at the epicentre of its implementation 

by commercial banks (Tan et al., 2021; Witschel et al., 2019). This is because customers are now 

demanding more digitalised products and services (Bauer et al., 2018), thereby requiring that banks 

focus more on meeting customer needs. Further, the need to maintain a sustained competitive 

advantage has been identified as key in pushing banks to implement DT (Diener & Špaˇcek, 2021; 

Pramanik et al., 2019). An example is the implementation of electronic banking by banks to sustain 

competitive advantage (Kraus et al., 2021).  

In essence, the literature seems to suggest that organisations have been forced to implement 

DT, and these push factors have been identified as competition, dynamic customer needs, and 

regulatory requirements (Hashem, 2020; Jihane & Aziz, 2022; Pramanik et al., 2019; Verhoef et 

al., 2021; Xie & Wang, 2023). Similarly, the same institutions have been attracted to implement 

DT due to several pull factors such as enhanced performance, improved market share, enhanced 

customer satisfaction, and attaining competitive advantage (Diener & Špaˇcek, 2021; Kraus et al., 

2021; Pramanik et al., 2019). While there has been immense pressure on commercial banks to 
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implement DT to survive and attain sustained competitiveness (Diener & Špaˇcek), its success is 

seldom guaranteed, so it is essential to consider what factors determine the success of DT. 

2.4.1.6. Determining DT Success Factors. 

The ingredients that are critical to the successful implementation of DT are referred to as 

DT success factors (Osmundsen et al., 2018). The discussion of DT success factors is critical, 

given that they help us to better quantify the effects of DT on commercial bank performance. While 

it has generally been agreed that DT is not easy to implement (Cheng et al., 2023; Morakanyane 

et al., 2020; Papathomas & Konteos, 2022), there has not been consistency in the extent to which 

DT initiatives succeed or fail. For example, Kane et al. (2017) reveal a 20% success rate, while 

Tabrizi et al. (2019) conclude that only 30% of DT initiatives succeed. As Morakanye et al. have 

noted, such high failure rates have fanned curiosity among scholars to investigate those things that 

successful organisations are doing to achieve their DT goals. Several authors (Aras & Büyüközkan, 

2023; Morakanyane et al., 2020; Osmundsen et al., 2018) have studied the factors that are critical 

in ensuring DT success. 

Through a qualitative inquiry, Morakanyane et al. (2020) identified seven main success 

factors as well as twenty-three minor factors, and they argue that such factors are key in ensuring 

a DT journey that will result in the achievement of success. In their view, digital culture, vision, 

digital drivers, digital triggers, establishing a digital organisation, determining transformed areas, 

and determining or defining the expected impacts are the key DT success factors. Several studies 

(Nguyen, 2020; Tuukkanen et al., 2022; Verhoef et al., 2021) have agreed that culture is an 

important ingredient for DT success. According to Haffke et al. (2017), successful DT is 

undergirded by a culture that is supportive of both business and IT initiatives. Scholars argue that 
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organisations that will see their DT initiatives succeed need to enforce a culture that promotes 

agility, collaboration, experimentation, and risk-taking (Henfridsson et al., 2018; Qureshi et al., 

2020). However, what is missing in these studies is how IT capability mediates the relationship 

between DT and performance, a gap this study intends to address. Some key components of culture 

have been identified in the literature. These components need to be considered if banks are to 

succeed with their DT journeys, and these are continuous learning, risk appetite, and change 

management (Lafioune et al., 2023; Mugge, 2020; Mundayan, 2023; Nguyen, 2020; Teichert et 

al., 2019; Zhang & Hon, 2020). 

Banks that foster a culture of continuous learning and improvement are more likely to adapt 

to the evolving digital landscape (Seevaratnam et al., 2023; Teichert et al., 2019). This is because 

learning from both successes and failures is essential for sustained success. Continuous learning 

and improvement are fundamental drivers of alignment between the existing organisational culture 

and the strategic goals of DT (Tuukkanen et al., 2022). Cultural agility is fostered through 

continuous learning, encouraging employees to adapt to new technologies and processes. This 

agility aligns with the dynamic nature of digital transformation, as employees can quickly acquire 

new skills and apply them to meet strategic goals (Leso et al., 2023). 

Continuous learning encourages an innovation culture, fuelling innovation, which aligns 

with the strategic goals of digital transformation. Employees who continuously learn are more 

likely to support these changes (Latinovic & Chatterjee, 2022). Customer-centricity is also 

essential, as continuous learning helps employees understand customer needs and expectations, 

empathise with customers, and provide tailored solutions (Zhang & Hon, 2020). According to 

Alenezi (2021), risk management is also crucial, as employees who are knowledgeable about risks 
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and mitigation strategies can help the organisation navigate potential pitfalls during digital 

transformation. Data-driven decision-making is a key component of digital transformation, and a 

culture of continuous learning ensures that employees can leverage data to drive strategic 

objectives (García-Peñalvo, 2021). This study seeks to examine the influence of employee 

productivity on the performance of commercial banks. A bank that continually upskills its 

workforce through training and encourages personal improvement is likely to accrue improved 

performance (Ndlovu &Dube, 2021). 

DT is a strategic process that requires organisations to take risks and embrace uncertainty. 

The risk appetite of an organisation significantly influences its alignment with these objectives 

(Mundayan, 2023). A culture that encourages experimentation, learning from failures, and 

tolerance for calculated risks is more likely to foster innovation and the successful implementation 

of digital initiatives. Conversely, a risk-averse culture may stifle creativity and hinder the adoption 

of new technologies (Von Solms & Langerman, 2022). A high-risk appetite can foster a culture of 

innovation, as employees and leadership are more likely to experiment with new digital 

technologies, processes, and business models (Solberg et al., 2020). This is crucial for 

organisations to stay competitive and meet customer expectations. Agility and adaptability are also 

essential traits of a high-risk appetite. Employees willing to take risks are more likely to embrace 

change and adapt to new technologies and ways of working (Lafioune et al., 2023). 

A risk-tolerant culture can be more customer-centric, as organisations willing to take risks 

to meet customer needs are more likely to invest in digital initiatives that enhance the customer 

experience (Cichosz, 2020). This aligns well with the strategic goal of discovering what works 

best in the digital landscape. 
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Informed decision-making is crucial in digital transformation, as organisations must 

balance the pursuit of opportunities with potential risks and challenges. Effective communication 

about risk appetite promotes transparency within the organisation, ensuring that employees 

understand the boundaries within which they can operate (Eory, 2021). 

A well-defined risk appetite allows for better risk mitigation, as employees can take 

appropriate measures to minimise potential negative outcomes (Jones et al., 2021). A culture that 

aligns with the organisation's risk appetite actively contributes to risk management efforts, 

ultimately contributing to the success of DT (Dzingirai, 2021). 

DT necessitates significant changes in processes, systems, and mindsets. Organisational 

culture plays a crucial role in change management. A culture that embraces change, supports 

employees and promotes growth can facilitate successful implementation (Martínez-Caro et al., 

2020). Conversely, a resistant culture may create barriers and resistance. Change in organisational 

culture involves changing values, norms, attitudes, opinions, and ways of thinking, influencing the 

workforce's behaviour (Nguyen, 2020). 

Resistance to change is a significant obstacle in the digital transformation journey for 

banks. This resistance can result in slow adoption of new technologies, decreased productivity, 

low morale among employees, and ineffective implementation (Mugge, 2020; Weber, 2022). 

Employees may be hesitant to embrace new systems, leading to delays in implementation. 

Additionally, widespread resistance can affect job satisfaction and performance. By addressing 

these barriers, banks can ensure the successful implementation of digital initiatives in the digital 

age (Marks and Al-Ali, 2022). Given that this study aims to investigate how DT impacts 
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performance as well as how employee productivity impacts the achievement of commercial banks' 

performance objectives, this aspect becomes important to address. 

Commercial banks face challenges in their digital transformation efforts due to resistance 

to change (Poikkimäki and Myllykoski, 2023). These include a lack of leadership alignment, 

inadequate training and communication, and a culture of complacency. When leaders are not 

aligned with the vision and goals of DT, resistance can escalate, leaving employees uncertain and 

resistant. Inadequate training and clear communication about digital changes can also lead to 

resistance (Albukhitan, 2020; Margiono, 2021). Breaking this culture requires significant effort 

and leadership support, as employees are accustomed to the status quo and resistant to change. 

Although consensus on some DT success factors is noted, scholars do diverge when it 

comes to the adoption of technology to achieve successful DT. While some argue that banks should 

adopt cutting-edge technologies such as artificial intelligence (AI) and blockchain to achieve 

successful DT (Bharadwaj et al., 2013), others suggest that a more cautious approach is necessary 

(Kane et al., 2017). The latter group argues that banks should carefully evaluate the potential risks 

associated with new technologies before implementation. These conflicts in the literature stem 

from the fact that IT capabilities are often associated with heavy investments in IT. This study, 

therefore, seeks to add more clarity to how DT impacts commercial bank performance. 

Successful DT has been seen to require an enabling regulatory environment in the 

commercial banking sector. This was the case in China (Xie & Wang, 2023) and Egypt (Hashem, 

2020), where regulation was used to speed up DT in commercial banks. Studies by McAvoy and 

Grace (2020) reveal that regulation is critical in ensuring that commercial banks succeed in their 

DT efforts. In the Zimbabwean context, research by Mawere (2018) highlights that clear and 
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supportive regulations enable banks to navigate the complexities of DT while ensuring compliance 

and security. Additionally, scholars emphasise the need for collaboration between banks and 

regulatory bodies to create an enabling environment for digital innovation. 

There is disagreement among local scholars regarding the impact of trust and security 

concerns on successful digital transformation. Some argue that addressing trust issues related to 

data privacy and security is crucial for gaining customer trust and driving digital adoption 

(Chikandiwa et al., 2020). On the other hand, other scholars suggest that trust concerns are not 

significant barriers to digital transformation in Zimbabwean banks, as customers are gradually 

becoming more comfortable with digital banking services. Several scholars have pointed to 

different implementation frameworks for organisations to attain successful DT. The following 

subsection considers these. 

2.4.1.7. The Digital Transformation Journey. 

Prior research has indicated that DT is a process that necessitates the creation of a clear 

roadmap toward the DT goal by organisations (Aras & Büyüközkan, 2023). In that regard, several 

authors have hinted at the divergent steps that organisations may take to achieve DT. Several 

scholars have coined this step-by-step process, the digital transformation journey (DTJ) 

(HaiThanhet al., 2021; Papathomas, 2022). Given that this study aims to investigate the impact of 

DT on commercial bank performance, considering the mediating role of IT capability, it is critical 

to review the DTJ models. 

2.4.1.7.1. Paths to the Digital Transformation Model. 

According to Berman (2012), a firm has three options or paths it can take toward a 

successful DT. These parts are shown in Figure 4 below: 
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Figure 4  

Paths to Digital Transformation 

 

Note. This model was produced by Berman, 2012 summarising the paths that are available to 

organisations to achieve DT. From “Digital transformation: opportunities to create new business 

models,” by S. J. Berman, 2012, Strategy & Leadership, 40(2), p. 18. 

 

According to Berman (2012), the organisation may choose to follow the first path by 

ensuring its digital operations are functional and then integrating customer value propositions to 

complete the DT. Secondly, the organisation may opt to start with the customer before moving to 

digital operations. The third option involves a concurrent focus on new capabilities as well as 

customer value propositions. What this model seems to emphasise is the achievement of DT in an 

organisation.  

https://www.emerald.com/insight/search?q=Saul%20J.%20Berman
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2.4.1.7.2. The DT Journey Model. 

 Aras and Büyüközkan (2023) view the path to full DT differently and agree that it is 

through a DTJ that involves obtaining digital capabilities and converting them into digital assets. 

In that regard, they propose a digital maturity model comprising the four stages of “awareness, 

readiness, planning, and execution” (p. 19), as shown in Figure 5 below. 

Figure 5  

The DT Journey 

 

 

 

 

 

 

Note. This model was produced by Aras and Büyüközkan, 2023 summarising the stages that are 

required for organisations to transition toward creating digital value, thus attaining DT. From 

“Digital Transformation Journey Guidance: A Holistic Digital Maturity Model Based on a 

Systematic Literature Review,” by A. Aras and G. Büyüközkan, 2023, Systems, 11(213), p. 19. 

 

As opposed to Berman’s (2012) path model, which offers different options, Aras and 

Büyüközkan (2023) argue that the DTJ is made up of sequential steps that dovetail until the digital 
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value is created. In that regard, the organisations need to start by being aware of the need for DT 

and deciding to initiate it. Secondly, it must develop a reference model based on the DT scope and 

identify gaps that the DT exercise intends to close. Within the readiness stage, the firm then 

assesses its level of capabilities using the established model. This is followed by the planning 

stage, which entails establishing a roadmap that involves setting targets and prioritising. The fourth 

and final stage is the execution stage, which results in the creation of the digital value. 

While the DT Journey model provides a simple and clear DT roadmap, it appears there is 

not much literature to support its empirical use. However, it recognises that commercial banks 

need to assess their IT capability as they transcend the digital transformation journey. This study 

seeks to establish how IT capability mediates the relationship between DT and commercial bank 

performance. 

2.4.1.7.3. The Holistic Digital Maturity Model. 

This model was developed to improve the DT Journey model. This is because the DT 

Journey model was seen to have failed to address the “why, what, where, which, who, and how 

questions associated with DT (Aras & Büyüközkan, 2023, p. 20). To that end, they developed a 

holistic digital maturity model that is more comprehensive, as shown in Figure 6: 
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Figure 6  

The Holistic Digital Maturity Model 

 

Note. This model was produced by Aras and Büyüközkan, 2023 giving a holistic digital maturity 

model required as a catalyst for achieving DT. From “Digital Transformation Journey Guidance: 

A Holistic Digital Maturity Model Based on a Systematic Literature Review,” by A. Aras and G. 

Büyüközkan, 2023, Systems, 11(213), p. 20. 

 

The holistic digital maturity model by Aras and Büyüközkan (2023) identifies six 

dimensions of “digital strategy, digital value, digital process, digital work, and digital governance” 

(p. 20), which correspond to responding to the six questions of “1. What is DT aimed at? 2. What 
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value does it offer? 3. In which processes should the organisation apply DT? 4. Which technologies 

support DT? 5. Who implements DT? And how is DT sustained?" By answering these questions, 

this model assists organisations along their DT journey and ensures that it is sustained.  

2.4.1.7.4. Digital Transformation Lifecycle 

Conversely, Papathomas and Konteos (2023) seem to view the DT journey as a simple 

three-phase approach. They view the process of achieving DT as made up of the preparation, 

journey, and destination phases. In their examination of the DT journey in banks, Papathomas and 

Konteos argue that incumbents start by ensuring that their digital technologies are aligned with 

their strategic concerns. Selimović et al. (2021) agree and point out that at this stage, digitisation 

is done to back-end processes, and organisational leadership begins to commit the firm to the new 

digital reality. The second phase entails digitalising the organisation; management needs to share 

the organisation’s digital vision with all employees. Further, the firm may create a new department 

that will assist with culture change as well as collaborate with fintech to enhance digital capability 

(Hanafizadeh & Amin, 2022). At this stage, the value proposition must be communicated to 

customers. 

Finally, the last phase is the actual DT phase. In the case of commercial banks, Papathomas 

and Konteos (2023) illuminate that the banks would have moved the larger portion of in-house 

capabilities to their external service channels and have acquired the capacity to offer digital-only 

products. Some authors (Volberda et al., 2021; Warner and Wager, 2019) agree that incumbents 

utilise technology at this stage to revolutionise their current activities.  

While this model seems to have recognised IT capability as instrumental in impacting DT 

success and has concentrated on commercial banks (which is the domain of this study), it is not 
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clear how implementing DT using that model will impact the performance of commercial banks. 

This provides further evidence that this study will assist in a better quantification of how DT 

impacts commercial bank performance, considering the mediation of IT capability. 

Based on the evidence presented, it can be seen that there is no overall convergence among 

scholars regarding what constitutes DT success factors (Aras & Büyüközkan, 2023; Chikandiwa 

et al., 2020; Morakanyane et al., 2020; Qureshi et al., 2020; Verhoef et al., 2021; Xie & Wang, 

2023). Whether IT capability results in successful DT as measured by improved commercial bank 

performance is, therefore, a matter that calls for further inquiry.  

2.4.2. IT Capability 

IT capability refers to an organisation's ability to effectively leverage information 

technology resources to achieve its strategic goals (Saunila, 2020). It can be seen as the expertise 

to effectively and efficiently harness information technology resources and competencies to meet 

an organisation’s strategic objectives and gain a competitive advantage (Ritter & Pedersen, 2020). 

Some authors (Cenamor et al., 2019; Saunila, 2020) conceptualise it as the organisation's capacity 

to leverage IT assets, including hardware, software, data, and human expertise, to adapt to 

changing business environments, innovate, and drive business outcomes. Its components include 

technical infrastructure, human resources, processes, and strategic alignment. 

2.4.2.1. Components of IT Capability. 

Technical infrastructure forms the foundational component of IT capability. According to 

Zhu et al. (2019), it includes the hardware, software, network systems, and data centres that 

underpin an organisation's IT operations. In the case of Zimbabwean commercial banks, DT may 

result in them having robust and scalable technical components of IT capability (Suddaby et al., 

2020). This is because banks may end up having modern, secure, and reliable IT systems. 
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Human resources are a critical component of IT capability. This entails having a skilled 

workforce with the expertise to manage, maintain, and innovate with technology (Mikalef & 

Gupta, 2021). For Zimbabwean commercial banks, this means having IT professionals who are 

proficient in areas such as cybersecurity, data analytics, software development, AI, and digital 

strategy. Bag et al. (2021) noted that investing in continuous training and development is crucial 

to keeping IT skills current. 

Effective IT capability is not just about having the right technology and people; it's also 

about having efficient processes and practices in place (Tiwari, 2022). According to George and 

George (2023), this includes IT governance, project management methodologies, and IT service 

management (e.g., Information Technology Infrastructure Library) that ensure the efficient use of 

IT resources, compliance with regulations, and alignment with business objectives. This becomes 

key for commercial banks given the risks associated with cybersecurity. Customers are likely to 

prefer banks with secure platforms, thus giving them an edge over the competition. 

According to Gurbaxani and Dunkle (2019), strategic alignment is perhaps the most crucial 

component of IT capability, especially in the context of DT. It involves ensuring that IT initiatives 

are closely integrated with the overall strategic goals and objectives of the organisation. In the case 

of Zimbabwean commercial banks, strategic alignment means that digital transformation efforts 

are designed to enhance customer experiences, streamline operations, and achieve a competitive 

edge in the local and global financial markets (Rodríguez-Abitia & Bribiesca-Correa, 2021). 

2.4.2.2. Strategies for Enhancing IT Capability 

Regularly updating and modernising the IT infrastructure should be a fundamental strategy. 

Organisations need to adopt emerging technologies strategically, ensuring that their technology 

stack remains current, efficient, and aligned with the digital transformation goals (Elia et al., 2021). 
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This involves not only upgrading hardware and software but also considering the adoption of 

transformative technologies like cloud computing, artificial intelligence (AI), and data analytics to 

stay competitive in the digital age. 

Investing in the training and upskilling of IT staff is crucial to keeping pace with 

technological advancements. Brown et al. (2020) noted that organisations must recognise the 

importance of a highly skilled IT workforce in driving digital transformation. This strategy 

includes providing continuous learning opportunities, certifications, and exposure to new 

technologies. It also involves fostering a culture of innovation and encouraging employees to adapt 

to evolving IT trends. 

To ensure the successful alignment of IT capabilities with broader Organisational 

objectives, it is imperative to integrate IT strategies with the overall business strategy. This means 

that IT leaders should actively engage with senior management to understand the business's 

immediate and long-term goals. By doing so, they can tailor IT investments, projects, and priorities 

to directly contribute to achieving those objectives (Giannakos et al., 2021). Alignment ensures 

that IT resources are allocated to initiatives that deliver the most significant business value. 

Robust governance and risk management practices are essential components of enhancing 

IT capability. Effective IT governance frameworks, such as ITIL or COBIT, should be in place to 

guide decision-making, ensure transparency, and optimise resource utilisation. According to a 

study by Rodríguez-Espíndola et al. (2022), organisations must be proactive in managing risks 

associated with IT, including cybersecurity threats, compliance challenges, and data privacy 

concerns. By addressing these risks systematically, organisations can prevent disruptions and 

protect their digital assets. 
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A study by Sousa-Zomer et al. (2021) found that IT capability enhancement is an ongoing 

and dynamic process. Organisations must adopt a culture of continuous improvement where they 

regularly assess their IT capabilities and adapt to evolving IT needs. This involves conducting 

periodic IT capability assessments, identifying areas for improvement, and implementing 

necessary changes. Continuous improvement also includes staying vigilant about emerging 

technologies and industry trends, ensuring that the organisation remains agile and responsive to 

market shifts. 

In summary, these strategies collectively contribute to enhancing an organisation's IT 

capability, which is fundamental for the successful implementation of digital transformation 

initiatives. By investing in technology, developing a skilled workforce, aligning IT with business 

objectives, implementing sound governance, and maintaining a commitment to continuous 

improvement, organisations can build the necessary foundation to thrive in the digital era. 

In recent years, DT has been seen as quite impactful in enhancing employee productivity 

as it affects several facets of their work and productivity. Employee productivity has been defined 

as the quality and quantity of work that an organisation’s workforce accomplishes within a 

specified timeframe in accordance with the responsibilities given to them (Sebayang & Lestario, 

2021; Rochmawati & Indiyati, 2022). Employee productivity is considered central to the success 

of any organisation (Shwedeh et al., 2023). This has prompted several organisations to implement 

various initiatives to enhance the performance of their employees, including upskilling in DT-

related initiatives. 

2.4.3. IT Innovation 

The concept of innovation has not been easy to define. This is not surprising given that 

several authors seem to classify the concept of innovation as complex and multifaceted (Alshemeili 
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& Safei, 2023; Khan et al., 2020). Although innovation has been simplified to mean the generation 

and implementation of a new idea to create a service, product or process (Kogabayev & 

Mazilizuskas, 2017), its definition has largely been deferred to the seminal work of Schumpeter 

(1934) who viewed the innovation as the effects of technological changes on the economy and the 

application of new or combination of productive forces to find solutions for existing business 

problems. However, the literature reveals that various definitions have resulted from the concept 

being viewed from different contextual lenses in the academic field (Taylor, 2017). 

Consequently, IT innovation is regarded as the creation and development of new 

technological tools, applications, products and solutions to drive societal progress (Khan et al., 

2020). IT innovation in banks has been regarded as encapsulating the adoption of electronic 

banking (e-banking), the use of ATMs, internet banking, and SMS banking, and other IT-related 

tools such as AI, cloud computing, chatbots, and big data analysis, among other emerging 

technologies (Kong & Masud, 2019).  

2.4.4. Organisational Performance 

Studies touching on Organisational performance seem to loosely use performance and 

profitability interchangeably, yet these are not the same. For example, Kriebel and Debener’s 

(2019) study on the impact of DT on commercial bank performance is often juxtaposed with 

Huang’s (2021) study on the impact of DT on commercial bank profitability, giving the notion that 

profitability equates to performance. According to Conţu (2020, p. 38), the performance of an 

organisation is not one-dimensional, as in profitability alone, but “refers to the degree to which the 

organisation, with some informational, financial, and human resources, positions itself effectively 

on the business market. A clearer definition is offered by Doval (2019), who posits that 
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performance is concerned with what the company produces against what it sets out to do, that is, 

output as measured against objectives. 

Specifically, Richard et al. (2009) view Organisational performance in terms of financial, 

product, and shareholder aspects. In that regard, financial performance is measured by 

profitability, net asset value, balance sheet size, return on investment, and return on assets, among 

other metrics. Product performance can be seen in growth in sales, market share, and customer 

satisfaction. Further, performance is measured in terms of shareholder satisfaction, which is 

measured by the return given to shareholders in the form of economic value added and total 

shareholder return.  

As can be seen from the above, the concept of performance is not easy to define. However, 

several scholars agree that performance is a reflection of where the company is at any given point 

in time, measured against the organisation’s strategic intentions (Bandono & Nugroho, 2023; 

Doval, 2019). Profitability is a narrow part of performance (Richard et al., 2009), as it is concerned 

with measuring the difference between revenue and expenses for a given trading period and can 

be measured by various metrics such as gross profit margin, net profit margin, operating margin, 

return on assets, return on capital employed, return on equity, and price-earnings ratio, among 

others (Coulon, 2020). For the sake of this study, performance will thus be seen as a commercial 

bank’s achievement of its key performance indicators. 

2.4.4.1. Measuring Organisational Performance. 

One of the frameworks that has been reviewed as a useful tool to measure Organisational 

performance is the Balanced Scorecard (BSC) approach. According to Dias and Irawati (2020), 

the BSC gives firms the ability to measure and monitor performance using the financial, customer, 

and internal business processes, as well as the innovation and growth perspectives. This leads to a 
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more holistic measure of performance than in the past, when only financial performance was 

considered. Indeed, Laury et al. (2020) observe that financial performance is not easy to measure 

due to various factors that complicate the process. For example, while Al-Khatib and Al-Khoury 

(2019) concede that the use of the BSC was effective in measuring the performance of commercial 

banks in Lebanon, Abuzarqa (2019), through a case study of Kuwait banks, used specific ratios 

such as return on assets, total loans to total assets, and retained earnings to assets, among others, 

to measure their performance. Often, the study of Organisational performance has been seen to 

capture both qualitative and quantitative aspects. In that regard, Venkatraman and Ramanujam’s 

(1986) model for measuring financial performance becomes key. 

As depicted in Figure 7, Organisational performance sits in three subsets of Organisational 

effectiveness, which encapsulate both operational and financial performance. According to 

Kamenda and Qutieshat (2021), the Organisational performance model by Venkatraman and 

Ramanujam’s (1986) domain of business performance model is useful in measuring Organisational 

performance as it considers both financial and non-financial indicators for firm performance. 

These metrics include market share, customer satisfaction, and innovation. Furthermore, they 

observe that this model is flexible as it can be applied in different industries, including the 

commercial banking sector, which is the focus of this study. 
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Figure 7  

The Domain of Business Performance 

 

Note. This model was produced by Venkatraman and Ramanujam (1986), showing that 

approaches to measuring firm performance have three domains that are made up of both qualitative 

and quantitative aspects. From “Measurement of Business Performance in Strategy Research: A 

Comparison of Approaches” By N. Venkatraman, & V. Ramanujam, 1986, The Academy of 

Management Review, 11(4), p.803. 

 

The quantitative aspects of financial performance, such as ROA, ROE, EPS, and ROA, 

reside in the financial domain. Insofar as measuring financial performance for commercial banks 

is concerned, this study embraces this framework as it not only addresses the study objectives but 

also aligns with similar studies (Gržeta et al., 2023; Kamenda & Qutieshat, 2021; Matey, 2021). 

According to Ali et al. (2022), the use of quantitative metrics in measuring performance is 
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recommended. Several studies adopted ROA, ROE, and net interest margin to measure commercial 

bank performance (Bansal et al., 2018; Chen et al., 2018; Derbali, 2021). 

The domain of ‘financial and operational performance’ encapsulates such metrics as 

market share, innovation, effectiveness of marketing, efficiency of the business, and product 

quality, among others. The importance of this domain to this study is that it will allow the research 

to measure DT success or impact on performance by measuring such areas as market share growth. 

This complies with Hughes and Mester (2014), who posit that scholars should consider both 

qualitative and quantitative metrics to capture the various elements of performance, given the 

complexity of measuring commercial bank performance. Consequently, this study utilised some 

qualitative metrics given that they reveal how an organisation is performing (Venkatraman & 

Ramanujam, 1986), making them important in DT. 

According to Mbama and Ezepuc (2018), most studies have considered the first two 

domains owing to the complexity associated with assessing how the broadest performance 

indicator, as represented by Organisational effectiveness, impacts firm performance. That as it 

may, ‘Organisational effectiveness’ is measured by considering a firm’s achievement of intended 

goals, its survival, reputation, and perceived overall performance. It can be argued that innovation 

and IT capability form part of the above set; thus, they will be investigated to check on their impact 

on firm performance. 

As indicated earlier, tools such as the BSC and the organisational performance model by 

Venkatraman and Ramanujam (1986) are useful tools that assist in measuring organisational 

performance (Dias & Irawati, 2020; Kamenda & Qutieshat, 2021). Both models make use of 

qualitative and quantitative metrics to measure performance. In order to assess the impact of DT 

on commercial bank performance, this study will make use of both quantitative and qualitative 
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metrics, such as profitability (ROE and ROA), balance sheet size, customer satisfaction, market 

share, and innovation so as to conform with both the BSC and Venkatraman and Ramanujam’s 

(1986) domain of business model.  

To achieve enhanced robustness of the commercial bank performance measurement, this 

study adopted a mixed-sources approach, which saw the combination of perceptual data from 

employee surveys with objective secondary data on ROA obtained from published financial 

statements of the thirteen commercial banks. Thus, the triangulation strategy addressed the 

limitations of single-source data and aligns with best practices in organisational performance 

research (Kamenda & Qutieshat, 2021). 

2.4.4.2. Commercial Bank Performance Indicators. 

These have been defined as quantifiable metrics that indicate how successful an 

organisation is in achieving its performance targets (Sackitey, 2019). Numerous studies have been 

done in the commercial banking sector with a view to establishing key performance indicators 

(KPIs). Many such studies have used traditional metrics such as the return on assets (ROA) and 

the return on investment (ROI) as the main performance indicators for commercial banks (Ncube, 

2009). However, Nazneen et al. (2019) view these traditional KPIs as inadequate as they leave 

gaps when analysing a commercial bank’s overall performance. Rather, the authors suggest the 

need to consider performance broadly by not only considering the financial perspective but also 

including the customer perspective, internal business processes perspective, and employee 

perspective as measured by their learning and growth. 

Given the plethora of commercial bank performance KPIs (Sackitey, 2019), it is essential 

to identify measures that will indicate the impact of DT on commercial bank performance. In line 

with Nazneen et al. (2019), who emphasise the need to view performance holistically, this study 
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will therefore use profitability (ROE and ROA) and balance sheet size as the financial KPIs. 

Customer satisfaction and market share will be the KPIs to measure the customer perspective. 

In essence, this study agrees with the view that, in general, organisational performance is 

achieved when an organisation achieves its intended objectives (Bandono & Nugroho, 2023; 

Doval, 2019). While the measurement of performance has been seen as complex (Mbama & 

Ezepuc, 2018), the use of the BSC will be blended with Mbama and Ezepuc’s (2018) business 

domain model, which considers performance as constituting both quantitative and qualitative 

aspects. Consequently, this study will consider quantitative metrics such as ROA (obtained from 

secondary data) in the quantitative domain; customer satisfaction will form the operational 

performance domain measured through the employee survey; market share, innovation, and IT 

capability will be considered under the organisational effectiveness domain captured via primary 

data. 

2.5. Digital Transformation and the Performance of Commercial Banks 

As has been seen in earlier sections, the subject of DT is complex, multifaceted and requires 

a contextual quantification. Since this study focuses on DT in the context of commercial bank 

performance, it will be essential to examine it in that context before linking it to the performance 

of commercial banks. Therefore, the sections below will begin by considering the evolution and 

global trends in DT. This enables the study to provide a contextual background of the topic under 

review. Secondly, the status of DT in Zimbabwe will be assessed, and the last subsection will 

consider the link between DT and the performance of commercial banks. 

2.5.1. Evolution of and Global Trends in Digital Transformation. 

The genesis of DT cannot be pinpointed with certainty in the literature, as there is 

significant discord concerning when it began. This is because views on the evolutionary 
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development of DT are fragmented (Maksimenko, 2021). While such authors as Bongiorno et al. 

(2018) argue that the DT journey started around 2012, many others hint that DT was initiated in 

nuanced forms in the late 1990s and early 2000s (Schallmo et al., 2018). Yet others, like Verhoef 

et al. (2021), maintain that DT started in the form of digitisation, morphed into digitalisation, and 

eventually led to the concept of DT; therefore, one cannot pin down with certainty how and when 

it began. If one considers digitisation as the first step in DT (Verhoef et al.), then it can be said that 

this concept started making inroads in the banking sector in the early 2000s (Vikas et al., 2022). 

It is, however, not in dispute that the pace of DT accelerated in recent years as commercial 

banks sought to improve their performance (Abdulquadri et al., 2021; Abuhasan & Moreb, 2021; 

Ajigina & Chinamasa, 2023). The incidence of the COVID-19 pandemic was also seen as 

catalysing the implementation of DT. There is an agreement among scholars that global trends in 

DT have been in the form of increased use of artificial intelligence (AI), cloud computing, the 

Internet of Things (IoT) and data analytics (Tekle& Kumar, 2024). In recent years, the use of 5G 

technology, machine learning and blockchain technology has seen significant changes in how 

organisations operate. In the commercial banking space, the use of chatbots and mobile banking 

applications has been rising. Having established the theoretical relationships among the study 

variables, the next section reviews empirical evidence from prior studies that have examined these 

relationships in the commercial banking sector. 

2.5.2. DT in Global and Regional Banks. 

A glance at the literature reveals that several banks implemented DT successfully. In 

Singapore, DBS Bank successfully implemented DT, significantly improving its performance (Sia 

et al., 2021). Similarly, several banks in Greece implemented DT using a phased approach by 

integrating digital technologies into traditional banking models, which resulted in improved 
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operational efficiency and customer satisfaction (Papathomas & Konteos, 2022). Lóska and Uotila 

(2023) studied DT in the context of a top European corporate bank and discovered improved 

efficiency emanating from the implementation of DT. Likewise, Jayashree and Jayakani (2023) 

studied DT in Indian banks, and they found that the majority of consumers were impressed with 

the innovative services brought about by DT in the banking sector. 

Additional studies have highlighted the significance of DT in the commercial banking 

sector from a global standpoint (Boufounou, 2022; Diener & Špaˇcek, 2021; Kitsios et al., 2021). 

Xie and Wang (2023) argue that DT is critical for organisations, emphasising the need for banks 

to embrace digital technologies to stay competitive. They highlight the importance of customer-

centric strategies and the integration of digital capabilities across all aspects of banking operations. 

Similarly, studies by Brown and Grant (2020) conclude that DT is crucial for banks to optimise 

their operations, enhance customer experiences, and improve overall efficiency by leveraging 

emerging technologies, such as artificial intelligence, blockchain, and big data analytics, to drive 

innovation and gain a competitive edge. Several scholars concede that DT has a positive impact 

on customer experience. For example, in their studies on the Palestinian banking sector, Abuhasan 

and Moreb (2021) conclude that DT has had a positive influence on customer experience due to 

the attendant flexibility it brings. 

However, there are also differing opinions regarding the extent of digital transformation in 

the commercial banking sector. Several authors suggest that while some organisations have fully 

embraced digital transformation, others are lagging due to various barriers such as organisational 

culture (Boufounou et al., 2022), framework-related challenges (Diener & Špaˇcek, 2021; Sia et 

al., 2021), and resistance to change (Reis & Melao, 2023). In China, for example, "the Bank of 
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China issued the FinTech Development Plan twice in 2019 and 2022, emphasising the need to 

accelerate the DT of financial institutions" (Xie & Wang, 2023, p. 35). This indicates that not all 

banks have achieved the same level of digital maturity, leading to a disparity in the adoption and 

implementation of digital initiatives. 

Moving from a global perspective to a regional focus, it is essential to examine studies that 

provide insights into DT in commercial banking within specific regions. Modiba et al. (2020) 

considered that the IT capability framework for South African banks has encountered several 

challenges that have stifled DT. This is even though DT has led to a fundamental shift in the way 

banks operate, requiring them to redefine their value propositions and business models in response 

to changing customer expectations. In that regard, Modiba et al. (2023) argued for the need for a 

unique DT framework for South African banks, given the unique circumstances that differ from 

those obtained in the Western world. 

In contrast, Khams (2022) examines the impact of DT on strategies relating to staffing in 

the banking sector in Egypt, emphasising the positive impact of digital technologies on improving 

operational efficiency for banks, reducing banking costs, and enhancing back-office risk 

management. The study reveals that Egyptian banks have made significant strides in implementing 

DT with the development of "new channels such as QR technology and chatbots" (p. 459). These 

results indicate that while digital transformation presents challenges, it also offers significant 

opportunities for banks to streamline their operations and improve overall performance. 

While the literature has significant examples of DT success stories, DT initiatives have 

been seen to be awash with challenges that may negatively impact performance. This is because 

issues related to cybersecurity may dent customer trust, thereby negating the benefits of DT 



85 

 

(Ahuchogu et al., 2024). The Wells Fargo DT scandal also highlights the risk of DT in cases where 

there is inadequate governance in digital initiatives (Wang & Guarino, 2021). The bank suffered 

heavy financial and reputational damage, thus questioning whether DT improves performance. 

These mixed results in the literature suggest that there is a need for further studies to help quantify 

the extent to which DT impacts bank performance. 

2.5.3. Research Context: Status of DT in Zimbabwean Commercial Banks. 

At this juncture, it is important to consider the state of DT in Zimbabwe as this is the focus 

country for this study. DT in Zimbabwe has been adopted by Zimbabwean commercial banks, 

although the pace has been slow (Kaondera et al., 2023). This is surprising given that a recent 

survey by Kunicova et al. (2021) noted that the bulk of transactions by Zimbabwean banks are 

now being done digitally, implying a strong backbone for the effective implementation of DT by 

Zimbabwean banks. That as it may, as Mataruka et al. (2023) observe, Zimbabwe has faced 

challenges in its IT infrastructure, including reliable internet connectivity and access to 

technology, thereby affecting the pace of DT in banks. Similarly, Masinire (2023) concluded that 

DT in Zimbabwe has been affected by high technology costs and suggests that this can be mitigated 

by commercial banks partnering with Fintechs. Given this background, it is indeed worthwhile to 

investigate whether DT in the context of Zimbabwean commercial banks will aid their 

performance. 

 Studies in the Zimbabwean banking sector indicate that regulation plays a key role in 

advancing the notion of DT (Furusa et al., 2022). This is because a conducive regulatory 

framework is essential for encouraging innovation and investment in digital technologies. The 

regulatory environment in Zimbabwe has encouraged banks to expedite DT to provide banking 

services to the unbanked population in remote areas (Fairhurst et al., 2021; Phiri, 2020). In 



86 

 

addition, the success of DT is closely linked to the development of digital skills among the 

workforce and the general population. According to Gurbaxani et al. (2019), evaluating the 

availability of training and educational programs for digital skills would be relevant. Zimbabwean 

banks have realised this, and recent studies indicate an increase in DT-related training (Kitsios et 

al., 2021).  

While many researchers have investigated DT in Zimbabwe, the studies have been done 

from different perspectives. A number of these studies have considered DT in Small to Medium 

Enterprises (SMEs) (Mataruka & Muzurura, 2023), Universities (Maphosa, 2023), and the public 

sector (Gondo & Suwaryono, 2024). Studies in the banking sector have focused on DT's impact 

on customer experience (Hokonya, 2024; Kaondera et al., 2023). Concerning the banking sector, 

the literature lacks studies that have specifically looked at the impact of DT on commercial bank 

performance, considering the mediating role of IT capability. As Masinire (2023) illuminates, costs 

associated with IT seem to have hindered Zimbabwean banks from fully leveraging IT capability 

to influence the impact of DT on commercial bank performance. This makes the commercial 

banking sector in Zimbabwe an excellent choice for inquiring about the impact of DT on 

commercial bank performance, considering the mediating role of IT capability. 

2.5.3.1. Challenges in Digital Transformation Implementation. 

Zimbabwean commercial banks face specific challenges when implementing digital 

transformation initiatives, including regulatory constraints, economic instability, and legacy 

systems. Understanding these challenges is vital for evaluating the role of IT capability in 

overcoming them. Existing research (Majukwa et al., 2020; Mhlanga et al., 2023) sheds light on 

the unique challenges Zimbabwean organisations, including banks, face during digital 
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transformation. Studies (Grover, 2022) on the role of IT capability in addressing challenges during 

DT can provide insights. 

(i) Regulatory Constraints. 

Zimbabwean banks operate in a regulatory environment that may not always keep pace 

with rapid technological advancements. Compliance with regulations and ensuring data security 

are critical concerns for banks implementing digital transformation (Cichosz et al., 2020). 

Regulatory constraints can slow down or limit the scope of digital initiatives, thus negatively 

impacting the impact of DT initiatives on performance. The regulatory environment in Zimbabwe 

has, however, tried to encourage banks to use DT so that they improve financial inclusion 

(Chitimira & Torerai, 2021). The same regulation seems to fall short in supporting banks to have 

strong IT capabilities. According to Tiburtino (2023), strong IT capabilities will assist 

Zimbabwean commercial banks to have the technical infrastructure and expertise to implement 

security measures and compliance protocols effectively.  

(ii) Economic Instability. 

Zimbabwe has faced periods of economic instability, including hyperinflation and currency 

fluctuations. These factors can impact the budget available for digital transformation projects, 

making it challenging to invest in technology and talent. IT capability can help banks optimise 

their IT spending during economic downturns (Mullan & Rolleston, 2020). This involves cost-

effective management of existing IT assets, prioritising high-impact digital projects, and exploring 

innovative ways to achieve digital goals without excessive spending (Kumar et al., 2021). 

Additionally, IT capability can enable banks to leverage digital solutions for operational 

efficiency, which is crucial during times of economic uncertainty (Spitzer & Wimmer, 2021). 
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(iii) Legacy Systems. 

Many Zimbabwean banks may have legacy IT systems that are outdated, inflexible, and 

not well-suited for digital transformation (Gkrimpizi & Peristeras, 2022). Integrating new digital 

technologies with legacy systems can be complex and costly. A robust IT capability can facilitate 

the modernisation of legacy systems. It includes the expertise to assess the current state of IT 

infrastructure, plan system upgrades or replacements, and execute migrations smoothly (Gkrimpizi 

et al., 2023). IT capability also involves managing data migration, ensuring data integrity, and 

minimising disruptions during the transition. According to Rapkin (2022), effective IT capability 

can turn legacy system challenges into opportunities for digital advancement. 

(iv) Talent and Skills Gap. 

Acquiring and retaining IT talent with the necessary skills for digital transformation can be 

a challenge, particularly in a competitive job market (Cueto et al., 2022). IT capability 

encompasses developing and nurturing in-house IT talent. Banks can invest in training programs 

to upskill their existing workforce in areas like cybersecurity, data analytics, and digital strategy 

(Mukhuty et al., 2022). Additionally, Tiburtino et al. (2023) noted that firms can establish 

partnerships with educational institutions to attract new talent and ensure a pipeline of skilled 

professionals. A strong IT capability supports talent development and retention, which is essential 

for digital success. 

2.5.3.2. Relevance in Existing Literature. 

Research by Chiguvi et al. (2023) highlights the unique challenges faced by Zimbabwean 

organisations, including banks, during digital transformation. These studies emphasise the 

importance of understanding the local context and challenges specific to the region. Prior studies 

(Gkrimpizi et al., 2023; Gkrimpizi & Peristeras, 2022) emphasise that IT capability is not just 
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about having technology but also about using it effectively to address challenges. In the context of 

Zimbabwean banks, a strong IT capability can be a strategic asset for overcoming regulatory, 

economic, legacy system, and talent-related challenges during digital transformation.  

Overall, limited research exists on this topic within the Zimbabwean context, indicating a 

research gap that needs further exploration. That as it may, an exploration of the limited studies 

reveals that despite the pressure being exerted by FinTechs and Mobile Network Operators 

(MNOs) on Zimbabwean commercial banks, as well as by bank customers who have since 

accepted technological advancements, the adoption of DT in Zimbabwe has been slow (Kaondera 

et al., 2023). 

While scholars generally agree on the importance of digital transformation in the 

commercial banking sector, there are areas of disagreement regarding its effect on performance. 

Some researchers argue that digital transformation may lead to job losses and reduced human 

interaction, potentially affecting customer satisfaction (Brown & Grant, 2020). Others, however, 

suggest that digital transformation can enhance customer experiences by providing faster and more 

convenient banking services (Smith, 2018).  

2.5.4. Linking DT and Commercial Bank Performance 

The link between DT and commercial bank performance has started receiving considerable 

attention from scholars, although the area is still budding and studies are skewed toward European 

and Asian regions (Nguyen-Viet & Nguyen, 2023; Zhu & Jin, 2023). Huang (2021) argues that 

DT has a significant impact on profitability for non-state-owned banks and further argues that the 

impact of DT on profitability is dependent upon the size of the bank. This study focused on state-

owned banks, suggesting there is a need to widen the sample by looking at a wider sample that 
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includes non-state-owned banks, something that this study seeks to do. A similar study on 

Vietnamese banks by Pham et al. (2022) also concluded that the larger the bank, the greater the 

positive influence on performance. 

In contrast, Nguyen-Viet & Nguyen (2023), using regression analysis, concluded that DT 

negatively impacts ROA and ROE in Vietnamese banks, and this chimes with Kriebel and Debener 

(2019), who studied German banks. This is attributed to the huge costs associated with investing 

in IT infrastructure to facilitate DT. Research has shown that less than 30% of DT efforts succeed, 

with companies like Lego, Nike, and Burberry experiencing poor performance despite investing 

millions in DT (Sia et al., 2021). Nevertheless, Nguyen-Viet and Nguyen concede that DT 

positively impacted performance through reduced costs during the COVID-19 pandemic as 

commercial banks employed the work-from-home model. Further studies by Zhu and Jin (2023) 

that used all commercial banks in China as samples concluded that there is a minimal impact of 

DT on commercial bank performance. 

Indeed, the results on the impact of DT on commercial bank performance are far from 

consistent (Zuo et al., 2021). While some scholars believe that DT hurts commercial banks' 

performance by increasing the costs of technological investments (Xie & Wang, 2023), and stress 

to employees (Kadur & Rajshekar, 2022), other studies have associated DT with improved 

operational efficiencies and improved service capabilities, thus resulting in improved performance 

(Huang, 2021; Pham et al., 2022; Soesilo & Tampubolon, 2023). These diverging results are 

therefore problematic in the field of DT and suggest the need for further studies on the impact of 

DT on commercial bank performance. 
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2.6. Digital Transformation and IT Capability 

This study sought to measure the influence of DT on the IT capability of commercial banks 

in Zimbabwe. In order to achieve this objective, it is important that this subsection reviews the 

literature around the key variable of IT capability as well as the hypothesised relationship. 

2.6.1. Linking DT with IT Capability 

Recent research seems to associate the implementation of DT with increased investment in 

IT (Barba-Sánchez et al., 2024).  The adoption of DT by firms has therefore required that 

organisations take stock of their IT capacity. It has been observed that DT results in firms adopting 

a pronounced digital orientation and results in an enhanced IT capability. Abdurrahman et al. 

(2024) show that DT allows banks to modernise their IT systems. The result is an agile and scalable 

IT capability as supported by Sia et al. (2021), whose study of the DBS Bank in Singapore showed 

an improvement in the bank’s IT capability due to the implementation of DT. In addition, the 

implementation of DT may require that banks apply modern technologies such as AI, cloud 

computing, the use of chatbots, the IoT and big data analysis, and this calls for modern IT 

infrastructure that is capable of handling these (Makovoz & Sergii Lysenko, 2024). Similarly, DT 

will require that employees be upskilled, thus enhancing the digital capability of banks (Porfírio 

et al., 2024). 

Although a significant number of studies have been carried out on how DT impacts IT 

capability (Abdurrahman et al., 2024; Barba-Sánchez et al., 2024; Madanayake & Yapa, 2024; 

Makovoz & Sergii Lysenko, 2024; Porfírio et al., 2024; Sia et al., 2021), several gaps are seen in 

these studies. First, Sia et al. (2021) utilised a case-study approach, which is problematic when it 

comes to the generalizability of the results. Using a survey approach, this study seeks to address 

this gap. In addition, the study was done in Singapore, whose context is different from Zimbabwe. 
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This raises concerns regarding geographical context as well as the population used. Similarly, 

Porfírio et al. used a qualitative approach, making the use of a quantitative approach timely. 

Several studies that used a quantitative approach applied secondary data only. The use of primary 

data in this study, therefore, will assist in achieving methodological diversity. 

2.7. Digital Transformation and Employee Productivity 

Recent studies seem to suggest that DT positively influences the performance and 

productivity of employees. Several studies (Adewumi et al., 2024; Shwedeh et al., 2020; Khadragy 

et al., 2022; Ridwan et al., 2020) returned a positive association between DT and employee 

productivity. However, while the methodological approaches in these studies seem to be sound, 

there are some limitations in these studies that may raise concerns about their generalizability. 

That these studies were done mainly in Asia and the Middle East (Shwedeh et al., 2020) and that 

the industries in question did not include the banking sector may limit the application of these 

results to populations in other jurisdictions and industrial sectors. While these studies provide 

valuable insights into the relationship between DT and employee productivity, incorporating 

studies from different jurisdictions and industries would strengthen confidence in the reported 

results.  

Although Priyanka and Supriya (2022) evaluated the impact of DT on employee 

productivity in the banking sector and found a positive association, their methodological approach 

raises concerns about the representativeness of their results. This is because they used a small 

sample size of 35 employees from just two banks in India. McDermott (2023) argues that small 

sample sizes pose such challenges as regression toward the mean due to the limited observations 

for analysis. This study sought to address this by targeting 13 banks and 361 respondents. Other 

studies (Sivasamy, 2023) illuminate that small sample sizes may result in skewed outcomes and a 
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lack of statistical power. Consequently, inquiring into the impact of DT on employee productivity 

in Zimbabwe and the banking sector using a bigger sample size thus becomes timely.  

While some studies have established a positive association between DT and employee 

productivity (Shwedeh et al., 2020; Khadragy et al., 2022; Priyanka & Supriya, 2022; Ridwan et 

al., 2020), several challenges that negatively impact performance emanating from the 

implementation of DT have been highlighted in some studies. Several authors (Karaboğa & 

Şehitoğlu, 2024; Kensbock & Stöckmann, 2021; Makowska-Tłomak et al., 2023) have identified 

challenges such as increased stress and anxiety related to job security and the need to update skill 

set, blurred work-life boundaries owing to shift to remote work as employees feel obligated to be 

available beyond traditional working hours, reduced autonomy as well as connectivity and 

resource challenges that may lead to increased frustration by employees in remote or under-

resourced areas. This inconsistency in the study results presented in the literature suggests that 

there is a need for further inquiries in order to add more clarity to how DT interacts with employee 

productivity. 

2.8. Digital Transformation and IT Innovation 

This section discusses how DT is linked to the key variable of IT Innovation. This aligns 

with the study’s third objective, which seeks to establish the extent to which DT affects the IT 

innovation of commercial banks in Zimbabwe. 

2.8.1. Linking DT with IT Innovation 

The adoption of digital transformation by commercial banks has spurred their innovative 

capabilities. As Zhao et al. (2024) illuminate, DT can enhance a firm’s innovation capacity by 

reducing agency costs and increasing the risk-taking capacity of the respective firms. Furthermore, 

some studies have shown that DT in commercial banks may positively impact IT innovation 
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through data-driven approaches that advance innovation and the provision of new ideas that will 

enhance the development of embryonic IT solutions and services (Chen et al., 2024). Most 

importantly, Alharbi (2021) argues that DT improve the agility of commercial banks, and this in 

turn capacitates bank IT departments to experiment with new technologies, thereby ensuring fast 

innovation. This is hardly surprising, as this allows quick prototyping as well as an iterative 

development process. 

DT’s impact on innovation has also come through its ability to foster collaboration across 

different geographical locations and departments. According to Hokonya (2024), the success of 

DT at Standard Chartered Zimbabwe was due to improved collaboration between the local unit 

and global units that led to the creation of innovative IT solutions as diverse teams collaborated. 

Furthermore, it has been shown by nascent research that commercial banks implementing DT 

invest in state-of-the-art technologies (Jedynak et al., 2021; Kong & Masud, 2019), including but 

not limited to cloud computing, AI, chatbots and IoT. In turn, such investments positively 

influence IT innovation by providing the tools and infrastructure required to generate new 

solutions. 

Support for the link between DT and IT innovation has come from recent research that has 

shown that DT does push for customer-centric innovations (Chamorro-Premuzic, 2024). This is 

because customers are now demanding efficient technologies that are user-friendly. Furthermore, 

DT results in streamlined business processes that result in reduced manual interventions (Bakri et 

al., 2024; Vedapradha & Hariharan, 2021). Consequently, IT teams are able to give more time to 

innovative projects as opposed to focusing on routine maintenance programs. 

Overall, significant literature supports DT's positive influence on IT innovation 

(Chamorro-Premuzic, 2024; Hokonya, 2024; Zhao et al., 2024).  This is because DT creates an 
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atmosphere that promotes the adoption of new technologies, which in turn spurs innovation. DT 

adoption by banks has improved their agility (Alharbi, 2021). Further, DT assists IT innovation by 

enabling collaboration between teams, pushing for customer-centric innovations and allowing the 

streamlining of business processes, which allows IT teams to focus on innovation (Bakri et al., 

2024; Chamorro-Premuzic, 2024; Kong & Masud, 2019). While recognising the massive literature 

support above, the bulk of these studies were also done using different geographical contexts, and 

this raises concerns about generalising these results to the commercial banks in Zimbabwe. This 

study, therefore, recognises the need to address this gap by conducting the study using the 

Zimbabwean context. 

2.9. IT Innovation and Commercial Bank Performance 

This study sought to measure the effect of IT innovation on the performance of commercial 

banks in Zimbabwe. Consequently, this subsection discusses the link between these pertinent study 

variables. 

2.9.1. Linking IT Innovation to Commercial Bank Performance 

Empirical studies generally agree that IT innovation plays a significant role in improving 

the performance of commercial banks (Bakri et al., 2024). These results present no shock given 

that it allows banks to improve efficiency, enhance customer experience, improve financial 

performance, expand market reach and assist in achieving regulatory compliance (Vedapradha & 

Hariharan, 2021). A study by Makini (2024) in Kenya showed that commercial banks in Kenya 

that had adopted IT innovation strategies offered superior products such as internet banking, 

mobile banking and agency banking, which in turn improved their performance. Similarly, Resa 

et al. (2022) concluded that innovations such as ATMs, chatbots, and Internet banking obviate the 

need for physical branches by streamlining the operational process. The result is to reduce the costs 
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of delivering financial products to commercial bank customers, thus positively enhancing 

performance. 

Customers play a key role in enhancing the financial performance of banks; thus, IT 

innovations that enhance customer experience will result in increased repeat business by 

customers. This, together with enhanced customer relationship management, impacts the 

performance of commercial banks (Resa et al., 2022). Several studies spanning many regions 

concluded that banks with a greater propensity to innovate respond better to customer requirements 

and can develop more and better capabilities, thus resulting in better performance (Lahiri & Das, 

2024; Midhundev et al., 2023; Yang et al., 2021). 

According to Midhundev et al. (2023), IT innovation substantially impacts the performance 

of commercial banks due to the attendant technological breakthroughs, such as the use of chatbots. 

This is expected given that IT innovation allows banks to expand their markets by reaching 

customers in remote areas, thereby growing their customer base. Similarly, Makini (2024) argues 

that IT innovation assists commercial banks' performance by allowing them to efficiently comply 

with regulatory requirements, thereby reducing non-compliance penalties. 

In contrast, Enoruwa et al. (2023) did not find IT innovation positively impacting 

performance all the time, as this can either be positive or negative. Similarly, Maria and Pavlova 

(2024) argue that there is no significant positive influence of such innovations as AI on commercial 

bank Return on Assets (ROA) as well as Return on Equity (ROE). In support, Zhou (2023) opines 

that IT innovation does not necessarily lead to improved performance, as this may depend on 

context and implementation strategies. These results are quite surprising given that IT innovation 

enables banks to improve the portfolio of their technology-based products (Nyamekye et al., 2023). 

Indeed, several recent studies seem to indicate that IT innovation leads to better bank performance 
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due to improved customer experience, improved risk management for banks, expanded market 

boundaries and reduced compliance costs (Bakri et al., 2024; Lahiri & Das, 2024; Makini, 2024; 

Midhundev et al., 2023; Yang et al., 2021). 

In summary, the impact of IT innovation on commercial bank performance is contested. 

While a significant number of studies show that IT innovation positively impacts commercial bank 

performance (Bakri et al., 2024; Lahiri & Das, 2024; Makini, 2024; Midhundev et al., 2023; Resa 

et al., 2022; Yang et al., 2021), some studies show no link between IT Innovation and commercial 

bank performance, while others see its impact as dependent upon implementation strategies 

(Enoruwa et al., 2023; Maria & Pavlova, 2024; Zhou, 2023). This study acknowledges this 

divergence in the literature, which suggests the need for further studies, thus making this research 

timely. 

2.10. IT Capability and Commercial Bank Performance 

The fifth objective of this research sought to examine the extent to which IT capability 

affects the performance of commercial banks in Zimbabwe. To achieve this objective, it is critical 

to review the literature associated with this theme. Resultantly, this subsection discusses the 

interconnection between IT capability and commercial bank performance. 

2.10.1.Linking IT Capability to Commercial Bank Performance 

In the rapidly evolving landscape of technology, digital transformation has emerged as a 

strategic imperative for organisations spanning diverse industries, including the banking sector. 

For Zimbabwean commercial banks, the effective execution of digital transformation initiatives 

stands as a crucial undertaking, one that determines their competitiveness and their ability to meet 

the evolving demands of their clientele (Phiri, 2020). This literature review embarks on an 

exploration of the pivotal role played by information technology (IT) capability in moulding the 
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outcomes of digital transformation endeavours undertaken by Zimbabwean commercial banks. 

The objective is to assess how an organisation's IT capability influences the triumphant realisation 

of commercial bank performance.  

Organisations with strong IT capabilities tend to experience improved performance, 

including increased efficiency, productivity, and competitiveness (Ferraris et al., 2019). The 

importance of IT capability, as emphasised by notable studies (Ritter & Pedersen, 2020; Saunila, 

2020), is evident across industries. These studies have shown that organisations with strong IT 

capabilities are more likely to achieve superior performance and maintain a competitive advantage. 

For example, Khan et al. (2023) discovered in their investigation that IT capability has a positive 

impact on innovation performance, which in turn positively impacts performance. Similarly, 

Joensuu-Salo et al. (2023) conclude that IT capability enhances performance and growth in small 

firms. This is expected given that IT confers the ability for a firm to perform better as it allows the 

organisation to get the knowledge required for such performance (Ma et al., 2021). 

Nevertheless, not all studies agree that IT capability does have a positive influence on 

Organisational performance. For example, Pye et al. (2023) do not agree that IT capability solely 

leads to positive firm performance. Their studies concluded that IT capability can only impact 

performance in a positive way if the regulatory and market contexts allow it. This is because firms 

can only be rewarded for investing in IT infrastructure in a deregulated context. Similarly, Wang 

et al. (2022) agree that IT capability enhances performance under certain conditions, such as where 

there is value co-creation with customers. Furthermore, Benítez et al. (2022) illuminate that digital 

leadership is required if the IT capability is to help organisations improve their performance.  

Moreover, strategic and cultural factors are seen to have a greater impact on firm 

performance (Nwankpa & Roumani, 2016). In contrast, earlier research by Kane et al. (2017) 
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showed that companies with superior IT capability were 26% more profitable than their peers. 

Furthermore, recent studies by Mogoale et al. (2021) find a strong association between IT 

capability and Organisational performance if these capabilities are properly aligned. Indeed, this 

divergence in the literature suggests that there is a need for further studies to establish how IT 

capability impacts performance.  

In the banking sector, scant research by scholars like Ferraris et al. (2019) underscores the 

critical role of IT capability in achieving better performance. Banks with advanced IT capabilities 

are better positioned to implement innovative digital solutions, improve customer engagement, 

and enhance operational efficiency. While findings by Modiba et al. (2020) returned a positive 

influence of IT capability on bank performance in South Africa, the authors used a qualitative 

study approach, which is problematic when one looks at applying these findings to banks 

elsewhere, for example, in Zimbabwe, in this case. Furthermore, the impact of IT capability on the 

KPIs to be applied in this study was not clear in these studies, thus requiring further inquiry. 

Previous studies, such as Arora and Rahman’s (2017) study, found that IT capability does 

not give sustained competitive advantage and persistent profitability to firms in major emerging 

economies such as India. This study is in a developing country, and the impact of IT capabilities 

on commercial bank performance thus requires further investigation. That as it may, research by 

Wu et al. (2017) shows that stock markets value those companies with superior IT capability 

higher, and this indirectly enhances other performance indicators. In the context of banking 

services, nascent research such as Peng et al. (2022) indicates that IT capability allows the 

integration of supply and demand processes, which can directly impact performance. 

Moreover, the few studies that considered digital transformation in the Zimbabwean 

context seldom considered the impact of IT capability on commercial bank performance. Kaondera 
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et al. (2023) sought to consider the relationship between DT and customer relationship 

management in Zimbabwean commercial banks without considering the impact of IT capability. 

The impact of IT capability on commercial bank performance has not been clearly 

established in the literature. This is because some empirical research indicates a positive 

association (Joensuu-Salo et al., 2023; Khan et al., 2023), while others argue that IT capability 

only influences performance under certain conditions (Mogoale et al., 2021; Pye et al., 2023; Wang 

et al., 2022), while some authors dismiss the causal relation between IT capability and firm 

performance (Arora & Rahman, 2017). While these findings are informative for Zimbabwean 

commercial banks, local studies are essential for gaining insights into the specific challenges and 

opportunities faced by banks in the Zimbabwean context. These studies can provide actionable 

guidance for enhancing IT capability and maximising the chances of successful DT in the banking 

sector within Zimbabwe. This study thus recognises the need to address the conflicting views in 

the literature by carrying out further studies. 

2.11. Employee Productivity and Commercial Bank Performance 

This study’s sixth objective sought to quantify the impact of employee productivity on the 

performance of commercial banks. This subsection thus discusses the link between these two study 

variables. This is achieved by considering the views provided in the extant literature. 

2.11.1.Linking Employee Productivity to Commercial Bank Performance 

The importance of employees has been highlighted in several studies. This is because the 

success of any organisation has been considered to hinge on how well the employees perform their 

tasks (Prajapat et al., 2023). This implies that organisations with employees who perform better 

than their rivals will achieve superior performance. In a study by Rahaman et al. (2023), it was 



101 

 

shown that employee productivity is vital in ensuring organisational success because they are 

responsible for serving customers and producing the company’s products and services.  

The importance of employee productivity is heightened in banking institutions, given that 

service is the primary source of competitive advantage. Similarly, Perumal and Aithal (2023) link 

the financial health of banking institutions to the performance of the respective employees. Several 

studies have been conducted to establish the impact of employee productivity on the performance 

of commercial banks (Jahan et al., 2020; Jena, 2022; Perumal & Aithal, 2023). Specifically, Jena 

(2022) argues that the profitability of banks is dependent on the performance of their employees. 

It has been observed that banks have complex procedures and processes that require employees 

who are qualified and knowledgeable (Rahaman et al., 2023). In such an environment, the 

productivity of employees becomes critical in ensuring that the bank achieves its intended 

objectives. Effective employee productivity in such an environment is likely to result in better and 

more effective risk management, which in turn enhances commercial bank performance 

(Mathapati, 2021). 

The productivity of employees has been seen to contribute to a bank’s operational 

efficiency. Studies by Rahaman et al. (2023) show that highly productive employees contribute to 

smoother operations as they refine work processes and make them more efficient. They further 

assert that good employee productivity assists banks in maintaining a good reputation in the 

market, thereby attracting more customers. This will enhance the financial performance of the 

institution. Similarly, Mathapati (2021) argues that employee productivity can drive higher sales 

for services and products in the bank’s portfolio. The result is improved commercial bank 

performance. 
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Prior studies have pointed to employee productivity having a pronounced impact on 

commercial bank performance because it can improve customer satisfaction and the bank’s 

innovative capacity. A study on DBS Bank in Singapore (Sia et al., 2021) concluded that customer 

satisfaction is achieved through excellent customer service. These customers are more likely to 

remain loyal, use the bank’s products more often and recommend the bank’s products to others. 

Resultantly, the performance of the bank is positively enhanced. Similarly, Perumal and Aithal 

(2023) assert that employee productivity is positively linked to commercial bank performance 

because engaged employees have a higher chance of contributing to innovative solutions for the 

bank. These innovations may help commercial banks achieve competitiveness and thus better 

performance. 

 While there is strong evidence in the literature supporting the suggestion that employee 

productivity plays an influential role in pushing the performance of commercial banks (Jahan et 

al., 2020; Jena, 2022; Mathapati, 2021; Prajapat et al., 2023; Perumal & Aithal, 2023), a gap still 

exist from most of these studies as they were carried out in geographical contexts different from 

this study. Furthermore, most used secondary data to establish this relationship. This study applies 

primary data, thereby adding to the existing knowledge. Furthermore, in line with Dodo (2022), 

this study uses primary data because this will assist in reflecting the actual environment at work 

as well as the experiences of the employees, something that is missing in most of the studies cited 

earlier. 



103 

2.12. The Mediating Role of IT Capability on the Relationship Between DT and 

Commercial Bank Performance 

The question of whether IT capability mediates the relationship between DT and 

commercial bank performance and the extent thereof formed one of the key study objectives. As 

a result, the following subsection reviews nascent literature around this subject. 

Multiple studies have sought to establish the mediating role of IT capability on the 

relationship between DT and Commercial Bank performance (Adam et al., 2021; Castillo-Vergara, 

2021). A study by Mekuanint et al. (2024) shows that IT capability is essential in enhancing this 

observed relationship. Empirical studies have suggested that IT capability interacts directly with 

DT, and this has a consequential impact on organisational performance. For example, Valdez-

Juárez and Castillo-Vergara (2021) noted that IT-capable organisations are better positioned to 

innovate and adapt to changing market conditions, leveraging emerging technologies for 

transformational change. Enhanced IT capabilities enable organisations to provide better customer 

experiences through digital channels and personalised services (Adam et al., 2021). According to 

Grover (2022), IT capability fosters organisational agility, enabling quicker responses to market 

shifts and disruptions. Studies in South Africa by Modiba et al. (2022) revealed that the success of 

DT implementation for South African banks, as measured by improved bank performance, hinges 

on IT capabilities. 

Consequently, IT capability may be seen as the bridge that connects DT to commercial 

bank performance. This is because it assists commercial banks’ DT journeys to achieve improved 

service and financial metrics (Yudha et al., 2024). Similarly, Barba-Sánchez et al. (2024) aver that 

IT capability enables banks to develop a digital orientation, and this reduces costs, thereby 

improving their performance. DT seeks to transform the way organisations operate by bringing the 
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company’s business to digital platforms, and without a robust IT capability, such an objective may 

be difficult to achieve. Multiple authors (Mekuanint et al., 2024; Shanti et al., 2023) agree that IT 

capabilities foster a favourable environment for the implementation of DT, and without them, the 

impact of DT on bank performance will be difficult to measure. It has been shown by prior research 

that IT capability is crucial for translating commercial bank digital strategies into measurable and 

achievable outcomes (Mekuanint et al., 2024). This results in positive effects on DT, which in turn 

positively impact bank performance. 

2.12.1.Strategies to Leverage IT Capability 

To leverage IT capability for successful DT that results in enhanced commercial bank 

performance, it is essential to identify strategies that can enhance IT capability in Zimbabwean 

commercial banks. These strategies include investment in technology, workforce development, 

and alignment with business goals. Recent studies (Elia et al., 2021; Schrage et al., 2022) offer 

strategies for building and enhancing IT capability that influences the association between DT and 

commercial bank performance. 

i. Investment in Technology 

Zimbabwean banks can enhance their IT capability by investing in modernising their 

technical infrastructure. This includes upgrading hardware and software systems to ensure they are 

scalable, secure, and capable of supporting DT initiatives (Dethine et al., 2020). Banks can explore 

the adoption of emerging technologies such as cloud computing, artificial intelligence (AI), and 

blockchain to stay competitive. These technologies can enable innovative customer experiences, 

data analytics, and operational efficiency (Gurbaxani et al., 2019). Given the importance of data 

security in banking, enhancing cybersecurity capabilities is crucial. Investment in robust 
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cybersecurity solutions and practices can protect sensitive customer information and maintain trust 

(Elia et al., 2021). Effective IT capability, therefore, requires investment in the latest technology. 

ii. Workforce Development

Zimbabwean banks should invest in training and development programs to equip their IT 

workforce with the skills necessary for DT (Brown et al., 2020). This includes cybersecurity 

training, data analytics skills, and expertise in emerging technologies. Attracting and retaining top 

IT talent is essential. Banks can establish partnerships with educational institutions to tap into local 

talent pools and create internship programs to groom future IT professionals (Scuotto et al., 2021). 

According to Nazeha et al. (2020), IT capability should extend beyond the IT department. Cross-

functional training programs can help employees in other departments understand and leverage 

technology effectively in their roles. Banks with strong and developed digital skills often have an 

IT capability that can result in better commercial bank performance. 

iii. Alignment of IT with Business Goals

Banks should ensure that IT strategies align with broader business goals and objectives. 

According to Singh et al. (2021), this can be done by regularly reviewing and updating IT strategies 

to stay in sync with changing business needs. Implementing robust IT governance practices can 

ensure that IT investments and projects are aligned with business priorities (Schrage et al., 2022). 

Rupeika-Apoga et al. (2022) noted that close coordination ensures that IT initiatives directly 

contribute to achieving the bank's strategic objectives. It is therefore fundamental to foster 

collaboration between IT teams and other business units. 

iv. Continuous Improvement

IT capability enhancement is an ongoing process. Banks should adopt an iterative 

approach, regularly assessing their IT capability, identifying weaknesses, and implementing 
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improvements (Sousa-Zomer, 2020). A study by Correani et al. (2020) discovered that it is 

important to implement feedback mechanisms that allow employees and customers to provide 

input on digital initiatives. This feedback can inform adjustments and refinements to IT capability 

enhancement strategies. 

2.12.2.The Mediating Role of IT Capability 

Enhancing IT capability in Zimbabwean commercial banks is essential for successful DT, 

which will result in improved performance. Strategies that focus on technology investment, 

workforce development, alignment with business goals, learning from best practices, and 

continuous improvement are key to building the necessary IT capability. By following these 

strategies, banks can better position themselves to adapt to the evolving financial landscape and 

meet the demands of their customers in the digital age (AlNuaimi et al., 2022). 

In essence, the role played by IT capability in the relationship between DT and commercial 

bank performance seems to be undisputed in the literature. Several recent studies have argued that 

IT capability amplifies the relationship between DT and commercial bank performance (Baloch et 

al., 2018; Ma et al., 2021; Qatawneh & Al-Okaily, 2024). Using data from 298 respondents in the 

innovative sector in China, Baloch et al. (2021) concluded that IT capability enhances 

organisational agility, which in turn improves performance in the context of DT. Similarly, Ma et 

al. (2021) applied structural equation modelling to conclude that IT capability influences the 

impact of DT on bank performance by utilising data from 241 firms. Similarly, Barba-Sánchez et 

al. (2024) affirm that IT capability amplifies the association between DT and performance. 

However, these studies were carried out in countries that are outside Africa and Zimbabwe 

specifically. Once again, a number of them used secondary data, suggesting the need to carry out 

more studies using a different population (commercial banks in Zimbabwe) as well as applying 
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primary data. Further research is therefore required to clarify the posited relationship within the 

Zimbabwean context. 

2.13. Hypothesis Development 

It has been observed in prior studies that hypotheses are a key integral part of quantitative 

studies (Jhangiani et al., 2019). This study, therefore, developed 8 study hypotheses. According to 

Barroga and Matanguihan (2022), hypothesis development allows quantitative studies to bring out 

hypotheses that are informed by current trends, thus aiding quantification of the problem at hand. 

As a result, this quantitative study’s hypotheses are developed in the section below. 

Previous studies have sought to examine the link between digital transformation and 

commercial bank performance. In their study of the impact of DT on the performance of 

Vietnamese commercial banks, Do et al. (2022) found a positive association between DT and 

commercial bank performance. This is attributed to the use of such technologies as machine 

learning and robotic process automation, among others. Empirical results from studies by Xie and 

Wang (2023) on the effect of DT on Chinese commercial banks’ performance showed a positive 

association between DT and commercial banks’ performance. The impact of DT on commercial 

bank performance has been attributed to its ability to spawn new financial services, thus enabling 

banks to be competitive (Cappa et al., 2020; Qiu et al., 2018). In addition, the use of digital 

technology in DT has led to reduced costs (Goldfarb & Tucker, 2019) and more efficient business 

models (Chen et al., 2021; Qi & Xiao, 2020). The link between DT and the output from commercial 

banks seems to be well established in the literature (Jiatong & Taeso, 2020). Consequently, this 

study hypothesises that: 

H1: Digital transformation has a positive influence on the performance of Zimbabwean 

commercial banks. 
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The success of DT journeys has been attributed to the ability of organisations to influence 

the development of a strong IT capability. Recent studies have claimed that DT imposes profound 

strategic implications on IT capability by integrating advanced digital technologies such as AI, 

blockchain, cloud computing, and many more (Makovoz & Sergii Lysenko, 2024). In addition, 

DT has been seen to push executive management to align business with IT through the 

enhancement of IT capability. Recent studies have suggested that the COVID-19 pandemic saw 

several banks implementing DT, thus forcing them to improve their IT capability after 

experiencing a notable shift from branch visits to digital banking by customers (Kumar, 2024). To 

successfully implement DT, automation is very crucial, and this can only be achieved by 

mobilising a robust IT capacity.  Studies by Madanayake and Yapa (2024) record that DT enhances 

IT capability in banks as it brings a new focus on technology and infuses digital product 

development. Similarly, Sia et al. (2021) observed in their study of the DBS Bank in Singapore 

that the implementation of DT saw an improvement in the IT backbone of the organisation. Given 

this evidence from the literature, it can thus be hypothesised that: 

H2:  Digital transformation has a positive influence on the IT capability of Zimbabwean 

commercial banks. 

 

DT is a multifaceted concept that has been shown to impact performance across various 

sectors and within different contexts. This is the case in the manufacturing sector, service industry, 

and government (Ly, 2024; Gun et al., 2024; Widodo et al., 2024). There is evidence in the 

literature that DT enhances employee efficiency using Artificial Intelligence (AI) as well as Big 

Data Analytics. Studies seem to imply that these technologies automate routine tasks, foster a 

collaborative environment, and streamline standard operations, thus increasing productivity and 

job satisfaction (Almustafa et al., 2023; Afrin et al., 2023). Similarly, recent studies in the 
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commercial banking sector claim that the use of AI and other DT technologies helps with fraud 

detection, thus creating a secure and efficient working environment for employees (Adhikari et al., 

2022). Overall, DT has been seen to assist commercial bank employees in leveraging advanced 

technologies for better decision-making and customer service, thus positively impacting their 

productivity (Indrasari & Pamuji, 2023). Accordingly, the study’s first hypothesis claims that: 

H3: Digital Transformation positively influences the productivity of employees of 

commercial banks in Zimbabwe.  

The impact of DT on innovation has received attention in academia. This is because DT 

has the potential to significantly impact the IT innovation for banks, driving changes in their 

operations and customer interactions. Recent studies seem to suggest that DT pushes commercial 

banks to innovate due to shifting customer expectations and the need for efficient services across 

multiple digital channels (Alrawashedh & Shubita, 2024). DT, therefore, allows firms to come up 

with new ideas and practices, thereby spurring innovative initiatives within the operations of the 

business. Similarly, Alshammari (2023) asserts that the implementation of DT accelerates IT 

innovation in the financial service sector. This is because banks are compelled to adopt new 

technologies that are customer-centric and technologically advanced, such as chatbots, online 

portals, and mobile apps.  This study, therefore, hypothesises that: 

H4: Digital Transformation positively affects the level of IT innovation by commercial 

banks in Zimbabwe. 

IT innovation in the context of commercial banks involves the integration and application 

of advanced information technology to improve the operations of the bank, thereby attaining a 

competitive advantage (Huang & Yang, 2019; Lahiri, 2022). It encompasses the use of data 

science, machine learning, and AI. It allows banks to flexibly respond to external conditions and 
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develop new products and processes, thereby impacting customer experience (Bakri et al, 2024). 

The impact of IT innovation on the performance of organisations has been noted in prior literature. 

Anecdotal evidence suggests that IT innovation has been used for survival and growth by 

commercial banks as it improves organisational efficiency, reduces costs, and streamlines 

processes, thereby improving bank performance (Bakri et al., 2024; Vedapradha & Hariharan, 

2021). Further, it has been claimed in the literature through studies spanning different regions 

(Lahiri & Das, 2024; Midhundev et al., 2023; Yang et al., 2021) that banks with a greater 

propensity to innovate respond better to customer requirements and can develop more and better 

capabilities, thus resulting in better performance. This is expected given that IT innovation 

produces nuanced and unique market niches that may not be available to the competition. IT 

innovation has therefore been upheld as a way to achieve superior and sustained performance. This 

study, therefore, expects the following assertion to hold: 

H5:  IT innovation has a positive influence on the performance of Zimbabwean 

commercial banks. 

 

The impact of IT capability on organisational performance has been explored in the 

literature, although there seems to be a paucity of studies specific to the commercial banking 

sector. IT capability has been described as the ability of a bank to use IT to enhance operations, 

improve customer service, and achieve strategic aims. Studies by Erkmen et al. (2020) concluded 

that IT capability positively influences performance by significantly contributing to firm 

efficiency. Mogoale et al. (2021) analysed the impact of IT capability on organisational 

performance in the mining sector and concluded that a positive association does exist between 

these variables. While some recent literature questions the positive impact of IT capability on 

performance (Nwankpa & Roumani, 2016), prior studies have shown that IT capability gives firms 
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the ability to differentiate products, enhance business processes, and create market niches, thereby 

enhancing competitiveness. Further, Bharadwaj (2000) is heavily referenced in the literature 

following the empirical studies that showed that companies possessing higher IT capability tended 

to outperform the competition. As Nwankpa and Roumani observe, firms with higher IT 

capabilities have a better capacity to organise and use IT and other resources to achieve superior 

performance. This is because IT capability goes beyond the accumulation of advanced technology, 

but the effective management and utilisation of such technology to drive success. Given the 

foregoing, this study hypothesises that: 

H6: IT Capability positively influences the performance of Zimbabwe’s commercial banks. 

Wades of studies have considered the influence of employee productivity on overall 

organisational performance. Empirical evidence from Kumaran et al. (2023) on the Malaysian 

banking sector suggests a significant relationship between employee productivity and bank 

performance. This is because DT enhances the efficiency and effectiveness of employees. This, 

according to Shi et al. (2024), is due to the ability of employees to leverage digital tools to prop 

up productivity, thereby positively impacting bank performance. The positive impact of employee 

productivity on commercial bank performance in the context of DT is expected, given that it aids 

in fostering employee innovation, as well as putting at the disposal of bank employees advanced 

skills and tools to perform tasks proficiently, using such tools as AI and data analytics. The 

enhanced performance will contribute to the bank’s success; thus, this study theorises that: 

H7: Employee productivity positively affects commercial bank performance in Zimbabwe. 
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While recent studies have supported the notion that DT positively impacts commercial 

bank performance (Sia et al., 2021; Zuo et al., 2021), there is strong anecdotal evidence that IT 

capability positively mediates this relationship. IT capability is seen as an enabler of DT through 

the provision of the necessary tools and infrastructure. This supports the DT journey and enhances 

bank agility and competitiveness, which can lead to improved performance (Panda & Rath, 2021). 

IT capability is also considered a strategic resource, an innovation facilitator, an efficiency driver, 

and a customer experience enhancer. All these have been seen to have a favourable impact on bank 

performance, thus confirming the mediating role that IT capability plays in positively influencing 

the interplay between DT and commercial bank performance. As a result, the following hypothesis 

is expected to hold: 

H8:  IT capability positively mediates the relationship between DT and commercial bank 

performance in Zimbabwe. 

 

2.14. Empirical Review 

This section reviews prior empirical studies relevant to the hypothesised relationships in 

this study. Unlike the conceptual framework, which establishes theoretical linkages among 

variables, the empirical review synthesises findings from previous quantitative and qualitative 

investigations to highlight consistencies, contradictions, and research gaps that justify the current 

inquiry. 

Boufounou et al. (2022) conducted an online survey of 97 customers and 118 employees 

from the National Bank of Greece, Piraeus Bank, Alpha Bank and Eurobank. They used a self-

administered questionnaire with closed-ended questions and analysed their data using descriptive 

and inferential statistics. The results showed that employees expressed positive attitudes toward 

DT and that it improves performance. They highlighted the need for continuous digital training to 
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effectively achieve DT performance goals. The study utilised samples from only four major banks, 

and this is problematic as the results may not represent smaller or regional banks. 

Zuo et al. (2021) examined the improvement in Chinese commercial banks brought about 

by implementing DT. The study applied the DEA-Malmquist productivity index and concluded 

that DT has a strong positive effect on bank profitability. Besides using secondary data alone, the 

use of the DEA-Malmquist productivity index is not adequate in establishing causality between 

variables. Furthermore, the study focused on Chinese banks alone, thereby limiting the 

generalisability of the results to developing countries such as Zimbabwe. 

Kadur and Rajshekar (2022) assessed the impact of DT in Indian banks by combining both 

primary and secondary data. The study employed a cross-sectional survey using convenience 

sampling from 35 employees. The study results showed that there was increased work stress post 

the implementation of DT, thus negatively impacting commercial bank performance. This study’s 

small non-random sample raises concerns as it limits the generalisability of these study results. 

Furthermore, it focused on two banks within a single district of the wider Indian commercial 

banking sector, thus limiting the generalisability of the results not only in India but in other 

jurisdictions such as Zimbabwe. 

Nguyen-Viet and Nguyen (2023) studied the impact of DT on the performance of listed 

banks in Vietnam between 2015 and 2021. This study considered secondary data and concluded 

that DT does not always result in improved commercial bank performance. That as it may, the 

study did not use primary data, and it considered only listed banks, thus suggesting the need for 

further studies that apply a different approach and are also done in a different geographical context. 

Kasteli et al. (2022) studied the mediation effects of IT capability on the performance of 

firms. The study was implemented using primary data, and the data was analysed using SEM. The 
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indirect path was confirmed to positively impact the relationship. Again, the fact that the study 

focused on a single country (Greece) may limit generalisability across other countries. 

Suntano et al. (2024) studied the impact of DT on the performance of state-owned banks 

in Indonesia. This study used secondary data and concluded that there was no evidence of 

improved performance from implementing DT. That as it may, the study once again did not 

consider what impact IT capability has on the said relationship. In addition, the study was limited 

to state-owned banks, thus questioning the generalizability of the results from this study. Studies 

that utilise different approaches, therefore, seem timely. 

By using a case study approach, Sia et al. (2021) studied DT implementation at DBS Bank 

in Singapore. The study applied in-depth interviews with key stakeholders as well as secondary 

data from internal documents, and they concluded that the bank improved all its operations and 

financial performance through DT. That as it may be, the use of a single case study approach and 

the reliance on internal documents may introduce bias and subjectivity, thus bringing into question 

the generalisation of these results. 

Shanti et al. (2023) studied how DT influences profitability in banks operating under digital 

business models in Indonesia. The results indicated differences between short-term and long-term 

effects. The study used secondary data and analysed the same using the Autoregressive Distributed 

Lag (ARDL) model to examine both the short-term and long-term relationships. The study results 

showed a U-shaped relationship where DT negatively impacted performance in the short-term 

while it improved performance in the long term. IT capability improved the relationship in the 

long term. This study's weakness included the use of secondary data alone, a narrow sample size 

of only seven Indonesian digital banks. In addition, the ARDL results depend on stationarity and 

lag choices; model misspecification could affect the results. 
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Kaondera et al. (2023) examined the impact of DT in buttressing customer relationship 

management (CRM) by Zimbabwean commercial banks. The study utilised a quantitative 

approach and deployed a structured questionnaire to 348 respondents selected randomly. This 

study focused on CRM and did not consider the full spectrum of bank performance. While it 

implied that DT results in improved performance through improved customer loyalty and 

enhanced customer satisfaction, it did not consider the specifics of how DT over- or underplays 

commercial bank performance and more still, how IT capability interferes with this relationship. 

Furthermore, the study used only five of the thirteen banks in Zimbabwe, which may reduce 

broader applicability. 

Through a qualitative inquiry, Hokonya (2024) studied DT and customer satisfaction using 

Standard Chartered Zimbabwe. The study used semi-structured interviews and concluded that DT 

improved performance through improved customer convenience, employee engagement and 

strategic support. Regardless, this single-case study means that there are challenges in generalising 

these findings, given that it also applied a qualitative approach and did not take into account how 

IT capability impacts the relationships as presented by the study variables. 

Tran et al. (2022) assessed DT in Hungary using a case study of two banks. While the study 

concluded that human resources training and government policy were key factors in facilitating 

DT in banks, the study did not address the mediating role of IT capability. Furthermore, the study 

limited its scope to only two banks in Hungary and also used a qualitative approach, thus 

presenting challenges regarding the generalisation of these results. 

By using secondary data, Chindudzi et al. (2020) examined the impact of digital banking 

activities on the financial performance of Zimbabwean commercial banks. The study applied 

random-effects regression and Pearson’s correlation to test relationships between variables. The 
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study results showed mixed performance outcomes, thus suggesting the need for further inquiries. 

In addition, the study relied on secondary data alone, meaning there were no primary insights 

captured. Table 3 below summarises these studies, showing the countries, the design, study 

variables and key findings. 

Table 3  

Summary of Empirical Studies on DT and CBP and the Mediation of IT Capability 

Author & Year Country Method/Design Variables Studied Key Findings 

Boufounou et 

al. (2022) 

Greece Quantitative DT→Performance DT improves 

operational efficiency 

and customer service 

Zuo et al. 

(2021) 

China SEM DT → Performance Strong positive effect 

on bank profitability 

Kadur & 

Rajshekar 

(2022) 

India Survey DT → Employee 

Productivity 

DT increases stress; 

Performance declines 

Nguyen-Viet 

& Nguyen 

(2023) 

Vietnam Panel Data DT → ROA/ROE Negative influence on 

financial performance 

Kasteli et al. 

(2022) 

EU SEM DT→ IT Capability 

→ Performance 

IT capability partially 

mediates the 

relationship 

Sutanto et al. 

(2024) 

Indonesia SEM DT→ IT Capability 

→ Performance 

No mediation: High 

IT costs weaken 

performance 

Tran et al. 

(2022) 

Hungary Case Study DT→ Performance Strategic planning, 

employee 

productivity and 

regulation for DT to 

improve performance 

Kaondera et 

al. (2023) 

Zimbabwe Quantitative DT → Customer 

Relationship 

Management (CRM) 

DT leads to enhanced 

CRM 

Shanti et al. 

(2023) 

Indonesia Quantitative DT→ IT Capability 

→ Performance 

IT capability reduces 

short-term 

profitability 

Sia et al. 

(2021)  

Singapore Case Study Digital Banking → 

Performance 

DT positively 

improves 

performance 

Chindudzi et 

al. (2020) 

Zimbabwe Survey Digital Banking → 

Performance 

Limited DT adoption; 

mixed performance 

outcomes 
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2.14.1.Evaluation and Critique of Literature Relevant to the Study 

The empirical review above reveals a body of research full of conflicting findings on the 

impact of DT on CBP, heavily influenced by methodological choices and geographical context. A 

clear juxtaposition of these studies reveals a divide in outcomes: Studies in contexts like Greece, 

China and Singapore (Boufounou et al., 2022; Zuo et al., 2021; Sia et al., 2021) report strong 

positive effects on profitability and efficiency. In stark contrast, research from Vietnam, India and 

Indonesia (Nguyen-Viet & Nguyen, 2023; Kadur & Rajshekar, 2022; Suntano et al., 2024) return 

negative or insignificant effects, attributing them to increased employee stress, exorbitant 

implementation costs and organisational-specific challenges. This critical contradiction suggests 

the DT - CBP relationship may be mediated by contextual factors such as IT capability, as hinted 

by Kasteli et al. (2022) and Shanti et al. (2023). 

A critical glance at the literature reveals that the studies are sharply contrasted in their 

methodology, and this directly impacts the nature of insights and limitations. While on one hand, 

quantitative analyses of secondary data (Zuo et al., 2021; Nguyen-Viet & Nguyen, 2023) provide 

broad macroeconomic perspectives on financial performance, they fail to establish causality or 

capture the organisational and human elements of DT, which are critical in the performance of 

commercial banks. On the other hand, qualitative case studies and small -scale surveys (Sia et al., 

2021; Hokonya, 2024; Kadur & Rajshekar, 2022) offer rich contextual detail, but they suffer from 

severe limitations in generalisability due to their focused, non-random samples. Having compared 

and contrasted literature associated with this study, the following section exposes the limitations 

of these studies hence the need for carrying out further inquiry. 

Empirical findings on the direct effect of DT on bank performance remain inconclusive. 

Positive effects have been reported in China, Vietnam, and Greece (Pham et al., 2022; Wu, 2024; 
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Boufounou et al., 2022), while other studies found insignificant or negative impacts due to high 

costs, organisational resistance, and contextual constraints (Nguyen-Viet & Nguyen, 2023; 

Suntano et al., 2024). In Zimbabwe, empirical evidence remains fragmented and narrowly focused 

on customer satisfaction and digital marketing (Kaondera et al., 2023; Hokonya, 2024), with 

limited attention to overall bank performance and enabling capabilities. 

While Boufounou et al.’s (2022) study concluded a positive association between DT and 

commercial bank performance, they used only four banks in Greece, bringing into question the 

generalisability of their findings. This study surveyed all 13 banks in Zimbabwe, ensuring there is 

representation by applying stratified random sampling. In contrast, Nguyen-Viet and Nguyen 

(2023) studied the impact of DT on the performance of listed banks in Vietnam between 2015 and 

2021 and concluded a negative association. The study's weakness stemmed from the fact that they 

concentrated on listed banks only, and they did not consider primary data. In addition, the study 

considered Greek banks only, and all these factors make it difficult to generalise the results in the 

Zimbabwean context. The current study used primary data from Zimbabwean banks to address 

these shortcomings. 

Specifically, studies that have considered the impact of DT on the performance of 

commercial banks in Zimbabwe are scarce. Kaondera et al. (2023) examined the impact of DT on 

the CRM of banks, while Chindudzi et al.’s (2020) study was inconclusive. This study sought to 

measure the association between DT and CBP in the context of Zimbabwean commercial banks. 

A growing body of empirical literature suggests that DT positively influences 

organisational IT capability by driving investments in digital infrastructure, IT skills, and system 

integration. Zhu and Jin (2023), using secondary data from Chinese banks, found that DT 

strengthened operational and technological capabilities, particularly during the COVID-19 period. 
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Similarly, Wu (2024) reported that DT enhanced IT-enabled competitiveness among listed 

Chinese commercial banks. Nevertheless, these studies largely relied on archival data and did not 

capture employees' perceptions of IT capability development. Furthermore, the majority were 

conducted in Asian contexts, raising questions about applicability in developing economies such 

as Zimbabwe. The absence of primary, employee-level data and contextual diversity necessitates 

further empirical investigation. This study applied primary data in the Zimbabwean context. 

Empirical evidence on the relationship between digital transformation (DT) and employee 

productivity in the banking sector remains mixed. Several studies have demonstrated that DT 

enhances employee productivity, efficiency, and task completion through automation, digital tools, 

and improved information access (Sia et al., 2021; Zuo et al., 2021). In a qualitative case study of 

DBS Bank in Singapore, Sia et al. (2021) found that DT significantly improved employee 

engagement and operational efficiency. However, other studies caution that DT may negatively 

affect employee productivity due to increased work pressure, skill mismatches, and resistance to 

technological change (Nguyen-Viet & Nguyen, 2023; Tran et al., 2023). Importantly, most of these 

studies relied on secondary data or single-case qualitative approaches, limiting the ability to 

generalise findings or capture employee perceptions directly. Moreover, empirical studies 

examining this relationship in African banking contexts remain scarce, creating a clear gap that 

the current study addresses. 

Empirical studies generally support a positive association between DT and IT innovation 

in commercial banks. Pham et al. (2022), analysing Vietnamese banks using secondary data, 

concluded that DT facilitates technological innovation, although benefits varied by bank size. 

Similarly, Chen et al. (2024) found that DT improved innovation outcomes among Chinese 

commercial banks, but with heterogeneous effects. Despite these findings, most studies did not 
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explicitly examine how IT capability enables or constrains IT innovation, nor did they incorporate 

employee-level perspectives. This omission limits understanding of the mechanisms through 

which DT translates into innovation outcomes, particularly in resource-constrained environments. 

Several empirical investigations have established a positive relationship between IT 

innovation and bank performance. Zuo et al. (2021) found that innovative digital products and 

processes improved financial development and competitiveness among Chinese banks. Boufounou 

et al. (2022), using a mixed-methods approach in Greece, reported that IT innovation enhanced 

service delivery and operational efficiency. However, many studies focused on customer 

outcomes or financial indicators while neglecting organisational and employee-driven 

performance dimensions. In addition, limited empirical work has examined this relationship in 

African banking systems, highlighting a contextual research gap. 

Empirical evidence on the influence of IT capability on bank performance is inconsistent. 

Some studies demonstrate that strong IT capability enhances operational efficiency and strategic 

agility, thereby improving performance (Wu, 2024; Zhu & Jin, 2023). Conversely, Suntano et al. 

(2024), studying Indonesian state-owned banks, found no significant performance improvements 

attributable to DT, suggesting that IT capability alone may be insufficient without complementary 

organisational factors. These contradictions suggest that IT capability may play a more complex 

role, potentially acting as a mediator rather than a direct driver of performance, an issue explicitly 

examined in the current study. 

Although fewer studies directly address the relationship between employee productivity 

and bank performance, available evidence suggests a positive association. Case-based and 

qualitative studies indicate that improved employee productivity and digital competence contribute 

to enhanced service quality and organisational outcomes (Sia et al., 2021; Hokonya, 2024). 
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However, most studies do not quantitatively model this relationship within broader DT 

frameworks, leaving its empirical strength underexplored. 

Only a limited number of empirical studies have explicitly tested the mediating role of IT 

capability in the DT-performance relationship. While some research suggests that IT capability 

strengthens DT outcomes (Chen et al., 2024), others report weak or insignificant mediation effects, 

particularly in developing economies (Suntano et al., 2024). Notably, none of the reviewed 

studies comprehensively model IT capability as a mediator while simultaneously accounting for 

employee productivity and IT innovation using primary data. This gap directly motivates the 

current study’s research design. 

2.14.2.Research Gaps 

Unlike the preceding conceptual framework, which establishes theoretical relationships, 

this section synthesises findings from prior empirical research across different contexts, 

highlighting consistencies, contradictions, and gaps that justify the present study. 

A review of global empirical studies reveals inconsistent findings regarding the impact of 

DT on commercial bank performance. Studies in Europe and Asia report significant positive 

effects (Boufounou et al., 2022; Zuo et al., 2021), whereas research in developing countries 

highlights negative or insignificant impacts driven by organisational resistance, cost pressures and 

technological barriers (Kadur & Rajshekar, 2022; Reis & Melao, 2023; Tran et al., 2023). 

Furthermore, while some studies confirm that IT capability mediates or strengthens DT outcomes 

(Kasteli et al., 2022; Yang et al., 2023), others argue that high IT investment costs weaken 

performance in the short term (Sutanto et al., 2024; Shanti et al., 2023). This mixed evidence 

demonstrates the need for context-specific investigations, especially within volatile environments 

such as Zimbabwe’s banking sector. 
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Predominantly, studies on DT and commercial bank performance have largely employed 

qualitative approaches or secondary data analysis and have been concentrated in Asian and 

European contexts, with limited representation from Africa. From carrying out the empirical 

review above, the following gaps stood out. 

i. Quantitative Studies Using Secondary Data 

A glance at the empirical literature reveals that a cluster of studies employed panel data 

from commercial financial statements. Furthermore, most of these studies were primarily carried 

out in East Asia. Several authors (Chen et al., 2024; Nguyen-Viet & Nguyen, 2023; Pham et al., 

2022; Wu, 2024) collectively investigated Chinese and Vietnamese banks. They converge on 

applying similar metrics to measure DT. That as it may, their findings are contradictory: most 

conclude a positive DT-commercial bank performance link (Pham et al., 2022; Wu, 2024), while 

others find no such evidence (Suntano et al., 2024) or a non-uniform impact (Nguyen-Viet & 

Nguyen, 2023). This inconsistency suggests that context and other factors could be at play, thus 

necessitating further inquiry. 

A central limitation exhibited by all these studies was their reliance on secondary data. This 

means that these studies failed to capture organisational nuances related to DT and CBP, 

considering the mediation of IT capability. Furthermore, these studies' focus is almost exclusively 

on listed or large commercial banks in China and Vietnam, severely limiting geographical and 

institutional generalizability. It is important to note that these studies intersect in omitting the 

mediating role of IT capability. The challenge in this case is the assumption that DT only directly 

influences CBP without considering how a mediator may orchestrate this relationship, as espoused 

by the DOF. 
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ii. Qualitative and Case Study Approaches 

The literature is awash with studies that utilised qualitative and case study approaches to 

study the relationship between DT and CBP. While several scholars (Hokonya, 2024; Sia et al., 

2021; Tran et al., 2022) have conducted single or dual case studies (for example, DBS Singapore, 

Hungarian banks, Standard Chartered Zimbabwe). While these studies are valuable for theoretical 

insight, their generalisability is inherently limited due to their narrow context-specific samples. 

The risk of bias was exacerbated by the use of internal documents and executive interviews. Like 

the quantitative studies above, they also ignored the mediating role of IT capability, focusing 

instead on descriptive narratives. 

iii. Mixed-Methods and Primary Data Studies 

Some studies (Boufounou et al., 2022; Kaondera et al., 2023) employed the mixed methods 

study approach. Although this was methodologically stronger in capturing lived experiences, the 

studies had their observed weaknesses. Kaondera’s study focused on customer relationship 

management and DT. Crucially, neither study incorporated nor measured the mediation of IT 

capability on the DT-commercial bank performance relationship. 

2.14.3.Summary of Identified Gaps 

Overall, the empirical literature reveals four key gaps. First, findings on the DT-

performance relationship remain inconsistent. Second, most studies rely heavily on secondary data 

or qualitative case studies, limiting generalisability. Third, the mediating role of IT capability is 

under-examined. Fourth, African and Zimbabwean banking contexts are largely absent from 

empirical inquiry. To address these gaps, the current study employs a quantitative approach using 

primary data to examine the direct and mediated effects of DT on commercial bank performance 

in Zimbabwe. Below is a summary of the main gaps identified in the literature. 
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Geographical Bias: The literature is dominated by studies from Asia (China, Vietnam, 

Singapore, Indonesia) as well as Europe (for example, Greece and Hungary). The paucity of 

studies focusing on Africa and the Zimbabwean commercial banking sector is concerning. This is 

because contextual matters such as infrastructure and regulation, among others, differ 

substantially. 

Methodological Limitations: The studies seem to over-rely on the use of secondary data 

as well as single case studies. This means these studies did not capture certain process dynamics 

that require the use of primary data. It appears that very few studies applied comprehensive, 

survey-based primary data targeted at bank professionals. In addition, the literature is awash with 

qualitative and case study approaches. Notably, few studies have adopted a mixed-sources 

approach that combines primary survey data with objective secondary financial data to measure 

the extent to which DT affects the performance of commercial banks as well as the extent to which 

IT capability interplays with this relationship. This study addresses this gap by triangulating 

perceptual performance measures from employees with actual ROA data from commercial bank 

financial statements, thus aiding a more robust and validated assessment of the DT-CBP 

relationship. 

Theoretical Oversight: Most reviewed studies ignored the mediating role of IT capability, 

preferring instead to examine the direct DT-commercial bank performance link. This ignored the 

theorised claim that the efficacy of the relationship may depend on an organisation’s ability to 

employ IT capability to improve the interplay between these variables. 

Inconsistent Findings: The empirical results are mixed. DT is linked to both positive and 

negative outcomes. This heterogeneity underscores the need for inquiry that introduces IT 
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capability as a mediating variable so as to measure the extent to which this construct improves or 

negates the interplay between the given variables. 

Overall, while the nascent literature establishes the significance of DT, it calls for studies 

that: (i) investigate the Zimbabwean context, (ii) employ robust primary data collection, (iii) 

explicitly model and test IT capability as a critical mediator, and (iv) use a methodological 

approach that allows for broader generalisation. This study sought to address these interconnected 

gaps by carrying out a quantitative study in the Zimbabwean context. The study utilised primary 

data, which is something that is rare in the reviewed literature. Furthermore, it considered the 

mediation of IT capability to address the observed gap, where there is a paucity of studies that 

have deliberately investigated this in the context of commercial banking. The contextualisation of 

the study to the Zimbabwean environment addresses the Asian and European heavy literature. 

2.15. Chapter Summary 

Digital transformation's impact on the performance of organisations has been considered 

an important field of interest by academics and practitioners alike (Egodawele et al., 2022; Tran 

et al., 2023). This has become heightened in the banking sector (Jihane & Aziz, 2022; Tran et al., 

2022) due to the need for banks to enhance their performance in the face of both endogenous and 

exogenous factors. This study sought to establish the impact of DT on the performance of 

commercial banks in Zimbabwe, considering the mediating role of IT capability. As a result, the 

literature review considered the study's theoretical framework, the conceptual framework, as well 

as reviewed the literature surrounding the study's objectives and variables. 

Concerning the theoretical framework, the chapter used the dynamic capabilities theory, 

the Technology Acceptance Model and the Digital Orchestra Model in line with previous studies 

(Blokland & Reniers, 2021; Duerr et al., 2018; Hashem, 2020; Leso et al., 2023; Nousopoulou et 
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al., 2022; Vial, 2019). These studies were used as they were seen to support the posited 

relationships between the study variables. The chapter developed the study hypotheses through 

literature support, which indicated that DT influences employee productivity, IT capability, IT 

innovation and commercial bank performance (Adhikari et al., 2022; Alshammari, 2023; Chen et 

al., 2021; Sia et al., 2021). In addition, the variables of employee productivity, IT capability, and 

IT innovation were shown to influence commercial bank performance (Erkmen et al., 2020; 

Midhundev et al., 2023; Shi et al., 2024). The hypothesis was also developed, showing the 

mediation impact of IT capability on the association between DT and commercial bank 

performance (Panda & Rath, 2021). This hypothesis development culminated in the construction 

of the study's conceptual framework, showing the hypothesised relationships. 

The chapter discussed the evolution of DT, showing that while there is no consensus 

regarding when the concept began (Schallmo et al., 2018; Verhoef et al., 2021), the concept has 

gained pace in recent years (Abuhasan & Moreb, 202). The section further puts the research in 

context by discussing the status of DT in Zimbabwean commercial banks. It was seen that the 

implementation of DT in Zimbabwe was slow (Kaondera et al., 2023) despite the country having 

a strong digital backbone (Kunicova et al., 2021) and a supportive regulatory environment (Furusa 

et al., 2022). In addition, the IT capability of banks in Zimbabwe was seen to be under strain due 

to poor IT infrastructure and related capabilities (Mataruka et al., 2023) as well as high technology 

costs (Masinire, 2023). It was illuminated in this chapter that several studies done in the 

Zimbabwean context were skewed toward other industries, thus suggesting the need for further 

studies (Gondo & Suwaryono, 2024; Mataruka & Muzurura, 2023; Maphosa, 2023).  

To obtain a better understanding of DT, the chapter discussed the various aspects 

surrounding DT by separating it from digitisation and digitalisation, as these are often confused to 
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mean the same (Nwaiwu, 2018). This culminated in the definition of DT, which is yet to find 

consensus in the literature when it comes to its definition (Gong & Ribiere, 2020; Papathomas & 

Konteos, 2023). The review contextualised the definition of DT as the exploitation of digital 

technologies by commercial banks to build new digital banking models, achieve automated 

processes, improve stakeholder experience, and develop innovative digital products that result in 

financial inclusion, better performance, and operational efficiency (Gong & Ribiere, 2020; Khams, 

2022). Implementation of DT is not sufficient on its own, but it must be successful. This chapter 

showed that successful DT involves improving organisational value, having functional teams, and 

progressive change management (McKinsey & Company, 2021), gaining market share through 

customer satisfaction (Chen & Huang, 2019), and achieving sustained competitive advantage (Sia 

et al., 2021). 

Organisations have been jolted into implementing DT owing to several factors that have 

been identified as DT's driving forces (Osmundsen et al., 2018). These forces include threats from 

competition (Wade et al., 2019; Salume et al., 2022), globalisation (Verhoef et al., 2021), although 

some dispute this (Diener & Spacek, 2021), the need for customer satisfaction (Hashem, 2020; 

Jihane & Aziz, 2022), as well as performance-related factors (Diener & Špaˇcek, 2021; Kraus et 

al., 2021; Pramanik et al., 2019). 

This chapter reviewed the factors that will result in DT journeys for banks to be successful. 

The most highlighted success factors in the literature include digital culture, vision, digital drivers, 

learning and development, risk appetite, IT capability and change management (Cichosz, 2020; 

Leso et al., 2023; Martínez-Caro et al., 2020; Morakanyane et al., 2020; Nguyen, 2020; Tuukkanen 

et al., 2022; Weber, 2022). If DT is to be effective in achieving improved performance in 

commercial banks, then bank management needs to consider these factors. 
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Several models to achieve DT were discussed in this chapter. For banks to achieve digital 

maturity, which is important for performance, several models have been proposed. These include 

the Paths to DT model (Berman, 2012), the DT Journey model (Aras & Büyüközkan, 2023), the 

Holistic Maturity model (Aras & Büyüközkan, 2023), and the Digital Transformation Lifecycle 

model (Papathomas & Konteos, 2023). These models indicated that organisations need to follow 

specific steps to achieve success in DT. In addition, it was indicated in this chapter that DT is not 

without challenges, especially in the Zimbabwean environment (Majukwa et al., 2020; Mhlanga 

et al., 2023). These challenges include regulatory constraints, an unstable economy, legacy 

systems, and talent and skills gaps (Cichosz et al., 2020; Cueto et al., 2022; Mullan & Rolleston, 

2020). 

This chapter considered the key variables as guided by the study's conceptual framework 

and study objectives. It discussed the link between DT and employee productivity. While recent 

research showed an association between DT and employee productivity due to its ability to 

enhance employee productivity (Shwedeh et al., 2020; Khadragy et al., 2022; Ridwan et al., 2020), 

the methodological approach as well as the regional context provided gaps for further inquiry. The 

impact of DT on IT capability was also explored. It was argued that several studies show that DT 

influences the IT Capability of organisations (Sia et al., 2021). This is because DT improves the 

IT infrastructure of firms as well as the application of modern technologies such as AI, cloud 

computing and the IoT (Barba-Sánchez et al., 2024). An analysis of this construct returned 

methodological gaps, given that several studies applied a case study and qualitative approaches 

(Madanayake & Yapa, 2024; Makovoz & Sergii Lysenko, 2024; Porfírio et al., 2024; Sia et al., 

2021).  
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The issues surrounding the key objective on the impact of DT on IT innovation were 

covered in this section. Prior studies argued that DT spurs the IT innovation of firms (Zhao et al., 

2024). This is because it is seen to encourage the development of new IT solutions and state-of-

the-art technologies, as well as make banks more agile and foster cross-functional and regional 

collaboration (Alharbi, 2021; Chen et al., 2024; Jedynak et al., 2021; Hokonya, 2024). 

Considering the centrality of organisational performance in the study, this chapter explores 

the concept in detail. It was seen from the literature that some studies erroneously equate 

organisational performance with profitability (Huang 2021; Kriebel & Debener, 2019). For this 

study, organisational performance was taken to mean the achievement of set goals (Bandono & 

Nugroho, 2023; Doval, 2019). While several ways to measure performance were explored, the 

study settled on measuring it using both quantitative and qualitative measures (Mbama & Ezepuc, 

2018; Nazneen et al., 2019). 

This chapter discussed the link between several of the study variables with commercial 

bank performance. Various studies conclude that IT innovation positively influences commercial 

bank performance (Bakri et al., 2024; Makini, 2024; Resa et al., 2022). This is because it allows 

banks to reach more customers, brings in more technological breakthroughs as well and assists 

with regulatory compliance. It was, however, shown in the discussion that some studies dispute 

the positive impact of IT innovation on DT. Instead, its impact is context-dependent and may not 

even impact ROA or ROE (Maria & Pavlova, 2024; Zhou, 2023). This divergence in the literature 

provided a gap that this study seeks to address. 

The direct link between IT capability and commercial bank performance was also explored 

in this chapter. The results of recent studies produced mixed results. While some empirical studies 

associated IT capability with better bank performance (Joensuu-Salo et al., 2023; Khan et al., 2023; 
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Modiba et al., 2020), others found that it only has a positive impact under specific conditions 

(Mogoale et al., 2021; Pye et al., 2023; Wang et al., 2022). Arora & Rahman (2017) dismissed this 

causal relationship. Again, these conflicting views suggest that there is a need for further studies. 

The link between employee productivity and commercial bank performance formed part 

of the conceptual framework. It was shown that organisations with employees whose performance 

surpasses that of the competition will achieve better performance (Prajapat et al., 2023). The 

impact of commercial bank employees’ performance on their performance because it can aid the 

innovative capacity of the institution, the provision of excellent customer service and engaged 

employees can drive higher sales (Mathapati, 2021; Perumal & Aithal, 2023; Sia et al., 2021). The 

observable gap in most of these studies was that they used secondary data. 

This chapter considered the mediating role of IT capability on the relationship between DT 

and commercial bank performance. It was shown that most studies tend to support the notion that 

IT capability amplifies the impact of DT on commercial bank performance (Baloch et al., 2018; 

Ma et al., 2021; Qatawneh & Al-Okaily, 2024). This is because it has been accredited with assisting 

commercial banks to attain a digital orientation, and this reduces costs and improves service and 

consequently performance (Barba-Sánchez et al., 2024). IT capability has been considered to 

interact with DT, which in turn has a consequential impact on bank performance. Furthermore, IT 

capability is seen as enabling banks to come on digital platforms, and it fosters a favourable 

environment for the implementation of DT (Mekuanint et al., 2024; Shanti et al., 2023). The 

literature review established that for their IT capability to be effective in enhancing commercial 

bank performance, they need to invest in the latest technology, develop their workforce and align 

their IT with organisational goals (Brown et al., 2020; Dethine et al., 2020; Singh et al., 2021). 
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Most of these studies were done in other countries and applied secondary data, thus affirming the 

need to conduct further studies on the Zimbabwean context and apply primary data. 

From a global perspective, several studies have shown that DT plays a significant role in 

impacting commercial bank performance (Diener & Špaˇcek, 2021; Kitsios et al., 2021; Xie & 

Wang, 2023). This is because it allows banks to optimise their operations, improve overall 

efficiency, leverage the latest technologies, improve employee efficiency and effectiveness and 

improve customer experience (Abuhasan & Moreb, 2021; Brown & Grant, 2020). On the other 

hand, some other studies have disputed the efficacy of DT in positively influencing the 

performance of commercial banks. This is because of the intricacies associated with DT 

implementation (Diener & Špaˇcek, 2021; Sia et al., 2021) and employee resistance to change 

(Reis & Melao, 2023). That as it may, some studies have shown that DT will successfully impact 

commercial bank performance if it encompasses customer-centricity and makes use of AI, RPA, 

Big Data Analysis, and the IoT (Aslekar, 2022; Giebe et al., 2023; Huang, 2023; Pardo-Jaramillo 

et al., 2020; Sousa et al., 2021).  

On the other hand, some studies dispute the effectiveness of these variables in enhancing 

the ability of DT to positively impact commercial bank performance. This is because relationships 

between banks and customers have become more automated (Suresh, 2021), therefore reducing 

the need for customer centricity. Other studies did not find a positive impact of AI and BDA 

(Muhammad, 2022; Murwaningsari, 2021). These conflicts in the literature affirm that there is a 

need for further investigations into the relationship between DT and commercial bank 

performance. 

An empirical analysis of the literature surrounding the impact of DT on commercial bank 

performance, considering the mediation of IT capability, was carried out. It was shown that several 
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studies have confirmed that DT improves commercial bank performance (Chen et al., 2024; 

Nguyen-Viet and Nguyen, 2023; Zhu & Jin, 2023). However, most of these studies were limited 

in scope as they considered specific geographical contexts different from Zimbabwe. In addition, 

they did not consider how IT capability impacts the said relationship. The empirical review 

revealed that there was no agreement in the literature regarding how DT influences the 

performance of commercial banks (Nguyen-Viet & Nguyen, 2023; Pham et al., 2022; Suntano et 

al., 2024; Wu, 2024). The need for different methodological approaches to study this phenomenon 

resulted from the empirical review showing that most studies used a single-case approach, while 

many applied a qualitative approach, and those that applied a quantitative approach used secondary 

data (Hokonya, 2024; Pham et al., 2022; Zhu & Jin, 2023). 

The reviewed empirical studies reveal mixed findings on the impact of digital 

transformation on commercial bank performance, particularly regarding the roles of employee 

productivity, IT capability, and IT innovation. These inconsistencies, together with limited 

evidence from Zimbabwe, underscore the need for the conceptual framework proposed in this 

study and the empirical testing undertaken in subsequent chapters. This study contributes to the 

literature by employing a mixed-sources approach that triangulates primary survey data with 

objective secondary financial data (ROA), thereby addressing methodological gaps identified in 

prior research. Having provided the requisite literature review around the study topic, Chapter 3 

presents the methodology that was used to investigate this study’s conceptual framework. 
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CHAPTER 3: RESEARCH METHODOLOGY 

3.1. Chapter Overview  

Digital Transformation (DT) within the commercial banking sphere is perceived as the 

utilisation of digital technologies by these institutions to create novel digital banking structures, 

streamline processes through automation, enhance stakeholder satisfaction, and innovate digital 

products, leading to financial inclusivity, heightened performance, and operational effectiveness, 

ultimately elevating customer value (Khams, 2022). This study, therefore, sought to examine the 

influence of DT on the performance of commercial banks, considering the mediating role of IT 

capability. This chapter discusses and clarifies the methodology used to achieve this study 

objective. According to Swarooprani (2022), a clear methodology is crucial in a study because it 

helps achieve study objectives systematically, provides data collection and interpretation 

frameworks, and contributes to the reliability and validity of the study results. Consequently, this 

chapter outlines the research approach used to realise the study objectives. However, to provide 

clarity and context for the methods applied in the study, it is essential to start by restating the 

problem and purpose statements. In addition, this ensures a tailored methodology that effectively 

examines the identified problem and thus achieves the desired results (Sternberg, 1981; Viviane 

& Robinson, 2014). The problem and purpose statements of this study are therefore restated below. 

The problem is that, whereas there has been significant interest and studies that considered 

how DT influences the performance of commercial banks, the literature does not converge on the 

outcome, as there have not been consistent results. A considerable number of studies have returned 

some positive effects of DT on performance (Boufounou et al., 2022; Sia et al., 2021; Zuo et al., 

2021). Again, evidence from studies carried out by Wu and Cheng (2024) on Chinese commercial 

banks suggested that DT enhances competitiveness and, hence, performance. In contrast, other 
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studies seem to suggest that the impact of DT on performance is affected by several challenges, 

such as cybersecurity-related issues, organisational change challenges, employee resistance, and 

the need for heavy investments in DT journeys (Bausch et al., 2024; Reis & Melao, 2023; Tran et 

al., 2023) thus resulting in a negative impact on performance. A study of DT in the Indian banking 

sector demonstrated that the process may result in negative performance due to the stress that it 

induces on employees (Kadur & Rajshekar, 2022). Similarly, studies on Vietnamese commercial 

banks revealed that DT may have a negative impact on the return on assets and the return on equity 

(Nguyen-Viet & Nguyen, 2023).  These conflicting results are quite problematic and suggest the 

need for further enquiries.  

Furthermore, despite some recent studies (Kasteli et al., 2022; Yang et al., 2023) claiming 

that IT capability plays an important role in shaping the relationship between DT and 

organisational performance, there seems to be a paucity of studies focusing on commercial banks. 

In addition, how IT capability impacts the connection between DT and the performance of 

commercial banks remains underexplored in the literature, making this study timely in assessing 

the impact of the study's independent and dependent variables. Prior studies provide evidence that 

several banks have struggled to implement and leverage DT, resulting in 30% of such initiatives 

failing due to framework-related challenges (Diener & Špaˇcek, 2021; Sia et al., 2021). The desired 

positive impact on performance is therefore not realised. However, these studies do not highlight 

the interplay between DT, commercial bank performance, and IT capability, and that is concerning. 

Could it be that if commercial banks leverage IT capability, then this would improve the 

relationship linking DT to commercial bank performance? While claims abound in the literature 

on the positive impact of DT on performance in general (Cappa et al., 2020; Goldfarb & Tucker, 

2019; Wang, 2023), it appears little effort has been put into establishing whether DT positively 
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impacts employee productivity and hence performance (Maha et al., 2024; Widodo et al., 2024). 

Similarly, its interplay with IT Innovation in improving commercial bank performance remains 

vague (Nahed et al., 2024; Rizwana et al., 2024), and that is quite problematic.  

The problem for this study is also framed in the context that several inquiries dominating 

the literature were done in jurisdictions with different operating challenges compared to 

Zimbabwe, such as Asia, Europe and the United States of America (Cappa et al., 2020; Goldfarb 

& Tucker, 2019; Xie & Wang, 2023). Specifically, commercial banks in Zimbabwe have been 

facing incessant threats from Fintechs and MNOs, resulting in a significant reduction in market 

share and a significant dent in performance (Kaondera et al., 2023; Khams, 2022; Tran et al., 2022; 

Wewege et al., 2020).  

In addition, these banks have been saddled with significant levels of non-performing loans, 

hitting a high of 7%. This was exacerbated by structural problems in the Zimbabwean banking 

sector, where 76% of the market share is shared among the top three banks (Katuka et al., 2023), 

further constraining the ability of several other banks to sustain their performance. Because studies 

carried out in other jurisdictions (Boufounou et al., 2022; Zuo et al., 2021) have suggested DT as 

mediated by IT capabilities as a solution that results in a sustained performance of commercial 

banks, it is worth investigating this relationship in the context of Zimbabwean commercial banks. 

It is not known how IT capability mediates the interconnection between DT and the performance 

of commercial banks in Zimbabwe. This is because the limited studies done on DT in the sector in 

the country tended to focus on other areas, such as digital marketing and digital banking, as well 

as DT and customer satisfaction (Chinakidzwa, 2020; Chindudzi et al., 2020; Hokonya, 2024). 

Mazikana (2023) considered the impact of DT on the performance of Non-Governmental 
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Organisations (NGOs). Mawere (2018) studied DT from the perspective of determining the 

opportunities and challenges brought by DT.  

Overall, while it seems the bulk of the literature acknowledges the positive effects of DT 

on performance, there are critical gaps about the jurisdiction of study, methodological approaches, 

and a paucity of literature to allow for the specific quantification of how a commercial bank’s IT 

capability mediates the relationship between DT initiatives and performance of Zimbabwean 

commercial banks. 

The purpose of this quantitative study is to examine the impact of digital transformation on 

the performance of commercial banks in Zimbabwe while considering the mediating role of the IT 

capabilities of the said banks. Zimbabwean commercial banks’ interest in DT has been growing in 

recent decades to enhance performance amid a plethora of challenges. It is against this backdrop 

that a closer investigation of the interplay between DT, IT capability, and commercial bank 

performance provides strategic insights for commercial banks, and the quantification of the 

relationships is informative, thereby allowing commercial banks to leverage IT capabilities to 

enhance the success of their DT journeys. 

This study was supported by an explanatory study design that employed a cross-sectional 

survey and was conducted through the lenses of the Technology Acceptance Model (TAM) and 

the Dynamic Capabilities theory. Taking these theories into account, the study intends to 

investigate the connection between DT and the dependent variables, including employee 

productivity, IT innovation, and commercial bank performance, while considering the mediating 

effects of IT capability on the relationship between DT and commercial bank performance in 

Zimbabwe. 
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This study was based on data acquired from all thirteen commercial banks in Zimbabwe, 

and the sample size was determined using Krejcie and Morgan's (1970) table (KMT), which gives 

364 respondents from an estimated total of 6322 commercial bank employees in Zimbabwe. The 

use of the KMT in this study was informed by various reasons. Firstly, the method has been widely 

applied in similar quantitative studies due to its simplicity in application (Alrawashedh & Shubita, 

2024; Asamoah et al., 2024). Secondly, the table has passed the reliability test and is versatile as 

it can be applied in several fields, including the commercial banking sector. This contrasts with 

other methods, such as Cochran’s complex formula, which requires extensive input parameters 

and calculations (Bartlett et al., 2001). The approach was triangulated with Power analysis, which 

has been hailed as robust, especially in studies that require hypothesis testing (Schmidt & 

Hollestein, 2018). This study tested several hypotheses, thereby justifying the use of these 

approaches. 

Selection of the participants was based on a random sampling technique. Only primary data 

was used in this study, and the study tool that was used to collect data was a structured 

questionnaire with questions that were organised to address the study objectives and purpose. 

3.2. Research Philosophy 

Research philosophy refers to the set of beliefs, assumptions, and principles that guide how 

a study is designed, conducted, and interpreted (Yam, 2022). It reflects the researcher’s worldview 

and influences the selection of methods, data collection procedures and the analytical techniques 

used (Mentarang, 2023). According to Saunders et al. (2012), four major research paradigms are 

commonly applied in social science research: pragmatism, realism, interpretivism and positivism 

(see Appendix A). 
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Pragmatism challenges the notion of a single, fixed reality and emphasises practical 

solutions over theoretical purity. It recognises multiple perspectives and typically aligns with 

mixed-methods research that integrates both qualitative and quantitative approaches (Chilisa & 

Kawulich, 2011; Islam, 2022; McBeath, 2023). For instance, Schmid and Pscherer (2021) applied 

a pragmatist stance in their mixed-methods study on digital transformation in human resources. 

Since the current study is purely quantitative and driven by theoretical testing, pragmatism is 

unsuitable. 

Realism posits that reality exists independently of human perception and is often associated 

with studies involving observation or experimental designs (Huang, 2022). Phadraig et al. (2023) 

note that realism is rarely used in quantitative surveys of organisational phenomena. Given that 

this study does not involve experimental manipulation or direct observation, realism is not an 

appropriate philosophical foundation. Interpretivism focuses on understanding social phenomena 

through the meanings that individuals assign to them. Although some authors associate 

interpretivism exclusively with qualitative studies, others argue that it may be used in quantitative 

research depending on the research focus (Azam, 2022; Matarazzo et al., 2021). However, 

interpretivism is most suitable for studies seeking to explore lived experiences, meanings or 

subjective interpretations, none of which constitute the aims of the present investigation. 

Because this study seeks to test theoretical relationships using measurable variables, it 

aligns with the positivist paradigm. Positivism asserts that reality is objective, measurable and best 

understood through scientific inquiry (Chilisa & Kawulich, 2011). Kenaphoom (2021) further 

explains that positivist research focuses on observable phenomena that can be quantified and 

analysed statistically. In this study, the key variables digital transformation, IT capability, 
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employee productivity, IT innovation and commercial bank performance are all measurable 

constructs captured using standardised scales. 

3.2.1. Philosophical Justification 

This study adopted a positivist research philosophy because it is most appropriate for 

examining causal relationships among measurable variables in a structured and objective manner 

(Karupiah, 202; Scalcău, 2023). Positivism is consistent with the study’s quantitative cross-

sectional survey design, which focuses on identifying patterns, testing hypotheses and generalising 

findings across a population. Under this paradigm, the researcher maintains independence from 

participants, and data are collected using a standardised questionnaire to minimise bias and ensure 

objectivity. 

Additionally, positivism aligns with the use of Structural Equation Modelling (SEM), 

which requires quantifiable data and supports the empirical testing of theoretically derived 

relationships. SEM is particularly suited for assessing mediation, such as the role of IT capability 

in the relationship between digital transformation and commercial bank performance. Thus, 

positivism provides the philosophical foundation for objectively evaluating these relationships and 

supports the generalisability of findings across Zimbabwean commercial banks. In summary, 

positivism is the most appropriate approach for this study because it enables rigorous 

measurement, hypothesis testing, and empirical validation of the relationships specified in the 

conceptual model. This aligns with the study’s aims, objectives and methodological choices. 

3.3. Research Approach and Design 

The research approach refers to the general techniques that are followed by researchers as 

they conduct their study, and these vary by the researcher as guided by the nature of the study and 

their individual preferences (Thomas, 2021). Study approaches can either be qualitative, 
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quantitative, or mixed methodology (Pluijmert et al., 2013). On the other hand, a research design 

is a deliberate and well-organised technique employed by researchers in executing a specific study, 

and it involves the methods and procedures that are applied in collecting and analysing data that 

will be used to answer the study question (Hassel & Satria, 2023). This section thus explains the 

research approach employed in the study. However, an appropriate research method and design 

need to be preceded by the selection of a suitable study philosophy to set the correct foundation 

for the rest of the research (Creswell & Creswell, 2023; Sharma, 2023). 

3.3.1. Research Approach 

The main approaches for conducting research are cited as qualitative, quantitative, and 

mixed methods (Hamed, 2022). According to Aysha et al. (2022), the choice of approach is not 

arbitrary but is guided by the nature of the research problem, study purpose, nature of the data to 

be collected, methods of analysis, and the theoretical basis. An exploration of these three 

approaches was necessary to justify the chosen methodology. 

According to Chandra and Shang (2019), qualitative research is concerned with generating 

a deep understanding of a phenomenon by examining the circumstances, experiences, and 

perspectives of study participants through collecting qualitative data, which involves words, 

artefacts, and images (Kamparaj, 2013). Qualitative studies are not subjected to standardised 

procedures, exposing them to subjectivity. This is because the approach is "built on feelings, 

opinions, and individual experiences” (Scalcău, 2023, p. 117), and it assumes an interpretive 

nature, resulting in the output being subject to the researcher’s interpretation. It is worth noting 

that this approach works with a small sample of participants (Denny & Weckesser, 2022). 

Although this allows a deeper exploration of the problem (Scalcău, 2023), it makes generalisation 

extremely difficult. Furthermore, despite being lauded for its flexibility, its demerits 
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(circumventing standardisation, being subjective, using a small sample, and making generalisation 

nearly impossible) made the approach unfit for this study. 

An alternative approach involves the combination of qualitative and quantitative data 

collection methods, and this is called the mixed methodology approach (Ramesh & Adhikari, 

2023). This approach is also known as triangulation (Ajemba et al., 2022). According to Andolo 

and Ojijo (2022), this methodology generates results that are more complete. That as it may, some 

authors recommend that the approach be implemented in psychology studies and health studies 

due to the complexity of human behaviour, which makes it difficult for a single approach to capture 

such behaviour (Emina et al., 2022). While this method has been praised for bringing in balance, 

validating either quantitative or qualitative data, and increasing the confidence scale for the 

research (Mohammed & Ashour, 2018), the need for the qualitative aspect is not seen as adding 

value in the current studies. This is mainly because the study’s questions can be sufficiently 

answered by a quantitative approach, thereby obviating the need for a qualitative approach. 

Regarding this study, a quantitative approach was adopted due to various reasons. 

According to Scalcău (2023), quantitative research considers objective theories by examining the 

existence or nonexistence of relationships between the variables under consideration. Scalcău 

further explains that in a quantitative study, the researcher is searching for objective answers to 

the defined problem. In addition, quantitative research applies standardised procedures. 

This study investigates the impact of DT on commercial bank performance and considers 

the mediating role of IT capability. The study has measurable variables such as DT, IT capability, 

IT innovation, employee productivity, and commercial bank performance. The nature of this 

research (correlational) calls for the use of statistical methods to explore the relationship between 
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the given variables (Salkind, 2010). The participants were 310 commercial bank employees, so a 

quantitative approach was suitable to collect large amounts of data from them (Bryman, 2016).  

In addition, this study employed both descriptive and inferential statistical methods to 

analyse data. Descriptive statistics made use of graphs and tables, while inferential statistics were 

anchored on structural equation modelling.  The use of a quantitative approach is supported by 

prior studies (Huang, 2023; Kontic & Kontić, 2023; Turuev & Shashkina, 2023) that carried out a 

similar study using a quantitative research approach. This dismisses the need to use a qualitative 

approach or a mixed-methods approach. 

Iluba and Phiri (2021) recommend the use of a quantitative approach where one intends to 

explore the relationship between variables, as well as where there is a need to generalise research 

results. This chimes with Shantie et al. (2022), who aver that the use of a quantitative approach 

enables the generalisation of the results to a wider population. This study’s results were generalised 

to the banking sector. It can therefore be seen that applying a quantitative research approach to this 

study provides the best fit, as opposed to a qualitative approach. More importantly, the adoption 

of a quantitative research approach in this study dovetails with numerous earlier valid studies in a 

similar field (for example, Huang, 2023; Kontic & Kontić, 2023; Mahmood, 2017; Nguyen-Viet 

& Nguyen, 2023; Rios-Lama & Vargas-Merino, 2023; Zhu & Jin, 2023). 

3.3.2. Research Design 

As alluded to earlier, a research design encompasses the principles, beliefs, and 

assumptions that form the basis of a researcher’s approach and gives an overall plan for how 

research questions are answered (Mentarang, 2023; Saunders et al., 2012). According to Thomas 

(2021), research design enables research to be based on reliable evidence and proof as opposed to 

simple arguments and beliefs. The research design choice reflects the priority placed by the 
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researcher on such dimensions as design methods, sampling, and data analysis techniques (Angie, 

2023). According to Karmakar et al. (2019), research designs fall into one of three categories: 

experimental, quasi-experimental, or non-experimental. 

3.3.2.1. Experimental Design 

Experimental designs entail the manipulation of variables and measuring their effects on 

the results (Musau, 2022). The examination of the impact of DT on the performance of 

Zimbabwean commercial banks cannot be done using an experimental design. This is so because 

the current study does not require the conduct of an experiment where variables are manipulated. 

Rather, the use of experimental designs is more apt in clinical trials as well as in studies where 

there is a need to evaluate the effectiveness of interventions in different fields (Stephen et al., 

2022). There seems to be a lack of literature supporting the use of an experimental design in similar 

studies; hence, this study did not adopt the same. 

3.3.2.2. Quasi-Experimental Design 

Similarly, a quasi-experimental design was not used in this study due to the reasons stated 

above. According to Chittaranjan and Andrade (2021), a quasi-experimental design compares 

results between groups that do not allow for randomisation or where it is considered unethical. 

Furthermore, this design is appropriate where interventions are required, such as in clinical studies 

with manageable variables. The area of DT, which is the focus of this study, has complex processes 

and multiple factors that render this design inappropriate (Nguyen-Viet & Nguyen, 2023). 

3.3.2.3. Non-experimental Design 

Studying the impact of DT in the context of commercial banking calls for a design that is 

not only comprehensive but also takes a holistic approach in considering the complex dynamics 

and multiple variables that cannot be sufficiently addressed by either experimental or quasi-
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experimental designs. This study thus considered non-experimental designs. Simply put, this is a 

design that does not utilise an experiment (Abraham et al., 2019). According to Karmakar et al. 

(2019), the main non-experimental designs are case studies, naturalistic observations, and surveys. 

It is essential to choose the appropriate design within the non-experimental design universe. To 

align the appropriate design with the study, the following section considers the various branches 

of non-experimental design. 

3.3.2.4. Case Study 

A case study design entails an in-depth inquiry into a single entity or small group of entities, 

events, activities, or processes to provide a complete and accurate description of the phenomenon 

being studied (Creswell, 2009). While several studies have utilised a case study approach to study 

DT in commercial banks (for example, Anupa & Goveas, 2023; Papathomas & Konteos, 2022; 

Wardhani & Wang, 2022), this study opted for a correlational study premised on a survey. This is 

because the case study approach is often associated with qualitative studies, as evidenced by the 

study approaches used in all the above studies. Furthermore, the use of a case study was regarded 

as inadequate in this study, as it may not adequately capture the various associations in the 

theorised constructs of this study. More importantly, it was envisaged that this approach would not 

result in the achievement of this study’s objectives. This is because a case study approach exhibits 

limitations where large cases are involved, presents challenges regarding generalisation, and brings 

in subjectivity in data interpretation (Attia & Sinha, 2023). This study handles thirteen commercial 

banks, and this would not fit in the case study design. 

3.3.2.5. Naturalistic Observation 

Naturalistic observation is an approach used in academic and professional fields to study 

and measure the everyday behaviour of animals or people in their natural environment (Chen, 
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2023). The aim is to capture behaviour as it occurs, without manipulating the environment. Such 

studies have been seen to be descriptive and useful in exploratory studies. Consequently, this 

approach was not appropriate for this study, given that the constructs under study (that is, DT, IT 

capability, IT innovation, employee productivity, and commercial bank performance) cannot be 

measured by simply observing.  

3.3.2.6. Survey Design 

According to several authors (Osei et al., 2023; Roh et al., 2021), a survey allows the 

researcher to collect large quantities of data that can be statistically analysed. This study collected 

substantial amounts of data from banks in Zimbabwe. When surveys seek to determine the 

existence of relationships between variables, they are known as correlational studies (Das et al., 

2023). This study adopted the correlational study design as it is supportive of this study and the 

attendant study questions. Quantifiable data across five variables were collected in this study from 

participants in the commercial banking sector, which supports the use of a survey design.  

Furthermore, using a correlational approach is in line with valid prior studies (for example, 

İslatince, 2023; Rios-Lama & Vargas-Merino, 2023) that applied a survey to study DT in the 

banking sector. This study made use of descriptive and inferential statistics, and as Saunders 

(2012) states, the survey design is important in supporting the instrument relevant to collecting 

such data. A descriptive analysis of the collected data was done using metrics like measures of 

central tendency, mean, and dispersion, which include the standard deviation. Furthermore, 

Sekeran and Bougie (2016) contend that study questions in a research instrument form a self-

administered questionnaire that respondents in a survey will complete on their own. Pursuant to 

the literature support and other issues discussed earlier, the researcher is convinced that the 
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contextual provisions of a survey design are highly appropriate to address the study objectives and 

all aspects of the phenomenon being investigated. 

3.4. Research Design Steps 

The overview of the process that was followed to achieve the objectives of this study is 

discussed in this section, while the granular details are given in the respective sections of this 

chapter. To enhance the clarity of the research process, Figure 1 below shows that this study was 

carried out in five stages: (1) introduction and background, (2) literature review, (3) methodology, 

(4) data collection and analysis, and (5) discussion of results and key conclusions. 

The first phase set the impetus for the study by introducing the focus area and giving a 

background to digital transformation and commercial bank performance. The problem statement 

and purpose statement established the need for the study. This was followed by the literature 

review process. The theoretical framework supporting the study was established. The stage saw 

the development of the study hypotheses, culminating in the development of the study's conceptual 

framework. A literature review, guided by the study objectives, was carried out. 

The literature review stage was conducted using secondary sources, such as peer-reviewed 

articles on DT in the commercial banking sector and the mediating role of IT on the relationship 

between DT and performance. The stage assisted the researcher in identifying the study gaps and, 

hence, formulating the problem above. 

The third phase entailed the laying out of the study methodology, and this required that the 

methodology be established upon a clear research philosophy. The research approach and design 

were identified, and reasons for adopting the chosen approaches were laid out. On the other hand, 

those approaches not adopted were also considered, and the attendant reasons for their 
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inapplicability were outlined. The need for pilot testing and the data collection, analysis, and 

instrumentation used to collect the data were all discussed in this phase. 

Concerning stage four, the study used an online survey of 364 respondents per the Krejcie 

and Morgan (1970) table that establishes the number of participants given a particular population 

size. Structural Equation Modelling (SEM) was chosen to validate the applicability of the 

conceptual model. 

Finally, phase five discusses the results stemming from the data analysis in the previous 

phase. It also outlines the theoretical and practical contributions that this study made. The 

limitations and directions for future research were also provided. Key conclusions were drawn and 

presented in this phase. Figure 8 below summarises the research process as discussed earlier, and 

the associated chapter for a given stage is also shown. 

Figure 8  

The Research Process 

 

 

 

 

 

 

 

 

 
Stage5: Discussion, Conclusion and Recommendations 

Theoretical and practical contributions, limitations, and areas for future research were presented, and the study 

conclusions were drawn. 

 

Stage1: Introduction & Background 

Identified the study problem, aims & objectives, established and set the study hypotheses 

 

Stage 2: Literature Review 

Developed a theoretical framework, hypotheses and a conceptual framework. Reviewed relevant literature. 

 

Stage3: Research Methodology 

Outlined the research approach and design. Outlined various methods to be used in data collection and analysis. 

 

Stage4: Results Presentation and Analysis 

Carried out an online survey targeting 361 respondents from commercial banks in Zimbabwe. The results were 

presented, and the study hypotheses was tested using SEM. 

. 
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3.5. Pilot Survey 

A pilot survey is a preliminary study that is done ahead of the main research, and it is 

important as it allows the researcher to test and refine their survey instruments ahead of distribution 

to a wider group of participants (Emily et al., 2023). Consequently, this study conducted a 

preliminary survey before instituting the main survey. This helped in assessing whether the 

participants understood the question, implementing strategies to address the reliability of 

responses, and enhancing the clarity of the study instrument (Ozimek et al., 2023). Furthermore, 

the need for a pilot survey in this study was necessitated by the need to include quality control 

components, establish imputation procedures for missing data, and tailor the survey to commercial 

banking employees to ensure better and more accurate data collection (Tanwar et al., 2022). 

Accordingly, an online survey using Google Forms was developed, and the link was shared using 

various communication platforms. The platforms include email, WhatsApp, and LinkedIn.  

3.6. Population and Sample of the Research Study 

This section describes the study population by indicating the unit of analysis and the unit 

of observation. The sampling techniques and the determination of the study sample will be 

discussed. Further, the procedure for participant recruitment will also be explained. 

3.6.1. Unit of Analysis and Observation 

It is essential to define the unit of analysis and the unit of observation to precisely determine 

the research population (Ritella et al., 2020). In quantitative research, this lays the groundwork for 

the selection of a representative sample that helps studies address the study problem (Casteel & 

Bridier, 2021). Given that this study took a quantitative approach, it was relevant to establish the 

unit of analysis and observation relevant to this study. 
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3.6.1.1. Unit of Analysis 

The unit of analysis pertains to the object that is delineated by the amassed data, serves as 

the subject of the analysis, and sets boundaries of what needs to be included in the study (Ritella 

et al., 2020). Where composite measures examine the entirety of the organisation, then such studies 

will have the company as the unit of analysis. This study considered DT and commercial banks; 

the unit of analysis in this study was therefore defined as the commercial banks in Zimbabwe. This 

chimes with Casteel and Bridier (2021), who state that the unit of analysis is the one to which the 

study variables being examined apply. 

3.6.1.2. Unit of Observation 

The unit of observation in research is the object that serves as the source of the study data 

relevant to the unit of analysis (Casteel & Bridier, 2021). It is the individual or participant who 

provides information in the case of a survey. In this study, the selected commercial bank employees 

were requested to complete the structured questionnaire; therefore, these were operationalised or 

defined as the unit of observation. 

3.6.2. Population of Interest 

A population of interest is defined as the whole group of people, elements, or things that 

the researcher intends to investigate and come up with conclusions about (Kestenbaum, 2019). It 

is the entire group (that fulfils specific criteria) of individuals, elements, cases, events, or objects 

from which data is being collected and analysed, and to which study outcomes may be generalised 

(Casteel & Bridier, 2021). This study identified the population of interest as all employees in the 

financial institutions in Zimbabwe that are regulated by the Reserve Bank of Zimbabwe (RBZ). 

According to the RBZ (2023), there were 250 financial institutions (Appendix F) operating in 

Zimbabwe as of 30 September 2023. These institutions comprised commercial banks, building 
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societies, savings banks, microfinance institutions, development financial institutions, and various 

other financial institutions. For this study, employees from these 250 financial institutions made 

up the population of interest.   

3.6.3. Target Population 

A conceptually bound subset of the population to which the researcher has interest and 

access with similar characteristics to the population of interest is referred to as the target population 

(Ackerman et al., 2019). Casteel and Bridier (2021) illuminate the need for a target population to 

be exclusive to avoid those elements that are not supposed to be included, as this will lead to 

misrepresentation of the population. Commercial banking is part of banking that comes in different 

forms, such as building society activities, development banks and savings banks. According to the 

International Monetary Fund (IMF) (2022), the architecture of the Zimbabwe banking system as 

of 31 December 2022 was such that there were 19 banks, of which 13 were commercial banks, 

five were building societies, and one was a savings bank. In the context of this study, banks were 

those registered by the Reserve Bank of Zimbabwe and were then operating in Zimbabwe in 

accordance with the general licensing requirements of the central bank.  

The target population was therefore the sum of employees who were working for the 19 

banks as defined by the RBZ (2023). According to Casteel and Bridier (2021), the target population 

needs to have set boundaries that include time and space; thus, this study excluded any former 

employees or any employees of bank agencies. Participants were bank employees aged between 

18 and 65 years of age and these were employees of the Zimbabwean banking operation, given 

that some of the banks have international representation. 
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3.6.4. Sampling Frame 

Having established the target population, this study identified the sampling frame. A 

sampling frame is defined as a group of elements from which study samples are extracted or 

recruited and represent the study population (Prandner & Weichbold, 2019). Some authors 

(Casteel & Bridier, 2021; Lo et al., 2020) view a sampling frame as the precise collection of 

participants or objects that will be asked to participate in the research. Consequently, it must 

consist of a sufficient number of elements that will support data collection to have a complete data 

set for analysis.  

This research studied the impact of DT on commercial bank performance; therefore, 

employees of any other financial institutions that are not commercial banks were not included. 

Specifically, employees from the five building societies and one savings bank, development banks 

and microfinance banks were excluded from participating in this survey. According to the Reserve 

Bank of Zimbabwe (2024) statistics, there were five thousand six hundred and six (5606) people 

employed by the thirteen commercial banks operating in Zimbabwe as of 31 December 2024. The 

sampling frame, therefore, in this study was the number of commercial bank employees in 

Zimbabwe at the time of the study. A sample was extracted from these 5606 employees. This was 

the most appropriate population to respond to this study, given the study objectives that focused 

on the impact of DT on the performance of commercial banks in Zimbabwe. These employees deal 

with DT issues at their respective banks, making them the most appropriate to respond to the study 

problem and purpose. How the sample size was determined is discussed in the sampling section 

below. 
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3.6.5. Participating Banks 

Before establishing the study sample, it is important to clarify which banks participated in 

the survey and why. As indicated earlier, Zimbabwe’s banking landscape was made of twenty-

seven banking institutions, of which thirteen were commercial banks, 3 building societies, 7 

deposit-taking microfinance institutions, 3 development financial institutions and 1 savings bank 

(The Reserve Bank of Zimbabwe, 2022). This study targeted commercial banks only because they 

have the biggest market share in the financial services sector (RBZ) and have been more aggressive 

in implementing DT. In addition, commercial banks play an important role in the Zimbabwean 

economy. In line with prior studies (Kaondera et al., 2023; Murwira et al., 2019) that used all the 

commercial banks, this study also utilised samples from all thirteen commercial banks. 

3.6.6. Sample of the Research Study 

Sampling in research has been defined by several scholars as the act of choosing from a 

larger population, a subset, or a sample to make observations and draw inferences regarding the 

population (Adeoye, 2023; Mohapatra & Chamola, 2020). The importance of sampling in research 

is that it has implications for the quality of the results of the research; therefore, this study paid 

great attention to it by aligning the sampling techniques with the study design. According to Khan 

(2020), quantitative designs aim to maximise the statistical representativeness of the study 

population as opposed to qualitative designs that aim at a complete representation of the study 

phenomenon. Sampling has largely been categorised as either probability and aligned to 

quantitative designs or nonprobability and aligned to qualitative studies (Kalton, 2023; 

Wiśniowski et al., 2020). Both techniques are discussed below, indicating the one that was 

considered appropriate for this study and the attendant reasons. 



153 

 

3.6.6.1. Non-Probability Sampling Techniques 

These are sampling techniques where participants are selected from a population using a 

predetermined selection approach. Mulisa (2022) explains a non-probability sampling technique 

as one that is chosen under non-random circumstances where every member of the population does 

not possess an equal chance of being selected. These techniques are distinguished from probability 

sampling in that they do not allow for either direct or indirect estimation of population parameters 

(Stratton, 2023). Various non-probability sampling techniques exist, and these are convenience 

sampling, purposive sampling, quota sampling, and snowball sampling (Gupta, 2020). 

Convenience sampling entails selecting participants who are easily available or accessible 

(Mulisa, 2022). While this has been seen as less costly and time-saving, some studies have 

indicated that it can lead to over-representation, a loss of accuracy in representing diverse views, 

and the introduction of selection bias (Lines et al., 2022). Consequently, this study did not use this 

approach, given the need for a representative sample. Furthermore, this approach conflicts with 

the quantitative design as it limits generalizability and cannot capture the true variability and 

complexity of the population under study (Lines et al.). For that reason, it was not appropriate for 

this study. 

Purposive sampling is another technique that sits on the non-probability sampling 

continuum, and it involves selecting study subjects based on a specific criterion as defined by the 

study purpose (2021). Participation in a study thus depends on the evaluation by the researcher of 

whether the subject will provide valuable and unique information regarding the study 

phenomenon. While the approach is extolled for providing an opportunity for in-depth exploration 

of the issue being studied (Denieffe, 2020), it was considered unfit for this study due to its approach 

to sample selection. Purposive sampling determines the sample size through data saturation, 
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resulting in non-representative samples (Ames et al., 2019). This study required a sample size that 

is representative of the population and thus needed the application of a priori power analysis in the 

determination of the sample size, a feature that cannot be applied with purposive sampling. 

According to Khan (2020), quota sampling is a non-probability sampling method that is 

used to select participants based on defined characteristics or quotas that aim at ensuring the 

representation of different groups in the population. Again, it has been argued by scholars (Zhang 

et al., 2020) that quota sampling may lead to overrepresentation in the study quotas, thus making 

it not the best for quantitative analysis, as this may introduce bias in the sample, thereby affecting 

the generalizability of the results. Given the foregoing, the efficacy of this approach in achieving 

this study's objectives is therefore in question. It follows that this was not used for determining the 

sample for this study. 

Another non-probability sampling technique is the snowball sampling technique. Dragan 

and Isaic-Maniu (2022) define this technique as one that is applied in network research to identify 

and study concealed populations, such as drug users, by relying on referrals from initial 

participants. In this approach, the initial participants are requested to share the questionnaire with 

their social ties. This study shunned this approach as it did not help achieve study objectives, and 

as several scholars have observed, it relies on the participants sharing the questionnaire, which 

may lead to a lack of representativeness in the sample (Chan, 2020). This study required that the 

study sample be predetermined, yet snowball sampling does not allow the predetermination of 

sample sizes, given that the number of participants cannot be established beforehand.  

Overall, non-probability sampling techniques were not suitable for this study due to the 

prevalence of bias in the sampling process and their inability to provide probability samples, which 

are key for generalising results (Ames et al., 2019; Zhang et al., 2020). Furthermore, they were not 
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the best for achieving the objectives of this study. To effectively achieve this study's objectives, it 

was therefore important to consider the use of probability sampling techniques. 

3.6.6.2. Probability Sampling Techniques 

In probability or random sampling, the items are randomly chosen such that there is a 

known and equal nonzero chance that they will be included in the sample (Gupta, 2020; 

Wisniowski et al., 2020). These sampling techniques allow the researcher to estimate population 

characteristics directly from the sample. This study used a probability sampling technique mainly 

due to the need to ensure that the sample is representative of the target population, as well as 

making accurate statistical inferences regarding the population based on the data obtained from 

the sample. Prior studies in a similar domain in Zimbabwe (for example, Murwira et al. 2019) 

applied probability sampling techniques, which shows that they are suitable for this study. It is 

important to note that some scholars (Mulisa, 2022; Rahman et al., 2022) indicate that the choice 

of sampling techniques rests on research objectives, the availability of the sampling frame, and the 

scope of the study. This study's objectives warranted the use of a probability approach, and the 

sampling frame was established as discussed earlier.  

Nevertheless, there are different probability sampling techniques, and it is equally 

important to choose the appropriate one. The literature identifies stratified sampling, systematic 

sampling, cluster sampling, and simple random sampling as the main random sampling approaches 

(Gupta, 2020; Mulisa, 2022; Rahman et al., 2022; Wisniowski et al., 2020). It is generally agreed 

that these methods are commonly used in quantitative studies as they maximise statistical 

representativeness. 
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Systematic random sampling is defined as a sampling technique in which the study subject 

is selected after a fixed periodic interval known as the sampling interval (Casteel & Bridier, 2021). 

While it has been seen as a simple technique to apply, this study aligns with Azeem (2022), who 

concluded that systematic sampling cannot provide an unbiased estimate for sampling variance. 

Furthermore, ensuring that the population size is an integral multiple of the desired sample size is 

not always easy to achieve. There seems to be a lack of literature support regarding the use of this 

approach in similar studies, and this rendered it undesirable in this study. 

Cluster sampling entails dividing the population into clusters or groups and then selecting 

a subset of clusters as the study sample (Hoang & Ta, 2022). While cluster sampling has been seen 

to be simple and requires choosing selected clusters randomly as opposed to the evaluation of vast 

populations, it has been seen to be inappropriate for this study due to the risk of larger sampling 

error, uniformity in demographics in the cluster, and the risks of over- and under-representation in 

the chosen clusters (Latpate et al., 2021). This study avoided the use of clustering for these reasons 

and the lack of literature support in terms of its use in similar studies. Furthermore, the recorded 

advantage of the approach, which allows for the collection of data from geographically dispersed 

groups, is not relevant in this study due to the use of technology, which allows the collection of 

data from all commercial bank participants, despite their location.  

Simple random sampling is a technique on the probability sampling technique continuum 

in which the sample is extracted from the population, giving each subject an equal chance of being 

chosen (Latpate et al., 2021). It is agreed that this approach aims to ensure that the observed data 

represent the target population and that the information provided is reliable. This technique is 

operationalised by drawing participants one by one with or without replacement, and this is one of 

the most applied sampling methods in quantitative research (Hirschauer et al., 2022). Casteel and 
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Bridier (2021) point out that such populations offer support for simple random sampling.  

Kaondera et al. (2023) studied ways to buttress customer relationship management using DT by 

Zimbabwean commercial banks using simple random sampling to build the study sample. Several 

recent studies (Mulisa, 2022; Shehadeh et al., 2023; Theiri & Hadousa, 2024; Uribe-Linares et al., 

2023) used simple random sampling to answer study questions in similar arenas. 

That as it may be, the risk in Kaondera et al. (2023) and the studies above is that responses 

may be heavily skewed toward a single or a few banks. To remedy this, the current study sought 

to achieve representativeness across the banks.  Resultantly, this study preferred the use of 

stratified random sampling by distributing questionnaires proportionally among the participating 

banks. 

Stratified sampling is a sampling technique where the population is divided into smaller 

groups or strata based on some common characteristics exhibited in the population (Arunachalam 

& Spence, 2023). The need to apply stratified sampling is informed by the existence of two or 

more strata of interest in the population, which requires that they be proportionally represented 

(Casteel & Bridier, 2021). Once stratification is achieved, simple random sampling is applied to 

the strata. According to Casteel and Bridier, applying simple random sampling to the strata allows 

for probabilistic representation, while stratification allows for the probabilistic representation of 

the different strata. Whereas stratification offers several advantages to quantitative studies, there 

is a paucity of studies that have applied this approach to studying digital transformation in 

commercial banks. This study, therefore, widens the methodological application of this approach, 

thus contributing to the literature. Stratification was achieved by distributing the study instrument 

proportionally across the banks. The number of employees from each bank became the strata, and 

the questionnaires were distributed in proportion to that headcount. 
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In essence, probability sampling is associated with quantitative studies, as evidenced by 

prior studies (Murwira et al., 2019; Theiri & Hadousa, 2024; Uribe-Linares et al., 2023). In 

addition, studies with a huge scope, like the current one that collected significant data from 

commercial banks, are better done using probability sampling techniques (Mulisa, 2022; Rahman 

et al., 2022). While several probability sampling techniques are given in the literature, this study's 

objectives made the use of stratified random sampling the most appropriate. Furthermore, the need 

to achieve representativeness across the 13 commercial banks supported its use.  

3.6.6.3. Sample Size Determination 

The question of what sample size to use to make valid inferences in a quantitative study 

has been topical for decades. This is because the sample size in a quantitative study affects or has 

implications for the accuracy, statistical power, and reliability of the research results (Ramirez, 

2022). Several factors, such as the nature of the research, the data analysis program, the research 

supervisor, and other practical considerations (Memon et al., 2021), have been touted as 

determinants of sample size. To determine the applicable sample size, this study used both 

G*Power and Krejcie & Morgan’s (1970) Table (KMT). While it is agreed that the size of a sample 

is key in a quantitative study, scholars have recently pointed out the need to establish a minimum 

sample size that will ensure study results are reliable (Casteel & Bridier, 2021; Hair et al., 2019; 

Uttley, 2019). 

This study achieved the sample size by first establishing the minimum sample size and then 

determining the sample size to be applied to the study. According to Memon et al. (2021), one way 

of establishing the minimum sample size is by using an a priori power analysis using the 

parameters of the study and the expected statistical test. A power analysis is essential as it helped 
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to indicate the minimum size of a sample, which will give a high probability of correctly rejecting 

the null hypothesis. 

The study employed a priori power analysis, which is highly applicable and beneficial for 

determining the sample size in the scenario involving the study of employees in financial 

institutions in Zimbabwe, which are regulated by the Reserve Bank of Zimbabwe (RBZ). In this 

context, conducting a priori power analysis before collecting data helped ensure that the study is 

designed effectively to detect an effect of interest, if it exists, with a high probability (power) 

(Casteel & Bridier, 2021). According to Memon et al. (2020), power analysis must be employed 

by researchers to determine the minimum size of a given sample. 

3.6.7. Operationalising the A Priori Power Analysis 

Power analysis was carried out using G*Power 3.1.9.7. To arrive at the minimum sample 

size for this study, the conceptual framework was used to establish the part of the model with the 

highest number of predictors (Memon et al., 2020). Consequently, the commercial bank 

performance variable has 5 predictors, and this is the highest number entered in the input 

parameters. Having established the highest number of predictors (Step 1), the researcher set the 

significance level (α) and power (1-β) (Step 2). Prior studies suggest a level of significance of 0.05 

and a power of 0.80 (Casteel & Bridier, 2021) to be sufficient.  

This study agreed, and the implication was that this study was willing to accept a 5% 

chance of type I error (falsely claiming an effect). A power of 0.8 signifies the study’s intention to 

accept at least an 80% chance of detecting a true effect. Kemal, Ö. (2020) justifies the use of a 

significance level of 0.05 and a power of 0.80 to determine the sample size required for the analysis 

of financial performance in commercial banks. The final step requires the determination of the 

effect size (f2), which ranges from small to large (0.02, 0.15, and 0.35), respectively. This study 
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applied an effect size of 0.15, which is a medium-sized effect as applied in the studies by Murwira 

et al. (2019). Overall, the minimum sample size for this study was calculated using a priori power 

analysis for central and non-central distributions using G*Power 3.1.9.7 software. It was based on 

F tests and specifically for linear multiple regression with the inputs discussed earlier, and this 

returned a minimum sample size of 92 participants, as shown in Figure 9 below. 

Figure 9  

Power Analysis Showing Minimum Sample Size 

Note. Results for calculating the minimum sample size using G*Power 3.1.9.7 software. 
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The use of a priori analysis was particularly important in this study, as it allowed the 

researchers to control Type I (false positives) and Type II errors (false negatives). This is very 

crucial in a study where the implications of the results can influence policy or operational changes 

in the financial sector. Scholars (Casteel & Bridier, 2021; Memon et al., 2020) have also pointed 

out that determining the sample size before accomplishing the study results in the efficient 

allocation of resources, such as time and budget, especially in a potentially resource-intensive 

setting like surveying employees across multiple institutions, as is the case with this study. They 

further posit that conducting power analysis and determining sample sizes adds to the study’s 

ethical considerations (Zyphur & Pierides, 2019), as it helps the researcher to not unnecessarily 

burden participants or waste resources by not recruiting more participants than necessary or too 

few to detect a meaningful effect. 

Having used G*Power to establish the minimum sample size (92 participants), the 

researcher sought to determine the exact sample size required by using the widely used Krejcie 

and Morgan’s (1970) table (KMT) (Memon et al., 2020). In this study, this method converges with 

the stratified random sampling technique adopted; therefore, it is seen as adequate. Sakala and 

Phiri (2019) used the KMT to determine the sample size for the banking industry in Zambia. This 

study started by determining the size of the sampling frame. This was done by consulting the 

Reserve Bank of Zimbabwe (RBZ) (2023) statistics that list all the commercial banks and the 

number of employees. As indicated in Table 4 below, the number of employees employed by 

commercial banks in Zimbabwe was about 5606 at the time of the study. 
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Table 4  

Zimbabwean Commercial Banks and Number of Employees 

Bank Number of employees 

AFC Bank 553 

BancABC 63 

CBZ 1094 

FBC Bank 426 

First Capital Bank 545 

Metbank 89 

Nedbank 320 

NMB 425 

Stanbic 519 

FBC Crown 236 

Steward Bank 440 

ZB Bank 666 

Ecobank 230 

Total 5606 

Note. Source: The Reserve Bank of Zimbabwe, 2023 

The sample space of 5606 is above 5000 but below 6000; thus, the sample size value for 

this study was 361 participants, which corresponds to the upper boundary of 6000 on the KMT. 

Figure 10 below shows the sample size corresponding to a population size of 6000. 

Ultimately, this study used the KMT to establish an appropriate sample for the study due 

to its ease of use. Memon et al. (2020) noted that this method has been used extensively over the 

decades. Hakimi et al. (2023) applied the KMT to establish an appropriate sample size in a study 

entitled “Factors influencing mobile banking among digital natives”. Given that the number of 

employees in the commercial banking sector is publicly available through statistics provided by 

the RBZ (2024), the use of the KMT was appropriate for this study. The sample size was supported 

by the a priori power model, which showed that a minimum sample size of 92 participants was 

appropriate for this study to give credence to the results. Consequently, the study adopted a sample 

size of 361 participants. These participants were of any gender, currently working for Zimbabwean 
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commercial banks (at the time of the study), and between the ages of 18 and 65 inclusive. These 

ages were considered appropriate because 18 years is the age of the legal majority in Zimbabwe, 

where one is deemed old enough to make their own decisions without the need for parental or 

guardian intervention. Sixty-five years is the retirement age in the country. Since stratified random 

sampling was used, it was expected that the sample thus generated would be sufficiently 

representative of the study population. 

Figure 10 

The Krejcie and Morgan Table for Determining Sample Size for a Known Population 

 

Note. The figure provides sample size (S) recommendations based on known population size (N), 

population proportion, and desired accuracy. From “Determining sample size for research 

activities,” by R.V. Krejcie and D. W. Morgan, 1970, Educational and Psychological 

Measurement, 30(3), p.608. 
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3.6.7.1. Sample Size Justification  

The population for this study consisted of 5,606 employees across all thirteen commercial 

banks in Zimbabwe. To determine an appropriate and statistically defensible sample size, a 

triangulation approach was used, drawing on both G*Power analysis and the Krejcie and Morgan 

(1970) sample size table. First, a G*Power 3.1.9.7 power analysis was conducted for multiple 

regression with medium effect size (f² = 0.15), α = .05, and power = 0.95. The analysis yielded a 

minimum required sample size of 92 participants. This established the minimum statistical 

threshold needed to detect meaningful effects within the model, particularly for mediation testing.  

Second, the Krejcie and Morgan (1970) table was consulted to determine a sample size 

appropriate for a finite population of 5,606. According to the table, an estimated sample size of 

361 respondents would be sufficient to represent the population with a 95% confidence level.  

Given the difference between the two approaches, the study adopted a conservative 

strategy: G*Power was used to confirm minimum power requirements, Krejcie & Morgan was 

used to determine maximum representativeness, and the final target sample was set at 361, aligning 

with Krejcie & Morgan’s recommendation. However, due to non-responses and incomplete 

questionnaires, a common occurrence in organisational surveys, the final number of valid and 

usable responses was 310. This response rate remains well above the G*Power minimum (92) and 

provides sufficient statistical power for SEM analysis, ensuring reliable hypothesis testing and 

stable model estimation. 

3.6.8. Participant Recruitment 

It is important to implement a robust participant recruitment process in any study to recruit 

sufficient participants to respond to the study question (Meredith, 2023). This study’s recruitment 

plans involved seeking permission from the participating banks’ management through a gatekeeper 
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letter (see Appendix D). Once approval was granted, the recruitment of participants was done 

through emails and social media platforms. The use of technology was appropriate since 

employees working for commercial banks use the Internet and email, and they are sufficiently 

educated to be able to use the chosen platforms. 

3.7. Research Tools 

As previously mentioned, the basis for this investigation into the digital transformation 

frameworks employed by commercial banks in Zimbabwe was rooted in a survey design. This 

aligns with various prior studies (such as Charu et al., 2023; Hasan & İslatince, 2023; Kitsios et 

al., 2021) that have explored the effects of DT in the banking sector. The decision regarding data 

collection methods in this study was between the utilisation of interviews and questionnaires. 

According to Saunders et al. (2012), when it comes to surveys that entail the gathering of numerical 

data rather than textual data, a quantitative research approach is more efficacious. In light of this, 

a quantitative approach was used for this study, thus making the employment of a questionnaire 

the most suitable means of data collection. 

Within the framework of a quantitative methodology, the utilisation of a questionnaire has 

received acclaim from some scholars for its capacity to elicit both qualitative and quantitative data 

(Kircher, 2022). As observed in this investigation, a questionnaire is advantageous in establishing 

relationships between variables in the problem domain and ensures the measurement of constructs 

that can be assessed among the study participants (Aithal et al., 2020; Iwaniec, 2019). Owing to 

advancements in technology, questionnaires can now be conveniently disseminated online, thereby 

enhancing the efficiency of data collection (Valli, 2016), hence their application in this study. The 

present inquiry employed a structured questionnaire that comprises divisions according to the 
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objectives of the study. Given the existence of various types of questionnaires, the subsequent 

segment will deliberate on these and substantiate the selected type of questionnaire. 

3.7.1. Types of Questionnaires 

Questionnaires (study instruments) can be categorised into two distinct types: self-

administered and interviewer-administered. Tusting (2022) explains that self-administered 

questionnaires are completed by respondents either on paper or electronic devices. On the other 

hand, interviewer-administered questionnaires are conducted either face-to-face or over the phone 

(Werner, 2023). Saunders (2012) provides further clarification by categorising self-administered 

questionnaires into three groups: internet and intranet-mediated, postal-based, and delivery and 

collection questionnaires. In this study, the internet-mediated questionnaire was used within the 

realm of self-administered questionnaires, which refers to an online or web-based questionnaire. 

This choice was deemed appropriate given that employees in the commercial banking sector in 

Zimbabwe are well-educated and familiar with Internet usage. Additionally, utilising this approach 

aids the use of an extensive sample size from the Zimbabwean banking sector, and it aligns with 

the constrained time frame for the study. 

The distribution of the questionnaire link to employees of commercial banks in Zimbabwe 

was carried out through various electronic communication channels, such as emails, WhatsApp, 

SMS, and social media platforms, including LinkedIn. Previous research has provided evidence in 

support of utilising social media and online platforms as means of disseminating questionnaires 

(Abu & Baha, 2022; Putranto, 2019). The inclusion of online and social media distribution 

channels was deemed essential in the present study due to their ability to encompass the advantages 

of convenience, efficiency, and extensive coverage. 
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3.7.2. Study Instrument Development and Validation 

The development and validation of a questionnaire constitute crucial elements in research. 

This is because the process of questionnaire development entails the meticulous design of a 

questionnaire to gather pertinent data relevant to the phenomenon under examination (Hadler et 

al., 2022). Moreover, the authors shed light on the fact that this process encompasses various 

stages, including the identification of appropriate measurement scales, the composition of the 

questions, the establishment of the questionnaire construct, and the preliminary testing of the 

instrument before the ultimate survey implementation. 

Consequently, the first step in the questionnaire development involved articulating the 

initial version of the instrument in MS Word as guided by the literature, theoretical underpinnings, 

conceptual framework, and study goals. According to Banerjee (2019), a quantitative research 

instrument must be informed by a comprehensive examination of the extant literature. It is 

imperative to underscore, at this juncture, that a valid questionnaire ought to be rooted in prior 

research endeavours unless such a foundation is unattainable. Consequently, except for the 

demographic section, the research questions featured in the study questionnaire were adapted from 

previous investigations. Further, the study tool was presented to three academics (with PhDs and 

several published research papers) for review, and it was also modified to the standards of 

UNICAF University. This resulted in two additional questions in the demographics section, as well 

as some additional multiple-choice questions on three questions. 

This study’s questionnaire attempted to ensure that the information gathered was robust 

and reliable by aligning the questions to the study goals (Evers, 2022). This was achieved using 

the Goal Question Metrics (GQM) measurement technique (Nooralisa et al., 2020), which 
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recommends that purposeful measurement of goals is achieved by first specifying them, linking 

them to the data, and interpreting the data per the study goals. This approach to questionnaire 

design was used due to its capacity to acquire data that would specifically address the study 

questions, thereby achieving the study goals. The goal of this study was defined by the study 

objectives (The impact of DT on commercial bank performance considering the mediating role of 

IT capability). Questions to address the goals and assess the study constructs (questionnaire items) 

and metrics involve the strategy of analysis used to measure the constructs quantitatively. 

The study questionnaire design incorporated the need to achieve a reliable measurement of 

the constructs. This was achieved by using more than one question to address each goal, as this 

allowed comprehensive exploration since single questions may not provide a complete picture of 

a construct, and multiple questions also provide cross-validation responses (Nadir et al., 2023). 

Consequently, this study’s questionnaire consisted of five questions on each study construct. 

Although that may be seen as introducing the risk of redundancy, the questionnaire avoided this 

risk by using factor analysis (FA), which is an accepted method in research to identify and address 

redundancies in questionnaire items (Werner, 2023). After applying FA to the study questionnaire, 

no item exhibited redundant characteristics, so all the questions were maintained. 

The final questionnaire deployed to commercial banks was reviewed after the pilot test, 

and the necessary adjustments were made. However, the initial questionnaire consisted of three 

sections. The introductory letter introduced the questionnaire to the respondent. Section A was the 

demographics section, comprising eight multiple-choice questions. Section B comprised 25 

closed-ended questions utilising a 5-point Likert scale (with scales 1, 2,3,4, and 5 representing 

Strongly Disagree, Disagree, Neutral, Agree, and Strongly Agree, respectively) as applied by 

several researchers (He et al., 2021; Joensuu-Salo & Matalamäki, 2023; Yu et al., 2022). 
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Sha and Gabel (2020) contend that the utilisation of language within a questionnaire holds 

significant sway in guaranteeing the dependability and accuracy of the data collected. 

Consequently, the inclusion of lucid instructions, user-friendly navigation, and clear and concise 

language in this questionnaire is seen as facilitating the seamless completion of the survey 

(Muhardis et al., 2019). The survey respondents were explicitly guaranteed that the evidence 

gathered would be utilised solely for academic purposes, and there was no necessity for any data 

about their identity or the institution they were affiliated with. Furthermore, explicit guarantees 

were made to maintain the confidentiality of said information. 

3.7.3. Structure of the Study Instrument 

The research utilised a structured questionnaire as the survey tool, enabling participants to 

choose the most suitable option based on their commercial bank's stance on the specific construct. 

The questionnaire had a welcome page section, a demographics section, and a main section that 

contained closed-ended questions. The welcome page requests participants to participate in the 

survey on studying the DT frameworks for commercial banks in Zimbabwe and their impact on 

bank performance. It indicates that the survey will take a maximum duration of 20 minutes to 

complete and highlights the confidentiality and anonymity associated with the study. Further, the 

participant is provided with an informed consent form in this section to allow them to confirm that 

they are fully informed regarding the study and that they may withdraw at any time without 

consequences. 

The demographics section required that participants indicate their gender, age, educational 

level, duration of employment, employment status, number of years the bank has been operating, 

and position in the bank. All five constructs of the conceptual model, as undergirded by study 

objectives, were covered in the main section of the questionnaire. This section was made up of 
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closed-ended questions on a 5-point Likert scale. This aided easier categorisation and 

quantification of data, assisted in achieving standardisation and consistency, and increased the 

likelihood of a high response rate (Retnawati & Arliani, 2022). Table 5 below shows the 

corresponding measuring items for each variable and the respective literature support. The detailed 

questions are shown in section B of the questionnaire in Appendix G. 

Table 5 

Research Questions and Measurement Scales from the Literature 

Construct Measuring Items 

(See Appendix G) 

Literature Support 

Digital Transformation Q1- Q6 Aral & Weill, (2007); Masoud & Basahel 

(2023); He et al. (2021); Shehadeh et al. 

(2023). 

Employee productivity  Q7-Q12 Cianci et al. (2024); Nguyen (2023). 

IT Capability Q13-Q18 Bharadwaj, A. S. (2000); Nwankpa & 

Roumani, (2016); Yum (2000) 

IT Innovation  Q19-Q24 Azubuike (2013); Khin & Ho (2019); Lu & 

Ramamurthy (2011); Makumbe & Washaya 

(2022). 

Commercial Bank 

Performance 

Q25-Q30 Joensuu-Salo & Matalamäki, (2023); 

Länsiluoto et al., 2019; Hvolby & Thorstenson 

(2001); Kettinger et al. (1997); Melville et al. 

(2004); Powell, (1995).  

 

3.7.4. Pre-Testing the Study Instrument 

According to Hjorthaug Urstad et al. (2020), pretesting a questionnaire involves the 

evaluation of a study instrument before administering it to participants. According to Ikart (2019), 

this is achieved by subjecting the instrument to expert review for the detection of any deficiencies 

with the instrument before deploying it to the chosen sample. Consequently, this study 

questionnaire was presented to three PhD scholars (including the supervisor) to review for clarity, 

understandability, and identification of any duplications, as supported by Grimm (2010). Some 
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amendments were then applied to the questionnaire following the review. The final questionnaire 

was thus a product of the said review process. 

3.7.5. Study Instrument Administration 

Letters requesting permission to have the bank’s employees participate in the survey were 

sent to the participating banks. The letters indicated the timeframe of the study and what the study 

was about. Once permission was granted, the URL link to the study instrument was emailed to the 

participants, and weekly reminders were sent. Other platforms, such as social media, WhatsApp, 

and LinkedIn, were used to distribute the link. The survey was open for two months, after which 

the responses were extracted and manipulated using the Statistical Package for the Social Sciences 

(SPSS). 

3.8. Reliability and Validity 

The concepts of reliability and validity hold great significance in the realm of research. 

Reliability, as defined by Rozali et al. (2022), pertains to the consistency, stability, and 

repeatability of study outcomes achieved through the utilisation of the same research instrument. 

Multiple approaches exist for assessing instrument reliability, including reliability coefficients, 

internal consistency, alternate forms of reliability, inter-rater reliability, and Cronbach's alpha 

(Josefeena & Marudhar, 2018). In the current inquiry, the instrument reliability was assessed using 

Cronbach's alpha. This determination was based on scholarly literature, wherein it is generally 

agreed that a value below 0.7 is considered poor, an exact value of 0.7 is deemed acceptable, and 

a value above 0.7 is considered good (Alan et al., 2020; Kilic, 2016). 

Similarly, validity was measured for the instrument used in this study. This is because 

validity is accepted as the most crucial measurement attribute of a study instrument, as it is key to 
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achieving results that are accurate and meaningful (Kimberlin & Winterstein, 2008). The study 

instrument's validity is considered the level to which it measures what it is supposed to quantify 

(Alan et al. 2020). In line with Romli (2023), the metrics that were applied to assess validity in 

this study were the average variance extracted (AVE), composite reliability (CR), and discriminant 

validity (DV). Most importantly, to achieve overall validity, the questionnaire items were all 

adapted from various past valid inquiries (Shehadeh et al., 2023). The reason for utilising various 

measurements from diverse sources is to minimise common method variance (CMV). This 

resonates with Harold et al. (2020), who advocate for the use of measures from different sources 

for all variables. 

Goedegebuure (2023) suggests a valuable recommendation to address response bias on 

constructs by advocating the use of multiple statistical tests rather than relying on a single test. 

Consequently, in this particular study, factor analysis was used as a means of comprehensively 

examining the phenomena at hand. It is worth noting that previous studies (Martínez-Caroa et al., 

2021) have taken a similar approach in their attempts to tackle response bias, thus providing a 

valuable precedent for the adoption of this methodological strategy in the current investigation. In 

light of the consistent positive outcomes observed in prior research, it is evident that this approach 

holds substantial merit and is worthy of implementation in the present study. 

3.9. Operational Definition of Variables 

A quantitative investigation encompasses study variables or constructs. These constructs 

represent the components that were quantified to address the study inquiries and achieve the 

research objectives. According to Rana et al. (2021), study variables are explained as the distinct 

attributes or characteristics of discernible units, individuals, groups, or organisations that are 

quantified, manipulated, or regulated to examine a given study hypothesis or address a research 
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question. These constructs are categorised as independent variables (also called causal or predictor 

variables), dependent variables, as well as mediating or moderating variables (Agresti & Kateri, 

2022). Although these variables possess functional delineation, there is a need to provide 

operational definitions for all the study variables. This assists in providing contextual meaning to 

study variables. 

An operational definition of a variable is perceived as the process of delineating variables 

in a manner that enables the quantification of the said variable in that particular study (Chittaranjan 

& Andrade, 2021). The operationalisation of variables entails establishing their definitions in a 

manner that facilitates precise measurement. In other words, this involves the reduction of 

nebulous concepts to make them practically measurable (Sekaran & Bougie, 2016). Operational 

definitions have been deemed crucial in this research because they contribute to achieving 

uniformity and dependability in the study while also assisting in its conceptualisation and design 

(Mthembu, 2018). Consequently, this study identifies digital transformation, employee 

productivity, IT capability, IT Innovation, and commercial bank performance as the constructs to 

be assessed, thus necessitating the provision of an operational definition for each. 

3.9.1. Digital Transformation 

The Operationalisation of this construct involved the adaptation of measurement scales 

utilised and tested in previous studies, which were determined to be significant and pertinent to 

the factors of DT. In this study, the measurement of DT was undertaken using a scale with five 

items following the approach employed by Masoud and Basahel (2023). The impact of DT on 

various variables in this study was assessed based on its ability to drive business and incorporate 

change through leveraging and merging digital tools like big data analysis, cloud computing, 

mobile applications, and social networking platforms, as well as by supporting DT progress 
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through IT assets (DT1, DT2, and DT3) (Shehadeh et al., 2023). The impact of DT on performance 

in this study was analysed in the context of how the DT efforts of commercial banks are perceived 

to enhance their current business, improve customer understanding, and enhance the performance 

of existing products (DT4, DT5, and DT6). These results align with the conclusions of several 

previous studies (Aral & Weill, 2007; Masoud & Basahel, 2023; He et al., 2021) that have tested 

and verified the validity of these metrics.  

The items, which are displayed in Table 6, were requested to receive responses from 

participants. These responses were documented using a 5-point Likert scale, which ranged from 

strongly disagree (1) to strongly agree (5). It should be noted that the construct of DT, as stated by 

Shehadeh et al. (2023), is not being treated as a multi-dimensional construct. Data for this construct 

were collected in Section B of the questionnaire. This is aligned with the several hypotheses in the 

study that claim a positive and significant relationship between DT and various constructs of 

employee productivity, IT capability, IT innovation and commercial bank performance (CBP). DT 

is conceived as how the bank drives new business methods built on innovations such as big data 

analysis and other social media platforms, utilising them to instigate transformation. The use of 

these technologies internally, as well as using them to understand customers and use technology 

to improve performance, constituted the overall operational definition of this construct. The use of 

this operational definition lines up with prior valid studies (Masoud & Basahel, 2023; He et al., 

2021; Shehadeh et al., 2023). More importantly, the construct measurements ensured that the data 

thus collected answered the study’s question 5 (Chen et al., 2021; Qi & Xiao, 2020). 
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Table 6 

Digital Transformation Measurement Scales 

Abbreviation  Operational Measurement Scale Literature 

Support 

 

DT1 

Our bank is pushing new business methods based on technologies 

such as big data analytics and social media platforms. 

  

  

 Aral & Weill, 

(2007); 

Masoud & 

Basahel (2023); 

He et al. 

(2021); 

Shehadeh et al. 

(2023). 

 

DT2 

Our bank is combining digital tools such as social media, big data 

analytics, cloud, and mobile technologies to facilitate change. 

 

DT3 

Our bank is transitioning toward the utilisation of digital 

technologies such as big data analytics, cloud, mobile, and social 

media platforms. 

 

DT4 

The bank’s IT application portfolios have facilitated the 

achievement of digital transformation by the bank. 

 

DT5 

The bank employs various digital tools, including data analytics, 

social media, and cell phone and embedded services, to know 

customers better. 

 

3.9.2. Employee Productivity 

Employee productivity in the context of DT in commercial banks has been investigated 

through various studies in the literature (Cianci et al., 2024; Singgih et al., 2024). Such valid 

studies provided the basis for the operational definition of employee productivity in this study. 

Marx et al. (2021) emphasise that it is essential for the dimensions in a study construct to align 

with the typical practices within an organisation. As a result, the questions posed should not be 

specific to a particular time or context. Therefore, the questions asked in this study were based on 

the usual habits and characteristics of commercial banks and their employees. 

Consequently, employee productivity in the context of this study was illuminated by the 

extent to which the commercial bank’s employees took part in the DT program for the bank. This 

is important because when employees fully participate in the bank’s DT journey, they are likely to 

impact the performance of the bank as well as improve their DT skills (Shwedeh et al., 2023). 

Furthermore, the nebulous employee productivity variable was reduced to a practically measurable 
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variable by considering how it aids employee motivation and enhances digital leadership in 

commercial banks (Nguyen, 2023). This is because prior valid studies have shown that DT has the 

potential to improve employee efficiency, result in upskilled workers and upgrade general 

competence levels (Brown et al., 2020; Khadragy et al., 2022; Ridwan et al., 2020). 

This construct was also measured by how the commercial bank’s IT programs result in 

improved work efficiency, assist employees in completing tasks faster and by how easy it is for 

them to understand the deployed ICTs (Cianci et al., 2024; Nguyen, 2023). According to several 

studies (Adhikari et al., 2022; Almustafa et al., 2023; Ly, 2024; Gun et al., 2024; Widodo et al., 

2024), where employees leverage technologies that come with DT in the complex commercial 

banking sector, the time taken to complete tasks is significantly reduced, thereby improving 

performance. In addition, if they understand these nascent technologies, they will have a 

competitive edge, thus resulting in improved productivity.  More importantly, this construct was 

also measured by how DT will result in digital overload, thereby increasing employee stress, thus 

impacting their productivity. Prior studies have hinted that DT may result in negative employee 

productivity because of the attendant stress (Kadur & Rajshekar, 2022). 

The data that was utilised in the process was acquired through the implementation of a 

survey that employed a questionnaire. Previous reputable investigations (Kump et al., 2019; Marx, 

2021; Wiesböck, 2019) have adopted a similar methodology. The survey incorporated a 

questionnaire consisting of closed-ended questions about the construct of employee productivity. 

The specific measures for this construct are shown in Table 7 below. As suggested by Cheng et al. 

(2023), the participants indicated the degree to which they agreed with each statement using a five-

point Likert scale. 



177 

 

Section B(ii) considered the construct of employee productivity (EP) as it interacts with 

DT and commercial bank performance. This satisfied Sekaran and Bougie (2016), who posit that 

answers to the associated research questions can only be found if the respective construct can be 

measured. This construct was measured using measurement scales adapted from prior valid studies 

(Almustafa et al., 2023; Cianci et al., 2024; Ly, 2024; Nguyen, 2023; Gun et al., 2024). This 

variable was therefore conceptualised as the degree to which DT ensures employees take part in 

the DT journey of the bank, and how it enhances motivation, efficiency, competence and digital 

leadership.  

Table 7  

Employee Productivity Measurement Scales 

Abbreviation  Operational Measurement Scale Literature 

Support 

 

EP1 

The employees of the firm fully participate in the DT of the bank.   

  

 Almustafa et 

al., (2023); 

Cianci et al. 

(2024); Ly, 

(2024); Nguyen 

(2023); Gun et 

al., (2024) 

 

EP2 

The DT in our bank enhances employee motivation, knowledge, 

competence and digital leadership. 

 

EP3 

The ICT resources from our bank’s DT program improve work 

efficiency. 

 

EP4 

I can easily understand and use new ICT deployed by the bank. 

 

EP5 

The ICTs used by our bank enable me to accomplish my tasks 

faster. 

 

To avoid conceptual ambiguity, this study operationalised employee productivity within 

the context of digital transformation as digital productivity. This construct reflects employees' 

perceived effectiveness in executing work tasks using new ICT systems introduced through the 

bank’s digital transformation programme. Rather than measuring generic organisational 

performance appraisal outcomes, the scale specifically captures DT-enabled improvements in 
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work efficiency, task completion speed, ease of using new digital tools, employee competence, 

and participation in DT-related processes.  

This operationalisation is consistent with prior technology-focused performance studies, 

which conceptualise employee productivity as productivity and work effectiveness under 

digitalised working environments (Almustafa et al., 2023; Cianci et al., 2024; Ly, 2024; Nguyen, 

2023; Gun et al., 2024). 

3.9.3. IT Capability 

The operationalisation of this construct was achieved through the adaptation of items 

that had previously been validated for the same construct. Following the perspective of 

Nwankpa and Roumani (2018), IT capability has been conceptualised as a construct that 

encompasses three dimensions, namely “IT infrastructure, IT business spanning, and IT 

proactive stance” (p.3). The disintegration of the IT capability construct was deemed significant 

in the context of this study because it facilitates accurate measurement of this construct. 

The present study assessed the extent of IT capability by considering the IT 

infrastructure aspects of commercial banks. This pertains to the bank's investment in portfolios 

of IT applications (IT1) and the superiority of its data management services and IT architectures 

compared to its competitors (IT2). This aligns with the results of Ajigini (2023), who employed 

the same measures to evaluate digital transformation within the financial service sector of South 

Africa. Furthermore, IT capability is evaluated by considering the breadth of IT involvement in 

the bank's business operations (Nwankpa & Roumani, 2018). This dimension examines whether 

the bank integrates strategic planning and IT (IT3) and how the bank's IT systems contribute to 

achieving exceptional performance (IT4). The final dimension addresses the proactive stance of 

the bank's IT, which assesses its ability to acquire, assimilate, and transform IT knowledge to 
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enhance its effectiveness (IT5), as well as the impact of IT on improving the bank's performance 

(Lu & Ramamurthy, 2011). Collectively, these dimensions interact and influence how 

commercial banks can leverage their IT investments to attain superior performance. 

Table 8 

IT Capability Measurement Scales 

 Dimension Abbreviation  Operational Measurement Scale Literature 

Support 

 

IT Infrastructure 

IT1 The bank invests in IT application portfolios 

and the latest technology to facilitate digital 

transformation. 

  

 

 

  Ajigini 

(2023); 

Bharadwaj, 

(2000); 

Nwankpa & 

Roumani, 

(2016); Lu & 

Ramamurthy, 

(2011); Yum 

(2000) 

IT2 The bank’s data management services and 

architectures are superior to the competition. 

IT Business 

Spanning 

IT3 The bank always combines its business 

strategic planning and IT planning to achieve 

digital transformation. 

IT4 Our bank’s IT helped to improve 

Organisational performance in the last three 

years. 

IT Proactive 

Stance 

IT5 The bank continually endeavours to enhance 

the effectiveness of IT use to accomplish 

digital transformation. 

 

The construct of IT capability and how it relates to DT and bank performance are 

addressed in subsection (iii) of the questionnaire. IT capability was operationalised by 

considering the banks' investment in IT application portfolios. It also considered how the bank’s 

data management services and architecture are superior to the competition. Further, the 

construct is operationally defined by how the bank integrates strategic planning and the 

achievement of DT. Insofar as performance is concerned, the construct considered the impact 

of IT on operational performance, how the bank uses new ways to achieve DT, and how superior 

IT assisted the bank in achieving its objectives. These measuring constructs lined up with 

various prior studies (Nguyen-Viet & Nguyen, 2023; Nwankpa & Roumani, 2016; Yu et al., 
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2022). More importantly, the study considered this adequate as it ensured that it provided 

answers to research questions 3 and 4 (Mogoale et al., 2021; Thuy, 2020). 

Responses to the items mentioned above were gathered through the utilisation of a 

meticulously designed questionnaire that featured queries with closed-ended attributes in this 

section. Each dimension inherent to the subject matter under scrutiny was subjected to 

measurement via the process of calculating the average scores attained concerning the said 

dimensions, thereby ensuring a comprehensive and holistic representation of the data.  

3.9.4. IT Innovation 

This study hypothesised that DT impacts the IT innovation of commercial banks and 

that the latter influences commercial banks' performance (Alrawashedh & Shubita, 2024; 

Alshammari, 2023; Huang & Yang, 2019; Lahiri, 2022). Consequently, this investigation 

examined IT innovation in terms of DT enabling superior quality innovations, enhancing IT 

staff creativity, and the constant production of new products (Nwankpa & Roumani, 2016). 

Further, this construct considered the impact of IT innovations’ ability to improve commercial 

bank product quality, how they push the banks to have a marketing edge, as well as improve 

customer service (Makumbe & Washaya, 2022). Previous research (Azubuike, 2013; Khin & 

Ho, 2019) employed similar metrics in measuring and operationalising this metric. Table 9 

below gives a breakdown of the measurement items defining this construct in the context of this 

study. 
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Table 9 

IT Innovation Measurement Scales 

Abbreviation  Operational Measurement Scale Literature 

Support 

ITN1 The bank’s DT produces IT innovations of superior quality 

to the competition. 

   

 

 

 

Azubuike, (2013); 

Nwankpa & 

Roumani, (2016); 

Khin & Ho, 

(2019). 

ITN2 At this bank, our IT staff are encouraged to be the most 

creative IT department in the commercial banking sector. 

ITN3 The bank’s DT program allows the bank to produce new 

products constantly. 

ITN4 Our IT innovations increase the quality of current products. 

ITN5 The bank’s IT innovations give it an edge in marketing over 

the competition. 

 

To assess the variable of IT Innovation, a 5-point Likert scale ranging from strongly 

disagree (1) to strongly agree (5) was determined to be suitable for this investigation, given its 

previous application in comparable studies on the identical construct (Khin & Ho, 2019). To 

obtain the ultimate score for this construct, the geometric mean for the scales was applied. 

Subsection (iv) investigated the IT innovation (ITN) construct as it relates to DT and 

commercial bank performance. This was defined by the way the bank’s DT institutes superior 

innovations, creative IT staff and the constant development of new products. Furthermore, the 

construct is seen as how IT innovation improves product quality and improves marketing and 

customer service. These measurement scales are sufficient for this study because several prior 

valid studies used a similar approach (Azubuike, 2013; Khin, S., & Ho, T.C., 2018; Lu & 

Ramamurthy, 2011; Makumbe & Washaya, 2022).  

3.9.5. Commercial Bank Performance 

A thorough examination of the existing literature led to the study incorporating valid 

performance measures from various researchers (Hvolby & Thorstenson, 2001; Kettinger et al., 

1997; Melville et al., 2004; Powell, 1995). Subsequently, these measures were modified to 
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conform to the particular context of this study. The operationalisation of bank performance was 

executed as a two-dimensional variable. This is because while performance is typically evaluated 

in financial terms, it also encompasses non-financial aspects (Khin & Ho, 2019). Consequently, 

this inquiry assessed both monetary and non-monetary dimensions to obtain a comprehensive 

measurement of the construct. These specific items are presented in Table 10. 

Table 10 

Bank Performance Measurement Scales 

 Dimension Abbreviation  Operational Measurement Scale Literature 

Support 

 

 

Financial 

CBP1 Over the previous three years, our bank’s 

performance as evaluated by the return on investment 

(ROI) has been better than the competition. 

  

 Joensuu-

Salo & 

Matalamäki, 

(2023); 

Länsiluoto et 

al., 2019; 

Hvolby & 

Thorstenson 

(2001); 

Kettinger et 

al. (1997); 

Melville et 

al. (2004); 

Powell, 

(1995).  

CBP2 Over the past 3 years, our bank’s expenses and costs 

have been lower than our competitors. 

CBP3 Over the past 3 years, our bank’s net profit has been 

higher than our competitors due to digital 

transformation initiatives. 

CBP4 The bank experienced revenue growth that exceeded 

the competition during the past three years. 

 

 

Non-

Financial 

CBP5 The bank’s digital transformation initiatives have 

seen an increase in customer satisfaction over the past 

3 years. 

 

The financial performance of commercial banks was perceived to encompass various 

aspects, such as the bank's return on investment, cost reduction, and net profit. On the other hand, 

non-financial metrics took into consideration the bank's processes, customer satisfaction, and 

market share growth. In similar studies, several authors (Joensuu-Salo, S., & Matalamäki, 2023; 

Länsiluoto et al., 2019) have employed and examined these elements, revealing their significance 

and relevance in performance evaluation. Consequently, these measures were adapted for 

implementation in the present study. 
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Commercial bank performance was operationalised using both financial and non-financial 

performance indicators, consistent with the literature which acknowledges that organisational 

performance in banking cannot be accurately captured through financial indicators alone. Financial 

performance indicators such as return on investment (ROI), cost efficiency, and profitability were 

used to reflect the bank’s short- to medium-term financial outcomes, while non-financial indicators 

such as process efficiency, customer satisfaction, and market share growth were included to 

capture strategic and operational performance outcomes that influence long-term competitiveness. 

In line with prior empirical studies, the study treated commercial bank performance as a latent 

construct measured through multiple observed indicators (items CBP1-CBP5).  

Consequently, a composite performance index was not manually constructed; instead, 

overall commercial bank performance was modelled using Structural Equation Modelling (SEM), 

where the individual items collectively represent the underlying performance construct and 

contribute to the estimation of the measurement and structural models. In this study, CBP2 

represents cost efficiency (lower operating costs/expenses), while CBP3 represents profitability 

(net profit), both of which are standard financial performance dimensions in commercial banking. 

Respondents were required to evaluate their bank’s performance over the previous three 

years using a questionnaire with closed-ended questions rated using a 5-point Likert scale ranging 

from 1 (strongly disagree) to 5 (strongly disagree). An arithmetic mean for each dimension was 

computed (Marx et al., 2021). 

Commercial banking performance was measured in Section B(v) of the questionnaire, and 

this was operationalised by measuring an increase in return on investment over three years, a 

reduction in expenses in relation to competition, an upsurge in customer satisfaction, growth in 

revenue, and an increase in market share over a period of three years. Several prior studies 
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(Joensuu-Salo & Matalamäki, 2023; Länsiluoto et al., 2019) have applied these measurements to 

the construct of related studies, thereby justifying their use in this study. The use of this construct 

in this study was appropriate because it assisted in answering the questions connected with 

hypotheses 4,5,6,7, and 8. The data collected in Section B were analysed as discussed in the 

following section. 

3.10. Data Collection and Analysis 

Data collection is seen as the cornerstone of any empirical inquiry as it determines the 

relevance, quality, quantity, and integrity of the results of that study (Mwita, 2022). This section, 

therefore, provides insight into the approach that was used to collect and analyse the data. Because 

this study seeks to inquire about the influence of DT on banking performance in Zimbabwe, the 

data were collected from Zimbabwean commercial banks’ employees. 

3.10.1.Data Collection 

The study utilised primary data gathered using an online, asynchronous, self-administered 

questionnaire. Primary data was appropriate for this inquiry, as it ensured that the study objectives 

were met by allowing the researcher to directly measure the commercial bank employees' 

perceptions regarding DT, IT capability, IT innovation and the mediation of IT capability. Digital 

transformation and bank performance were also considered to be best addressed by firsthand 

information from the respondents, which, as Banerjee (2019) observes, provides reliable 

information. The primary data in this study were adequate, as they allowed the collection of data 

specific to the research objectives. In addition, several nascent studies in a similar field 

(Hakizimana et al., 2023; Hariri, 2023; Xinran et al., 2022; Zhu & Jin, 2023) used primary data, 

thus justifying its adoption in this study.  
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To complement primary data as well as enhance the study findings’ robustness, secondary 

data was also incorporated (Tricot, 2022).  Specifically, the study utilised objective financial 

performance data (Return on Assets -ROA) collected from the 13 commercial banks. The 

secondary data was used to triangulate the perceptual performance measures obtained from the 

survey, mitigating potential common method bias. This resulted in the provision of an objective 

benchmark for validating the survey results. A structured Secondary Data Collection Sheet 

(Appendix I) was developed and employed for each bank for the period 2022 to 2024, sourced 

from the commercial banks' published annual reports. The data collected was matched with the 

time frame referenced in the survey’s performance questions. 

3.10.1.1. Aligning Data Collection to the Study Hypotheses 

The process of aligning data collection to study hypotheses is achieved through the design 

of valid and reliable data-gathering tools that are linked to study questions or hypotheses (Kwok 

et al., 2022). This is important as it will ensure that data analysis errors are minimised and address 

bias, thereby ensuring that the study follows a trajectory that leads to success, thus achieving 

accuracy and integrity of study results (Musu et al., 2020).  

The approach to align data collection with study hypotheses was used in this study because 

previous valid studies applied a similar approach (Joensuu-Salo & Matalamäki, 2023; Kump et al., 

2019; Shehadeh et al., 2023; Wiesbick & Hess, 2020). This entailed linking specific questions on 

the study tool with a specific hypothesis and the corresponding objective. This Goal, Question 

Metric (GQM) ensures that respondents will provide responses that address the study objectives. 

Table 11 demonstrates how the collected data aligned with the research questions and hypotheses, 

so as to achieve the study objectives. For example, hypothesis 1 was linked to the questions 

indicated, and these addressed objective number 1. 



186 

 

Table 11 

Aligning Data Collection and Analysis to Hypotheses and Study Questions 

Hypothesis 

Number 

Null Hypothesis Questions (Section B) Objective 

Number 

1 There is no significant relationship 

between DT and the performance of 

commercial banks in Zimbabwe 

25,26,27,28,29,30 1 

2 There is no significant relationship 

between DT and the IT capability of 

Zimbabwean commercial banks 

3, 13 2 

3 There is no significant relationship 

between DT and the productivity of 

employees in Zimbabwean 

commercial banks 

7,8,11 3 

4 There is no significant relationship 

between DT and IT innovation by 

Zimbabwean commercial banks 

15,19,21 4 

5 There is no significant relationship 

between IT innovation and the 

performance of Zimbabwean 

commercial banks 

14,20,22,23,24 5 

6 There is no significant relationship 

between IT capability and the 

performance of Zimbabwean 

commercial banks. 

14,16,18 6 

7 There is no significant relationship 

between employee productivity and 

the performance of commercial 

banks inZimbabwe 

10,12 7 

8 IT capability does not mediate the 

relationship between DT and 

commercial bank performance in 

Zimbabwe 

1,2,4,5,6,9,17 8 

 

3.10.1.2. Data Collection Steps 

The data collection steps were informed by the need to attain validity, dependability, and 

replicability of the research. Surucu and Maslakci (2020) posit that achieving these qualities in 

research improves the trustworthiness or credibility of the study results, and by ensuring 
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replicability, rigour, and reliability, they can be attained. In that regard, this study was carefully 

planned and used the following process to collect data: 

i. Data Collection Step 1: Study Design and Protocol Development 

The researcher took the necessary steps to guarantee that the study protocol and design 

were clearly defined. This involved the establishment of the study objectives, questions, and 

hypotheses as outlined in chapters 1 and 2. This study followed a survey design undergirded by a 

questionnaire as the study tool. Only primary data would be collected from the participating banks’ 

employees. The study population was identified as employees in the financial services sector, 

while the sampling frame was narrowed down to current employees of Zimbabwean commercial 

banks. Stratified random sampling was consistent with the design and study objectives. That 

having been done, the following stage involved adherence to ethical principles, and this required 

that the researcher comply with the university’s study procedures, hence step 2. 

ii. Data Collection Step 2: Completion of Relevant Unicaf Forms 

The first step entailed establishing the data collection rules as outlined by Unicaf 

University. This required that the researcher design a data collection tool that would be appropriate 

for the study. This was followed by the completion of the various forms, which included the 

Research Ethics Application form for doctoral studies, the Informed Consent form, and the 

Gatekeeper letters. These were submitted to the Unicaf Research Ethics Committee (UREC) for 

scrutiny and approval. While it is a requirement to also submit a Guardian Consent Form, this 

study did not involve any participants who would not make their own decisions and would require 

guardian consent; thus, this was not part of the submitted forms. The UREC approved the study, 

and this necessitated the recruitment of gatekeepers. 
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iii. Data Collection Step 3: Gatekeeper Recruitment 

A significant and practical challenge in quantitative studies has been identified as the 

difficulty in gaining access to the population of interest; thus, the researcher needs to identify key 

personnel who will allow them access, and these are called ‘gatekeepers' (Casteel & Bridier, 2021). 

This study identified gatekeepers in the thirteen commercial banks, and these were the human 

resources managers. Gatekeeper letters were drafted (Appendix D), approved by UREC, and sent 

to the respective banks. The Research Council in Zimbabwe also provided written approval 

allowing the study to proceed. After all the approvals were granted, the researcher proceeded to 

the next stage. 

iv. Data Collection Step 4: Participant Recruitment 

The potential participants were identified as all the current employees of the thirteen 

commercial banks, and according to the RBZ (2024), they numbered 5606. Using G*Power 

software, a minimum sample size of 92 participants was established, and by applying the KMT, 

an actual sample size of 361 participants was then implemented. Using random sampling, the 

research tool was deployed using online platforms including email, LinkedIn, Facebook, and 

Twitter. Only current commercial bank employees working in Zimbabwe were considered. Their 

geographical location within Zimbabwe was of no consequence, given that online methods were 

being used. All genders were given an equal chance to participate. At this stage, informed consent 

was sought by distributing the informed consent form. In addition, the goals, methods, advantages, 

and disadvantages of the study were explained to the participants. Consequently, each participant 

provided a written agreement attesting to their voluntary involvement. 
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v. Collection Step 5: Deployment of the Study Tool 

As indicated earlier, the Unicaf-approved questionnaire (Appendix G) was the tool 

deployed in this study to collect data from the study participants. This tool was piloted on 30 

participants who did not take part in the final survey, and it was also reviewed by 3 other PhD 

holders to enhance the reliability and validity of the instrument. The tool was an electronically 

distributed, self-administered questionnaire. 

The study questionnaire was deployed electronically using the stratified random sampling 

method. This was to ensure that the number of questionnaires sent was in proportion to the number 

of employees in each bank. Table 12 below shows the minimum number of questionnaires that 

were targeted at each bank. The minimum number of questionnaires sent to each bank was arrived 

at by dividing the bank’s employees by the total number of employees for all banks and multiplying 

this by the sample size as determined by the KMT (361 in this case). 

Table 12 

Minimum Number of Questionnaires per Bank 

Bank Number of employees Minimum Number of Questionnaires 

AFC Bank 553 37 

BancABC 63 5 

CBZ 1094 70 

FBC Bank 426 27 

First Capital Bank 545 35 

Metbank 89 5 

Nedbank 320 21 

NMB 425 27 

Stanbic 519 33 

FBC Crown 236 15 

Steward Bank 440 28 

ZB Bank 666 43 

Ecobank 230 15 

Total 5606 361 
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Table 12 presents the minimum number of questionnaires allocated to each bank using 

proportional stratified random sampling. Because the population size of each commercial bank 

differed, the number of distributed questionnaires was calculated in proportion to each bank’s 

share of the total population of 5,606 employees. This ensured that larger banks received more 

questionnaires and smaller banks received fewer, thereby improving representativeness across 

strata. Although the planned sample size was 361, based on the Krejcie and Morgan Table, the 

final number of valid responses received was 310 due to non-responses and incomplete 

submissions. Despite this, the realised sample (310) remained well above the minimum threshold 

of 92 required by the G*Power analysis, thus retaining adequate statistical power for SEM 

analysis. 

The link to the questionnaire was emailed and sent to the respondents via WhatsApp and 

LinkedIn. The survey was open for one month. Thereafter, the responses were extracted and loaded 

into SPSS version 26. 

vi. Data Collection Step 6: Data Handling and Analysis 

Because this study employed a cross-sectional survey, the participants were given two 

months to complete the questionnaire from April 1 to April 30. Constant follow-ups were made to 

improve the response rate (Smith et al., 2019). Such follow-ups included resending the 

questionnaire where responses were yet to be received. After being received, the data was stored 

in encrypted folders to maintain confidentiality. To address the research objectives, this data was 

analysed using descriptive statistics, inferential statistics, and structural equation modelling using 

SPSS. A detailed discussion of how the data was analysed is given in the following section. 
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3.10.2.Data Analysis 

Data analysis refers to the transformation of raw data into meaningful information to 

answer study questions (Thompson, 2022) using various tools. The process involves data 

verification, using relevant analysis procedures, and interpretation of the ensuing results to draw 

conclusions. However, to analyse data, the same needs to go through processing using various 

tools. This study collected data on five constructs (Digital Transformation, Employee Productivity, 

IT Capability, IT Innovation, and Commercial Bank Performance). The data collected was 

processed using SPSS version 26. The descriptive statistics for the demographic section were 

automatically generated by the online platform (Google Forms) that was used to deploy the 

questionnaire. This lines up with such studies as Diener and Špaček (2021), who carried out studies 

in a similar domain. 

In accordance with recent trends in the study of digital transformation and bank 

performance (Huang, 2023; İslatince, 2023; Marx et al., 2021; Shehadeh et al., 2023; Uribe-

Linares et al., 2023; Xinran et al., 2022; Zhu & Jin, 2023), the statistical tests that were applied in 

this study were descriptive statistics, inferential statistics such as structural equation modelling to 

determine relationships between study constructs, and Cronbach's Alpha to ascertain study tool 

reliability. These tests were helpful in this study as they ensured the reliability, validity, and 

generalizability of the results (López et al., 2022) on the impact of digital transformation on 

commercial bank performance. 

The data collected on all the above constructs was ordinal, meaning that it could be 

categorised and ranked, but the actual interval between these ranks cannot be measured. 

Consequently, Likert-type questions were formulated with scales categorised as follows: 1 = 

Strongly Disagree, 2 = Disagree, 3 = Uncertain, 4 = Agree, 5 = Strongly Agree. This data was 
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analysed using SPSS. Confirmatory Factor Analysis (CFA) was used, given that this variable has 

multiple-item rating scales, so it is important to assess their adequacy and validity (Pristiyono et 

al., 2022). In addition, CFA assisted in determining the correlation between the independent and 

dependent variables (Huang, 2023). The adoption of these approaches is supported by prior studies 

(Rios-Lama & Vargas-Merino, 2023) that have shown them to be valid tests within the quantitative 

paradigm to study the correlation, cause, and effect, as well as relationships between study 

variables. 

For each hypothesis, a careful selection of the most appropriate statistical test was made, 

taking into account the nature of the hypotheses as well as the variable constructs involved. 

Furthermore, the researcher considered the assumptions of each test to ensure the relevance of 

each test to be undertaken. The SEM was performed on the gathered data. This conforms to prior 

studies such as Rios-Lama and Vargas-Merino (2023). Further assumptions include that the 

variance in the population is homogenous, that observations at each bank are independent of each 

other, and that the sample size is large, as is the case in this study. In testing these hypotheses, the 

level of significance was set at 0.05. If the results of the tests were greater than the critical value, 

then the null hypothesis was to be rejected. Alternatively, if the calculated value was below the 

critical value, the null hypothesis was accepted while the alternative hypothesis was rejected. 

3.10.2.1. Structural Equation Modelling (SEM) 

Structural Equation Modelling (SEM) was employed in this study to test both the 

measurement model and the structural relationships among the constructs. SEM is appropriate for 

theory-testing research because it enables the simultaneous estimation of multiple relationships 

between latent constructs while accounting for measurement error. It is a cocktail of multivariate 

confirmatory techniques that enables the evaluation of a model’s goodness of fit (Selickaitė et al., 
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2019). However, SEM relies on several statistical and modelling assumptions. Prior to running the 

SEM analysis in AMOS, the researcher ensured that the core assumptions for SEM were 

reasonably satisfied, as outlined below. 

i. Multicollinearity 

SEM assumes that the predictor constructs are not excessively correlated to the extent that 

they create multicollinearity problems, which may distort parameter estimates and reduce the 

interpretability of individual construct contributions. In this study, multicollinearity was assessed 

at two levels to ensure the stability and validity of the SEM estimates. 

 Firstly, the study evaluated indicator-level multicollinearity through the examination of 

factor loadings within the measurement model during Confirmatory Factor Analysis (CFA). As 

per guidelines established in prior studies (Hair et al., 2021), indicators on the same factor with 

loadings exceeding 0.95 show that they are highly correlated, thus indicating redundancy. In all 

the cases, the CFA results in Table 13 confirmed that all standardised factor loadings for the 

observed variables on their respective latent constructs were substantive (ranging from 0.53 to 

0.90) yet below 0.95. This indicated that no individual indicator was excessively correlated with 

either its latent variable or with others on the same factor.  

Secondly, latent construct level multicollinearity was assessed through the examination of 

the correlations among latent variables and by testing for discriminant validity. Correlations above 

0.9 suggest that latent constructs are measuring the same thing. As can be seen from the correlation 

matrix among the latent variables (Table 13), most correlations were below this level. More 

formally, discriminant validity was established using the Fornell-Larcker criterion, where the 

square root of the Average Variance Extracted (AVE) for each construct was greater than its 

highest correlation with any other construct. This confirmed that the constructs—Digital 
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Transformation, Employee Productivity, IT Capability, IT Innovation, and Commercial Bank 

Performance—were statistically distinct and that multicollinearity did not pose a threat to the 

integrity of the structural model. 

Based on the above diagnostic evaluations, the data were deemed sufficient and suitable 

for SEM as multicollinearity was not present at a level that would compromise the estimation or 

interpretation of structural path coefficients. 

Table 13 

Factor Loadings for Latent Variables 

  Latent Variable 

Observed Variable 1 2 3 4 5 

Digital Transformation 0.65 0.69 0.70 0.82 0.75 

IT Capability 0.71 0.86 0.90 0.80 0.87 

Employee Productivity 0.54 0.55 0.82 0.57 0.76 

IT Innovation 0.85 0.53 0.81 0.74 0.81 

Commercial Bank Performance 0.62 0.78 0.85 0.72 0.78 

 

ii. Sampling adequacy and sample size 

SEM requires a sufficiently large sample for stable estimation, reliable standard errors, and 

meaningful model fit testing. In line with widely accepted SEM guidance (Wang & Rhemtulla, 

2021), a minimum sample size of 150 is considered adequate for most SEM applications. In this 

study, 310 valid questionnaires were received and analysed, which exceeds the recommended 

minimum and supports the robustness of SEM results. 

iii. Multivariate Normality 

SEM using Maximum Likelihood Estimation (MLE) assumes that the observed data 

reasonably approximates multivariate normality. To assess this assumption, univariate normality 
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was checked for each of the 25 observed indicators (measurement items) using the Shapiro-Wilk 

test.  

Table 14 

The Shapiro-Wilk Test 

 
   Statistic df Sig. 

DT1    .986 95 .211 

DT2    .924 95 .131 

DT3    .973 95 .217 

DT4    .936 95 .121 

DT5    .965 95 .211 

IT1    .988 95 .161 

IT2    .937 95 .151 

IT3    .925 95 .231 

IT4    .970 95 .111 

IT5    .908 95 .121 

ITN1    .972 95 .211 

ITN2    .992 95 .131 

ITN3    .991 95 .141 

ITN4    .999 95 .151 

ITN5    .902 95 .121 

CBP1    .987 95 .111 

CBP2    .928 95 .101 

CBP3    .995 95 .181 

CBP4    .906 95 .171 

CBP5    .926 95 .151 

EP1    .979 95 .141 

EP2    .901 95 .211 

EP3    .945 95 .111 

EP4    .909 95 .131 

EP5    .939 95 .221 

a. Lilliefors Significance Correction 

The results detailed in Table 14 confirmed that the significance (Sig.) values for all the 

indicators were greater than the alpha level of 0.05 (ranging from .101 to .231). This substantiates 

that the null hypothesis of normal distribution cannot be rejected for any individual item. While 

the Shapiro-Wilk test is sensitive to sample size, the consistent non-significant results across all 
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items, combined with an adequate sample size (N=310), support the conclusion that the data did 

not exhibit severe departures from univariate normality. This justifies the use of MLE for model 

estimation. 

iv. Missing data 

SEM assumes that missing data are minimal or that missingness occurs at random (in other 

words, missing completely at random or missing at random). Prior to analysis, the dataset was 

screened for missing values. To ensure data completeness, the study employed the listwise deletion 

approach (Amusa & Hossana, 2024). Only complete and usable responses were retained for 

analysis, thereby ensuring that the SEM estimation process was not compromised by incomplete 

cases. Rather, this approach helped maximise reliability of the study results while at the same time 

reducing the potential biases due to data that is not complete. 

v. Model Specification 

A key assumption in SEM is that the researcher specifies the model correctly, meaning that 

the conceptual model is theoretically justified and includes the key paths and constructs necessary 

to explain the phenomenon under investigation. In this study, the hypothesised SEM model was 

derived from the underpinning theoretical framework (TAM, DCT and DOF) and the reviewed 

empirical literature. This ensured that both the measurement model (construct-item relationships) 

and the structural model (relationships among constructs) were theoretically grounded and aligned 

with the research objectives and hypotheses. 

vi. Model Fit Hypotheses 

Model fit testing in SEM is conducted to determine whether the hypothesised model 

adequately represents the observed data (Kline, 2023). Consistent with SEM practice, the 

following model fit hypotheses were applied: 
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H0: The hypothesised model fits the observed data adequately as indicated by CFI ≥ 0.95, 

CMIN/Df ≤ 3, NFI ≥ 0.95, IFI ≥ 0.90, TLI ≥ 0.95, and RMSEA ≤ 0.8. 

H1: The hypothesised model does not fit the observed data adequately (CFI 0.95, CMIN/Df 

> 3, NFI < 0.95, IFI < 0.90, TLI <0.95, and RMSEA > 0.8). 

To evaluate these hypotheses, multiple fit indices were considered rather than relying 

solely on the Chi-square statistic, because the Chi-square is sensitive to sample size. Model fit was 

therefore assessed using indices such as Chi-Square divided by the degree of freedom (CMIN/Df), 

NFI (Normed Fit Index), IFI (Incremental Fit Index), TLI (Tucker-Lewis Index), Comparative Fit 

Index (CFI) and the RMSEA (Root Mean Square Error of Approximation), using recommended 

thresholds to determine acceptable and good model fit. The results, which confirmed that the 

model was a good fit, are discussed in the next chapter. 

3.11. Study Procedures and Ethical Assurances 

This section outlines how the study was conducted regarding the study respondents. It 

discusses the participant risks and the attendant ethical assurances. The section shows how the 

study achieved research ethics. 

3.11.1.Participants’ Risks 

The phase of data collection is regarded as highly sensitive and critical in the study process, 

given that it entails the researcher obtaining data from human subjects. Thus, it is vital to consider 

the risks that may be thrust on the respondents, given that this may have significant consequences 

for the study subjects (Hensen et al., 2021). Several prior studies have identified breach of 

confidentiality, undue influence, physical or psychological discomfort, and adverse effects from 

interventions as some of the risks that study participants may be exposed to (Moore et al., 2022; 

Pieper & Thomson, 2020; Xu et al., 2020). The researcher, therefore, assessed these potential risks, 
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and it was deemed that the risk was minimal. That as it may, even in cases of minimal harm, studies 

need to conform to standard ethical principles, as was the case with this study. 

3.11.2.Ethical Assurances 

Since this study collected primary data from employees of commercial banks in Zimbabwe, 

it was essential to obtain ethics approval. Congruent with Unicaf University’s code of ethics, the 

study received the requisite approval from the Unicaf Research Committee (UREC), as shown in 

Appendices A and B. Secondly, the researcher obtained approval from the Research Council of 

Zimbabwe, which is the apex body that deals with research in Zimbabwe. Lastly, the involved 

banks, through their gatekeepers, also allowed the researcher to use their employees as 

respondents. These approvals were necessary given that this study involved human beings as 

respondents (commercial banking employees). Such approval aims to ensure that this study is 

conducted in a way that upholds both professional and ethical standards, thereby respecting 

participant rights (Riley et al., 2023). 

Various ethical principles must be upheld in research that involves human beings, and these 

principles include informed consent, confidentiality, anonymity, doing no harm, and protecting 

vulnerable populations (Seneviratne, 2023). This study involved collecting data from employees 

of commercial banks; thus, upholding ethical standards was considered a priority. Specifically, 

these were achieved as outlined in the section below. 

3.11.2.1. Informed Consent 

Before embarking on data collection, a researcher needs to obtain informed consent from 

the study subjects (Kovane et al., 2022). Informed consent refers to the approval given by the study 

subject to the researcher to volunteer in the study (Xiang, 2022). This study, therefore, sought 

permission at two levels. The commercial banks were asked to allow their employees to contribute 
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to the study, and the actual participants had to complete the informed consent forms. Room for 

further clarification was given to the participants. Furthermore, this ethical standard requires that 

participants be adequately informed about the research and its implications (Mannelli, 2022). 

Consequently, the participants were advised of the study's purpose, duration, procedures, and their 

entitlement to stop participating at any time without the need to give reasons. Because this study 

did not require responses from children or participants who could not represent themselves, 

guardian consent procedures were not necessary. 

3.11.2.2. Confidentiality 

According to Franzen (2021), confidentiality in research concerns the security of 

information and the privacy of those participating in the research. The study upheld confidentiality 

by not disclosing information from participants to other participating employees, participating 

commercial banks, or anyone else. In addition, secure communication protocols help achieve 

confidentiality (Magnani et al., 2018); thus, this study used online platforms with secure 

connections, and the received data was encrypted to ensure only the researcher had access. All the 

information that was provided to the researcher was treated as confidential, although participants 

would have freely provided that information. Following views from Surmiak (2020), this research 

advised the respondents how the provided information would be used so that they also exercised 

their right to have such information not used in the future in need. This was mainly achieved by 

outlining the above in the introductory section of the questionnaire.  

3.11.2.3. Anonymity 

Anonymity in research entails safeguarding the identity of those participating in the study 

either by keeping their personal information confidential or by ensuring that neither the researcher 

nor any other person knows their identity (Moses, 2021). This study achieved anonymity by 
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avoiding mentioning the names of the participants and the participating banks when reporting the 

results in the final thesis version. The questionnaire also avoided having participants' names on it. 

Where necessary, pseudonyms were assigned to participants to protect their identity and achieve 

anonymity (Dougherty, 2021). In addition, the responses were not linked to a particular individual 

or institution. 

3.11.2.4. Minimisation of Harm 

It is generally accepted by academia that participants must not be subjected to risks that 

exceed those to which they would be exposed in their normal lives (Howell, 2023). This study 

achieved this by getting informed consent (Mannelli, 2021) and upholding confidentiality and 

anonymity, as this has been seen to reduce emotional harm that may be associated with participants 

being exposed as having participated in a study (Woods et al., 2022). In addition, the study topic 

was carefully selected to ensure that it did not involve any bodily harm to participants. 

3.11.2.5. Protection of Vulnerable Populations 

Research may include such vulnerable populations as severely disabled people, persons 

with severe mental disabilities, and children. These individuals may not be able to provide valid 

consent to the study; therefore, to protect them, researchers are required to involve a family 

member or legal guardian (Raburn et al., 2023). This study did not include any persons considered 

vulnerable to ensure that the study fulfilled ethical standards. 

3.11.2.6. Role of the Researcher 

The researcher’s interaction with respondents was minimal. This is because the study took 

a quantitative approach. The researcher’s role was therefore to adhere to ethical principles to avoid 

such issues as data fabrication and misrepresentation, as this would compromise the integrity of 

the inquiry (Zyphur & Pierides, 2019). Furthermore, the researcher achieved objectivity by 
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reflecting on any potential biases and prejudices that may have impacted the research. Following 

McKenna et al. (2020), this study used rigorous research methods with the researcher taking a 

neutral stance to enhance the credibility of the results, thus reducing personal biases. 

3.12. Chapter Summary 

Overall, this chapter gave an overview of the study methodology, breaking down the 

attendant approaches and techniques used for conducting this study. The chapter started by 

revisiting the study problem and purpose statements. The problem statement revealed that the 

subject of DT has generated significant interest (Cheng et al., 2023) and the need for the 

implementation of DT has been premised upon technological ubiquity (Jihane & Aziz, 2022; 

Kitsios et al., 2021), high DT failure rates (Diener & Špaˇcek, 2021; Sia et al., 2021), and threats 

from competition (Jihane & Aziz, 2022; Khams, 2022; Tran et al., 2022; Wewege et al., 2020). It 

also revealed that there is inadequate contextual literature (Chinakidzwa, 2020; Wadesango, 2020), 

and most studies have covered other geographical areas such as Europe and Asia (Sia et al., 2021). 

Furthermore, most of these studies employed either case studies or adopted a qualitative approach 

(Boufounou et al., 2022), creating gaps that this study aimed to close. The chapter then gave the 

study's purpose, which coincides with the problem statement, showing that this study aimed to 

investigate the DT framework constructs that aid the successful implementation of DT, thereby 

enhancing the performance of commercial banks. 

The chapter moved on to discuss the philosophy underpinning the study. It showed that 

this study is undergirded by a positivist approach since it assumes that relationships exist between 

the study constructs, and these are measurable. The justifications for selecting this approach were 

highlighted, and this included that this approach resonates with the quantitative design approach 

(Scalcău, 2023). In addition, the chapter revealed that this study took a quantitative approach as it 
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aims to assess relationships between DT and employee productivity, IT capability, IT innovation 

and commercial bank performance. Reasons for using that approach include the need to generalise 

results (Iluba & Phiri, 2021), that it dovetails with earlier studies in a similar field (for example, 

Huang, 2023; Kontic & Kontić, 2023) and that it addresses the study objectives. It is also explained 

in this chapter that the study used a survey through the deployment of an online structured 

questionnaire, which allowed the researcher to gather data from a large number of respondents 

(Osei et al., 2023). For a meaningful data-gathering exercise, the researcher needs to identify the 

relevant population. 

It was shown that the Zimbabwean commercial banks were the unit of analysis, while their 

employees were the unit of observation. The chapter discussed the population of interest, the target 

population, and the sampling frame. It further showed that there was a need to determine the 

minimum sampling size by carrying out an a priori analysis (Memon et al., 2021) using the 

G*Power 3.1.9.7 software that was triangulated with Krejcie and Morgan’s (1970) table. The use 

of the KMT was justified by its robustness, ease of use, and proven reliability (Alrawashedh & 

Shubita, 2024; Asamoah et al., 2024; Schmidt & Hollestein, 2018), while power analysis was 

shown to be helpful when hypothesis testing is applied, which is the case in this study. 

The methodology chapter explained and justified the instrument used to collect data. It was 

shown that this study applied a structured questionnaire that had closed-ended questions. The 

questionnaire was applied as it lined up with the nature of the study and assisted in meeting the 

study objectives by ensuring that the research questions were answered and aligned with previous 

studies (Charu et al., 2023; Hasan & İslatince, 2023; Kitsios et al., 2021) by adapting its 

measurement scales to earlier valid research. It was also discussed in this chapter how instrument 
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reliability and validity would be achieved. The chapter showed that the study involved interactions 

with humans; therefore, it was important to consider ethics in carrying out the research. 

The chapter gave operational definitions of the main variables that pertain to the study 

topic, and these are identified as DT, employee productivity, IT capability, IT Innovation, and 

commercial bank performance. This was important as it allowed the quantification of the variables 

(Chittaranjan & Andrade, 2021). 

To achieve ethical standards, it was shown in this chapter that the researcher received 

approval from the university’s Research Ethics Committee (UREC), the Zimbabwe Research 

Council and the respective bank gatekeepers to proceed with the study, having satisfied the ethical 

standards of the institution. The chapter showed that the study complied with such ethics as 

confidentiality, anonymity, informed consent, and protection from harm, as well as protecting 

vulnerable populations (Magnani et al., 2018; Seneviratne, 2023; Woods et al., 2022). 

Having discussed the ethical assurances, the chapter outlined how data was to be collected 

and analysed. It outlined the data collection steps and showed that this was a six-step process, and 

a clear data collection process allows replication and aids the validity of the study (Surucu & 

Maslakci, 2020). Data analysis was also explained, with SPSS being highlighted as the main 

analysis software. Structural Equation Modelling (SEM) was advanced as one of the analysis 

methods, with the use of both descriptive and inferential statistics being justified. The chapter 

concluded by explaining the hypothesis analysis procedure. Following this, the next chapter 

presents data analysis and the requisite results. 
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CHAPTER 4: RESULTS 

4.1. Chapter Overview 

This study intended to investigate the impact of DT on the performance of commercial 

banks in Zimbabwe, considering the mediating role of IT capability by taking into account the 

views of commercial bank employees in the country. This is against the backdrop of conflicting 

literature results. While some have associated DT with improved commercial bank performance 

(Sia et al., 2021; Zuo et al., 2021), some retained results that showed that DT may negatively 

impact performance (Reis & Melao, 2023; Tran et al., 2023). Furthermore, the area seems to have 

had few studies in the context of Zimbabwean banks, given that studies on DT have focused on 

other areas and other industries (Hakizimana et al., 2023; Hokonya, 2024; Masinire et al., 2023). 

The role that IT capability plays in ensuring that commercial banks achieve the DT journey 

objectives has not been adequately studied in the literature (Cappa et al., 2020; Goldfarb & Tucker, 

2019; Wang, 2023). Because not much effort has been put into bringing out how IT capability 

influences the relationship between DT and commercial bank performance, this study proposes to 

remedy this by looking at this relationship in the specific context of Zimbabwean banks. 

The purpose of this study was informed by the fact that most studies that considered the 

impact of DT on the performance of commercial banks and the mediating role of IT capability 

were mostly done in developed and Asian countries (Cappa et al., 2020; Goldfarb & Tucker, 2019; 

Xie & Wang, 2023). It was therefore thought to be helpful to examine this topic in the specific 

context of Zimbabwean commercial banks. As explained in the literature review, it appears most 

studies applied a case study approach and a qualitative paradigm (Hakizimana et al., 2023; 

Hokonya, 2024; Masinire et al., 2023). In order to widen the methodological approach, this study 
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therefore sought to apply a quantitative study paradigm focusing on the commercial banks in 

Zimbabwe.  

To achieve the study objectives, this study was guided by the positivist research philosophy 

in line with similar studies (Iluba &Phiri, 2021; Phadraig et al., 2023). This supported the 

quantitative research approach adopted by the study, given its intention to examine relationships 

between the study parameters outlined in the previous chapters. Furthermore, this study 

implemented a survey as the design of choice due to its capacity to allow the collection of large 

amounts of data for further statistical iterations (Osei et al., 2023; Roh et al., 2021). 

The survey distributed online questionnaires to commercial banking employees chosen 

using the random sampling method. The questionnaire had closed-ended questions that made use 

of the Likert Scale. The data collection was done with full consideration of research ethics. This 

included getting approval from the university’s ethics committee, obtaining approval from banks 

to obtain responses from their employees through signed gatekeeper letters, obtaining informed 

consent from the participants and upholding such ethical principles as confidentiality, anonymity, 

minimisation of harm, as well as the protection of vulnerable populations. 

The collected data were analysed using the CFA and path analysis. However, it was 

initially subjected to data quality checks by carrying out Exploratory Factor Analysis (EFA) as 

well as reliability and validity of the study instrument. 

In order to provide a systematic presentation of the study results, this chapter is organised 

as follows. The results section was preceded by a section that considers the trustworthiness of 

the data. This was followed by a discussion of the reliability and validity of the deployed 

questionnaire. Both internal and external validity were be considered in this section, showing how 

these were achieved in the context of this research. 
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The results section is organised such that the response rate, demographics and the profile 

of participants are presented first. This is followed by the presentation of any descriptive statistics 

pertaining to the study. Such descriptive statistics include the presentation of the mean and 

standard deviation. Furthermore, SEM, CFA, and path analysis are discussed in this section.  

Subsequently, the rest of the chapter was arranged in accordance with the study hypotheses. 

The results pertaining to the assertion that the effects of DT on the performance of employees of 

commercial banks in Zimbabwe are positive and significant were presented. Similarly, results 

associated with the hypothesis that DT has a positive influence on the IT capability of Zimbabwean 

commercial banks were presented. This was followed by a consideration of the results associated 

with the hypothesis, which theorises that the impact of DT on IT innovation by commercial banks 

in Zimbabwe is positive and significant. In addition, the results associated with the assertion that 

the influence of IT innovation on the performance of Zimbabwean commercial banks is positive 

and significant were presented. Results associated with the hypothesis that IT Capability positively 

influences the performance of Zimbabwe’s commercial banks were provided. This section also 

presents results associated with the hypothesis that employee productivity positively affects 

commercial bank performance in Zimbabwe, as well as the two hypotheses that propose that the 

mediating impact of IT capability on the relationship between DT and commercial bank 

performance in Zimbabwe is positive and that the relationship between digital transformation and 

Zimbabwean commercial bank performance is positive and significant. 

Before giving the chapter summary, this section briefly presents an evaluation of the study 

results. The chapter terminates with the chapter summary, which presents the key points that have 

been covered in this chapter. 
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4.2. Trustworthiness of Data 

This section discusses how the data that was collected met the four tenets of data 

trustworthiness. These four canons of data trustworthiness encompass credibility, transferability, 

dependability and confirmability (Babatunde, 2024; Condon et al., 2022; Kyngäs et al., 2020). 

Data trustworthiness is considered high in quantitative studies because this impacts the accuracy, 

reliability, and validity of study conclusions. Resultantly, this study employed various techniques 

to ensure that these principles are upheld. The following section explains the steps taken to achieve 

this. 

4.2.1. Credibility 

This pertains to the trust and confidence that can be assigned to the truthfulness of study 

outcomes by ensuring that the research results are an accurate reflection of the views and 

experiences of study respondents (Babatunde et al., 2024). Creswell and Poth (2018) view 

credibility in a study as the extent to which the results of that study can be trusted and believed. 

Babatunde et al. illuminate that credibility in quantitative studies mirrors internal validity, which 

focuses on the accuracy of a study’s design, measurement and the accuracy of the results in 

representing the relationships between the study constructs. This can only be achieved if the data 

collected is also credible.  

This study sought to examine the impact of DT on commercial bank performance, 

considering the mediating effects of IT capability. In order to achieve credibility of the data that 

was collected using a survey and the deployment of an online questionnaire, such techniques as 

triangulation of data sources through collecting data from different financial institutions (13 

commercial banks), as opposed to one case study, assisted in enhancing the credibility (Kyngäs et 

al., 2020). This approach follows similar studies in the literature (Alrawashedh et al., 2024; Li, 
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2024; Pham, 2023) in studying a similar subject. These credible studies used primary data from 

various banks, confirming that using data from different organisations assists in achieving 

credibility in a quantitative study.  

Creswell and Poth (2018) assert that studies can achieve credibility by subjecting the data 

and study process to peer debriefing. This involves consulting colleagues or experienced 

researchers. In this study, this was done by engaging at least three PhD holders, including the 

supervisor. This assisted in identifying issues that may negatively impact the study's credibility, 

and these were addressed upfront. Some such issues that were avoided as a result of these 

consultations included the need for the researcher to collect the data himself rather than engaging 

third parties. 

Quantitative studies need to employ reliable and valid measurement tools if they are to 

achieve or enhance credibility and use proper sampling methods and statistical tests that assess 

study hypotheses in an accurate manner (Babatunde, 2024; Sürücü & Maslakcı, 2020). 

Consequently, this study employed valid measurement scales from prior valid studies. A 

comprehensive statistical analysis method (Structural Equation Model) was employed. This is 

consistent with prior valid studies (Bhuvaneswari & Maruthamuthu, 2024; Murrar et al., 2024; 

Shameem et al., 2024). The SEM statistical tool has been hailed for its ability to handle multiple 

relationships, account for measurement errors, provide indices to assess how the model fits the 

data, and combine multiple regression and factor analysis (Plugge & Nikou, 2024). 

Furthermore, this study carried out data cleaning by ensuring that the data is accurate and 

not corrupted by verifying the correctness and consistency of data entries. This is in line with 

Pilowsky et al. (2024), who posit that implementing a structured data-cleaning framework helps 

to achieve the credibility of a quantitative study. Similarly, Jafri (2022) illuminates that the 
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credibility of data in a quantitative study applying primary data requires systematic techniques that 

standardise the dataset. As a result, this study identified inaccuracies, removed any duplicates and 

ensured that data formats were consistent. It also identified outliers and normalised these to achieve 

data consistency. Overall, this study aligns with Pilowsky et al. by ensuring that reliability in this 

study is enhanced by ensuring data integrity, consistency, completeness and accuracy. 

4.2.2. Transferability 

This involves how study results can be used in other contexts or groups, or rather how 

individuals can juxtapose their context of study, thereby enabling the generalisation of results to 

other contexts (Merriam & Tisdell, 2016). This means that the data collected for the study must 

lend itself to being generalised. Transferability in quantitative studies has been seen to be related 

to external validity (Babatunde, 2024). In line with Kyngäs et al. (2020), this study ensured that a 

detailed description of the methodology and research context was provided so that others could 

examine if the results apply to their contexts. The use of statistical generalisation, giving a clear 

sample characteristics description and a clear description of the research context, can also assist in 

achieving transferability (Babatunde). This study applied rigorous statistical approaches and tests, 

and had a clearly defined sample, being commercial banking employees, achieved through 

triangulating power analysis and the Krejcie and Morgan (1970) table. Data was collected from 

commercial banks using a stratified random sampling technique. The population of interest was 

also defined, and this ensures transferability (Spake et al., 2022). 

4.2.3. Dependability 

A study achieves dependability by employing intersecting approaches and a detailed 

description of the methodology employed (Babatunde, 2024). Dependability mirrors reliability in 

the context of quantitative studies. This study on the impact of DT on commercial bank 
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performance, considering the mediating impact of IT capability, employed different statistical 

techniques and collected 310 data points, offering a dataset that is robust and in need of any 

replication, as is the case with Asamoah (2024). In order to achieve consistency in this study, 

standardised data collection procedures were applied (Kuckartz & Rädiker, 2019). An online 

survey was conducted using a questionnaire with closed-ended questions and standard Likert 

Scales. A pretest of the survey instrument was done, and a pilot survey involving 28 participants 

was also instituted. To cement dependability, the study applied Cronbach’s Alpha (Kimathi et al, 

2024; Nguyen-Viet & Nguyen, 2023). 

4.2.4. Confirmability 

Data confirmability is critical in research as it ensures objectivity and reduces researcher 

bias. This pertains to having results that have not been influenced by the bias of the one carrying 

out the research by basing them on data alone (Babatunde, 2024). In this study, confirmability was 

achieved through the use of data analysis methods that can be replicated as well as methodological 

approaches that can be verified independently (Chung et al. 2020). These statistical data analysis 

methods included the use of SPSS and application models such as SEM. This aligns with 

Alrawashedh and Shubita (2024), who applied regression analysis to confirm the impact of DT on 

firm performance.  Furthermore, confirmability in this study was enhanced by keeping a traceable 

data collection and analysis process. The data was collected using the Google Forms platform, 

which provided the first layer of the analysis. SPSS was also employed to provide another layer of 

analysis.  

Nonetheless, methodological weaknesses still present themselves in a manner that may still 

impact the study results, thereby presenting confirmability challenges. Specifically in studies 

involving DT, the complexity of this phenomenon as it pertains to its impact on performance and 
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the mediation of IT capability may result in significant variations in the study results due to 

differing contexts and external influences (Miklaszewska, 2022; Nguyen-Viet & Nguyen, 2023). 

In this study, this weakness was addressed through the application of diverse methodologies such 

as power analysis combined with Krejcie and Morgan’s 1970 table, as well as other robust 

methodologies outlined above.  

4.2.5. Reliability and Validity of Data 

This section considers the twin aspects of validity and reliability. It has been observed in 

the literature that ensuring reliability and validity is crucial in research, as this ensures that the 

study accurately reflects the concepts that it seeks to examine (Ahmed & Ishtiaq, 2021). According 

to Sürücü and Maslakçı (2020), quantitative studies must test both the reliability and validity of a 

measuring instrument, and these two constructs need to be satisfied. They argue that reliability is 

not by itself sufficient to achieve validity, given that a reliable test may not be accurate in 

pinpointing the desired quality or behaviour. Consequently, this study assessed both the reliability 

and validity of the data using various metrics such as the Indicator Reliability (Factor Loadings), 

Cronbach’s alpha, Average Variance Extracted (AVE) and Composite Reliability as shown in 

Table 13. This table indicates that the data satisfied the minimum thresholds. 

4.2.5.1. Reliability 

This has been defined as the ability of measuring instruments to maintain the same results 

when used at different intervals in time, thus displaying consistency over time (Sürücü & Maslakçı, 

2020). A reliable instrument is essential in a study as it assures healthy study results that can be 

relied upon. Consequently, researchers must increase study reliability by applying measurement 

scales whose validity and reliability have been tested in prior studies (Lamm, 2020). This study, 

therefore, adapted measurement scales from prior valid studies as shown in the previous chapter.  
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Reliability and validity tests were conducted to ensure that the measurement instruments 

used in this study were both consistent and accurate. As shown in Table 13, all constructs achieved 

Cronbach’s alpha values above the recommended threshold of 0.70, indicating strong internal 

consistency. Composite reliability (CR) values presented in Table 14 were also above 0.70, 

confirming that the items within each construct reliably measured the same underlying concept 

(Zhu & Jin, 2023). Furthermore, indicator reliability, internal consistency reliability, 

and convergent reliability were measured as explained in the following section. 

i. Indicator Reliability 

It is generally accepted that reflective indicator loadings with values that exceed 0.5 

confirm the sufficiency of an item as a measure of that construct (El-Den et al., 2020; Hair et al., 

2021; Tavakol & Wetzel, 2020). Tests carried out for this study, displayed in Table 13 below, 

show that all the indicator loadings exceeded 0.5, thus satisfying the requirements of indicator 

reliability. 

ii. Internal Consistency Reliability 

Internal Consistency reliability refers to how a set of measures in a test examines a given 

variable and is commonly measured using Cronbach’s Alpha (Nawi et al, 2020) as well as 

Composite Reliability (CR) (Hair et al., 2021). In studying the DT success factors in Sri Lankan 

commercial banks, Madanayake and Yapa (2024) agree with Ouma and Ndede (2020) in their 

studies on the impact of digital innovations on the performance of Kenyan banks that a Cronbach’s 

Alpha value exceeding 0.7 is considered sufficient in indicating internal consistency reliability. 

Similarly, other authors (Zhang et al., 2024; Zhu & Jin, 2023) posit that a CR value of 0.7 and 

higher reflects sufficient internal consistency reliability.  
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As indicated in Table 15 below, the DT scale, which consists of 5 items, returned a 

Cronbach’s Alpha of 0.86, indicating good reliability. The employee productivity measure, made 

up of 6 items, showed a Cronbach’s Alpha of 0.8, exceeding the 0.7 level, thus confirming good 

reliability. The other measures encapsulating IT Capability, IT innovation and Commercial bank 

Performance (All with 6 items each) returned Cronbach’s Alphas of 0.78, 0.79 and 0.79, 

respectively. All these surpassed the 0.7 level by significant levels, suggesting strong internal 

consistency. That all the Cronbach’s Alphas exceeded 0.7 for all the measures confirms that this 

study achieved internal consistency (Hair et al., 2021). Further, this study confirmed reliability 

through the use of composite reliability, which turned out to be above 0.7 for the various measures 

of each study variable. 

iii. Convergent Reliability 

Convergent validity was assessed through the Average Variance Extracted (AVE) (Osei et 

al., 2023) values in Table 15, all of which exceeded the minimum acceptable level of 0.50. This 

demonstrates that each construct explains more than half of the variance of its indicators. 

Additionally, discriminant validity was confirmed as the square root of each construct’s AVE was 

greater than its correlations with other constructs, indicating that the constructs were statistically 

distinct from one another. Together, these results validate the suitability of the measurement model 

and support the reliability of the subsequent SEM analysis. 

Factor loadings were obtained through Confirmatory Factor Analysis (CFA) conducted in 

SPSS AMOS (version 26) as part of the SEM measurement model. CFA was used to validate the 

indicator–construct relationships specified a priori, based on the study’s conceptual framework 

and measurement scales adapted from prior empirical studies. The standardised factor loadings 

(standardised regression weights) for each indicator were extracted from the CFA output. 



214 

 

Table 15 

Reliability and Validity 

Variable Code Measurements Standardised 

Factor 

Loadings 

Cronbach 

Alpha 

Average 

Variance 

Extracted 

Composite 

Reliability 

Digital 

Transformation 

 

DT1 

Our bank is pushing new 

business methods based on 

technologies such as big data 

analytics, and social media 

platforms 

0.62 

0.86 0.58 0.81 

DT2 

Our bank is combining digital 

tools such as social media, big 

data analytics, cloud, and mobile 

technologies to facilitate change 

0.68 

DT3 

Our bank is transitioning toward 

the utilisation of digital 

technologies such as big data 

analytics, cloud, mobile, and 

social media platform. 

0.64 

DT4 

The bank’s IT application 

portfolios have facilitated the 

achievement of digital 

transformation by the bank 

0.74 

DT5 

The bank employs various digital 

tools including data analytics, 

social media, and cell phone and 

embedded services to know 

customers better. 

 

0.68 

Employee 

Productivity 

EP1 
The employees of the firm fully 

participate in the DT of the bank. 
0.54 

0.80 0.53 0.79 

EP2 

The DT in our bank enhances 

employee motivation, 

knowledge, competence and 

digital leadership. 

0.56 

EP3 

The ICT resources from our 

bank’s DT program improve 

work efficiency 

0.80 

EP4 
I can easily understand and use 

new ICT deployed by the bank. 
0.59 

EP5 

The ICTs used by our bank 

enable me to accomplish my 

tasks faster. 

0.77 
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Variable Code Measurements Standardised 

Factor 

Loadings 

Cronbach 

Alpha 

Average 

Variance 

Extracted 

Composite 

Reliability 

IT Capability 

IT1 

The bank invests in IT 

application portfolios and the 

latest technology to facilitate 

digital transformation. 

0.72 

0.78 0.60 0.92 

IT2 

The bank’s data administration 

services and designs are superior 

to the competition. 

0.85 

IT3 

The bank always combines its 

strategic planning and IT 

planning to achieve digital 

transformation. 

0.90 

IT4 

Our bank’s IT helped to improve 

organisational performance in 

the last three years. 

0.81 

 

IT5 

The bank continually endeavours 

to enhance the effectiveness of 

IT use to accomplish digital 

transformation. 

 

0.88 

 

IT Innovation 

ITN1 

The bank’s DT produces IT 

innovations of superior quality to 

the competition 

0.85 

0.75 0.55 0.87 

ITN2 

At this bank, our IT staff are 

encouraged to be the most 

creative IT department in the 

commercial banking sector 

0.53 

ITN3 

The bank’s DT program allows 

the bank to produce new 

products constantly 

0.82 

ITN4 
Our IT innovations increase the 

quality of current products 
0.74 

ITN5 

The bank’s IT innovations give it 

an edge in marketing over the 

competition 

0.81 

Commercial 

Bank 

Performance 

CBP1 

Over the previous three years, 

our bank’s performance as 

evaluated by the return on 

investment (ROI) has been better 

than the competition 

0.61 

0.79 0.52 0.86 

CBP2 

Over the past 3 years, our bank’s 

expenses and costs have been 

lower than our competitors 

0.78 
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Variable Code Measurements Standardised 

Factor 

Loadings 

Cronbach 

Alpha 

Average 

Variance 

Extracted 

Composite 

Reliability 

CBP3 

The bank’s digital transformation 

initiatives have seen an increase 

in customer satisfaction over the 

past 3 years. 

0.85 

CBP4 

Over the past 3 years, our bank’s 

net profit has been higher than 

our competitors due to digital 

transformation initiatives. 

0.71 

CBP5 

The bank experienced revenue 

growth that exceeded the 

competition during the past three 

years. 

0.77 

 

The CFA results show that all items loaded positively onto their respective constructs. The 

majority of factor loadings met the recommended threshold of ≥0.70, with all acceptable loadings 

above 0.50, indicating adequate item reliability. Composite reliability values exceeded 0.70 for all 

constructs, confirming internal consistency. AVE values exceeded 0.50, confirming the 

convergent validity of the measurement model. 

4.2.5.2. Validity 

As Sürücü and Maslakçı (2020) illuminate, the concept of validity is closely associated 

with reliability, yet they express divergent properties of the instrument used in the study. It has 

been suggested in the literature that an instrument can be reliable yet fail to be valid (Teglasi et al., 

2023). It was therefore important in this study to ensure that while having achieved reliability, the 

study also achieves validity.  

In general, validity has been defined as the extent to which an instrument measures what it 

intends to measure; therefore, it has been regarded as a measure of how effectively an instrument 

carries out its measurement function (Sürücü & Maslakçı, 2020). Validity is often regarded as 
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being made up of internal and external validity. Internal validity is concerned with the extent to 

which the measurement and the respective tests are themselves valid (Zhu & Yin, 2023). On the 

other hand, external validity refers to the generalizability of a study to other settings, populations 

and times, thereby extending the applicability of the research beyond the current settings (Zhang 

et al., 2024). 

i. Internal Validity 

In order to achieve internal validity, this study addressed the issue of selection bias by using 

the stratified random sampling method (Osei et al., 2023). This is because it allows subgroups 

within a population to be represented in proportion to their size. Consequently, there is no reason 

to believe that the study participants would have different experiences from those not selected. 

According to Sekaran and Bougie (2016), internal validity is solidified by using a simple random 

sampling method, as this helps deal with statistical regression effects that are, in most cases, 

responsible for threatening internal validity. While stratification was done, the elements were then 

chosen using random sampling. Furthermore, the use of the more advanced SEM addressed 

potential confounding variables (Zhang et al., 2024), thereby strengthening the study’s internal 

validity. 

ii. External Validity 

In order to achieve external validity, it was imperative that this study address the factors 

that influence the construct, and this includes study design, selection of the study variables, as well 

as the sample size (Webster-Clark et al., 2024). Because this was a study that hypothesised 

relationships between dependent and independent variables, a quantitative study design was used. 

The selected variables were supported by prior valid research, thereby enhancing the external 

validity of this study. Furthermore, the use of a stratified random sampling method helped in 
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enhancing the generalizability of the study to wider populations (Bougie, 2016) and hence attain 

external validity. 

 In line with some authors (Zhang et al., 2024; Zhu & Jin, 2023), this study employed a 

survey design which collects data from a larger and more diverse sample (in contrast to a case 

study), which improves generalizability, thereby enhancing the external validity of this study. In 

addition, the use of statistical analysis, such as SEM, helped identify patterns and relationships 

that can be generalised to the broader banking population. 

iii. Convergent Validity 

Convergent validity is interpreted as the extent to which various items defining or 

measuring a construct are related to each other or the degree to which they correlate, showing that 

they cohesively measure a similar variable (Lim, 2024). A study that achieves these two validity 

indicators is said to have achieved construct validity (Engelhard et al., 2020). Prior studies (Lim, 

2024; Makumbe, 2022; Moher et al., 2020) posit that convergent validity for adapted measures is 

best tested by applying confirmatory factor analysis (CFA). Consequently, studies must apply 

AVE and Composite Reliability, and the factor loadings must exceed 0.5 and 0.7, respectively 

(Bagozzi, 1986; Hair et al., 2021).  

Convergent validity was assessed using the factor loadings, Composite Reliability (CR) 

and Average Variance Extracted (AVE). Consistent with recommended thresholds, factor loadings 

≥ 0.50 (preferably ≥ 0.70), CR ≥ 0.70 and AVE ≥ 0.50 were considered evidence of adequate 

convergent validity. The results of the tests are presented in Table 16 below. 
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Table 16  

Convergent Validity 

Variable Average Variance Extracted Composite Reliability 

Digital Transformation 
0.58 0.81 

Employee Productivity  0.53 0.79 

IT Capability 0.60 0.92 

IT Innovation 0.55 0.87 

Commercial Bank Performance 0.52 0.86 

 

As shown in Table 16 above, all average variance extracted and composite reliability 

loadings for the study variables exceeded 0.5, indicating that more than half of the variance in the 

indicators was accounted for by the latent construct. In addition, composite reliability scores all 

exceeded 0.7, demonstrating strong internal consistency. This confirms that the items that were 

used to measure each of the constructs were reliable and converged appropriately. Given that all 

the constructs displayed strong and positive influence on commercial bank performance (Betas 

ranging from 0.09 to 0.91 and all p values of 0.001), the study findings can be interpreted with 

confidence, given that all constructs involved demonstrated strong convergent validity. 

iv. Discriminant Validity 

On the other hand, Discriminant Validity evaluates the extent to which the individual study 

constructs are distinctive, thus ensuring that unrelated variables are not correlated (Moher et al., 

2020). Concerning discriminant validity, this study applied Fornell and Larcker’s (1981) model. 

This states that discriminant validity is achieved if the square root of the AVE for each variable 

exceeds the variable’s highest correlation with any of the other variables in the study. The square 
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root of the AVE for each latent variable is depicted in Table 17 below. The AVE is presented 

diagonally in bold italics in the highlighted boxes. The attendant correlations of each latent variable 

with each other latent variable in the study are also presented. The results confirm that the diagonal 

values (√AVE) exceed the corresponding inter-construct correlations, indicating satisfactory 

discriminant validity across the measurement model. 

Table 17  

Discriminant Validity 

 Digital 

Transformation 

Employee 

productivity 

IT Capability IT 

Innovation 

CBP 

Digital 

Transformation 0.76     

Employee 

productivity 0.72 0.73    

IT Capability 
0.69 0.72 0.77   

IT Innovation 
0.70 0.71 0.73 0.74  

CBP 
0.71 0.65 0.70 0.71 0.72 

Note: CBP = Commercial Bank Performance 

 

The results presented in Table 17 above reflect that the square root of the AVE of the 

measured latent variables is in all cases higher than any of the correlations with any other variable. 

This satisfies the Fornell-Larcker criteria (Hair et al., 2021), and this therefore confirms that each 

variable captures its own unique portion of the variance in comparison to other variables in the 

model. Consequently, it can be concluded that this study achieved discriminant validity. 

 The establishment of the discriminant validity in Table 17 strengthens the confidence in 

the results of this study. This confirms that the significant paths in the model (for example, from 
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DT to commercial bank performance) represent distinct theoretical relationships void of 

overlapping measurement. 

4.3. Results 

This section presents the results of this empirical investigation into the impact of DT on 

commercial bank performance in Zimbabwe, considering the mediating role of IT Capability. It 

provides a detailed presentation of the data collected from 310 participants from the commercial 

banks operating in Zimbabwe. These results are organised into three sections, and these are: The 

Demographics Data, which assists in contextualising the ensuing analysis; followed by the 

descriptive statistics that provide an analysis of the measurement items forming the study 

variables, thereby indicating valuable information regarding the distribution of the study variables. 

To cap the analysis, the results from hypothesis testing were obtained and analysed through the 

application of inferential statistics, which was applied to investigate the hypothesised relationships 

between study variables.  

4.3.1. Response Rate 

This quantitative survey distributed 361 questionnaires (consistent with the target sample 

size determined using Krejcie and Morgan’s (1970) table) to the 13 commercial banks in 

Zimbabwe through an online survey. Of these, 310 commercial bank employees filed online 

responses, resulting in an 85.9 per cent effective response rate. As observed by Comfort et al. 

(2024), a response rate is critical in supporting data credibility in a study. As such, many studies 

observe that a minimum response rate of 60% is acceptable (Abdulaziz, 2024; Beehr et al., 2022; 

Brooks, 2022; Neve et al., 2021). The high response rate was rated good, and it is summarised in 

Table 18 below.  
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The difference of 51 questionnaires was due to a combination of non-responses and 

incomplete submissions that did not meet the minimum criteria for inclusion (e.g., missing 

sections, patterned responses, or failure to complete more than 50% of items). Given that the final 

usable sample (N = 310) exceeds the minimum required by the G*Power analysis (N = 92), the 

study retains adequate statistical power for all SEM procedures. 

Table 18 Response Rate 

Item Frequency  Percentage (%) 

Returned Questionnaires  310 85.9 

Questionnaires not returned  51 14.1 

Total 361 100 

 

4.3.2. Demographic Results 

This section presents the outcomes relating to the demographics of the study. Specifically, 

the section covers gender, age, education, level of education, employment duration, employment 

status, number of years the bank has been operating, and the respondent’s position in the bank. 

4.3.2.1. Results on Respondents’ Gender 

The study sought to determine the gender of the participants by specifying whether they 

were male, female, or any other gender they may identify as. They were also allowed to not 

respond to the question by selecting the “I prefer not to answer” option. Table 19 presents the 

gender distribution of the study participants. 

Table 19 

Gender of the Participants 

Demographics Frequency (N) Percentage (%) 

Male 209 67.4 

Female 101 32.6 

I prefer not to answer 0 0 

Other (Specify) 0 0 

n =310 
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According to the data presented in Table 19 above, it can be seen that the largest portion 

of the sample was male, making up 67.4%, while females were 32.6% of the respondents. The 

gender distribution was considered acceptable as it lined up with the gender balance in the 

Zimbabwean workforce. According to the Zimbabwe National Statistical Agency (2024), 37% of 

the national labour force is made up of women. Consequently, it can be seen that the study captured 

views from both genders in a balanced way. 

4.3.2.2. Results on Respondents’ Age 

The study sought to establish the age of the respondents and categorise them into 

millennials (18 to 34 years), Generation X (35 to 49 years) and Baby Boomers (50 to 65 years). 

Table 20 below displays the frequencies as well as the percentage of each category. 

Table 20 

Age Profile of the Participants 

Demographics Frequency 

N 

Percentage 

% 

Millennials (18 -34 Years) 

Generation X (35-49 Years) 

Baby Boomers (50 -65 Years) 

Missing 

206 

92 

11 

1 

66.45 

29.68 

3.55 

0.32 

n =310 

Table 20 above shows that the bulk of the respondents were millennials, whose age range 

was between 18 and 34 years of age. These constituted 66.45%, followed by the mid-career 

generation X (35 – 49 years of age), who constituted 29.68% of the respondents. Respondents in 
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the twilight of their careers, also referred to as the baby boomers (50 to 65 years), constituted a 

meagre 3.55% of the respondents. 

4.3.2.3. Results on Respondents’ Level of Education 

Given that the subject under study is highly technical, the researcher saw it critical to 

explore the highest level of education attained by the respondents. The choices included a school 

Certificate, Diploma, Undergraduate degree, Masters degree and Doctorate. Table 21 below 

presents the results obtained from the respondents regarding their level of education. 

Table 21  

Respondents' Level of Education 

Demographics Frequency 

N 

Percentage  

% 

Diploma 

Undergraduate Degree 

Master’s Degree 

Doctorate 

2 

172 

118 

18 

0.6 

55.5 

38.1 

5.8 

n =310 

Table 21 above shows that most of the respondents from the commercial banking sector in 

Zimbabwe possessed at least an undergraduate degree. 55.5% of the respondents indicated that 

they had attained an undergraduate degree, while 38.1% were holders of a Master's degree, and 

5.8% of the respondents had a Doctorate. These results were expected given that most banks in 

Zimbabwe require at least a Bachelor's degree at the entry level. 
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4.3.2.4. Results on Respondents’ Employment Duration 

The study sought to establish the duration of employment for each respondent. This was 

done by categorising the employment duration into buckets, thus below 5 years, 6 – 10 years, 11 

- 15 years, 16 – 20 years, 21 - 25 years, 26 - 30 years and over 31 years. Table 22 below depicts 

the results from the employment duration of the respondents. 

Table 22 

Respondents` Employment Duration 

Duration of Employment in 

Years 

Frequency (N) Percentage (%) 

5< 

6 - 10 

11 – 15 

16 – 20 

21 – 25 

26 - 30 

> 31 

135 

70 

54 

27 

10 

9 

5 

43.55 

22.58 

17.42 

5.8 

3.23 

2.90 

1.61 

n =310 

While Table 22 above shows that the largest portion of the respondents had worked in the 

commercial banking sector for a period of less than five years (43.55%), the majority of the 

respondents had worked in the commercial banking sector for at least 6 years (56.45%). This 

meant that the majority of respondents had served their commercial bank for more than 6 years, 

implying that they had a better understanding of how DT affected their banks. This buttressed the 

correctness of their responses, which is valuable in any study. 
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4.3.2.5. Results on Respondents’ Employment Status 

The researcher sought to find out the employment status of the respondents by establishing 

the employment status of the participants. This was established by checking whether they were 

permanent employees or were on contract. Table 23 below indicates that the bulk of the 

respondents in the commercial banking sector in Zimbabwe were permanent employees (89.68%), 

while 10.32% were on contract. These results were expected given the need for continuity in 

banking; thus, more employees will be on a permanent basis. 

Table 23 

Respondents Employment Status 

Employment Status Frequency 

N 

Percentage 

% 

Contract 

Permanent 

32 

278 

10.32 

89.68 

n =310 

4.3.2.6. Results of Respondents’ Position in the Bank 

The researcher sought to find out the hierarchical position of the study participants at their 

respective commercial banks by checking whether they were non-managerial, lower-level 

management, middle managers, or executives. The outcome of the inquiry is shown in Table 24 

below. 

Table 24 Respondents' Position in the Bank 

Hierarchical Position in Bank Frequency 

N 

Percentage 

% 

Non-Managerial 

Lower-Level Manager 

Middle-Level Manager 

Executive-Management 

103 

168 

34 

5 

33.20 

54.20 

11.00 

1.60 

n =310 
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From the frequencies obtained in the survey (as indicated in Table 24 above), it was 

discovered that 54.2% of the respondents were lower-level managers, 33.2% were non-managerial, 

11% were middle-level managers, and 1.6% were executive managers. This outcome is consistent 

with the triangle shape for most organisational structures, where few officers occupy the top 

positions and the numbers increase as one descends the organisational hierarchy. 

4.3.3. Discussion on the Results from Demographic Data Analysis 

The study gathered demographic statistics relating to gender, age, level of education, 

employment duration, employment status, and hierarchical position. 

The results pertaining to the gender of the participants revealed that the majority (67.4%) 

of the participants were male. These results agree with various studies (de Andrés et al., 2020; Dev 

& Sharma, 2021; Rath & Mishra, 2022) that point out that more males are generally employed by 

banks compared to females. In the case of Zimbabwean commercial banks, this was expected, 

given that according to the Zimbabwe National Statistical Agency (2024), women make up 37% 

of the labour force in Zimbabwe. 

The study results showed that the bulk of respondents (66.45%) from the Zimbabwean 

commercial banking sector were millennials (18-34 years). These results resonate with some 

studies (Hannant, 2019; Kumar & Singh, 2017) that point out that the banking sector generally 

prefers employing millennials as they view them as easy to train, relatively cheaper to compensate 

and can easily adapt to the dynamic banking environment. This high proportion of millennials 

(66.45%) suggests that the majority of the respondents were capable of handling and understanding 

the complex issues associated with DT. That most participants who responded were at least 18 

years old and at most 34 years old is not surprising, given the race by banks to employ millennials 

in recent times (Momot & Lytvynenko, 2019). 
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In terms of educational qualifications, study outcomes showed that 99.4% of the 

respondents had at least an undergraduate degree. Specifically, the majority of the respondents 

(55.5%) possessed an undergraduate degree, 38.1% of the respondents from the commercial 

banking sector in Zimbabwe possessed a Masters degree, and 5.8% possessed a Doctorate. This 

shows that the commercial banking sector in Zimbabwe is highly educated, and the respondents 

were qualified to respond to the complex issues regarding DT and commercial bank performance 

with specific regard to the intermediating role of IT capability in the said relationship.  

The study results resonate with Lethepa et al. (2020), whose research concluded that the 

high educational qualifications in the banking sector result from the need for banks to have their 

employees understand complex financial products. Similarly, Pilatin (2023) reveals that it is 

expected that banks will employ highly educated individuals, as these will perform better. The 

high level of education in the banking sector was not surprising, given that the recruitment process 

in Zimbabwe’s commercial banking sector emphasises a university degree as an entry-level 

education (Musarapasi & Garanti, 2020) and also the fact that most of the respondents are young 

(between 18 and 34 years as shown earlier), they are generally keen to advance their education.  

Regarding the respondents’ employment duration, it was seen in this study that most 

respondents had worked for at least six years in the banking sector (a combined total of 56.45%). 

The results revealed that 43.55% had worked in the commercial banking sector for less than five 

years. The concentration of respondents in the less than five years category is not surprising, given 

that banks are increasingly employing millennials who have been seen to easily change jobs 

(Perkasa & Purwanto, 2024). Furthermore, the study outcome indicated that most respondents 

(89.68%) were permanent employees, while a paltry 10.32% were on contract. This result was 
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rather surprising given that recent studies have shown that banks are employing more contract 

workers than permanent workers as a measure to manage costs (Kalejaiye,2019). 

 In terms of the hierarchical positions, it was revealed in the study that the majority of the 

commercial bank employees who responded (54.20%) were lower-level managers. Non-

managerial employees accounted for 33.2% of the respondents. These results were expected, given 

that the dominance of middle-level managers and non-managerial employees is consistent with 

trends in the industry, given that several banks avoid a top-heavy structure to manage costs and 

achieve efficiency (Wagener, 2023). 

4.4. Descriptive Statistics on Study Variables 

This section presents the descriptive statistics of the six constructs investigated in this 

study, and these constructs are DT, employee productivity, IT capability, IT Innovation and 

commercial bank performance. The questions in each construct were analysed using the minimum 

values, maximum values, means, standard deviations and variances. These statistics provide a 

comprehensive assessment of the distribution of responses for every observed variable presented 

in the measurement model. Table 25 below presents the overall descriptive results. 

4.4.1. Descriptive Statistics on Digital Transformation 

This construct constituted five items (DT1 to DT5) that were measured using proportion, 

mean, standard deviation and variance. Study respondents showed the extent of their agreement 

on a five-point Likert scale (1 = Strongly Disagree to 5 = Strongly Agree). The descriptive statistics 

for each item are displayed in Table 25 below. 
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Table 25 

Descriptive Statistics for Digital Transformation 

Measurement Item 

 

SD  

 

 

DA 

  

UC 

 

AG 

 

SA 

 

Min 

 

Max 

 

Mean 

 

Std. 

Deviation 

Variance 

 

DT1: Our bank is pushing 

new business methods 

based on technologies such 

as big data analytics, and 

social media platforms. 

0% 1% 2.9% 93.9% 2.2% 2 5 3.9742 .29991 .090 

DT2: Our bank is 

combining digital tools 

such as social media, big 

data analytics, cloud, and 

mobile technologies to 

facilitate change 

0.4% 0.6% 6.1% 88.4% 4.5% 1 5 3.9581 .39599 .157 

DT3: Our bank is 

transitioning toward the 

utilisation of digital 

technologies such as big 

data analytics, cloud, 

mobile, and social media 

platforms 

0% 1% 20.6% 70.3% 8.1% 2 5 3.8548 .55292 .306 

DT4: The bank’s IT 

application portfolios have 

facilitated the achievement 

of digital transformation by 

the bank 

0% 1.6% 13.2% 80% 5.2% 2 5 3.9065 .49032 .240 

DT5: The bank employs 

various digital tools 

including data analytics, 

social media, and cell 

phone and embedded 

services to know customers 

better 

0% 

 

1.3% 

 

11.3% 79.4% 8.1% 2 5 3.9419 .49252 .243 

   Note: N =310, SD = Strongly Disagree; DA = Disagree; AG = Agree; SA = Strongly Agree. 

 

As illustrated in Table 25 above, the mean scores for the five DT items ranged from 3.8548 

(DT3) to 3.9742 (DT1), indicating that on average, respondents tended to agree with the statements 

pertaining to their bank’s DT initiatives. The standard deviations ranged from 0.29991 (DT1) to 

0.55292 (DT3), pointing to a relatively low level of dispersion around the mean with a reasonable 
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level of consensus among the study participants. The minimum and maximum values for the items 

under this study construct ranged from 2 to 5, indicating that, whereas the majority of the 

respondents gave positive responses, some disagreement was present. It can be seen from the table 

that DT3 had the lowest mean (3.8548) and the highest variance (0306), suggesting a bit of 

variability in perceptions about the bank’s transition progress compared to other aspects of DT. 

Specifically, data analysis presented in Table 25 above indicates that 93.9% of the 

respondents agreed with the view that their bank was pushing new business methods based on 

technologies such as big data analytics and social media platforms, indicating a high consensus 

among the respondents. Similarly, the majority of the sampled participants agreed (88.4%) that 

their bank was combining digital tools such as social media, big data analytics, cloud, and mobile 

technologies to facilitate change. Most study participants (70.3%) agreed that their bank was 

transitioning toward the utilisation of digital technologies such as big data analytics, cloud, mobile, 

and social media platforms.  

Concerning the bank’s IT application portfolios having facilitated the achievement of 

digital transformation by their bank, 80% of the sampled participants agreed with this statement. 

In addition, 79.4% of the participants agreed that their bank employed various digital tools, 

including data analytics, social media, and cell phone and embedded services to know customers 

better. 

4.4.2. Descriptive Statistics on Employee Productivity 

The employee productivity variable sought to analyse the perceptions of commercial banks 

on the five measures associated with employee productivity in the context of DT. This construct 

was measured using five items (EP1 to EP5). The results of the analysis are presented in Table 26 

below. 
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Table 26 

Descriptive Statistics for Employee Productivity 

Measurement Item SD  

 

DA  

 

UC 

 

AG 

 

SA 

 

Min Max Mean Std. 

Deviation 

Variance 

EP1: The employees of the 

firm fully participate in the 

DT of the bank 

0.6% 

 

2.3% 

 

11% 

 

81.9% 

 

4.2% 

 

1 5 3.8677 .53237 .283 

EP2: The DT in our bank 

enhances employee 

motivation, knowledge, 

competence and digital 

leadership. 

0% 

 

 

1.9% 

 

 

9.4% 

 

 

81.9% 

 

 

6.8% 2 5 3.9355 .48508 .235 

EP3: The ICT resources 

from our bank’s DT 

program improve work 

efficiency 

0.3% 

 

1% 

 

11.9% 

 

81% 

 

5.8% 
1 5 3.9097 .48762 .238 

EP4: I can easily understand 

and use new ICT deployed 

by the bank 

0% 

 

0.6% 

 

9.7% 

 

82.9% 

 

6.8% 2 5 3.9548 .43088 .186 

EP5: The ICTs used by our 

bank enable me to 

accomplish my tasks faster. 

0% 

 

0.6% 

 

8.7% 

 

81.9% 

 

8.7% 2 5 3.9871 .44775 .200 

   Note: N =310, SD = Strongly Disagree; DA = Disagree; AG = Agree; SA = Strongly Agree. 

 

The study results on the EP construct presented in Table 26 above reveal that the mean 

scores ranged from 3.8677 (EP1) to 3.9871 (EP5). The highest mean was observed for EP5, 

suggesting that commercial bank employees in Zimbabwe perceive digital tools as directly 

enhancing their task efficiency. On the other hand, the lowest mean was EP1, suggesting a slightly 

less agreement towards the level of employee involvement in DT activities. Furthermore, the table 

shows that the standard deviations were low for all the items, ranging from 0.43088 (EP4) to 

0.53237 (EP1), showing that the responses were consistent. The homogeneity of the employee 

responses was confirmed by the low variances, which ranged from 0.186 (EP4) to 0.283 (EP1). 

 The analysis in Table 26 above reveals that the majority of respondents from the 

Zimbabwean commercial 81.9% agreed that they fully participated in the DT of their bank. 
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Similarly, 81.9% agreed that the DT in their bank enhanced employee motivation, knowledge, 

competence and digital leadership. 81% of the study respondents agreed that the IT resources in 

the bank assisted in improving work efficiency. In addition, 82.9% of the study participants 

confirmed that they understood and used new ICTs deployed by their bank, while 81.9% agreed 

that the ICTs used by their bank enabled them to accomplish their tasks faster. 

4.4.3. Descriptive Statistics on IT Capability 

This analysis gives an overview of the perceptions of the respondents regarding the bank’s 

IT Capability assessed across the five critical dimensions (IT1 to IT5), as shown in Table 27 below, 

which presents the descriptive statistics for each item.  

Table 27 

Descriptive Statistics for IT Capability 

Measurement Item SD  

 

DA  

 

UC 

 

AG 

 

SA 

 

Min Max Mean Std. 

Deviation 

Variance 

IT1: The bank invests in IT 

application portfolios and the 

latest technology to facilitate 

digital transformation. 

 

 

0% 

 

 

 

1% 

 

 

7.4% 

 

 

86.1% 
5.5% 2 5 3.9613 .40839 .167 

IT2: The bank’s data 

administration services and 

designs are superior to the 

competition. 

 

0% 

 

0.6% 

 

7.7% 

 

83.9% 7.7% 

 
2 5 3.9871 .42551 .181 

IT3: The bank always 

combines its strategic 

planning and IT planning to 

achieve digital 

transformation. 

 

 

0% 

 

 

0.6% 

 

 

10% 

 

 

81% 8.1% 1 5 3.9581 .48423 .234 

IT4: Our bank’s IT helped to 

improve organisational 

performance in the last three 

years. 

 

 

0% 

 

 

0.6% 

 

 

8.1% 

 

 

83.9% 

 

7.4% 

 

2 

 

5 

 

3.9806 

 

.42527 

 

.181 

IT5: The bank continually 

endeavours to enhance the 

effectiveness of IT use to 

accomplish digital 

transformation. 

 

 

0% 

 

 

0.3% 

 

 

9% 

 

 

83.9% 6.8% 2 5 3.9710 .41313 .171 

   Note: N =310, SD = Strongly Disagree; DA = Disagree; AG = Agree; SA = Strongly Agree. 
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The mean scores for the IT capability construct were uniformly high, as depicted in Table 

27 above. The unit items had means ranging from 3.9613 (IT1) to 3.9871 (IT2). The results 

illustrate that employees of Zimbabwean commercial banks perceived their banks as having a 

competitive edge in data management, as shown by IT2, which had the highest mean. The low 

standard deviations (ranging from 0.40839 to 0.48423) suggested a strong consensus among the 

respondents. This construct returned variance levels lower than the other constructs in the model 

(0.171 to 0.234), suggesting that IT capability is a variable with high agreement among the 

employees of commercial banks in Zimbabwe. 

As can be seen from Table 27 above, the majority of the respondents from the sampled 

commercial bank employees agreed that their bank invested in IT application portfolios and the 

latest technology to facilitate digital transformation. A significant majority (83.9%) also concurred 

that their bank’s data administration services and designs were superior to the competition. 

Furthermore, 81% of the respondents from the sample agreed that their bank always combined its 

strategic planning and IT planning to achieve digital transformation.  83.9% of respondents agreed 

that their bank’s IT helped to improve organisational performance in the last three years, while 

83.9% concurred that their bank was continually endeavouring to enhance the effectiveness of IT 

use to accomplish digital transformation.  

4.4.4. Descriptive Statistics on IT Innovation 

This sub-section presents the analysis associated with the IT Innovation variable. This 

construct was measured using five items (ITN1 to ITN5). The descriptive statistics for each item 

are shown in Table 28. 
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Table 28 

Descriptive Statistics for IT Innovation 

Measurement Item SD DA UC AG SA Min Max Mean 
Std. 

Deviation 
Variance 

ITN1: The bank’s DT produces 

IT innovations of superior quality 

to the competition. 

0% 1.9% 9.7% 82.3% 6.1% 2 5 3.9258 .48034 .231 

ITN2: At this bank, our IT staff 

are encouraged to be the most 

creative IT department in the 

commercial banking sector. 

0% 1.6% 8.1% 83.2% 7.1% 2 5 3.9581 .46375 .215 

ITN3: The bank’s DT program 

allows the bank to produce new 

products constantly 

0.3% 0.3% 8.5% 84.8% 6.1% 1 5 3.9387 .40160 .161 

ITN4: Our IT innovations 

increase the quality of current 

products 

0% 

 

0.3% 5.5% 86.5% 7.7% 2 5 4.0161 .38127 .145 

ITN5: The bank’s IT innovations 

give it an edge in marketing over 

the competition 

0% 0.3% 7.4% 86.5% 5.8% 2 5 3.9774 .38095 .145 

   Note: N =310, SD = Strongly Disagree; DA = Disagree; AG = Agree; SA = Strongly Agree. 

 

Notably, Table 28 above reveals that while the IT innovation mean scores ranged from 

3.9258 (ITN1) to 4.0162 (ITN4), the highest mean was recorded on ITN4. This indicated strong 

agreement that IT innovations enhance product quality. Furthermore, the data reveal that the 

standard deviations of all the items in this construct were low, ranging from 0.38095 (ITN5) to 

0.48034 (ITN1), indicating a significantly high level of consensus. Results shown in this table 

confirm that commercial bank employees in Zimbabwe have consistently positive perceptions of 

IT innovation in their banks, as indicated by the low variance values that ranged from 0.145 to 

0.231. 

These indicate that the majority of the sampled respondents agreed (82.83%) that their 

bank’s DT produced IT innovations of superior quality to the competition. 83.2% of the 

respondents also concurred that their bank’s IT staff were encouraged to be the most creative IT 
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department in the commercial banking sector. 84.8% of respondents agreed that their bank’s DT 

program allowed the bank to constantly produce new. Further, the bulk of the respondents (86.5%) 

agreed that their bank’s IT innovations increased the quality of their existing products. Similarly, 

86.5% of the study respondents agreed that their bank’s IT innovations gave it an edge in marketing 

over the competition.  

4.4.5. Descriptive Statistics on Commercial Bank Performance 

The Commercial Bank Performance construct was measured using five items (CBP1 to 

CBP5). Table 29 presents the descriptive statistics for each item. 

Table 29  

Descriptive Statistics for Commercial Bank Performance 

Measurement Item SD 

 

DA 

 

UC 

 

AG 

 

SA 

 
Min Max Mean 

Std. 

Deviation 
Variance 

CBP1: Over the previous three 

years, our bank’s performance as 

evaluated by the return on 

investment (ROI) has been better 

than the competition. 

 

0% 

 

0.6% 10.3% 84.8% 4.2% 2 5 3.9258 .40743 .166 

CBP2: Over the past 3 years, our 

bank’s expenses and costs have 

been lower than our competitors 

 

0% 

 

0.6% 

 

6.1% 

 

88.4% 

 

4.8% 

 

2 5 3.9677 .35834 .128 

CBP3: The bank’s digital 

transformation initiatives have seen 

an increase in customer satisfaction 

over the past 3 years. 

 

0% 

 

1% 

 

7.7% 

 

85.2% 

 

6.1% 

 

2 5 3.9645 .40470 .164 

CBP4: Over the past 3 years, our 

bank’s net profit has been higher 

than our competitors due to digital 

transformation initiatives. 

 

0% 

 

0.3% 

 

7.4% 

 

87.4% 

 

4.8% 

 

2 5 3.9645 .36252 .131 

CBP5: The bank experienced 

revenue growth that exceeded the 

competition during the past three 

years. 

 

0% 

 

1.3% 

 

6.8% 

 

87.1% 

 

4.8% 

 

2 5 3.9613 .40839 .167 

   Note: N =310, SD = Strongly Disagree; DA = Disagree; AG = Agree; SA = Strongly Agree. 
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The mean scores for the Commercial Bank Performance construct in Table 29 above show 

that they ranged from 3.9258 (CBP1) to 3.9677 (CBP2). It can be seen that CBP2 had the highest 

mean, suggesting that commercial bank employees in Zimbabwe view their banks as having a cost 

advantage. CBP1, which explicitly references ROI, had the lowest mean among the performance 

items (3.9258), though it remains strongly positive. The low standard deviations (ranging from 

0.36252 to 0.40743) indicate exceptionally high consensus among the respondents regarding the 

bank's performance. In addition, the variance values (0.128 to 0.167) were low, confirming that 

the perceptual performance data were highly consistent. 

Further analysis shows that 88.4% of the study respondents concurred that their bank’s 

expenses and costs have been lower than those of their competitors for the past three years. It is 

reported in the same table that the highest proportion of respondents (85.2%) agreed with the 

assertion that their bank’s digital transformation initiatives resulted in an increase in customer 

satisfaction over the past 3 years. 87.4% of the respondents agreed that the reason for the higher 

net profit than the competition was attributed to their bank’s DT initiatives. In the same vein, 

87.1% of the participants agreed that their bank experienced revenue growth that exceeded the 

competition during the past three years.  

4.4.6. Discussion of Results from Descriptive Data Analysis 

This study considered five variables, and these were Digital Transformation, Employee 

Productivity, IT Capability, IT Innovation and Commercial Bank Performance. The descriptive 

statistics presented in Tables 25 to 29 provide a comprehensive overview of the response patterns 

for each observed variable in the study. The results show that across the five constructs, the mean 

scores for the individual items were consistently above the 2.5 midpoint, ranging from a low of 
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3.85 (DT3) to a high of 4.02(ITN4). This suggests that on average, respondents held positive 

perceptions of their banks’DT efforts and the subsequent performance. 

The standard deviations for all 25 items were also relatively low. These ranged from 0.30 

to 0.55, suggesting a strong degree of consensus among the 310 respondents. Furthermore, this 

indicates that data are normally distributed around the mean, which is a favourable condition for 

the subsequent Structural Equation Modelling (SEM) analysis. The lowest standard deviation was 

observed for items related to CBP, suggesting that the employees from Zimbabwean commercial 

banks held consistent views on their banks’ financial and operational performance.  

In essence, the descriptive analysis confirms that the sample data are suitable for further 

statistical analysis and provides a solid foundation for testing the hypothesised relationships in the 

structural model. 

These results resonate with the Technological acceptance theory, where prior studies have 

suggested that DT results in improved commercial bank performance. If bank employees accept 

technology, they are likely to perform better (İslatince, 2023; Vuković et al., 2019). Additionally, 

the dynamic capabilities theory has supported that DT aids IT Innovation (Marx et al., 2021), 

which agrees with the perceptions of the respondents in this study. Although the fact that DT 

positively impacts employee productivity has been contested in the literature due to it being 

perceived as inducing stress to employees (Kadur & Rajshekar, 2022), these results were expected 

given the massive support by the theoretical framework as well as prior studies that DT positively 

impacts commercial bank performance (Adhikari et al., 2022; Zuo et al., 2021). 

The descriptive analysis indicates that the respondents from Zimbabwean commercial 

banks were consistent in their perception that employee productivity positively impacts 

commercial bank performance. This chimes with several studies (Khan et al., 2022; Kumaran et 
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al., 2023; Shi et al., 2024) that have suggested that employee productivity does positively influence 

commercial bank performance. 

The descriptive results indicate that respondents concurred that IT capability is crucial in 

mediating the link between DT and commercial bank performance. These results were not 

surprising given that the dynamic capabilities theory has been advanced as supporting the notion 

that IT capability can be used as a dynamic capability to drive performance in a commercial bank 

(Nousopoulou et al., 2022; Vial, 2019). The results in this study also agree with this theory, as it 

supports the mediating role played by IT capability, positively impacting commercial bank 

performance (Rostika, 2023). Similarly, the digital orchestra framework has posited that IT 

capability orchestrates the relationship between DT and commercial bank performance (Khin & 

Ho, 2019; Li et al., 2023), and this seems to agree with the study results above. 

The results once again suggested that the respondents from Zimbabwe’s commercial banks 

concurred that IT Innovation had a positive impact on commercial bank performance. These views 

seem to find support from the dynamic capabilities theory, which views some dynamic capabilities 

as innovation-based (Warner & Wäger, 2019). Further, studies have pointed out that innovative 

banks perform better, thus elevating the influence of IT innovation on commercial bank 

performance (Cheng et al., 2023). Empirical studies have also shown that IT innovation aids 

commercial bank performance by cementing competitive advantage, aids survival in turbulent 

times, and allows banks to respond better to customer needs, thereby enhancing market share 

(Bakri et al., 2024; Huang & Yang, 2019; Lahiri, 2022; Vedapradha & Hariharan, 2021). 

4.5. Triangulation of Descriptive Results with Objective Financial Data 

This study collected secondary data on Return on Assets (ROA) to complement the 

perceptual data gathered from the commercial bank employees survey. This was seen to enhance 
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the validity of the study results (Swarooprani, 2022). ROA was selected, given that it is a standard 

and publicly available metric of financial performance that reflects a bank’s efficiency in 

generating profits from deploying its assets. The data collected from the 13 commercial banks 

allowed for comparison between the subjective performance assessments of employees and the 

objective financial outcomes. 

4.5.1. Aggregate Comparison: Perceived Versus Objective Performance 

The survey results showed a uniform perception of commercial bank performance, with 

mean values ranging from 3.9258 to3.9677 (Table 29) and low standard deviation (values of 

0.35834 to 0.40839). Furthermore,  employees across the Zimbabwean commercial banking sector 

agreed that their banks performed well on metrics like ROI, cost control and profit. 

Nonetheless, the objective ROA data (Appendix I), summarised by the market average, 

offers an interesting point of comparison. The average ROA for the sector was 16.01%, 33.30% 

and 24.65% (for years 2022, 2023, and 2024, respectively). These figures indicate that the sector 

was experiencing strong performance, especially in the years 2023 and 2024. 

In essence, the positive perceptions of performance captured in the survey are thus 

validated by the objective financial data. The strong financial results (as depicted by high ROA) 

provide a somewhat tangible basis for the employees' assessments of their banks’ ROI, net profit 

and revenue growth relative to competition. 

4.5.2. Bank Level Comparison 

While the survey data were anonymised at the bank level, the secondary data allowed for 

a more nuanced observation. For example, while Banks 1 and 9 recorded very high 3-year average 

ROAs of 39.83% and 46.84%, respectively, Bank 11 recorded a much lower average ROA of 

8.83%, including a negative ROA in 2024. This variation in objective performance illustrates that 
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the average perception (grand mean of 3.96 – Appendix J) may mask significant underlying 

differences in performance outcomes across the sector. 

This variation does align with the study's conceptual model, which posits that differences 

in the independent variables should lead to variances in performance. The objective ROA data 

confirm that performance in the Zimbabwean commercial banking sector is not uniform, thereby 

lending external validity to the study’s premise that it is valuable to investigate factors like DT and 

IT capability that may assist in explaining these performance disparities. The results obtained in 

hypothesis testing can thus be interpreted as explaining the drivers behind these differences in 

ROA. 

Overall, the inclusion of secondary data in the form of objective ROA helped triangulate 

the primary survey results. The strong financial performance of the sector objectively confirms the 

positive sentiment expressed by the employees. The application of the mixed-methods approach 

to measuring performance, that is, combining survey perceptions with objective financial metrics, 

significantly strengthens the credibility of the conclusions from the study regarding the interaction 

between DT and commercial bank performance, considering the mediation of IT capability. 

4.6. Hypothesis Testing 

The results of the study’s attendant hypothesis testing are presented in this section. The 

hypothesis testing examined the hypothesised relationships between the variables outlined earlier. 

The research framework presented in Figure 2 spawned eight hypotheses used to investigate the 

interplay between DT and commercial bank performance, considering the mediating effects of IT 

capability. Specifically, the complex interaction between DT and employee productivity, DT and 

IT Capability, DT and IT Innovation, IT Innovation and commercial bank performance, DT and 

commercial bank performance, employee productivity and commercial bank performance, IT 
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capability and commercial bank performance, as well as the mediating impact of IT capability on 

the relationship between DT and commercial bank performance. 

To arrive at the study conclusions, these hypotheses were tested using a combination of 

confirmatory factor analysis (CFA) and structural equation modelling (SEM). Specifically, CFA 

was used to validate the applicability of the measurement model so as to confirm that the observed 

variables adequately capture the latent constructs (Che Haron@Shafiee et al., 2023; Karim, 2023). 

Having done so, SEM was applied to test the structural relationships subsisting between the study 

variables, thereby giving some insights into the hypothesised pathways (Gunzler et al., 2021). 

Consequently, the results of the hypothesis testing were provided to give empirical evidence for 

or against each of the eight hypotheses.  

4.6.1. Exploratory Factor Analysis (EFA) 

This study applied the Kaiser–Meyer–Olkin (KMO) to assess the suitability of the data for 

Confirmatory Factor Analysis. According to Hair et al. (2021), the KMO values range from 0 to 

1, with values greater than 0.5 considered adequate, while those closer to 1 are considered better 

values. To complement the KMO, the suitability of the data for factor analysis was also tested 

using Bartlett’s Test of Sphericity. The results obtained from these two investigations (Table 30) 

were applied to determine the applicable standard needed to conduct factor analysis. 

Table 30 

KMO and Bartlett’s Test 

Item Value 

Kaiser-Meyer- Olkin Measure 

Approximate chi-square  

Bartlett’s Test of Sphericity                 Df 

Sig. 

0.88 

759.60 

300 

.000 
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The KMO value turned out to be 0.88 (Table 30). This exceeded the 0.5 minimum and was 

closer to 1. This was supported by Bartlett’s Sphericity, which turned out significant at p = 0.000 

(which is less than 0.05), confirming that the sample was suitable for running the factor analysis.  

4.6.2. Confirmatory Factor Analysis (CFA) 

Prior to conducting factor analysis, the suitability of the data was assessed using the 

Kaiser–Meyer–Olkin (KMO) Measure of Sampling Adequacy and Bartlett’s Test of Sphericity. 

As shown in Table 30, the KMO value was 0.88, exceeding the minimum recommended threshold 

of 0.50 and indicating that the data were adequate for factor analysis. Furthermore, Bartlett’s Test 

of Sphericity was statistically significant (χ² = 759.60; Df = 300; p < 0.001), confirming that the 

correlation matrix was suitable for factor analysis. 

Having established that the collected data were suitable for factor analysis, SPSS Amos 

(version 26) was applied to run the CFA for the model. CFA was applied to achieve study model 

accuracy as well as to inspect how the observed indicators relate to the observed latent variables. 

As Sanchez et al. (2020) observe, CFA enables researchers to assess the goodness of fit of the 

research model in the context of a group of observed measures.  



244 

 

Figure 11 

Confirmatory Factor Analysis 

 

 

Table 31 presents the model fit summary (CMIN). The table shows that the researcher’s 

model met the requirements of the saturated model, confirming an acceptable fit.  The normed chi-

square (CMIN/DF) of 2.532 lies within the acceptable range of less than 3 (McNeish & Wolf, 

2023). 
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Table 31 

Model Fit Summary 

Model NPAR CMIN Df P CMIN/DF 

Default model 88 118.483 300 .000 2.532 

Saturated model 377 .000 0   

Independence model 26 2077.896 351 .000 5.920 

 

4.6.3. Structural Equation Modelling (SEM) 

Hypothesis testing was done using the structural equation model (SEM) (Shehadeh et al., 

2023; Thuy, 2020) through the use of SPSS Amos 26. As can be seen from the above hypotheses, 

seven of them hypothesised direct relationships while one had an indirect or mediating 

relationship. However, before carrying out the SEM analysis, it was essential to establish the 

overall fit of the model. 

4.6.3.1. SEM Model Fit Assessment 

Before interpreting the structural relationships, the overall fit of the structural equation 

model was assessed to determine whether the proposed model adequately represents the observed 

data. To test this, this study hypothesised the following regarding the study model: 

H0: The hypothesised model fits the observed data adequately as indicated by CFI ≥ 0.95, 

CMIN/Df ≤ 3, NFI ≥ 0.95, IFI ≥ 0.90, TLI ≥ 0.95, and RMSEA ≤ 0.8. 

H1: The hypothesised model does not fit the observed data adequately (CFI 0.95, CMIN/Df > 

3, NFI < 0.95, IFI < 0.90, TLI <0.95, and RMSEA > 0.8). 

Specifically, in order to assess the extent to which the model was fit, various indices were 

applied. These included Chi-Square divided by the degree of freedom (CMIN/Df), NFI (Normed 

Fit Index), IFI (Incremental Fit Index), TLI (Tucker-Lewis Index) and the RMSEA (Root Mean 

Square Error of Approximation), and the results indicated that the model was good as it satisfied 
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the limits identified in prior studies (Cucos, 2022; Hair et al., 2021; Karim, 2023). Several authors 

(Joensuu-Salo & Matalamäki, 2023; Shehadeh et al., 2023; YuSheng & Ibrahim, 2020) posit that 

RMSEA values of less than 0.8, CFI values greater than 0.95, TLI values exceeding 0.95, IFI 

values greater than 0.9, NFI values greater than 0.95, and CMIN/DF values less than three exhibit 

excellent fit.  

The model test results show that the NFI (0.961), the TLI (0.952 and the CFI (0.985) all 

exceeded the benchmark value of 0.95, while the IFI (0.935) exceeded the 0.9 benchmark. In 

addition, the RMSEA (0.0731) was less than 0.8 while the CMIN/Df (2.532) was below the 3-

cutoff level. Collectively, these indices indicate that the structural model fits the observed data 

well and is suitable for interpreting the estimated path coefficients. As a result, the study accepted 

the null hypothesis that the hypothesised model fits the observed data adequately as indicated by 

CFI ≥ 0.95, CMIN/Df ≤ 3, NFI ≥ 0.95, IFI ≥ 0.90, TLI ≥ 0.95, and RMSEA ≤ 0.8. Table 32 below 

presents the model fit indices and shows that the p-value was significant at 0.001. 

The structural model as well as the hypothesis tests (Tables 33 and 35) are interpreted with 

confidence because the measurement model demonstrated sufficient reliability and validity as 

reported in Tables 15, 16 and 17. 

Table 32 

Kaiser–Mayer–Olkin (KMO) and Bartlett’s Test 

Measuring Index Value Acceptance Level p-Value 

CMIN/Df 2.532 >0.05 0.001 

NFI 0.961 >0.95 0.001 

IFI 0.935 >0.90 0.001 

TLI 0.952 >0.95 0.001 

CFI 0.985 >0.95 0.001 

RMSEA 0.0731 <0.80 0.001 

Note: χ2=Chi-Square Statistic, NFI=Normed Fit Index, IFI=Incremental Fit Index, TLI=Tucker-

Lewis Index, RMSEA=Root Mean Square Error of Approximation, Df = Degrees of Freedom. 
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4.6.3.2. Structural Path Coefficients 

This subsection reports the estimated structural relationships between digital 

transformation, IT capability, employee productivity and commercial bank performance based on 

the structural equation modelling results presented in Figure 12. 

Figure 12 

Structural Equation Modelling for the Study Hypotheses 

 

i. Evaluating the Path Relationships 

According to the regression weights generated in the path analysis presented in the table 

above, it can be observed that the major direct influence on the performance of commercial banks 
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in Zimbabwe is employee productivity (standardised beta of 0.53), followed by IT capability 

(0.21), and DT (0.19). Surprisingly, IT Innovation returned the least influence with a standardised 

beta of 0.09. On its own, DT’s most influence is on the capacity of commercial banks to innovate 

(standardised beta of 0.91), followed by employee productivity (0.87) and lastly IT capability 

(0.81). 

Table 33 

Standardised Beta Values, P-Values and T-Values 

 

Table 33 above presents the t-values generated in the statistical analysis. This was 

important so as to test the null hypothesis that the true population path coefficient is zero, thereby 

confirming that there is no linear relationship between the study constructs. According to Savalei 

(2024), t-values greater than 2 provide significant strength of evidence against the null hypothesis. 

As can be seen from the table above, all t-values in this study are substantial (ranging from 2.067 

to 3.346), and they correspond to significant p-values (0.001), allowing for a confident rejection 

of the null hypothesis.  

That as it may, it can be observed from the analysis that while all the paths are statistically 

significant, the outcome is not uniform. Indeed, the paths from DT to the immediate variables 

(Employee Productivity, IT Capability, IT Innovation) have the largest t-values (3.345, 3.256 and 

Path   Standardised 

Beta Value 

p-Value (t-value) 

Digital Transformation   ----> Employee Productivity 0.87 0.001 3,345 

Digital Transformation  ---->  IT capability  0.81 0.001 3.256 

Digital Transformation  ---->  IT innovation  0.91 0.001 3.365 

IT innovation ---->  Commercial Bank Performance 0.09 0.001 2.067 

IT Capability  ---->  Commercial Bank Performance 0.21 0.001 2.875 

Employee Productivity  ---->  Commercial Bank Performance 0.53 0.001 3.346 

Digital Transformation ---->  IT capability ----> CBP 0.17 0.001 2.356 

Digital Transformation ---->  Commercial Bank Performance 0.19 0.001 2.456 
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3.365, respectively), suggesting that these coefficients were estimated with the highest precision 

relative to their size, providing the most robust evidence within the study model. On the other 

hand, the path of IT Innovation to CBP had the smallest t-value (2.067). While it remains 

statistically significant, the standardised beta (0.09) suggests that the estimate had a larger standard 

error, making it the least precisely estimated relationship and potentially the most sensitive to 

model specification. 

ii. Explained Variance (R2) 

The explanatory power of the structural model was assessed using squared multiple 

correlations (R²). This was achieved by computing the R-squared values, which often range 

between 0 and 1. A value of 0 shows that the regression line does not fit the data, while a value of 

1 shows that the line perfectly fits the data; thus, studies must attempt to achieve values closer to 

1. 

 Table 34 

The Squared Correlations for the Latent Variables 

Latent Variable R R-Squared Std Error of the Estimate 

Employee Productivity 0.87 0.756 0.49 

IT Capability 0.81 0.656 0.59 

IT Innovation 0.91 0.828 0.41 

Commercial Bank Performance .783 .613 .5336 

 

Digital transformation accounted for 75.6% of the variance in employee productivity (R² 

= 0.756), and 65.6% of the variance in IT capability (R² = 0.656), and 82.8% in IT Innovation (R² 

= 0.828). Collectively, the model explained 61.3% (R2 = 0.613) of the variance in commercial 

bank performance, indicating strong explanatory power of the proposed model. 

This study applied the SEM model to establish the R-squared value for the latent variables. 

According to Hair and Alamer (2022), the R-squared values generated by SEM represent the 
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combined effect of all the predictors and cannot be isolated to a single one. As indicated in Table 

34, the R2 values were all closer to 1, thus showing that the regression line was a good fit. All the 

variables had an R-squared value above 0.6, suggesting a good model fit and lower standard error. 

4.6.4. Hypothesis Testing Results 

Prior to interpreting the structural path coefficients and testing the hypotheses, the 

measurement model was validated to ensure the constructs were distinctly and reliably measured. 

As reported in section 4.2.5 and Tables 15, 16, and 17, all constructs demonstrated good internal 

consistency (Cronbach’s Alpha > 0.78, CR > 0.79), adequate convergent validity (AVE > 0.52), 

and satisfactory discriminant validity (square root of AVE greater than inter-construct 

correlations). This establishes that the latent variables (Digital Transformation, Employee 

Productivity, IT Capability, IT Innovation, Commercial Bank Performance) were measured with 

sufficient accuracy and minimal overlap. Consequently, the subsequent estimates of the 

relationships between these constructs in the structural model (path coefficients) can be interpreted 

with greater confidence, as the measurement error and construct ambiguity have been 

psychometrically addressed.  

This section presents the results obtained from testing the 8 study hypotheses. This study 

sought to test the following null hypotheses. 

H01: There is no significant relationship between DT and the performance of commercial 

banks in Zimbabwe. 

H02:  There is no significant relationship between DT and the IT capability of Zimbabwean 

commercial banks. 

H03:  There is no significant relationship between DT and the productivity of employees in 

Zimbabwean commercial banks. 
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H04: There is no significant relationship between DT and IT innovation by Zimbabwean 

commercial banks. 

H05: There is no significant relationship between IT innovation and the performance of 

Zimbabwean commercial banks. 

H06: There is no significant relationship between IT capability and the performance of 

Zimbabwean commercial banks. 

H07: There is no significant relationship between employee productivity and the performance 

of commercial banks inZimbabwe. 

H08: IT capability does not mediate the relationship between DT and commercial bank 

performance in Zimbabwe. 

4.6.4.1. Null Hypothesis 1: There is no significant relationship between DT and the 

performance of commercial banks in Zimbabwe. 

Firstly, this study sought to test the relationship between DT and Commercial Bank 

performance in Zimbabwe. Again, SEM was applied. Based on the reliable measures established 

earlier (Tables 15 to 170), the path analysis results are shown in Figure 13. The analysis reveals 

that the β of the path is 0.19 and was statistically significant at p = 0.001 and t = 2.456. This finding 

suggests that the direct impact of DT on the performance of commercial banks in Zimbabwe, 

although positive, is somewhat weak. Its immense value may thus be indirect through other factors 

(such as EP, ITC, ITI). This can be seen by the R2 for CBP, which stood at 0.613, showing that the 

combined effect of DT and the other study variables strongly influences CBP variance by 61.3%. 

Given this positive outcome, the study accepted the alternative hypothesis and rejected the null 

hypothesis.  
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Figure 13 

Structural Equation Modelling Showing Interconnection Linking DT and Commercial Bank 

Performance 

 

4.6.4.2. Null Hypothesis 2: There is no significant relationship between DT and the IT 

capability of Zimbabwean commercial banks. 

The second hypothesis in this study concerned the association between DT and the IT 

capability of commercial banks in Zimbabwe. As shown in Tables 15 to 17, this path returned both 

valid and reliable results. It was established from the study results that DT transformation has a 

significant positive bearing on the IT capability of the bank since the results returned a Beta value 

of 0.81, a p-value of 0.001, an R2 value of 0.656 and a t-value of 3.256. These results show a very 

strong direct relationship, suggesting that DT substantially enhances commercial banks’ 

underlying IT capability, such as infrastructure and skills. Similarly, the high R-squared value of 

0.656 indicates that DT strongly explains the variance in IT capability. Consequently, the null 

hypothesis was rejected. The SEM results are shown in Figure 14 for this direct relationship. 
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Figure 14 

Structural Equation Modelling Showing Interconnection between DT and IT Capability 

 

4.6.4.3. Null Hypothesis 3: There is no significant relationship between DT and the 

productivity of employees in Zimbabwean commercial banks. 

As demonstrated in Tables 15 to 17, the SEM results rest on established reliability and 

validity metrics. The SEM results depicted in Figure 15 show that the relationship between DT 

and employee productivity is not only positive, but it is also statistically significant (β = 0.87, p = 

0.001, t = 3.345). The beta of 0.87 implies that for every single standard deviation in DT, employee 

productivity increases by 0.87 standard deviations. Both the highly significant p-value and the 

large t-value (higher than the 2-cutoff level) show that this is a robust finding, confirming that DT 

is a primary driver of employee productivity. This aligns with the high R-squared value for EP, 

which turned out to be 0.756, indicating that DT explains the majority of the variance in EP. These 

results provided a valid reason for rejecting the null hypothesis. 
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Figure 15 

Structural Equation Modelling Showing the Interconnection between DT and Employee 

Productivity 

 

 

4.6.4.4. Null Hypothesis 4: There is no significant relationship between DT and IT 

innovation by Zimbabwean commercial banks. 

This study hypothesised that there is no linkage between DT and IT innovation of 

commercial banks in Zimbabwe. The results can be interpreted with confidence, given the reliable 

and valid results tested and presented in Tables 15 to 17. As can be deciphered from Figure 16, the 

results showed a strong and significant relationship, given the high beta of 0.91, a p-value of 0.001 

and a t-value of 3.365. This came out as the strongest path in the model. This powerful relationship 

was confirmed by the significant p-value as well as a high t-value. This result suggests that a unit 

increase in DT results in a 91% rise in IT Innovation. As a result, the study rejected the null 

hypothesis and accepted the alternative hypothesis that the impact of DT on IT innovation by 

Zimbabwean commercial banks is positive and significant. 
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Figure 16 

Structural Equation Modelling Showing Interconnection Between DT and IT Innovation 

 

4.6.4.5. Null Hypothesis 5: There is no significant relationship between IT innovation 

and the performance of Zimbabwean commercial banks. 

Confirmed by the discriminant validity results (Table 17), this study employed the SEM 

analysis of the connection between IT innovation and commercial performance, which came out 

positive, although not that strong. The results returned a beta of 0.09 and a p-value of 0.001. This 

confirmed the statistical significance of this relationship. The t-value was just above the cut-off 

level of 2, coming out at 2.067. A low beta of 0.09 hints that IT Innovation alone does not have a 

strong impact on overall commercial bank performance in Zimbabwe. That as it may, the overall 

R2 of IT innovation and other studied variables turned out fairly high at 0.613, indicating potential 

positive influence. As a result, the study rejected the null hypothesis. This direct path analysis is 

shown in Figure 17. 
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Figure 17 

Structural Equation Modelling Showing Interconnection between IT Innovation and Commercial 

Bank Performance 

 

 

4.6.4.6. Null Hypothesis 6: There is no significant relationship between IT capability 

and the performance of Zimbabwean commercial banks. 

Based on reliable validity and reliability measures (Tables 15 to 17), this study tested the 

hypothesised relationship that IT capability has a positive and significant influence on commercial 

bank performance. As shown in Figure 18, path analysis produced a β of 0.21 and a p-value of 

0.001. The t-value was 2.875. Again, this was a statistically significant relationship, albeit showing 

some weak to moderate direct effects. These results suggest that IT capability positively 

contributes to the performance of commercial banks in Zimbabwe, but the modest beta suggests 

that it may not be the primary driver. However, the high R-squared of 0.613 on CBP suggests that 
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IT capability combines with other predictors to explain this high variance in CBP. These results 

provided justification for rejecting the null hypothesis. 

Figure 18 

Structural Equation Modelling Showing Interconnection Between IT Capability and Commercial 

Bank Performance 

 

4.6.4.7. Null Hypothesis 7: There is no significant relationship between employee 

productivity and the performance of commercial banks in Zimbabwe. 

 

As shown in Tables 15 to 17, the validity and reliability metrics for the SEM model were 

confirmed. Consequently, this study tested the null hypothesis that there is no significant 

association between employee productivity on the performance of commercial banks in 

Zimbabwe. The study results produced a β of 0.53, a p-value of 0.001, and a t-value of 3.346. This 

is a strong, positive and significant direct effect. These results demonstrate that productive 
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employees have a direct impact on the performance of commercial banks in Zimbabwe. This is 

supported by the R2 value for CBP, which came out at 0.613, indicating that the combined effect 

of the CBP predictors, including EP, explains 61.3% of the variance in the latent variable CBP. 

The study results led to the rejection of the null hypothesis. The path analysis of this direct 

relationship is shown in Figure 19. 

Figure 19 

Structural Equation Modelling Showing Interconnection Between Employee Productivity and 

Commercial Bank Performance 

 

4.6.4.8. Null Hypothesis 8: IT capability does not mediate the relationship between DT 

and commercial bank performance in Zimbabwe. 

 

This study sought to establish the extent to which IT capability mediates the relationship 

between DT and Commercial Bank performance in Zimbabwe. This was based on the valid and 

reliable metrics established in Tables 15 to 17. Again, this was tested using SEM and the two paths 
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between DT and IT capability, as well as IT capability and commercial bank performance, returned 

path coefficients of 0.81 and 0.21, respectively (as shown in Figure 20). To test the mediating 

impact of IT capability, the two coefficients were multiplied, giving an overall result of a β of 0.17, 

a p-value of 0.001 and a t-value of 2.356. This result is statistically significant. DT boost IT 

capability (β = 0.81), which in turn boosts CBP (β = 0.21). The combined β of 0.17 suggests that 

IT capability indeed mediates the relationship between DT and commercial bank performance. 

Consequently, the study rejected the null hypothesis and accepted the alternative hypothesis that 

the mediating impact of IT capability on the relationship between DT and commercial bank 

performance in Zimbabwe is positive. 

Figure 20 

Structural Equation Modelling Showing Mediation of IT Capability on the Link between DT and 

Commercial Bank Performance 
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4.6.4.9. Summary of the Hypothesis Testing Decisions  

Table 35 below summarises the decision taken on each of the 8 null hypotheses that were 

tested in this study. These tests were based on a structural model derived from a measurement 

model that was confirmed to be reliable and valid (see Tables 15 -17). Therefore, the significant 

paths reflect relationships that are robust and well-measured constructs. 

Table 35  

Summary of Hypothesis Testing and Decision 

Null Hypotheses  Standardised 

Beta Value 

p-Value Decision 

H01: There is no significant relationship between DT and the 

performance of commercial banks in Zimbabwe. 

0.19 0.001 Reject 

H02: There is no significant relationship between DT and the IT 

capability of Zimbabwean commercial banks. 

0.81 0.001 Reject 

H03: There is no significant relationship between DT and the 

productivity of employees in Zimbabwean commercial banks. 

0.87 0.001 Reject 

H04: There is no significant relationship between DT and IT innovation 

by Zimbabwean commercial banks. 

0.91 0.001 Reject 

H05: There is no significant relationship between IT innovation and the 

performance of Zimbabwean commercial banks. 

0.09 0.001 Reject 

H06: There is no significant relationship between IT capability and the 

performance of Zimbabwean commercial banks 

0.21 0.001 Reject 

H07: There is no significant relationship between employee productivity 

and the performance of commercial banks inZimbabwe 

0.53 0.001 Reject 

H08: IT capability does not mediate the relationship between DT and 

commercial bank performance in Zimbabwe 

0.17 0.001 Reject 

 

4.6.5. Discussion of Results from Testing the Study’s Null Hypotheses 

As presented earlier, this study developed eight hypotheses based on five study variables. 

These hypotheses sought to aid the inquiry into the impact of digital transformation on commercial 

bank performance, considering the mediating impact of IT capability. The results from testing 

these null hypotheses have been provided earlier. Consequently, this sub-section provides an 

evaluation of these results, taking into consideration the study theories as well as prior literature 

evidence.  
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Prior to evaluating individual hypotheses, the overall structural model fit was assessed. The 

model demonstrated acceptable goodness-of-fit indices, with a Comparative Fit Index (CFI) of 

0.985, Tucker–Lewis Index (TLI) of 0.952, and Root Mean Square Error of Approximation 

(RMSEA) of 0.0731. These values meet recommended thresholds, confirming the adequacy of the 

model for hypothesis testing. 

4.6.5.1. There is no significant relationship between DT and the performance of 

commercial banks in Zimbabwe. 

Having tested the above null hypothesis, the study results revealed that the connection 

between DT and commercial bank performance was positive and statistically significant (β=0.19, 

p=0.001, t=2.456).  Despite the positive association, the beta value of 0.19 was moderately weak. 

This result implies that increased DT will lead to a rise in the performance of commercial banks, 

although to a less significant extent. As indicated earlier, the overall R2 for the combined variables 

turned out to be 0.613. This means that on a combined basis, these explain the variance in 

performance by 61.3%, confirming that DT’s direct influence alone is weak.  

Nonetheless, the study results lined up with the dynamic capabilities theory presented in 

Chapter 2. The theory posits that organisations require dynamic capabilities as they implement 

their DT. Ghosh et al. (2022) argue that these dynamic capabilities enable organisations to 

implement their DT journeys successfully, thereby impacting performance. According to this 

theory, the bank’s ability to sense, seize and transform digital opportunities in a superior manner 

through DT will invariably achieve improved performance. Furthermore, DT, which impacts 

commercial bank performance positively, requires dynamic capabilities so as to be able to innovate 

and adapt (Chen et al., 2024). According to Rostika (2023), dynamic capabilities allow banks to 

reconfigure their models as well as processes, thereby resulting in positive performance. 
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The moderately weak beta of 0.19 was a surprising outcome given the results from other 

similar studies. In a study by Do et al. (2022) on the impact of DT on commercial bank 

performance, it was revealed that a positive and significant link between the two variables does 

exist, thereby supporting this study's results. Xie and Wang (2023) studied DT in Chinese banks, 

and their results showed that there is a positive and significant association between DT and 

commercial bank performance. This positive association has been attributed to DT enabling the 

competitive advantage of commercial banks through a reduction in operational costs through the 

streamlining of processes (Cappa et al., 2020; Goldfarb & Tucker, 2019; Huang, 2021; Soesilo & 

Tampubolon, 2023). In addition, DT results in positive organisational performance because it 

enables resourceful business models (Chen et al., 2021; Qi & Xiao, 2020).  

The use of DT by the DBS bank in Singapore saw the bank significantly improve its 

performance (Sia et al., 2021). According to Brown and Grant (2020), DT improves overall 

efficiency, resulting in commercial banks optimising their operations and enhancing customer 

experience. Overall, there is overwhelming empirical evidence supporting the results obtained in 

this study, showing a positive and significant relationship between DT and commercial bank 

performance. 

While the results from this test showed a positive and significant relationship, there are 

some contrary findings in the literature regarding the impact of DT on commercial bank 

performance. According to Shanti et al. (2023), the substantial investment required in 

implementing DT by commercial banks substantially increases costs, thereby negatively impacting 

performance. Similarly, Kadur and Rajshekar (2022) conclude that DT induces stress on 

employees, thereby negatively impacting their productivity, which in turn results in reduced 
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productivity and bank performance. The reviewed literature seems to provide way more empirical 

evidence supporting this study's results, thus making the arguments above anecdotal. 

Digital transformation was found to have a statistically significant direct effect on the 

performance of commercial banks (β=0.19, p=0.001, t=2.456). This suggests that digital 

transformation initiatives directly enhance organisational performance. Therefore, the Null 

Hypothesis was rejected while the alternative Hypothesis is supported. 

Overall, the structural model explained a substantial proportion of variance in the 

endogenous constructs. Digital transformation accounted for 75.6% of the variance in employee 

productivity (R² = 0.756), 65.6% of the variance in IT capability (R² = 0.656), 82.8% of the 

variance in IT Innovation, and 61.3% variance in commercial bank performance (R² = 0.613), 

indicating satisfactory explanatory power of the model. 

4.6.5.2. There is no significant relationship between DT and the IT capability of 

Zimbabwean commercial banks. 

Contrary to the second null hypothesis, the study results showed that the connection 

between DT and IT capability was positive and significant (β=0.81, p=0.001, t=3.256). These 

results indicated that as DT in commercial banks in Zimbabwe improves, it will be accompanied 

by a corresponding rise in the IT capability of commercial banks in Zimbabwe, thus confirming a 

very strong and significant direct effect. 

The results emanating from testing null hypothesis two find support in both theory and 

prior empirical studies. The dynamic capabilities theory asserts that digitally transformed 

organisations will have to enhance their IT capacity; thus, the more organisations seek to 

implement DT, the more IT capabilities they build (Nousopoulou et al., 2022; Vial, 2019). Because 
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DT also aims at revamping IT systems (Abdurrahman et al., 2024), the IT capability of the affected 

banks will be enhanced; thus, the results in this study do align with these theoretical assertions. 

Hypothesis testing results emanating from the second hypothesis, which showed that DT 

positively impacts IT capability, are heavily supported in the literature (Barba-Sánchez et al., 2024; 

Madanayake & Yapa, 2024; Makovoz & Sergii Lysenko, 2024; Porfírio et al., 2024; Sia et al., 

2021). Specifically, Abdurrahman et al. (2024) show that DT allows banks to modernise their IT 

systems, thus improving their IT capabilities. Studies by Sia et al. (2021) of the DT implementation 

by DBS Bank in Singapore showed an improvement in the bank’s IT capability due to the 

implementation of DT.  

These results were expected given that DT enhances the use of modern technologies such 

as AI, Big Data Analysis, use of chatbots, cloud computing and IoT (Makovoz & Sergii Lysenko, 

2024). Similarly, Wang (2023) concludes that the main essence for commercial banks to 

implement DT is to enrich their IT capabilities, among other objectives. That DT was found to 

enhance commercial banks’ IT capability was not surprising, given that successful DT 

implementation calls for the implementation of modern IT infrastructure as well as the capacitation 

of human resources so that they can leverage the same.  

In essence, DT was found to have a significant positive effect on IT capability (β=0.81, 

p=0.001, t=3.256) in the context of this study. This suggests that increased investment in digital 

initiatives strengthens the technological resources and competencies of commercial banks. 

Accordingly, the null hypothesis two was rejected while the alternative hypothesis was supported.  
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4.6.5.3. There is no significant relationship between DT and the productivity of 

employees in Zimbabwean commercial banks. 

The outcomes from testing the above null hypothesis showed an exceptionally strong 

positive and statistically significant relationship between DT and employee productivity in the 

context of Zimbabwean commercial banks (β=0.87, p=0.001, t=3.345). This suggests that DT is a 

primary driver of employee productivity in the Zimbabwean commercial banks. The test results 

chimed with contextual suggestions from the TAM espoused in Chapter 2. According to Vuković 

et al. (2019), TAM is a valuable framework for illuminating how DT can aid in improving 

employee productivity. If employees accept and understand the technology instituted by DT, this 

may simplify their tasks and enhance their performance as well as job satisfaction. 

Results from testing null hypothesis one are supported by previous studies. Several authors 

(Shwedeh et al., 2020; Ridwan et al., 2020) concluded that DT is associated with substantial gains 

in the performance of commercial bank employees. In the context of commercial bank 

performance, the role played by employees is vital as they are directly involved with the 

implementation of DT strategies (Adewumi et al., 2024). In addition, DT has the potential to 

eliminate inefficiencies in the complex tasks performed by employees in commercial banks, 

thereby enhancing their performance.  

The results concurred with studies by Zuo et al. (2021), who posit that DT in commercial 

banks streamlines operations, thus aiding employee productivity. Similarly, Li et al. (2024) argue 

that DT allows bank employees to reduce information search costs, thereby improving their 

efficiency. Specifically, their study showed that DT improved employee productivity in advancing 

credit to customers by reducing non-performing loans. This assessment dovetails with the 

conclusions of the current study concerning null hypothesis one. In addition, these results concur 
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with findings by Khadragy et al. (2022), whose study concluded that DT improves the performance 

of commercial bank employees by simplifying tasks. Complex tasks such as forex trading, credit 

analysis and big data analysis may be simplified through the use of DT-induced applications, thus 

improving how employees can serve customers. 

Although agreeing with several studies, these results are not without contest in the 

literature. In a study by Kadur and Rajshekar (2022), it was discovered that DT may dent employee 

productivity due to the stress related to implementing new technologies. This is often exacerbated 

by the fear of losing their jobs due to the adoption of technology. Equally, Reis and Melao (2023) 

refute that DT improves the performance of employees, as they may not be ready for the digital 

technologies. 

Overall, the results from this study indicate that digital transformation has a statistically 

significant positive effect on employee productivity (standardised β = 0.87, p = 0.001, t = 3.345). 

The strength and significance of the relationship confirm that digital initiatives enhance employee 

productivity within Zimbabwean commercial banks. Therefore, the null Hypothesis three was 

rejected, and the alternative Hypothesis three was supported. 

4.6.5.4. There is no significant relationship between DT and IT innovation by 

Zimbabwean commercial banks. 

The study results established that a significant positive association exists between DT and 

IT Innovation (β=0.91, p=0.001, t=3.365). This path produced the strongest relationship in the 

model. The results imply that a rise in DT will lead to an improvement in the IT innovation capacity 

of commercial banks in Zimbabwe. In other words, DT almost directly translates into innovative 

uses of technology (β=0.91). While this has been the case in this study, it is essential to validate 

this with the study theories as well as empirical results from similar studies. 
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The relationship between DT and IT innovation has been seen to be supported by the 

dynamic capability theory. It can be said that the study results lined up with the theorised 

relationship between DT and IT innovation. According to some authors (Cheng et al., 2023; Marx 

et al., 2021), commercial banks can leverage dynamic capabilities introduced by DT to drive IT 

Innovation. Furthermore, commercial banks through DT are capacitated to reconfigure and adapt 

dynamic capabilities to address the rapidly evolving operating environment (Nooteboom, 2022). 

A scan of prior literature shows that the results obtained in this study are well supported. 

Several authors have concluded that DT improves the IT innovation capacity of commercial banks, 

as suggested by the study results. As Zhao et al. (2024) illuminate, DT can enhance a firm’s 

innovation capacity by reducing agency costs and increasing the risk-taking capacity of the 

respective firms. Similarly, Chen et al. (2024) support this study’s outcome on this hypothesis by 

concluding that DT in commercial banks may positively impact IT innovation through data-driven 

approaches that advance innovation and the provision of new ideas that will enhance the 

development of embryonic IT solutions and services. 

Furthermore, Alharbi (2021) argues that DT improves the agility of commercial banks, and 

this, in turn, capacitates bank IT departments to experiment with new technologies, thereby 

ensuring fast innovation. According to Hokonya (2024), DT increases innovation by enabling 

commercial banks to collaborate across different geographical locations. Overall, the results from 

this test were not surprising given that DT quickens processes such as prototyping, thereby 

spurring IT innovation. 

Overall, the results indicate that digital transformation has a statistically significant effect 

on IT innovation (standardised β=0.91, p=0.001, t=3.365) insofar as Zimbabwean commercial 

banks are concerned. This suggests that digital transformation initiatives enhance innovation-
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related technological activities within Zimbabwean commercial banks. Therefore, the alternative 

Hypothesis four was supported while the associated null hypothesis was rejected. 

4.6.5.5. There is no significant relationship between IT innovation and the performance 

of Zimbabwean commercial banks. 

The result obtained from testing the above null hypothesis showed a statistically significant 

positive link between IT innovation and the performance of commercial banks in Zimbabwe 

(β=0.09, p=0.001, t=2.067). This result suggested that increasing IT Innovation would result in a 

corresponding increase in the performance of commercial banks in Zimbabwe. However, while 

statistically significant, a beta of 0.09 hints at a relatively weak direct impact on CBP. 

Nonetheless, the positive impact resonates with the dynamic capability regarding how IT 

innovation results in improved commercial bank performance. Some studies (Chen et al., 2024; 

Thuy, 2020; Zhu & Jin, 2023) revealed that through sensing, seizing and transforming, commercial 

banks are able to implement IT-enabled innovations, leverage IT innovations to develop new 

banking products and services, as well as deploy IT innovations to reconfigure business processes. 

This, in turn, assists in improving the performance of commercial banks. 

That IT innovation turned a moderately weak impact on CBP was surprising given that IT 

innovations aligned to AI, predictive analytics, Big Data Analytics, and machine learning, among 

others, assist commercial banks in harnessing large data sets, and this enables them to implement 

strategies to gain market share, such as strategic marketing and customer engagement (Dwivedi et 

al., 2024). Some studies found stronger associations. For example, Lahiri (2024) concludes that IT 

innovation enables commercial banks to swiftly respond to market customer needs and the 

changing external environment, thereby enhancing their performance. Similarly, Swathika (2024) 
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argues that IT Innovation builds an organisation’s market share by improving customer satisfaction 

and operational efficiency, thus ultimately enhancing the commercial bank’s profitability. 

Furthermore, several other authors (Lahiri, 2024; Srini, 2023; Swathika, 2024) support a 

stronger association between ITI and CBP by noting that IT innovation allows commercial banks 

not only to introduce more products but also to go to market earlier than rivals, thereby taking 

first-mover advantage. This will help them build market share and make the cost of entering the 

market more expensive for the competition. 

In summary, IT innovation was found to have a statistically significant effect on the 

performance of commercial banks (β=0.09, p=0.001, t=2.067). This implies that banks that engage 

in higher levels of IT innovation are more likely to achieve improved performance outcomes. 

Therefore, the study rejected the null Hypothesis five and accepted the associated alternative 

Hypothesis. 

4.6.5.6. There is no significant relationship between IT capability and the performance 

of Zimbabwean commercial banks. 

Regarding the above null hypothesis, the test result revealed a statistically significant 

positive relationship between these two variables (β=0.21, p=0.001, t=2.875). The results imply 

that increasing IT capability will result in a corresponding rise in the performance of commercial 

banks in Zimbabwe. Nonetheless, a beta of 0.21 indicated a weak to moderate direct effect. The 

weak to moderate beta of 0.21 was quite surprising given the plethora of literature aligned with 

the view that IT capability improves CBP. 

This study result dovetails with the assertion made by the dynamic capability theory, which 

supports the fact that IT capability does enhance performance. This is because, as some authors 

observe (Nousopoulou et al., 2022; Vial, 2019), IT capability can be leveraged as a dynamic 
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capability to drive performance in commercial banks. By doing so, IT capability is then viewed as 

an enabler of performance in commercial banks; thus, banks with better IT capability tend to 

perform better. The impact of IT capability on enhancing performance has produced conflicting 

results in the literature. 

Empirical research has revealed that IT capability positively impacts commercial bank 

performance, thereby supporting the results in this study. Audy et al. (2023) concluded that IT 

capability resulted in improved performance of banks in India. Similarly, Hamida (2018), as well 

as Yaaqub et al. (2023), found that IT capability positively influences commercial bank 

performance in Bangladesh and Iraq, respectively. This is because IT capability makes accounting 

systems more efficient and also assists in enhancing operational efficiencies. Tian et al.’s (2023) 

study supports the outcome of this study. They conclude that IT capability significantly impacts 

performance. 

The studies supporting the results of this inquiry on the influence of IT capability on the 

performance of commercial banks highlight that this is achieved because IT capability has a 

significant impact at the process level, which transmits to overall firm performance (Hamida, 

2018). In addition, banks are assisted by IT capability to improve their performance as a result of 

improved operational performance as well as new business value (Rostika, 2023).  

Conversely, some previous studies have shown that IT capability alone does not result in 

improved performance (Saira & Farhan, 2022). Specifically, Rahman’s (2017) studies in India 

concluded that IT capability did not confer a sustained competitive edge as well as result in 

continuing profitability for firms in major developing economies. These studies, therefore, provide 

results that deviate from those obtained in this study.  That they were done in industries different 

to banks may provide a reason for this deviation, given that banks are more technologically reliant. 
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The findings reveal that IT capability has a statistically significant positive effect on 

commercial bank performance (β=0.21, p=0.001, t=2.875). This indicates that strong IT 

capabilities play a critical role in enhancing organisational performance. Hence, the study rejected 

the Null hypothesis and accepted the Alternative Hypothesis (H6). 

4.6.5.7. There is no significant relationship between employee productivity and the 

performance of commercial banks inZimbabwe. 

The results from testing the above null revealed a positive and significant link between EP 

and CBP (β=0.53, p=0.001, t=3.346). The study outcome suggested that increasing employee 

productivity will result in a corresponding rise in the performance of commercial banks in 

Zimbabwe. These results showed a strong positive and significant direct effect. These results are 

hardly surprising given the support from various authors as well as both the Dynamic Capabilities 

and the TAM theories. 

The dynamic capabilities theory considers commercial bank employees as dynamic 

capabilities that are able to adapt to new technologies and initiate and drive change within an 

enterprise, and this will support innovation and improve organisational efficiencies, thereby 

enhancing performance (Audy et al., 2023). The commercial banking environment is considered 

knowledge-intensive, thus making an employee a key dynamic capability due to their knowledge 

and expertise, problem-solving capacity, collaboration and teamwork capabilities, as well as their 

ability to adjust to the dynamic environment (Wadajo & Kero, 2023). The dynamic capabilities 

theory supports the results of this study because it views employees with valuable skills, unique 

experience and expertise as inimitable and cannot be substituted as possessing the ultimate 

capacity to confer the commercial bank with the ability to perform better and have long-term 

effectiveness in dynamic environments (Stei et al., 2023). 
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The TAM posits that the performance of employees in relation to a particular technology 

is impacted by their attitude toward the same (Davis, 1989). If employees adapt and understand 

technology, they are capable of improving the organisational processes, thereby improving 

performance. This chimes with İslatince (2023), who used TAM to evaluate the attitudes of 

Turkish bank employees towards banking technology and concluded that their use of technology 

resulted in better performance for the bank. 

The study results are not surprising given that the commercial banking sector is highly 

dependent on human resources, thus making productivity an important factor in ensuring improved 

performance (Stei et al., 2023).  In their studies, Ali et al. (2021) suggested that employee 

productivity results in positive commercial bank performance because their intellectual capital 

makes a significant contribution to innovation, thus driving better performance. 

Likewise, several authors provide overwhelming evidence that supports the results 

produced by this study, that employee productivity positively impacts commercial bank 

performance (Jahan et al., 2020; Jena, 2022; Perumal & Aithal, 2023; Rahaman et al., 2023). This 

was attributed to the fact that employees are key in providing excellent customer service. 

Furthermore, banking operations are generally complex, requiring educated and knowledgeable 

employees (Rahaman et al., 2023). According to Sia et al. (2021), the successful DT at DBS Bank 

in Singapore, as evidenced by improved performance, was attributed to employee productivity. 

Overall, EP was found to have a statistically significant effect on commercial bank 

performance (β=0.53, p=0.001, t=3.346). This suggests that improvements in employee 

productivity contribute directly to enhanced organisational performance. Therefore, the alternative 

Hypothesis Seven was supported, and the null hypothesis was rejected. 
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4.6.5.8. IT capability does not mediate the relationship between DT and commercial 

bank performance in Zimbabwe. 

Regarding the extent to which IT capability mediates the relationship between DT and 

commercial bank performance, the results of the study (β=0.17, p=0.001, t=2.356) confirmed that 

IT capability is a critical mediator in the interplay between DT and CBP. This implies that an 

improvement in IT capability does improve this relationship in the context of Zimbabwean 

commercial banks. This relationship is supported by the Digital Orchestra Framework (DOF) 

composed by Matt et al. (2015). 

The DOF emphasises the orchestration of IT capabilities on the relationship between DT 

and commercial bank performance. This theory posits that organisations require IT capability to 

be able to implement and integrate their DT initiatives, and on its own, IT capability enhances 

operational efficiency while it drives revenue growth through IT-enabled innovation (Khin & Ho, 

2019; Li et al., 2023).  

There appears to be overwhelming evidence from prior valid studies (Adam et al., 2021; 

Castillo-Vergara, 2021) supporting the results obtained on this test. Studies by Valdez-Juárez and 

Castillo-Vergara (2021) concluded that organisations with superior IT capability are better able to 

innovate, reduce operational costs, implement successful DT and thereby achieve better 

performance. The study results line up with Modiba et al. (2022), who argue that the success of 

DT in South Africa was attributable to IT capability. Similarly, more studies point to the fact that 

IT capability positively mediates the relationship between DT and commercial bank performance 

since IT capability allows banks implementing DT to give superior customer service through 

digital channels thus achieving improved market share (Adam et al., 2021) and enabling 
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commercial banks to be agile in their DT journeys thus allowing quicker responses to market 

disruptions which in turn may improve market share (Grover, 2022).  

IT capability can therefore be seen as supporting the link between DT and commercial bank 

performance because it assists banks' DT journeys to achieve better financial metrics (Yudha et 

al., 2024). Indeed, there is overwhelming empirical evidence from various writers supporting the 

mediation role that IT capability plays in the relationship between DT and commercial bank 

performance (Elia et al., 2021; Mekuanint et al., 2024; Schrage et al., 2022; Shanti et al., 2023). 

This is because IT capability has been seen to be able to enhance translating the DT strategies of 

commercial banks into measurable and achievable outcomes.  

In essence, the indirect effect of digital transformation on commercial bank performance 

through IT capability was statistically significant (β=0.17, p=0.001, t=2.356). These results 

confirm the mediating role of IT capability. Consequently, Alternative Hypothesis eight (H8) is 

supported while the accompanying Null hypothesis is rejected. 

4.7. Relating Research Questions to Data Analysis Techniques 

This study developed 8 research questions. The following section discusses how these 

research questions were aligned with data analysis techniques. This is important as it ensures that 

the data analysis techniques help answer the study questions and also ensure reliable research 

results of better quality (Kim et al., 2024). It is worth mentioning that each research question was 

framed around the predictor and response variables.  

4.7.1. Research Question 1: What is the direct influence of DT on the performance 

of commercial banks inZimbabwe? 

This question was linked to the hypothesis “The influence of DT on the performance of 

commercial banks in Zimbabwe is positive and significant”, and to address this study question, 
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SEM and descriptive statistical analysis were done to examine the interconnection subsisting 

between DT (explanatory variable) and commercial bank performance (output variable). This was 

selected because it allowed for the examination of the relationship between these two variables, 

thereby providing a better indication of the type of relationship as well as determining how strong 

that relationship is. In addition, the results would aid a quantitative evaluation of the association 

between these variables, thus ensuring that the study addressed the research question. 

4.7.2. Research Question 2: To what extent does DT affect IT capability in 

Zimbabwean commercial banks? 

This question was linked to the hypothesis “DT has a positive influence on IT capability 

for Zimbabwean commercial banks”, and had DT as the independent variable while IT capability 

was the dependent variable. To provide answers to this question, the current study applied both 

descriptive statistical analysis and SEM to establish the nature of the association between the 

variables DT and IT capability in Zimbabwean commercial banks. These results were expected to 

provide insights into the nature of the relationship between the variables stated above, as well as 

provide a quantitative evaluation of the same relationship, which would ensure that the study 

question was addressed. 

4.7.3. Research Question 3: What is the effect of DT on the productivity of the 

employees of commercial banks in Zimbabwe? 

To address this question, it was converted into the hypothesis “The effects of DT on the 

performance of the employees of commercial banks in Zimbabwe are positive and significant”. 

Consequently, descriptive statistical analysis and Structural Equation Modelling (SEM) were 

conducted to probe the interconnection between DT and the performance of the employees of 

commercial banks in Zimbabwe. DT was considered the explanatory variable, while employee 
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productivity was the explained variable. The results were expected to provide a quantitative 

measure of the link between DT and employee productivity, thereby providing answers to the 

research question. 

4.7.4. Research Question 4: What is the effect of DT on the level of IT innovation 

by Zimbabwean commercial banks? 

To address this research question, it was first linked to the following hypothesis: “The 

impact of DT on the IT innovation by Zimbabwean commercial banks is positive and significant”. 

By conducting SEM and using descriptive statistical analysis, this study examined the bond 

between the variables DT (predictor variable) and IT innovation (response variable). This analysis 

was selected because it allowed for the examination of the said relationship, and the obtained 

results would provide insights into the nature and strength of the said relationship. In addition, a 

quantitative evaluation of this relationship would be illuminated, thereby ensuring that the study 

question is answered. 

4.7.5. Research Question 5: What is the relationship between the level of IT 

innovation and the performance of Zimbabwean commercial banks? 

 

Descriptive statistical analysis, as well as SEM, was used to address this question. To 

effectively respond to the question, the following hypothesis was developed: “The influence of IT 

innovation on the performance of Zimbabwean commercial banks is positive and significant”. The 

reason for using this approach was that it would allow the study to examine this relationship in 

detail. This question had IT innovation as the independent variable, while commercial bank 

performance was the dependent variable. Further, the obtained results would provide important 

information on the characteristics of the said relationship as well as provide a quantitative 

assessment of the same, thereby ensuring that this study question was answered. 
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4.7.6. Research Question 6: To what extent does IT capability affect the 

performance of Zimbabwean commercial banks?  

To address this research question, it was essential to convert it into the following 

hypothesis: “The effects of IT capability on the performance of Zimbabwean commercial banks 

are positive and significant”. The current study applied SEM and descriptive statistical analysis to 

obtain a deeper insight into the link between IT capability (input variable) and the performance of 

commercial bank employees in Zimbabwe (output variable). The analysis was selected because it 

allowed the inquiry to assess the bond between the given constructs, thus providing more details 

as well as measuring the strength of the identified relationship. In addition, it would enhance the 

evaluation of the quantitative association between these two variables, thereby ensuring that the 

study has answered the research question. 

4.7.7. Research Question 7: What is the effect of employee productivity on 

commercial bank performance inZimbabwe? 

This question was addressed by linking it to the following hypothesis. “Employee 

productivity positively affects commercial bank performance in Zimbabwe”.  Consequently, this 

study applied SEM as well as descriptive statistical analysis to investigate and establish the 

interconnection between the causal variable of employee productivity and the response variable of 

commercial bank performance. This analysis was chosen because it allowed the researcher to 

investigate the relationship between these variables so as to offer more information regarding the 

nature and strength of the association. This analysis was expected to illuminate quantitatively the 

relationship between the variables specified above, thereby ensuring that the study question was 

answered. 



278 

 

4.7.8. Research Question 8: To what extent does IT capability mediate the 

relationship between DT and commercial bank performance in Zimbabwe? 

The above research question was addressed by first developing it into the following 

hypothesis. “The mediating impact of IT capability on the relationship between DT and 

commercial bank performance in Zimbabwe is positive”. As a result, it used SEM and descriptive 

statistical analysis to probe whether IT capability mediates the connection between DT and 

commercial bank performance. The analysis was selected because it allows the researcher to 

examine the mediation of IT capability on the association between DT and commercial bank 

performance, thereby providing more insights into the nature and strength of the mediation of IT 

capability on the said relationship. Furthermore, a quantitative determine the extent of the 

mediation role of IT capability was provided, thereby confirming that the study question was 

answered. 

4.8. Chapter Summary 

This chapter presents the results obtained from undertaking the study. This was done in a 

systematic manner wherein the chapter first restated the study purpose. The study sought to 

investigate the impact of DT on commercial bank performance by considering the mediation role 

of IT capability. This was done by considering the perceptions of commercial bank employees. It 

was seen that the study was necessitated by the conflicting literature positions where some studies 

returned a positive association (Sia et al., 2021; Zuo et al., 2021) while others returned a negative 

association (Reis & Melao, 2023; Tran et al., 2023). In addition, the study was seen as important 

given that there seem to be few studies focusing on Zimbabwean commercial banks, with the few 

studies having focused on other areas and the paucity of studies that considered the mediating 

impact of IT capability (Cappa et al., 2020; Goldfarb & Tucker, 2019; Hakizimana et al., 2023; 
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Hokonya, 2024; Masinire et al., 2023). Furthermore, most studies in the domain focused on other 

geographical jurisdictions, while some applied different methodologies to the survey paradigm 

used in this study (Goldfarb & Tucker, 2019; Xie & Wang, 2023).  

The results were achieved through the deployment of an online survey of the 13 

commercial banks in Zimbabwe. This method was chosen due to its capacity to collect large 

quantities of data (Osei et al., 2023; Roh et al., 2021), given that it sought to have 364 respondents. 

The data thus collected were analysed using SPSS. The analysis included demographic analysis, 

descriptive statistics analysis, as well as inferential statistical analysis. The generated results were 

presented and evaluated in light of the study's theories and the extant literature. 

The chapter discussed the trustworthiness of the data that was used in compiling the results. 

The underlying concepts of credibility, transferability, dependability and confirmability 

(Babatunde, 2024; Condon et al., 2022; Kyngäs et al., 2020) were seen as key in the study. This 

study achieved the data trustworthiness principle of credibility by using more than one bank, 

thereby achieving data triangulation (Kyngäs et al., 2020). Further peer debriefing was 

implemented, whereby the study tool was made available to three PhD holders who suggested 

some changes (Creswell & Poth, 2018). In order to achieve reliability, the study implemented 

scales from reliable and valid studies (Babatunde, 2024; Sürücü & Maslakcı, 2020). Further, the 

use of the SEM tool assisted, as it has been seen to have the capacity to handle multiple 

relationships. The credibility of the data was also enhanced by carrying out data cleaning 

(Pilowsky et al., 2024). 

To achieve transferability, the study ensured this by subjecting the data to statistical 

analysis, using a clear and detailed methodology as well as using a stratified random sampling 

method to collect the data (Babatunde, 2024; Kyngäs et al., 2020; Spake et al., 2022).  
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Dependability was discussed, and this was attained by using standardised procedures as well as a 

pilot survey (Kimathi et al, 2024; Nguyen-Viet & Nguyen, 2023). This chapter also considered 

data confirmability, and this was achieved through the use of SPSS and the application of a clear 

methodology (Chung et al. 2020; Alrawashedh & Shubita, 2024). 

The reliability and validity of the data were discussed in this chapter. In general, the use of 

measurement scales adapted from prior valid and reliable studies assisted in achieving this (Lamm, 

2020). Specifically, indicator reliability was measured using factor loadings, and these exceeded 

0.5, indicating compliance with indicator reliability (Tavakol & Wetzel, 2020). The chapter 

showed that internal consistency was achieved, and this was measured using Cronbach’s Alpha 

(Nawi et al, 2020) as well as Composite Reliability (CR) (Hair et al., 2021). The values complied 

with the minimum set levels, thus showing that the study achieved internal consistency reliability. 

In addition, the study measured convergent reliability using the Average Variance Extracted (Osei 

et al., 2023), and again, the scores were all in compliance with the standard minimum of 0.5 (Zhu 

& Jin, 2023).  

This chapter also discussed and presented results associated with validity measurements. 

Internal validity was achieved by applying the random sampling method, while external validity 

was achieved by applying a quantitative study design (Webster-Clark et al., 2024). Convergent 

validity was assessed in this study using the CFA (Moher et al., 2020). All the study variables 

achieved the minimum thresholds of the AVE and Composite Reliability, thus confirming 

convergent validity (Bagozzi, 1986; Hair et al., 2021). 

Discriminant validity was also measured and presented in this chapter, and it was 

considered using the square root of the AVE for each variable, which must exceed the variable’s 

highest correlation with any of the other variables in the study. The tests showed that all the 
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variables complied with this requirement; thus, it was concluded that the study achieved 

discriminant validity. 

This chapter presented the study results in a systematic way. Firstly, the demographic data 

was presented. This touched on respondents’ gender, which showed that the bulk of respondents 

were male, their age (with the bulk between 18 and 34 years of age), and level of education, which 

showed that the majority had at least an undergraduate degree. Concerning employment duration, 

the results showed that the majority of respondents had worked for more than 6 years. The results 

also revealed that the bulk of the respondents were permanent workers, while the majority were in 

middle management. 

The chapter also presented the study’s descriptive statistics on the measured variables. The 

descriptive statistics show that the respondents supported that all the latent variables had a positive 

influence. That as it may, the presentation of objective performance data (in the form of ROA) 

gleaned from the commercial banks' published financial statements was used to validate the 

perceptual results obtained from the survey.  

In order to test whether the data was suitable for factor analysis, the study applied the 

Kaiser–Meyer–Olkin (KMO) and Bartlett’s Test of Sphericity to assess the suitability of the data 

for factor analysis. The data turned out to be suitable, given that the KMO factor turned out to be 

above 0.5 (Hair et al., 2021). 

This chapter presented the results of hypothesis testing carried out on the eight study 

hypotheses. The hypothesis testing was done using Structural Equation Modelling (SEM) 

(Shehadeh et al., 2023; Thuy, 2020). Using SEM, it was established that all the hypotheses had 

positive betas and p-values equal to 0.000, indicating that the hypothesised relationships were 

positive and significant. It was revealed through SEM that the relationship between DT and 
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employee productivity, DT and IT capability, DT and IT innovation, IT innovation and 

commercial bank performance, IT capability and commercial bank performance, employee 

productivity and commercial bank performance, the mediation of IT capability on the relationship 

between Dt and commercial bank performance as well as the relationship between DT and 

commercial bank performance all were positive and Significant. 

The demographic data presented were evaluated in this chapter. The response rate was 

observed to be 85.9% against a minimum acceptable rate of 60% (Abdulaziz, 2024; Beehr et al., 

2022). Most respondents were millennials, in line with studies in the commercial banking sector 

(Hannant, 2019). The evaluation of educational data revealed that the majority of the respondents 

had at least an undergraduate degree, and this was consistent with studies in the banking sector, 

which consider educational qualifications as important (Pilatin, 2023). The results showed that 

most of the respondents were permanent workers, which is inconsistent with study results that have 

discovered that banks largely employ contract workers to manage costs (Kalejaiye,2019). The 

evaluation of hierarchical positions was done, and it was shown that the majority of respondents 

were lower-level managers, which is consistent with commercial bank structures that seek to avoid 

top-heavy structures (Wagener, 2023). 

This chapter evaluated the results from the descriptive statistics that were presented. The 

evaluation revealed that all the study variables had means consistently above the 2.5 midpoint, 

indicating that the respondents largely agreed with the hypothesised relationships. This was in line 

with both the TAM and dynamic capability theories (İslatince, 2023; Vuković et al., 2019). Prior 

studies lined up with the evaluation of these descriptive results (Bakri et al., 2024; Khan et al., 

2022; Li et al., 2023; Vial, 2019). 
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The hypothesis testing results were also evaluated in this chapter. Regarding the alternative 

hypothesis, one result, the TAM model, was seen to support the results (Vuković et al., 2019). It 

was established that while the bulk of empirical studies support the results (Shwedeh et al., 2020; 

Khadragy et al., 2022; Ridwan et al., 2020; Adewumi et al., 2024), a few others did not support 

the study results (Kadur & Rajshekar, 2022). The evaluation of the null hypothesis two testing 

results was supported by the dynamic capabilities theory (Nousopoulou et al., 2022; Vial, 2019). 

The results were also resonating with prior valid studies (Barba-Sánchez et al., 2024; Madanayake 

& Yapa, 2024).  

An evaluation of the results emanating from testing the null hypothesis three showed that 

it was also supported by the dynamic capabilities theory (Cheng et al., 2023; Marx et al., 2021). 

The results also found support from empirical evidence (Zhao et al., 2024). This chapter discussed 

the evaluation of results from testing the null hypothesis four. The results had overwhelming 

evidence from prior studies agreeing with them (Chen et al., 2024; Thuy, 2020; Zhu & Jin, 2023).  

The dynamic capability theory supported the results presented by testing the null 

hypothesis five (Nousopoulou et al., 2022; Vial, 2019).  That as it may, some literature did not 

support the results, as it was argued that IT capability alone does not result in improved 

performance (Saira & Farhan, 2022). However, more empirical studies seemed to support the study 

results as they argued that indeed IT capability results in improved performance (Audy et al., 2023; 

Hamida, 2018; Rostika, 2023; Tian et al,.2023; Yaaqub et al., 2023). The evaluation of results 

from testing the null hypothesis six was done in this chapter. This evaluation revealed that both 

the dynamic capabilities and the TAM supported the outcome of the tests (Audy et al., 2023; 

İslatince, 2023). The test results found overwhelming support from prior studies (Jahan et al., 

2020; Jena, 2022; Perumal & Aithal, 2023; Rahaman et al., 2023).  
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The evaluation of test results from the null hypothesis seven revealed that the results were 

supported by the Digital Orchestra Framework (DOF) (Khin & Ho, 2019; Li et al., 2023). Several 

valid studies supported these results as expected (Adam et al., 2021; Castillo-Vergara, 2021). The 

chapter also evaluated test results from alternative hypothesis eight. These results were also 

supported by the dynamic capabilities theory (Ghosh et al., 2022). Prior studies were not in 

consensus. While most of the studies supported the test results (Brown & Grant, 2020; Cappa et 

al., 2020; Goldfarb & Tucker, 2019; Huang, 2021; Soesilo & Tampubolon, 2023; Xie & Wang, 

2023), a few others did not support the test results (Kadur & Rajshekar, 2022; Shanti et al., 2023). 

Having presented the results and the attendant analysis, the next chapter presents the 

implications, recommendations and conclusion of the research results. 
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CHAPTER 5: IMPLICATIONS, RECOMMENDATIONS, AND CONCLUSIONS 

5.1. Chapter Overview 

This study investigated the association between digital transformation and the performance 

of commercial banks in Zimbabwe, considering the mediating role of IT capability on this 

relationship. To effectively set out the study implications, recommendations and conclusions, this 

section begins with a brief review of the study problem and purpose statements. This will assist 

readers in remembering the goals and objectives that the current study sought to fulfil, as well as 

in linking study results with study aims (Kaur, 2019; Yam & Sharma, 2022). 

The problem of this study was framed by inconsistent results in the literature, a 

geographical concentration of studies in developed and Asian economies, concentrated 

methodological approaches, and the paucity of context-specific quantitative studies in Zimbabwe. 

Notably, prior studies have brought in mixed results insofar as the effects of DT on the 

performance of commercial banks are concerned; further, the influence of IT capability on this 

relationship is not clear (Kadur & Rajshekar, 2022; Nguyen-Viet & Nguyen, 2023; Reis & Melao, 

2023; Sia et al., 2021). Indeed, some studies have implied a positive association between DT and 

commercial bank performance, while some have found that the association is not necessarily 

positive. 

 The need for commercial banks to improve their performance in the case of Zimbabwe 

has been heightened by the advent of Mobile Network Operators and Fintechs (Kaondera et al., 

2023) that have resulted in banks losing market share, hence negatively impacting their 

performance. While several studies considered the impact of DT on performance (Cappa et al., 
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2020; Goldfarb & Tucker, 2019; Xie & Wang, 2023), it appears there has not been much 

consideration of how IT capability improves or negatively affects this relationship.  

Furthermore, most studies were done outside Zimbabwe, while those done in Zimbabwe 

considered DT in contexts that circumvented commercial banks (Chinakidzwa, 2020; Chindudzi 

et al., 2020; Hokonya, 2024; Mazikana, 2023). A glance at the literature showed that a considerable 

number of studies were done applying the qualitative methodological approach, case studies, and 

those that applied the quantitative paradigm did so using secondary data (Hakizimana et al., 2023; 

Masinire et al., 2023). This implied the need for further studies in the Zimbabwean context, 

applying the quantitative study approach and incorporating the mediating role of IT capability. 

The purpose of this study was to examine how DT influences the performance of 

Zimbabwean commercial banks, considering the mediating role played by IT capability. This 

entailed the use of a survey undergirded by an explanatory design and applied the Technology 

Acceptance Model (TAM), the Dynamic Capabilities Theory (DCT) and the Digital Orchestra 

Framework (DOF). The main study variables included DT, IT capability, IT innovation and 

commercial bank performance.  

Whilst several research approaches exist (Creswell & Creswell, 2023; Sharma, 2023; 

Thomas, 2021), this study adopted a quantitative research approach. This was supported by a 

positivist research philosophy. The study examined the existence of relationships between several 

variables as well as the impact of IT capability on the association between DT and commercial 

bank performance. This was done by considering the views of commercial bank employees from 

all 13 commercial banks in Zimbabwe. Several authors have supported the use of a quantitative 

approach where study results are intended to be generalised as well as where statistical methods 
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are used to assess relationships between variables, which was in line with the current study (Iluba 

& Phiri, 2021; Turuev & Shashkina, 2023).  

Data was collected by applying a survey design. This was in line with valid studies in a 

similar field (İslatince, 2023; Rios-Lama & Vargas-Merino, 2023). The unit of analysis in this 

research was the commercial banks, while the unit of observation was the commercial bank 

employees. Furthermore, the population of interest consisted of all financial institutions in 

Zimbabwe. Consequently, the target population was the total employees of the 19 banks in 

Zimbabwe, while the sampling frame considered only the commercial bank employees. At the 

time of the study, these numbered 6,322 (RBZ, 2023). Consistent with previous valid research 

(Kaondera et al., 2023; Murwira et al., 2019), the current research allowed all 13 commercial banks 

to participate in the survey, obviating the need for any sampling techniques on the participating 

banks. 

This study followed specific steps that led to data collection (Surucu & Maslakci, 2020). 

The initial step involved defining the study design and developing the study protocol. This relates 

to the development of study objectives, questions and hypotheses. The second step involved the 

completion and submission of relevant forms relating to the approval of the study. Such forms 

included the gatekeeper forms and seeking the approval of the UREC to proceed with data 

collection. Having approved, the next step involved recruiting gatekeepers who provided consent 

for the researcher to collect data from the respective bank employees. The following step involved 

the recruitment of those participating in the study, while the next step involved data collection. 

 To collect data from these employees, the study deployed an online structured 

questionnaire as the study instrument. The structured questionnaire was used in a pilot study that 

involved 28 participants, which resulted in the refining of the study instrument. The final 
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questionnaire contained 33 questions, with 8 questions covering the demographics section. The 

rest of the questions considered the study variables, and they were arranged to address specific 

study objectives. These were closed-ended questions utilising a 5-point Likert scale (with scales, 

1,2,3,4, and 5 representing Strongly Disagree, Disagree, Neutral, Agree, and Strongly Agree, 

respectively) as applied in several studies (He et al., 2021; Joensuu-Salo & Matalamäki, 2023; Yu 

et al., 2022). 

The total number of survey participants was 310 commercial bank employees. These were 

determined using the stratified random sampling method as emphasised by Khan (2020) in studies 

that seek to maximise representativeness. Indeed, similar studies carried out in the recent past 

applied similar techniques in similar fields (Shehadeh et al., 2023; Theiri & Hadousa, 2024; Uribe-

Linares et al., 2023). Pertaining to the sample size, this study applied Krejcie & Morgan’s (1970) 

table, and this was triangulated with the A Priori Power analysis using the G*Power 3.1.9.7 

software. While Krejcie & Morgan’s table indicated a sample size of 364 participants, given a 

population size of 5,606 employees, the G*Power analysis indicated a minimum sample size of 92 

participants.  

To complement the primary data, as well as provide an objective benchmark for the 

perceptual performance measures, secondary data on Return on Assets (ROA) for the 13 

commercial banks was also systematically collected and analysed (Appendix I). This triangulation 

of data sources was done so as to achieve the validity and robustness of the study results. 

To this end, this study applied such statistical methods as descriptive statistics and 

inferential statistics. Charts and tables were used to describe demographic data, while advanced 

statistical methods such as SEM and CFA were applied to draw conclusions on the hypothesised 
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relationships. The data was analysed using SPSS. At every stage of the methodology, the 

researcher upheld research ethics. 

Firstly, the researcher conformed to Unicaf’s code of ethics by obtaining approval from the 

UREC. Furthermore, the researcher recognised and implemented various ethical standards. Firstly, 

the researcher ensured informed consent (Jotwani et al., 2024; Mannelli, 2022) from the 

respondents by illuminating what the study entails and getting them to freely participate in the 

study. Confidentiality was assured as the respondents' information, as well as bank-specific 

responses, were collected using secure communication protocols such as Google Forms. 

Anonymity was also upheld in the study by avoiding linking individual results with institutions as 

well as avoiding mentioning particular banks in the results (Moses, 2021). In addition, the study 

ensured that the study participants were not exposed to harm, be it physical or emotional. The 

study did not include any vulnerable respondents, such as the disabled or minors. The 

investigator’s interaction with study participants was negligible to avoid compromising the 

integrity of the research (Zyphur & Pierides, 2019).  In addition, the researcher took a neutral 

stance to deal with personal biases and applied rigorous study methods (McKenna et al., 2020). 

This section contains three sections, and these are the introduction, study implications and 

conclusion. The introduction above gave a review of the problem statement, the purpose statement 

and the study methodology. It further considered the ethical dimensions that were adopted in the 

current study. The study implications section will consider not only practical implications but will 

also delve into theoretical and social implications of the study to the various stakeholders 

encompassing employees, academics, policymakers and regulators. The conclusion will chronicle 

the researcher’s deductions from the study results and summarise the chapter. In essence, this 
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chapter synthesises the study’s conclusions, derives recommendations anchored in the statistical 

evidence, and suggests specific avenues for future research. 

5.2. Implications of the Study 

This section considers how the current study results impact the real world, influence future 

research and give direction to the formation and implementation of policies (Markowitz, 2019). 

Furthermore, these assist in fusing the research’s contribution to the existing body of knowledge 

by highlighting both practical and theoretical implications, thereby ensuring that the significance 

of the study is made clear to various interested parties (Presti, 2021). Consequently, the subsequent 

section provides the practical and theoretical implications of the current study's results. 

5.2.1. Practical Implications of the Results 

Through this inquiry, numerous real-world inferences were observed. This culminated in 

the practical implications or contributions of this inquiry. It must be observed that these practical 

contributions are expected to help commercial bank shareholders, managers, employees, 

policymakers and academics to understand the subject matter better and come up with well-

informed decisions in their sphere of influence. This section summarises the practical contributions 

of this research. 

Firstly, this study observed that DT is a strategic lever for performance, given the 

statistically significant relationship observed between DT and commercial bank performance. 

These results confirm that DT is a viable strategic investment for improving the performance of 

commercial banks. As observed in the literature (Kaondera et al. 2023), commercial banks have 

been losing market share to MNOs and Fintechs; thus, these results validate the allocation of 

resources by managers toward DT initiatives so as to improve commercial bank performance. This 

study will help commercial bank managers in understanding the need to invest in and implement 



291 

 

DT successfully. Contrary to some literature, which showed that DT negatively impacted 

employee productivity (Bausch et al., 2024; Reis & Melao, 2023; Tran et al., 2023), the study 

results give confidence to bank managers when coming up with DT investment decisions. 

Secondly, the study results revealed that employee productivity is the key performance 

driver for commercial banks in Zimbabwe. EP came out as the strongest direct path for CBP, 

underscoring the importance of human capital in DT initiatives. It can thus be seen that the success 

of DT in improving performance for commercial banks is heavily dependent on enhancing human 

capital. Banks must therefore prioritise training and incentive structures to achieve technological 

upgrades. Commercial bank employees need to be fully engaged in their bank’s DT initiatives. It 

has been shown that these initiatives have a positive influence on their performance. In addition, 

commercial bank management needs to include DT KPIs, which will be regularly reviewed to 

track how DT affects both employee output and that of commercial banks. 

Third, DT was seen to have a positive effect on IT capability. These results will assist 

commercial bank managers in embracing DT. Shareholders will also be much more informed when 

they need to make investment decisions in these organisations. These results are also important to 

policymakers who can craft and implement policies that will support the DT initiatives of 

commercial banks. In particular, the Reserve Bank of Zimbabwe is interested in the sustainability 

of the performance of commercial banks in Zimbabwe; thus, the results of this study are quite 

informative to them. 

Fourthly, the outcome of this study illuminated that DT strongly foster IT innovation. That 

as it may, IT innovation has a weak direct link to CBP. This suggests that for Zimbabwean banks, 

the primary value of innovation may lie in its role as an intermediary that supports other 

performance drivers rather than as a direct driver. This is critical in ensuring that commercial banks 
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not only benefit from their DT initiatives but also positively influence the performance of these 

banks. Because IT innovation was seen to positively affect the performance of commercial banks 

in Zimbabwe, the practical contribution of this study was that commercial bank executives were 

advised to instil a culture of innovation. Several empirical studies (Jihane & Aziz, 2022; Verhoef 

et al., 2021) indicate that an innovation culture is essential if commercial banks are to realise the 

benefits of IT innovation on commercial bank performance. 

Fifth, the study results established that IT capability is a critical mediator, given the 

statistically significant positive beta obtained from the test. The significant mediating role of IT 

capability revealed that the relationship between DT and CBP is effectively improved by the IT 

capability of commercial banks in Zimbabwe. Commercial banks need to invest in infrastructure, 

skills and strategic alignment. Furthermore, commercial banks' investments in DT must be 

matched by parallel investments in upgrading their core IT capabilities. 

This study met the practical significance of the study by highlighting the need for 

commercial bank management to implement and enforce collaboration and knowledge sharing 

between the bank’s IT department and other employees. Furthermore, commercial bank employees 

need to keep learning and experimenting with recent technologies. The results indicated that the 

majority of respondents possessed at least an undergraduate degree; thus, commercial bank 

management needs to take advantage of the high levels of education to fund the training of 

employees on digital and technology courses as opposed to academic courses. As Latinovic and 

Chatterjee (2022) illuminate, continuous training assists the innovative capacity of employees. 

Furthermore, practical contributions were achieved by highlighting the need for 

commercial banks to ensure that all employees participate in DT journeys. The study results 

showed that IT capability not only results in improving the performance of commercial bank 
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employees in Zimbabwe but also positively mediates the link between DT and the performance of 

commercial banks in Zimbabwe. This showed that commercial bank management needs to allocate 

resources to fund the advancement of their IT capability and sync their IT investment with the 

bank’s competencies by developing a DT roadmap. In addition, the practical contribution to 

regulators has been that the study showed that they need to develop guidelines for IT capability 

that ensure that all banks, regardless of size and type, benefit from building their IT capacity. This 

may include giving tax breaks on IT equipment. 

5.2.2. Theoretical Implications of the Results 

This study synthesised the DT literature in the context of its impact on performance as well 

as how IT capability impacts the interplay between these study variables. The study results were 

used to infer some theoretical implications. The following paragraphs present various key 

contributions to the existing literature resulting from this study, thereby improving the body of 

knowledge. 

The first theoretical contribution of this study was the contextual validation of theories. 

This is so because the research successfully applied and validated the Technology Acceptance 

Model (TAM), the Dynamic Capabilities Theory (DCT) and the Digital Orchestra Framework 

(DOF) in the under-researched context of Zimbabwe’s banking sector. The strong link between 

DT and EP supports TAM’s relevance, while the mediation results reinforce DOF’s emphasis on 

orchestration via IT capability. These theories supported the study’s conceptual framework and 

were all in line with the study results. This showed that these theories can also be applied in similar 

contexts, given that the results were obtained using a quantitative approach that allows 

generalisation of results. 
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Secondly, this research helped clarify conflicting literature. One of the gaps exposed in this 

study is that there are conflicting results on the impact of DT on the performance of commercial 

banks (Bausch et al., 2024; Reis & Melao, 2023; Sia et al., 2021; Zuo et al., 2021). By quantifying 

relationships in the Zimbabwean context, this study helped reconcile conflicting prior findings. 

For instance, it confirmed a positive link between DT and CBP as well as the positive mediation 

of IT capability on this relationship, supporting one stream of literature while challenging studies 

that had contrary findings, specifically with negative and insignificant effects. 

In addition, this study addressed contextual gaps observed in the literature. The discussion 

in the literature review revealed that most studies that have been carried out on the impact of DT 

on the performance of commercial banks have been done in Asia, Europe and the USA, with a few 

being carried out in Africa and Zimbabwe in particular (Cappa et al., 2020; Kaondera et al., 2023; 

Wewege et al., 2020). The question arising from this was whether these results would apply to the 

Zimbabwean context. The results from this study have thus helped shape theory by showing that 

not only does DT positively impact commercial bank performance in the Zimbabwean context, 

but also that DT is positively associated with employee productivity, IT capability, and IT 

innovation. Furthermore, the study results revealed that these variables are all positively linked 

with commercial bank performance, thus helping to understand the strength of these relationships 

in the Zimbabwean context. 

This study considered the impact of IT capability on the relationship between DT and 

commercial bank performance, an area that is characterised by little empirical research. It can 

therefore be concluded that the study results that IT capability positively impacts the relationship 

between DT and commercial bank performance in Zimbabwean banks provided a novel 

contribution to the current body of knowledge. 
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The implementation of this study resulted in methodological advancement. It was revealed 

in the literature review that most studies seem to have applied different methodological approaches 

in studying this subject. Specifically, most studies used qualitative approaches (Hakizimana et al., 

2023; Hokonya, 2024; Masinire et al., 2023). The results of this study have been obtained by 

applying a quantitative approach, thereby enriching the methodological approach as well as 

assisting in generalising study results. 

Furthermore, many studies that examined this study area applied mostly secondary data 

(Jahan et al., 2020; Jena, 2022; Mathapati, 2021). This study's results were obtained by using 

primary data. The insights obtained from analysing responses from commercial bank employees 

provide opportunities for extending existing theories through the application of these theories to 

new contexts, populations or situations. The use of a quantitative survey-based SEM approach 

with primary data from multiple banks addresses a gap identified in the literature, which was 

dominated by qualitative case studies or secondary data analyses in other regions. 

Overall, this study's results brought some new insights to the body of knowledge by 

shedding light on the relationship between the various study variables discussed above. The use of 

the Zimbabwean context assisted in providing knowledge on the extent of the interaction between 

study variables in a developing African country context. Furthermore, the use of different 

methodological approaches in this study assisted in buttressing the body of knowledge. Again, 

using the TAM, DCT, and DOF theories in this study meant that these theories were applied to a 

new Zimbabwean context, thereby providing new insights and nuances supporting the existing 

assumptions. 
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5.2.3. Policy Implications of the Results. 

The results of this study provide evidence-based implications for adoption by 

policymakers. Given that the study results were obtained from the perspectives of commercial 

bank employees, it will be important for bank management to lobby policymakers to consider this 

study’s outcomes. This will result in the improvement of policy outcomes through the effective 

interventions born out of the results of this study. 

From the perspective of commercial bank employees, DT positively improves commercial 

bank performance, and IT capability positively influences the interlink between these two 

variables. These results indicate that commercial bank management through their associations, like 

the Bankers Association of Zimbabwe (BAZ) need to urge policymakers, such as the central 

government and the country’s central bank, to constantly review their policies to ensure they assist 

banks in attaining their DT objectives. For example, a reduction in technology-related import taxes 

for commercial banks.  It was revealed in the literature that the Zimbabwean environment is 

characterised by poor internet connectivity and expensive IT infrastructure (Masinire, 2023; 

Mataruka et al., 2023), which negatively impacts DT journeys. This study's results, therefore, 

highlight the need for policymakers to implement policies that help banks acquire technology 

infrastructure in a cost-effective manner so as to improve both the internet and the IT infrastructure 

for banks. 

5.3. Limitations and Effects on Results Interpretation 

In any study, certain limitations present themselves, and these need to be considered when 

interpreting study results. In that regard, this section acknowledges and discusses the observed 

study limitations, and this is very important for situating the results in their proper context (Ross 

& Zaidi, 2019). Testor (2020) adds that this will assist in providing guidance to future researchers 
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as they may highlight areas that require further inquiry, as well as assist in improving future 

research designs. Furthermore, because the methodological and contextual limitations may affect 

the interpretation and application of study results by specific constituencies, these will be discussed 

in direct response to the potential consumers of the study results, which include but are not limited 

to the academia, bank management, shareholders, regulators and customers. 

This study utilised the quantitative approach to arrive at the study's conclusions. The use 

of a mixed methodology approach could have helped triangulate the results with responses from 

qualitative data. According to Simuchimba and Mpundu (2024), quantitative data alone may lack 

the deeper meanings that are required to understand the context existing beyond numbers. The use 

of quantitative data alone in this study meant that certain human factors could not be captured 

(Alrawashedh & Shubita, 2024). In addition, as Zhai points out, a quantitative approach alone may 

provide limited insights into the strategic issues associated with digital transformation and 

commercial bank performance.  

For bank management and shareholders, although the results demonstrated a statistically 

significant relationship between DT, IT capability and Performance, they do not provide the rich 

and detailed explanations accompanying the numbers. For instance, how and he reasons why such 

strong correlations exist, what human factors, strategic decisions, as well as operational issues 

were not captured. In that regard, bank managers reading these study results need to understand 

that while they provide reliable information, they lack qualitative depth. 

Regulators require objective and verifiable results to inform policy. Given that these study 

results are grounded in employee perceptions, regulators need to use them, knowing that they must 

be considered alongside the broader macroeconomic data for definitive policy conclusions. 
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While this study adopted a mixed-sources approach in measuring commercial bank 

performance by combining perceptual data from an employee survey with objective secondary 

data on ROA (thereby significantly strengthening the validity of the performance construct by 

mitigating common method bias), a limitation still remained. The study’s independent variables, 

such as DT, IT Capability, Employee productivity and IT Innovation, were measured solely 

through primary data. While it is acceptable that the employees provide valuable and important 

insights, using their views alone may present an incomplete picture of the wider impact on the 

commercial bank and other stakeholders. According to Kamyalile and Mpundu (2024), employee 

perspectives may be influenced by their roles in the organisation. In addition, the use of surveys 

may fail to give granular details regarding financial outcomes, which are provided by secondary 

data (Ali et al., 2024).  

The singular focus above may present an incomplete picture, thereby affecting how 

different audiences interpret the results. For bank management, employee views are critical for 

understanding internal processes and operational improvements. That as it may, management using 

these results needs to understand that they lack the voice of the customer, meaning that DT 

initiatives that may be interpreted by employees as successful may be perceived differently by 

customers. In that regard, while these results offer a strong internal perspective, they should be 

complemented by customer experience data for a holistic picture. While employee views are 

useful, regulators are interested in the perspectives of other stakeholders, such as customers, so as 

to assess the impact on inclusion and fair access. 

The inquiry did not consider some contextual factors, such as market conditions, bank size 

and the type of bank when examining the impact of DT on commercial bank performance while 

considering the mediation of IT capability. According to Li (2024), the size of the bank matters 
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when studying the impact of DT on commercial bank performance. This is because DT's impact 

on performance is thought to be heterogeneous (Xiang & Jiang, 2023). The results could have been 

different if the study had considered other contextual factors. According to Chen et al. (2024), 

contextual factors need to be considered to get a more accurate assessment of DT on commercial 

bank performance. While these views hold water, the Zimbabwean banking environment is made 

up of banks that are not that different from each other in terms of size, as measured by capital. This 

is because the capital levels are regulated in the Zimbabwean banking sector, and all banks must 

attain a certain minimum capital level (Reserve Bank of Zimbabwe, 2024). 

That the study did not explicitly account for such contextual factors as bank size and 

prevailing market conditions has a bearing on the interpretation of the study results. Commercial 

bank managers from smaller banks may need to be cautious, as the results may be driven more by 

the experiences of bigger banks that have more resources for DT. The study results may thus not 

perfectly predict outcomes from smaller banks that have different risk profiles. In that regard, 

management may interpret the results as a general trend across a regulated sector and not a 

prediction for a single institution.  

Overall, the above limitations mean that the study provides valid and reliable results, and 

they provide a snapshot of the influence of DT on the performance of Zimbabwean commercial 

banks, considering the mediation of IT capability through the lens of commercial bank employees. 

These results provide a robust foundational platform, but they need to be interpreted by bank 

management, shareholders, regulators and customers as part of a bigger puzzle that must be 

complemented by other sources of data and stakeholder perspectives for completion. 
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5.4. Recommendations for Application 

Informed directly by the empirical results of this study, this section presents research-based 

recommendations for key stakeholders, including policymakers, commercial bank management, 

and commercial bank employees. As argued by Muhammad et al. (2020), recommendations for 

application enhance the practical utility of research by translating empirical evidence into 

actionable guidance. Consistent with Harris et al. (2019), the recommendations presented here are 

explicitly grounded in the study’s statistical results rather than general managerial opinion. As a 

result, the following section provides recommendations that are explicitly derived from the 

statistical results analysis presented in the previous chapter. 

5.4.1. Recommendations for Commercial Bank Management 

This study recommends that commercial bank management must strengthen DT initiatives 

to improve employee productivity. This recommendation is grounded in the study’s finding that 

digital transformation has a statistically significant positive effect on employee productivity. The 

SEM results demonstrate that employees operating in digitally enabled environments exhibit 

higher productivity and task efficiency. Based on this evidence, commercial banks are 

recommended to prioritise and deepen digital transformation initiatives across operational, 

customer service, and internal workflow processes. Empirical support from this study aligns with 

prior research showing that digital tools reduce task completion time and enhance operational 

efficiency as they take less time to implement and complete tasks (Adewumi et al., 2024; Bag, 

2021; Chatterjee, 2022; Khadragy et al., 2022; Kitsiosis et al., 2021; Ridwan et al., 2020). Human 

capital development must therefore not be seen merely as support but as a strategic priority. 

Secondly, this study recommends that commercial bank management invest strategically 

in foundational IT capability. This is informed by empirical study results that revealed a 
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statistically significant mediating role of IT capability on the interaction between DT and CBP. 

This suggests that commercial bank management in Zimbabwe needs to ensure that DT projects 

are underpinned by strategic investments in modern IT infrastructure, data management systems 

and in-house IT talent. IT capability has been seen to be a key driver of the performance of banks, 

as well as the relationship between DT and commercial bank performance. According to Zhu and 

Jin (2023), DT has been seen to push commercial banks to improve their IT infrastructure as well 

as improve the human resources side of IT capability.  

Backed by this study’s empirical results, which showed that DT influences CBP both 

directly and via the mediation of IT capability, it is recommended that commercial bank 

management should invest in and develop integrated DT roadmaps with clear KPIs. This can be 

achieved through creating detailed roadmaps that track not just financial KPIs but also intermediate 

metrics like employee digital skill levels, IT system reliability and innovation output rates.  

The positive and significant association between DT and CBP is quite telling for 

Zimbabwean commercial banks, whose market share has been dwindling (Kaondera et al., 2023) 

owing to the entry into the banking space by MNOs that rely on digital means to reach customers. 

Embracing DT will allow banks to reach more customers, make work more efficient for employees 

and allow commercial banks to push for new business. Study results showed that most employees 

agreed that they were using new technologies brought about by DT, and that their commercial 

bank was using DT metrics to have a better understanding of its customers. This means that 

commercial banks need to invest in DT initiatives so as to benefit from their impact on the 

performance of their commercial banks. 

In addition, this study recommends that commercial bank management in Zimbabwe needs 

to foster a culture of controlled innovation as well as redirect budgets toward digital and 
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innovation-focused skills. The study results concluded a strong DT-IT Innovation link with the 

highest beta value. This suggests that banks should create environments that encourage 

experimentation. That as it may, the study results showed that on its own, IT innovation’s direct 

impact on CBP was somewhat weak. This suggests that commercial bank management needs to 

align business objectives with IT innovation to avoid wasteful innovations. 

Descriptive results revealed that the majority of respondents were highly educated, 

predominantly within the millennial age group, and actively engaged in digital work environments. 

Combined with the significant relationship between digital transformation and employee 

productivity, this finding indicates that traditional academic training yields diminishing marginal 

returns. Accordingly, commercial banks are advised to shift employee development programmes 

toward digital transformation, data analytics, fintech platforms, and innovation-oriented skills. 

This recommendation is empirically justified by the study’s evidence that digitally skilled 

employees perform better in transformed banking environments. 

Given the significant effects of IT innovation and employee productivity on bank 

performance, commercial bank management is therefore encouraged to foster a culture that 

supports experimentation, continuous learning, and cross-functional collaboration, particularly 

between IT and non-IT departments. This recommendation is evidence-based, as innovation and 

performance improvements were empirically linked to digitally enabled and collaborative 

environments. As revealed in the literature review, this enhances the agility of the bank (Jihane & 

Aziz, 2022; Verhoef et al., 2021), which is a key component if the bank’s IT innovations are to 

present improvements in their competitive ability.  

In addition, the reviewed literature highlighted culture as critical in the context of DT and 

IT innovation (Modiba et al., 2020; Nguyen, 2020; Tuukkanen et al., 2022; Verhoef et al., 2021). 
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This study, therefore, recommends that commercial bank management must foster a culture that 

encourages innovation. One way of achieving this, as has been revealed in Chapter 2, is to allow 

employees continuous learning, experimentation and innovation (Latinovic & Chatterjee, 2022). 

Since the study demonstrated that digital transformation improves employee productivity 

and that employee productivity positively affects commercial bank performance, the outcomes of 

digital transformation should be measurable at the individual level. 

Accordingly, commercial banks are advised to incorporate digital transformation key 

performance indicators (KPIs) into employee productivity management systems. This ensures 

alignment between organisational digital objectives and individual accountability. Results from 

the descriptive data revealed that most employees confirmed that they fully participated in the DT 

of the bank. Similarly, most of the respondents agreed that the use of ICTs in their bank helps them 

accomplish tasks faster. It is when employees are fully engaged, understand DT, and fully 

participate in the commercial bank’s DT initiatives that commercial bank employee productivity 

is improved by DT. 

The study results highlighted the positive and significant effect of DT on the performance 

of commercial banks in Zimbabwe. In addition, the study results revealed that the majority of 

respondents from Zimbabwean commercial banks participate in the DT initiatives of the bank, 

enhancing their motivation and allowing them to accomplish their tasks faster. Consequently, 

commercial bank managers are strongly advised to prioritise investing in digital infrastructure, 

including AI, Cloud Computing, and Big Data Analytics. This is because these were seen to 

positively influence employee productivity, which in turn helps commercial banks to improve their 

performance. The need to invest in digital infrastructure is supported by the literature review, 

which revealed that most traditional banks in Zimbabwe have outdated IT infrastructure 
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(Gkrimpizi & Peristeras, 2022). As indicated by the study results, investing in IT infrastructure 

will result in enhancing the commercial banks’ IT capability, thereby positively impacting 

performance. 

The mediating role of IT capability (H7) underscores the need for a structured digital 

transformation roadmap that prioritises capability development rather than ad hoc digital 

investments. Commercial bank management is therefore recommended to develop formal DT 

roadmaps that explicitly align digital initiatives with IT capability building, ensuring coherence, 

sequencing, and sustainability of transformation efforts. Indeed, results from the survey showed 

that the bulk of the respondents agreed that their bank’s IT helped improve organisational 

performance in the past three years. According to Jayashree and Jayakani (2023), a DT roadmap 

allows commercial bank managers to develop a strategic framework that will align IT capabilities 

with the aims and goals of the commercial bank, thus ensuring coherence. The need for a DT 

roadmap also finds support in Barba-Sánchez et al. (2024), who conclude that a roadmap assists 

commercial banks in developing their IT capabilities in a structured way, thereby enhancing their 

effectiveness in improving the interplay between DT and commercial bank performance. 

5.4.2. Recommendations for Policy Makers 

The study results provide empirical evidence that can inform regulatory and developmental 

policy. Specifically, the results show that the IT capability of Zimbabwean commercial banks is a 

significant mediator in the interaction between DT and CBP. This statistically validated 

relationship underscores that the national environment for digital infrastructure is not merely a 

background condition but an important antecedent to bank-level capability. 

The role of regulators and policymakers in making it easier for commercial banks to 

implement DT is critical. Given the study’s finding that digital transformation significantly 
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improves commercial bank performance, policymakers have a vested interest in enabling 

successful DT adoption. It was revealed in the literature review that central banks in China and 

Egypt put in place policies that encouraged commercial banks to embrace DT (Hashem, 2020; Xie 

& Wang, 2023). 

Firstly, it is recommended that the Reserve Bank of Zimbabwe put in place a clear and 

supportive framework to encourage banks to import IT equipment that is critical in the DT journeys 

of these commercial banks. Evidence in the literature suggests that regulation is a key success 

factor in supporting DT initiatives (Mawere, 2018). The Reserve Bank of Zimbabwe and relevant 

authorities are encouraged to implement supportive policies, including tax incentives for IT 

infrastructure, streamlined import regulations for digital equipment, and sector-wide digital 

standards. These recommendations are grounded in the study’s empirical evidence demonstrating 

the macroeconomic benefits of improved bank performance. 

Given that this study revealed that DT results in improved commercial bank performance, 

it follows that the government will benefit from a performing commercial banking sector through 

improved taxes. It is therefore in the best interest of the authorities to capacitate commercial banks 

by allowing them to import IT infrastructure without levying any taxes. In addition, the literature 

review showed that the challenging economic landscape in Zimbabwe militates against the 

successful implementation of DT (Mullan & Rolleston, 2020; Spitzer & Wimmer, 2021). The 

policymakers are therefore encouraged to enact policies that help commercial banks complete their 

DT journeys. 

Consequently, this study implies that policy interventions aimed at improving the 

affordability, quality and security of national digital infrastructure (for example, data centres, 

secure cloud services and broadband) would support a key IT capability component. Furthermore, 
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the study results reveal that the effect of DT on IT innovation is statistically significant, although 

the direct link of ITI on CBP is weaker. These findings support the establishment of regulatory 

sandboxes to manage this dynamic. By providing a controlled environment for testing new DT-

based financial products, policymakers can foster innovation cycles driven by DT while 

concurrently developing essential standards for IT security resilience to achieve enhanced DT 

securely. 

This study recommends that regulators establish and implement guidelines that are 

supportive of the IT capability development by commercial banks. As has been presented earlier, 

this study revealed that IT capability positively mediates the relationship between DT and the 

performance of commercial banks. As such, there is a need for both the Zimbabwean government 

and the Reserve Bank of Zimbabwe to coordinate policy that ensures that commercial banks 

leverage IT capability to improve the relationship between their DT initiatives and their 

performance. This can be done through offering commercial banks tax breaks or subsidies for 

technology upgrades, which addresses the cost issues associated with DT initiatives (Shanti et al., 

2023). In addition, regulators are encouraged to set standards for IT infrastructure, thus ensuring 

that commercial banks develop digital capabilities that are robust and can improve the performance 

of the banks. This chimes with Prakasa and Jumani (2024), who argue that regulators are capable 

of ensuring a level playing field by enacting regulations that ensure that all banks, regardless of 

size, have access to IT capabilities and leverage these to improve performance. 

5.5. Recommendations for Future Research 

This research sought to investigate “Digital transformation and performance of commercial 

banks in Zimbabwe: the mediating role of information technology capability” The study 

implemented a quantitative research approach that applied a survey design to gather primary data. 
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This inquiry made use of a structured questionnaire to collect data (and was deployed online) from 

the respondents who were employees of commercial banks in Zimbabwe. A stratified random 

sampling method was applied to determine the sample size, and all commercial banks in Zimbabwe 

participated. The SPSS program was utilised to analyse the collected data. The study used both 

descriptive and inferential statistics to analyse and present the data. While the study was rigorous 

and produced valid and reliable results according to the various tests employed, it also identified 

clear opportunities for future research. Accordingly, this section proposes concrete, 

methodologically explicit recommendations for future studies. 

To the researcher’s knowledge, this study was the first one done in Zimbabwe that 

considered the influence of DT on the performance of Zimbabwean commercial banks while 

considering the mediation role of IT capability. This study applied a quantitative research 

approach. Future studies in the Zimbabwean context may consider using different methodological 

approaches.  

First, future research should adopt longitudinal and mixed-method research designs to 

strengthen causal inference and capture post–digital transformation performance dynamics. A 

longitudinal design could collect data at multiple time points (for example, baseline, 12 months, 

and 24 months post-DT implementation) to track how employee productivity, IT capability, IT 

innovation, and bank performance evolve over time. This could be complemented with qualitative 

interviews involving digital transformation leaders, IT managers, and frontline employees to 

explain why and how performance changes occur. Such a mixed-method longitudinal approach 

would allow stronger validation of the causal pathways identified in this study (Tahir, 2024; Dalei, 

2023). 
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Second, while this study examined IT capability as a mediating variable, future research 

should test additional mediating mechanisms to deepen the understanding of how DT influences 

bank performance. Specifically, future studies could model organisational culture (Ghafoori et al., 

2023; Morra, 2022; Probojakti, 2024), change management effectiveness, employee digital skills 

development, and process automation intensity as mediators within a structural equation modelling 

framework. These variables could be measured using validated scales and tested alongside IT 

capability to determine whether multiple mechanisms jointly explain DT-driven performance 

outcomes.  

Third, future research should explicitly test moderating variables that define the boundary 

conditions under which DT affects performance. Concrete moderators include bank size (assets, 

branch network), bank ownership structure (local vs foreign-owned), bank type (retail vs 

corporate-focused), economic volatility, and regulatory intensity. Multi-group SEM or interaction-

effect modelling could be employed to assess whether DT-performance relationships differ across 

these categories, thereby providing a more nuanced and context-sensitive understanding of DT 

outcomes (Martínez-Noya & Garcia-Canal, 2024). 

Fourth, future studies should incorporate industry-specific contextual variables that are 

particularly relevant to the Zimbabwean banking sector. These include regulatory frameworks, 

competition from fintech firms and mobile network operators, and market structure dynamics. A 

concrete approach would be to integrate regulatory burden indices, competition-intensity 

measures, or market-concentration indicators into empirical models assessing DT effectiveness. 

Such studies would clarify how institutional and competitive pressures shape DT success in 

emerging economies (Jihane & Aziz, 2022; Verhoef et al., 2021). 



309 

 

Fifth, future research should disaggregate DT into specific technology domains rather than 

treating it as a single composite construct. For example, studies could examine the independent 

and combined effects of big data analytics, cloud computing, artificial intelligence, machine 

learning, and mobile banking platforms on employee productivity, innovation, and organisational 

outcomes. This would enable researchers to identify which technologies generate the greatest 

performance gains and under what conditions (Chwila, 2023; Kumar, 2020; Thommandru, 2021).  

Sixth, future studies should expand stakeholder representation beyond employees to 

include customers, shareholders, regulators, and policymakers. A multi-stakeholder design could 

combine employee survey data with customer satisfaction measures, financial performance 

indicators, and regulatory perspectives. Including customers is particularly important given their 

role in driving DT adoption, while policymakers and regulators influence the institutional 

environment governing DT initiatives (Tan et al., 2021; Witschel et al., 2019; Lugun, 2024; Zhai, 

2024). This is supported by the empirical literature, which shows that regulatory requirements have 

also formed part of the DT driving forces (Haffke et al., 2016). It has been argued that shareholders 

are interested in the financial impact of DT on the banks involved (Zhai, 2024); therefore, 

including their views will help measure the effect of DT on the performance of commercial banks, 

considering the mediation of IT capability from their point of view. 

Seventh, future research should examine demographic and occupational differences in DT 

effects by explicitly modelling variables such as age, gender, hierarchical position, employment 

status, and educational level as moderators or grouping variables. Multi-group SEM could be used 

to assess whether DT impacts employee productivity differently across demographic categories, 

thereby improving the understanding of heterogeneity in DT outcomes. 
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Eighth, given conflicting findings in the literature regarding the DT-performance 

relationship, future research should replicate this study in different national and regional contexts, 

particularly in other developing or emerging economies. Comparative cross-country studies would 

help establish the generalisability of the findings and clarify why DT produces positive outcomes 

in some contexts but weaker or negative effects in others (Bausch et al., 2024; Kadur & Rajshekar, 

2022; Shanti et al., 2023). 

Furthermore, future research should extend the mixed-sources approach employed in this 

study. Whereas this study triangulated the measurement of the dependent variable (commercial 

bank performance) by combining primary and secondary data, future studies could aim to measure 

all key variables, including DT, ITC, and ITN using both perceptual and objective data. This could 

involve for example using publicised IT investment figures, patent data for innovation, or audited 

efficiency ratios to complement survey responses. Such an approach would provide a heightened 

robust test of the relationships in the model and further diminish the common method bias. 

Finally, future studies should examine the impact of alternative digital transformation 

frameworks and maturity models, such as the Paths to Digital Transformation model, the Digital 

Transformation Journey model, and digital maturity models, on performance outcomes in 

commercial banking. Empirically comparing these models would provide practical guidance on 

which transformation pathways yield the strongest performance benefits. 

5.6. Conclusions 

This section provides the conclusion of the study. This will be anchored on the literature 

review, the conceptual framework, the study purpose and more importantly, the results obtained 

from carrying out the research. In order to bring the conclusion into context, it will be important 

to first give an overview of the research. 
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This study sought to investigate the “impact of DT on the performance of commercial 

banks in Zimbabwe, considering the mediating role of IT capability”. The topic was viewed as 

important given the importance of commercial banks in an economy (Anand et al., 2024; Modiba, 

2020). Commercial banks in Zimbabwe have been facing serious challenges brought about by 

various forces. This included competition from MNOs and Fintechs (Hokonya, 2024; Kaondera et 

al., 2023). Empirical research showed that commercial banks in Zimbabwe were saddled with 

significant non-performing loans (Katuka et al., 2023), thus suggesting that investigating whether 

DT results in better performance and if IT Capability improves this relationship was of magnified 

importance. Other push factors that have made a better understanding of DT and its impact on 

commercial bank performance have been the ever-changing customer demands (Tan et al., 2021; 

Witschel et al., 2019). An inquiry into whether DT positively impacts commercial bank 

performance, therefore, became essential given the need for commercial banks to attain a 

competitive advantage and ensure sustained survival. 

While several organisations have been seen to have implemented DT but with not-so-

successful results (Diener & Špaˇcek, 2021; Sia et al., 2021; Syed et al., 2022; Tabrizi et al., 2019), 

this led to the study questioning whether IT capability was critical in mediating the interconnection 

between DT and the performance of commercial banks, an aspect which this study investigated. 

While the said studies concluded that there was a high rate of failure of DT initiatives, they did not 

indicate the potential impact of IT capability in improving the outcome of DT journeys in 

commercial banks. Yet still, some studies (Kasteli et al., 2022; Yang et al., 2023) ascribed a 

positive association to this relationship.   

Several studies have considered the subject of DT and its impact on performance, but the 

studies done on commercial banks brought about conflicting results, thereby necessitating this 
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study. It was recorded that several studies found a positive association between DT and 

commercial bank performance (Boufounou et al, 2022; Sia et al., 2021; Zuo et al., 2021; Wu & 

Cheng, 2024) while others either did not find a direct positive relationship or the relationship would 

only be positive given certain conditions (Kadur & Rajshekar, 2022; Nguyen-Viet & Nguyen, 

2023; Reis & Melao, 2023; Tran et al., 2023). These conflicting literature results suggested that 

there was a need for further research to clarify this relationship. 

In investigating the interconnection linking DT and commercial bank performance, and the 

mediating role of IT capability on the said relationship, the study considered the interplay between 

DT and various variables such as Employee productivity, IT Capability, and IT Innovation. A scan 

of the literature indicated that there was a paucity of studies that considered the impact of DT on 

employee productivity (Maha et al., 2024; Widodo et al., 2024). In addition, how DT influences 

the IT Capability of banks as well as its impact on IT innovation in the context of DT and 

commercial bank performance, remained unclear (Nahed et al., 2024; Rizwana et al., 2024). 

The fact that several studies were done mainly in the developed world as well as Asian 

countries was seen as problematic (Cappa et al., 2020; Goldfarb & Tucker, 2019; Xie & Wang, 

2023). There were also methodological shortcomings that necessitated the carrying out of this 

study. In addition, those studies carried out in Zimbabwe considered other areas such as the 

association between DT and customer satisfaction (Chinakidzwa, 2020; Chindudzi et al., 2020; 

Hokonya, 2024), as well as the effect of DT on the performance of NGOs (Mazikana, 2023). Based 

on the researcher’s extensive review of the literature, and as far as the researcher is aware, this is 

the only inquiry to consider how DT affects commercial bank performance, considering the 

mediating role of IT capability. 
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The majority of the international studies either utilised case studies (Sia et al., 2021) or 

qualitative approaches (Hakizimana et al., 2023; Hokonya, 2024; Masinire et al., 2023). This 

suggested the need to apply a quantitative approach so as to get a better quantification of how DT 

affects the performance of commercial banks in the Zimbabwean context, considering the 

mediating role of IT capability. 

Overall, it can be seen that this study was essential from various angles. These can be 

summarised as the need to close methodological gaps, to provide clarity in the face of conflicting 

research results, and to address inadequate contextual studies. In addition, the study was made 

crucial due to the paucity of studies that addressed the particular area in the context of commercial 

banking. 

Consequently, this inquiry was proposed to investigate the interplay between DT, 

commercial banking employee productivity, IT innovation, and commercial bank performance. 

Also, the inquiry sought to examine the link connecting predictor variables, employee productivity, 

IT capability, and IT innovation and the output variable “performance of commercial banks in 

Zimbabwe”. By probing the mediation role of IT capability on the bond between DT and the 

performance of the employees of commercial banks, this inquiry sought to establish how banks 

can leverage IT capability to improve the said relationship. 

By way of significance, the study sought to add to both the theory and practice arenas. In 

the sphere of theory, the study sought to add to the knowledge repository by studying the 

relationship between the various study variables mentioned earlier (Maha et al., 2024; Nahed et 

al., 2024; Rizwana et al., 2024; Widodo et al., 2024). In order to meet the study objectives stated 

above, the study was undergirded by an explanatory design which employed a cross-sectional 

survey. It was based on three theories, namely the TAM, the Digital Orchestra Framework (DOF) 
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and the Dynamic Capabilities Theory (DCT). Using these theories in this study was intended to 

contribute to theory by extending their use to explain the key relationships in this study, and 

particularly their use in the context of commercial banking in Zimbabwe. 

From a commercial banking perspective, including those in Zimbabwe, the mediating 

impact of IT capability on the connection between DT and the performance of commercial banks 

is not fully understood, given that several studies focused on other variables (Chinakidzwa, 2020; 

Chindudzi et al., 2020; Hokonya, 2024; Kaondera et al., 2023). In addition, those studies that 

confirmed the positive association between the study’s main variables applied approaches that are 

different from the current study. This means that this study intended to make significant 

methodological contributions by applying a different approach. A scan of the literature revealed 

that there were no studies that considered the mediating impact of IT capability in the Zimbabwean 

context; thus, the study aimed to expand the existing knowledge base by helping various 

stakeholders understand the said impact better. 

Practically, the study intended to assist commercial bank managers in Zimbabwe with 

quantifiable insights on the effects of DT on the performance of their institutions. This is because 

previous studies have indicated the performance pressures that Zimbabwean banks were 

experiencing in the face of changing customer demands (Hokonya, 2024; Kaondera et al., 2023; 

Katuka et al., 2023). By quantifying how DT interacts with employee productivity, IT capability, 

IT innovation, commercial bank performance, and how IT capability mediates the interconnection 

between DT and commercial bank performance, the study intended to help commercial bank 

managers to be able to craft strategies that are well-informed and focused. In addition, the study 

intended to assist policymakers in having a data-driven quantification of the study relationships so 

that they can draft and implement policies that help commercial banks succeed in the DT journeys. 



315 

 

Because prior studies have indicated that DT journeys have experienced a failure rate as high as 

30% (O'Connell et al., 2015, as cited in Boneva, 2018), this study intended to reveal the key 

variables that will ensure that the performance of commercial banks is sustained, thereby assisting 

commercial bank management. 

Commercial bank shareholders were also seen as beneficiaries of this study, as it would 

give them data-driven evidence of the influence of DT when it comes to the performance output 

of commercial banks, considering the mediation of IT capability to make better investment 

decisions. 

To achieve this study's aims and objectives as well as ensure that it answers the questions 

guiding this study and fulfils its significance, this study was well-designed to ensure that it is sound 

regarding its methodology so as to produce valid and reliable results (Shodmanov, 2024). The 

study topic was formulated by reviewing the literature. The study objectives were set, and these 

culminated in the establishment of research questions and study hypotheses.  It was decided that 

the study followed a quantitative approach as it sought to establish relationships between specific 

study variables (Perin, 2023).  

Before commencing the study, a comprehensive literature review was conducted, which 

considered key areas surrounding the study subject. It was highlighted in the chapter that DT had 

become a key area of interest among various stakeholders, including the academic and professional 

fields (Egodawele et al., 2022; Tran et al., 2023), as it has been seen to affect the performance 

output of organisations, including commercial banks. The literature review considered the study's 

theoretical framework by looking at the TAM, DCT and DOF as the theories underpinning the 

study. These theories were considered important as they would assist the study in explaining the 
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relationships between the key study variables. Reviewing the literature assisted in developing the 

study hypotheses. 

Supported by various sources in the literature, the study hypothesised that DT influences 

employee productivity, IT capability, IT innovation and commercial bank performance (Adhikari 

et al., 2022; Alshammari, 2023; Chen et al., 2021; Sia et al., 2021). The variables of employee 

productivity, IT capability, and IT innovation were shown to influence commercial bank 

performance (Erkmen et al., 2020; Midhundev et al., 2023; Shi et al., 2024). The hypothesis was 

also developed, showing the mediation impact of IT capability on the association between DT and 

commercial bank performance (Panda & Rath, 2021). These hypotheses then led to the 

construction of the conceptual framework for the study, which was a diagrammatic depiction of 

the hypothesised relationships. 

To actuate the study, a rigorous study methodology was developed by aligning the study 

objectives, research questions, and study hypotheses. Because the study is quantitative in nature, 

it was guided by a positivist approach. It identified all commercial banks in Zimbabwe as the unit 

of the analysis. The commercial bank employees formed the population of interest. The sample 

size was meticulously triangulated by applying both “a priori analysis (Memon et al., 2021) using 

the G*Power 3.1.9.7 software” and “Krejcie and Morgan’s (1970) table”. The power analysis 

showed that a minimum of 92 respondents were needed to make the results valid. Similarly, 

Krejcie and Morgan’s (1970) table gave a sample size of 364 participants based on the number of 

workers in Zimbabwean commercial banks at that time. Ultimately, a robust 310 responses were 

received, and these comfortably fell within the range given by the two methods. In addition to the 

primary survey data, secondary data on ROA for each of the 13 commercial banks were 

systematically collected. This allowed the triangulation of the perceptual performance measures 
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with objective financial outcomes, thereby strengthening the overall validity of the study’s 

conclusions. 

The current research used a structured questionnaire with Likert scales on the closed-ended 

questions to collect data. The questions were adopted from prior valid studies (Charu et al., 2023; 

Hasan & İslatince, 2023; Kitsios et al., 2021), and they were aligned with the study questions and 

hypothesis. This ensured that the study not only provided answers to the study hypotheses but also 

produced valid and reliable results.  

Given that the study involved the participation of human beings in responding to the 

questionnaire, the study ensured that it upheld ethical standards throughout the inquiry process. 

Firstly, the researcher obtained approval from the UREC to proceed with the research; secondly, 

gatekeepers and the local research committee provided their consent. In deploying the 

questionnaire, informed consent was also obtained from the respondents, explicitly excluding 

persons with disabilities or those who required parental or guardian consent. In addition, the 

researcher firmly adhered to ethical standards by guaranteeing confidentiality, securing 

anonymity, obtaining “informed consent”, and safeguarding participants from “harm”, as well as 

shielding “vulnerable study subjects” (Jotwan et al., 2024; Magnani et al., 2018; Seneviratne, 

2023; Smith, 2024; Woods et al., 2022). 

The study piloted the questionnaire, and some adjustments were made to ensure that it was 

not subject to misinterpretation. In addition, 3 PhD holders were asked to assess the questionnaire, 

and the final product reflected their input. The questionnaire was deployed, and data were collected 

and analysed using SPSS AMOS version 26. Both descriptive and inferential statistics were 

applied in analysing and interpreting the data. Specifically, the following study questions were 

aligned with the data analysis techniques. 
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5.7. Summary of Key Results 

This study tested 8 hypotheses, and the results were presented in Chapter 4. Specifically, 

the hypotheses sought to establish the characteristics and direction of the interconnection between 

DT and employee output, DT and IT capability, DT and IT innovation, IT innovation and 

commercial bank performance, IT capability and commercial bank performance, and employee 

productivity and commercial bank performance. These hypotheses were duly tested using SEM, 

and the results are summarised below. 

5.7.1. Results on DT and Commercial Bank Performance 

By testing the hypothesis that “The influence of DT on the performance of commercial 

banks in Zimbabwe is positive and significant” using SEM, this study established a strong and 

significant interconnection linking the predictor variable DT and the response construct 

commercial bank performance. These results resonated with the Dynamic Capabilities Theory, 

which posited that DT implementation allows organisations to leverage dynamic capabilities, thus 

positively impacting performance (Ghosh et al., 2022). In terms of previous studies, some studies 

did not agree that DT positively affects the output of commercial banks due to the costs and 

negative impact on employees (Kadur &Rajshekar, 2022; Shanti et al., 2023). However, several 

other studies agreed with the current study results (Cappa et al., 2020; Chen et al., 2021; Goldfarb 

& Tucker, 2019; Huang, 2021; Qi & Xiao, 2020; Soesilo & Tampubolon, 2023). Given the massive 

literature and theoretical support for the results, this study concluded that there is a positive 

association linking DT and the output of commercial banks in Zimbabwe. 

5.7.2. Results on DT and IT Capability 

The study hypothesised that “DT has a positive influence on IT capability for Zimbabwean 

commercial banks”. This hypothesis was tested using SEM, and the results confirmed a positive 
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and significant relationship linking the input construct DT and the output variable IT capability.  

This resonated with several studies in the literature that concluded that DT positively influenced 

the IT capability of commercial banks (Barba-Sánchez et al., 2024; Madanayake & Yapa, 2024; 

Makovoz & Sergii Lysenko, 2024; Porfírio et al., 2024; Sia et al., 2021). These results agreed with 

the dynamic capability theory, which implied that the implementation of DT by commercial banks 

may improve their IT capabilities (Nousopoulou et al., 2022; Vial, 2019). Following this, the study 

concluded that DT positively influences the IT capability of commercial banks in Zimbabwe. 

5.7.3. Results on DT and Employee Productivity 

The current research tested the hypothesis that “The effects of DT on the productivity of 

the employees of commercial banks in Zimbabwe are positive and significant”. This hypothesis 

was accepted, given that SEM confirmed a positive and significant relationship between the 

independent variable DT and the productivity of commercial bank employees (dependent 

variable).  While some studies concluded that DT does not result in improved employee 

productivity (Bausch et al., 2024), the current research results found support in the literature with 

results from various prior studies supporting the current study results (Shwedeh et al., 2020; 

Khadragy et al., 2022; Ridwan et al., 2020; Adewumi et al., 2024). In addition, these results 

conformed to the TAM, which was used as the theory to help explain this relationship (Vuković 

et al., 2019). It was therefore concluded that DT positively influences the performance of 

commercial bank employees in Zimbabwe. 

5.7.4. Results on DT and IT Innovation 

In order to establish the type and power of the relationship between DT and IT innovation 

of Zimbabwean commercial banks, this study tested the hypothesis that “The impact of DT on the 

IT innovation by Zimbabwean commercial banks is positive and significant”. The results from the 
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test confirmed a positive and significant relationship between the two variables.  The Dynamic 

Capabilities Theory aligns with these results, thus confirming that this theory can be extended to 

the current area of study (Cheng et al., 2023; Nooteboom, 2022; Marx et al., 2021). Several 

outcomes from empirical studies concluded that DT positively influences the IT innovation of 

commercial banks’ lending support to the current study (Alharbi, 2021; Chen et al., 2024; 

Hokonya, 2024; Zhao et al., 2024). Consequently, the study concluded that DT positively 

influences the IT innovation of commercial banks in Zimbabwe. 

5.7.5. Results on IT Innovation and Commercial Bank Performance 

In order to establish the intensity and direction of the interconnection linking IT innovation 

and commercial bank output, this study tested the hypothesis “The influence of IT innovation on 

the performance of Zimbabwean commercial banks is positive and significant”. The results from 

the tests that were conducted using SEM confirmed a positive and significant interconnection 

linking the predictor variable IT innovation and the output variable commercial bank performance.  

These outcomes are backed by both the study theories and recent studies. The Dynamic 

Capabilities Theory lent support to the study results as it claimed that dynamic capabilities enhance 

the innovativeness of commercial banks, thereby resulting in improved performance (Chen et al., 

2024; Thuy, 2020; Zhu & Jin, 2023). Recent studies also concluded that IT innovation positively 

influences the performance of commercial banks (Dwivedi et al., 2024; Lahiri, 2024; Srini, 2023; 

Swathika, 2024). As a result, the inquiry accepted the hypothesis and resolved that IT innovation 

has a positive influence on the output of commercial banks in Zimbabwe. 

5.7.6. Results on IT Capability and Commercial Bank Performance 

This study hypothesised that “The effects of IT capability on the performance of 

Zimbabwean commercial banks are positive and significant”. Using SEM, the hypothesis was 
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tested, and the results confirmed a positive and significant interconnection linking IT capability 

and commercial bank output. Although some studies did not confirm these study results (Saira & 

Farhan, 2022; Rahman, 2017), more studies agreed with the current study (Audy et al., 2023; 

Hamida, 2018; Yaaqub et al., 2023). The Dynamic Capabilities Theory also supported these results 

as it posited that commercial banks could leverage IT capability to improve their performance 

(Nousopoulou et al., 2022; Tian et al., 2023; Vial, 2019).  Resultantly, this study concluded that 

IT capability positively influences the performance of Zimbabwean commercial banks. 

5.7.7. Results on Employee Productivity and Commercial Bank Performance 

By testing the hypothesis that “Employee productivity positively affects commercial bank 

performance in Zimbabwe”, this study established that there was a positive and significant 

interconnection linking the output of commercial bank employees and the performance of the 

commercial bank. The TAM lent support to this finding, given that the acceptance of technology 

by employees will result in improved productivity due to the elimination of redundant processes 

(Audy et al., 2023). Similarly, the Dynamic Capabilities Theory also supported this outcome, given 

that employees can be viewed as key dynamic capabilities for commercial banks (Stei et al., 2023; 

Wadajo & Kero, 2023). Following the above, the study determined that employee productivity 

positively affects the performance of commercial banks in Zimbabwe. 

5.7.8. Results on the Mediation of IT Capability on the Connection Between DT and 

Commercial Bank Performance 

This study hypothesised that “The mediating impact of IT capability on the relationship 

between DT and commercial bank performance in Zimbabwe is positive”. This hypothesis was 

tested using SEM and revealed that IT capability positively influences the interplay linking DT 

and commercial bank performance. This found support in the theory applied in this study to help 
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clarify this interconnection. The Digital Orchestra Framework claimed that IT capability positively 

mediates the interconnection linking DT and the performance of commercial banks (Khin & Ho, 

2019; Li et al., 2023). In addition, there seems to be significant evidence from the literature 

supporting these results. Prior valid studies (Adam et al., 2021; Castillo-Vergara, 2021; Elia et al., 

2021; Grover, 2022; Modiba et al., 2022; Mekuanint et al., 2024; Schrage et al., 2022; Shanti et 

al., 2023; Yudha et al., 2024). As a result, this study concluded that IT capability positively 

influences the bond between DT and commercial bank performance. 

5.8. Originality of the Study, Summary of Theoretical Contributions, and 

Contribution to Knowledge 

The study results assisted in fulfilling the theoretical significance of this study. The section 

below discusses the originality of the current study and how it contributed to theory, given the 

current study's results as well as the literature reviewed in Chapter 2. 

As far as the researcher’s knowledge, this study is the first of its kind in Zimbabwe that has 

considered how DT sways the performance of commercial banks, considering the mediation of IT 

capability, thereby asserting the originality of the study. Furthermore, the study adopted different 

measurement scales from previous valid studies, which may form the basis for future studies. The 

discoveries of this inquiry also present original context-specific perspectives, that is, they 

considered the unique Zimbabwean environment for commercial banks, thereby giving results that 

respected the unique business environment in Zimbabwe. Overall, in the Zimbabwean context, the 

study concluded that DT impacts the dependent variables of employee productivity, IT capability, 

and IT Innovation positively for Zimbabwean commercial banks. Furthermore, the variables of 

DT, Employee productivity, IT capability and IT innovation were tested regarding how they 
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impacted the performance of commercial banks in Zimbabwe, thereby providing academics 

greater clarity regarding the interaction of these variables in the Zimbabwean context. 

The current study provided evidence that IT capability improves the interconnection 

between DT and commercial bank performance. This agrees with recent studies that concluded 

that IT capability positively influences the link between DT and the performance of commercial 

banks (Barba-Sánchez et al., 2024; Grover, 2022; Mekuanint et al., 2024; Modiba et al., 2022; 

Shanti et al., 2023; Yudha et al., 2024), supporting the existing results from the literature, thereby 

enriching the knowledge repository. 

The study contributed to the theory by studying the bearing of DT on the output of 

commercial banks in Zimbabwe while considering the mediating impact of IT capability. As 

revealed in the literature review, most studies in Zimbabwe focused on other areas (Hokonya, 

2024; Kaondera et al., 2023; Phiri, 2020), meaning there was a paucity of studies regarding this 

area. 

This study exhibited originality in that it used the Dynamic Capability Theory, the 

Technology Acceptance Model and the Digital Orchestra Framework as the underpinning 

theoretical framework for this study. Given that the researcher views this as the first study of its 

kind in Zimbabwe, it follows that the application of these theories has extended their use to the 

subject of DT insofar as it impacts commercial bank performance, considering the mediation of IT 

capability. 

Considering the study results of the current study, several contributions to theory have been 

cited. These have assisted in offering a rich contextualization of the interaction between the study 

variables in the Zimbabwean context. Regarding the interconnection linking DT and employee 

productivity, it was revealed in Chapter 2 that there were conflicting results in the literature. While 



324 

 

some concluded that there was no positive association between the two (Bausch et al., 2024; Kadur 

& Rajshekar, 2022), others found a positive relationship between the two (Shwedeh et al., 2020; 

Khadragy et al., 2022; Ridwan et al., 2020; Adewumi et al., 2024).  This study revealed that DT 

positively influences the performance of commercial bank employees, thereby contributing to 

theory by enhancing a better evaluation of this relationship in the face of conflicting results. 

Similarly, this inquiry determined that a positive and significant interconnection links DT 

and commercial bank performance, yet the literature presented mixed results. Some researchers 

concluded that DT does not necessarily lead to positive commercial bank performance (Kadur & 

Rajshekar, 2022; Shanti et al., 2023), while others (Cappa et al., 2020; Goldfarb & Tucker, 2019; 

Huang, 2021; Soesilo & Tampubolon, 2023; Xie & Wang, 2023) returned a positive association 

between the concerned variables. Given these conflicting views, the outcomes of this study gave 

an empirical quantification of these variables in the context of Zimbabwe. This provided definitive 

evidence to resolve these contradictions of the interaction between these variables, thereby 

enriching the database of knowledge. 

The review of the extant literature disclosed that the interconnection linking IT capability 

and commercial bank performance is least understood. This is because several studies which 

sought to examine the relationship between these two variables produced conflicting results. As 

revealed in Chapter 2, some studies contend that IT capability does not result in improved 

commercial bank performance (Arora & Rahman, 2017; Pye et al., 2023). Nonetheless, other 

studies revealed that IT capability positively influences the performance of commercial banks 

(Ferraris et al., 2019; Khan et al., 2023; Joensuu-Salo et al., 2023; Ritter & Pedersen, 2020; 

Saunila, 2020). The results of this study lined up with the latter, showing that IT capabilities 

positively influence the performance of commercial banks in Zimbabwe. The current study, 
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therefore, made some contribution to the theory by providing a contextual quantification of how 

IT capability impacts commercial bank performance, given the conflicting results in the literature. 

This study made some methodological contributions in studying how DT affects the output 

of commercial banks, considering the mediating effects of IT capability. Applying a quantitative 

approach that used primary data meant that the knowledge base was enriched. This is because it 

was revealed that many studies applied case studies (Sia et al., 202), qualitative approaches 

(Madanayake & Yapa, 2024; Makovoz & Sergii Lysenko, 2024; Porfírio, et al., 2024; Sia et al., 

2021). The use of a quantitative approach thus ensured the precise measurement of the variables 

under study, thereby adding empirical evidence to the body of knowledge. 

The current study also provided evidence of the nature and strength of the relationship 

between IT innovation and the performance of commercial banks. The study establishes that the 

IT innovation of commercial banks in Zimbabwe positively influences their performance. This 

creates a strong basis for future research. 

5.9. Suggested Areas for Future Research 

Following this investigation and the results obtained, the study came up with various areas 

that future researchers may want to consider. The following section summarises these areas for 

potential research. 

The study results indicated that future research may seek to replicate or extend the results 

of this study by employing either a qualitative approach or a mixed-methods approach. This will 

assist in providing deeper meaning as well as ensuring the validation of the results from the 

quantitative approach (Dalei, 2023; Tahir, 2024). Furthermore, future research may consider the 

use of both primary and secondary data, given that most studies have applied either, and this one 

only used primary data. 
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Future studies may need to consider the mediating impact of other variables such as culture, 

regulation or customer satisfaction. This is because this study considered only IT capability as the 

mediating variable. Consequently, this study recommended that future studies may need to 

consider how changing customer needs may influence the link between DT and commercial bank 

performance. In addition, the research recommended that future studies may consider how modern 

technologies such as Big Data Analytics, Cloud Computing, AI and Machine Learning may 

influence the connection between DT and commercial bank performance. These emerging 

technologies are becoming increasingly important in determining the performance of commercial 

banks (Chwila, 2023; Kumar, 2020; Thommandru, 2021). 

Future research may consider the moderating impact of other external factors such as bank 

size, regulatory changes and bank type. This will enable researchers to gather a more nuanced 

understanding of how these moderate the interplay between DT and commercial bank performance 

(Martínez-Noya & Garcia-Canal, 2024).  

Given that the current study was a cross-sectional survey, which limits the isolation of 

causal effects, further studies may consider longitudinal studies and comparative studies across 

countries, regions or types of banks. Such studies will improve the quantification of the long-term 

impact of the interaction between the current study variables. 

This study questioned whether gender, age, hierarchical position, employment status or 

educational qualifications have an influence on the connection between DT and commercial bank 

performance. The study therefore recommends further studies on whether these variables have any 

impact on the link between DT and commercial bank performance. 

While this study's results indicated a positive connection between DT and employee 

productivity, DT and commercial bank performance and IT capability and commercial bank 



327 

 

performance, it was shown in the literature that there are some studies that did not find an 

association between these variables (Bausch et al., 2024; Kadur & Rajshekar, 2022; Shanti et al., 

2023). This study, therefore, recommended further studies using different contextual settings to 

bring clarity to these associations. 

While this study's results showed that DT positively impacts commercial bank 

performance, and the IT capability positively mediates the interconnection linking DT and 

commercial bank performance, these results were obtained by considering the perceptions of 

commercial bank employees in Zimbabwe. The current study, therefore, recommended that future 

studies may consider other stakeholders such as commercial bank shareholders, customers and 

regulators either individually or combined. Involving these stakeholders will help provide a 

holistic analysis of the relationships at hand (Lugun, 2024; Zhai, 2024). 
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Appendix H: Online Study Questionnaire 

Thank you for taking the time to complete the questionnaire below. You are invited to complete 

the following questionnaire, which aims at examining “THE IMPACT OF DIGITAL 

TRANSFORMATION ON THE PERFORMANCE OF COMMERCIAL BANKS IN 

ZIMBABWE: THE MEDIATING ROLE OF IT CAPABILITY.  To show that you have agreed 

to take part in this study or otherwise, you are required to tick the appropriate checkbox in the 

introductory section below: 

 

The questionnaire should only take at most 20 minutes to complete, and it has 39 questions on 16 

pages. Your responses are anonymous and will not be identified with you in any way. By 

participating in this survey, you are indicating that you understand that your responses are 

anonymous and will not be identified with you in any way. You may skip any question that you 

find intrusive or offensive, but it will help me if you respond to as many questions as you feel 

comfortable with. You have the right to withdraw at any stage (before or post the completion) of 

the research without any consequences and without providing any explanation. In this case, the 

data collected will be deleted. 

 

 

INTRODUCTORY SECTION 

 

* Shows required field 

 

“I have read the foregoing information about this study, or it has been read to me. An 

opportunity to ask questions and discuss about the study was given to me. All my questions 

were responded to, and I am satisfied. All information about this study has been made available 

to me. I am fully aware that I can withdraw from this study at any time without giving reasons 

and that my withdrawal will not have any negative repercussions. I give my consent to the use 

of multimedia (not limited to but including audio recordings, and video recordings) for my 

participation in this study. I am fully aware that my data will remain anonymous and 

confidential unless stated otherwise. I consent voluntarily to be a participant in this study”.  

 

Consequently, I agree to take part in this study. * 

 

Mark only one oval. 

 I Agree 

 I do not Agree 

 

SECTION A: DEMOGRAPHIC CHARACTERISTICS. 

 

Please complete the questionnaire below by following the instructions given for each 

variable. 

Instructions: Please select the answer by ticking in the box with the most appropriate option or 

fill out the appropriate response to the questions asked 
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1. Bank Name (Write the name of your bank) * 

 

 

2. What gender do you identify as? (Please select one option by ticking the 

appropriate box) * 

 

Mark only one oval. 

 

 Male  Female  I prefer not to answer  Other Specify 

 

3. Age (Please write your actual age in years) * 

 

4. Level of Education (Please choose the highest level of education attained by 

ticking one box) * 

 

Mark only one oval. 

  School Certificate 

   Diploma 

   Degree 

   Masters 

  Doctorate and higher 

  I prefer not to say 

 

5. Duration of Employment (Please state the actual number of years in your current bank) * 
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6. Employment Status (Please indicate by choosing one option) * 

 

Mark only one oval. 

 Permanent  Contract  I prefer not to say 

 

7. Number of years the bank has been in operation (Please state the actual number of years 

your bank has been operating) * 

 

 

8. Position in the bank (Please indicate by ticking one box) * 

Mark only one oval. 

 

 Non-Managerial  

  Lower-Level Manager 

  Middle-Level Manager 

  Executive-Management 

 

SECTION B: KEY QUESTIONS 

 

i. Digital Transformation 

Instructions: Concerning your organization, please show the level to which you are in agreement 

or disagreement (tick the appropriate box) with the subsequent statements. Please use the following 

scale: Strongly Disagree = 1; Disagree = 2; Uncertain = 3; Agree = 4; Strongly Agree = 5. 

 

1. Our bank is pushing new business methods based on technologies such as big data analytics, 

and social media platforms. * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 
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2. Our bank is combining digital tools such as social media, big data analytics, cloud, and mobile 

technologies to facilitate change * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

3. Our bank is transitioning toward the utilisation of digital technologies such as big data 

analytics, cloud, mobile, and social media platforms. * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

4. The bank’s IT application portfolios have facilitated the achievement of digital 

transformation by the bank * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

5. The bank employs various digital tools including data analytics, social media, cell phone and 

embedded services to know customers better * 

 

Mark only one oval. 

 Strongly Disagree  Disagree  Neutral  Agree  Strongly Agree 

 

6. The bank applies technology to improve the performance of current products and services. * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 



458 

 

ii. Employee Productivity 

Instructions: Concerning your organization, please show the level to which you are in agreement 

or disagreement (tick the appropriate box) with the subsequent statements. Please use the following 

scale: Strongly Disagree = 1; Disagree = 2; Uncertain = 3; Agree = 4; Strongly Agree = 5. 

 

7. The employees of the firm fully participate in the DT of the bank * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

8. The DT in our bank enhances employee motivation, knowledge, competence and digital 

leadership. 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

9. The ICT resources from our bank’s DT program improve work efficiency * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

10. I can easily understand and use new ICT deployed by the bank * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 
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11. The ICTs used by our bank enable me to accomplish my tasks faster * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

12. DT increases digital overload, increases stress and reduces employee productivity in our 

bank * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

iii. IT Capability 

Instructions: Concerning your organization, please show the level to which you are in agreement 

or disagreement (tick the appropriate box) with the subsequent statements. Please use the following 

scale: Strongly Disagree = 1; Disagree = 2; Uncertain = 3; Agree = 4; Strongly Agree = 5. 

 

13. The bank invests in IT application portfolios and the latest technology to facilitate digital 

transformation * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

14. The bank’s data administration services and designs are superior to the competition * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 
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15. The bank always combines its strategic planning and IT planning to achieve digital 

transformation * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly Agree 

 

16. Our bank’s IT helped to improve organisational performance in the last three years. * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly Agree 

 

17. The bank continually endeavours to enhance the effectiveness of IT use to accomplish 

digital transformation * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

18. Our bank achieved most or all its overall objectives in the past three years due to superior IT 

capability * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly Agree 
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iv. IT Innovation 

Instructions: Concerning your organisation, please show the level to which you are in agreement 

or disagreement (tick the appropriate box) with the subsequent statements. Please use the following 

scale: Strongly Disagree = 1; Disagree = 2; Uncertain = 3; Agree = 4; Strongly Agree = 5. 

 

19. The bank’s DT produces IT innovations of superior quality to the competition * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

20.  At this bank, our IT staff are encouraged to be the most creative IT  department in the 

commercial banking sector * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

21. The bank’s DT program allows the bank to produce new products constantly * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

22. Our IT innovations increase the quality of current products * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 
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23. The bank’s IT innovations give it an edge in marketing over the competition * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly Agree 

 

24. The bank’s output quality in customer service is improved by IT innovation * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

v. Commercial Bank Performance 

Instructions: Concerning your organization, please show the level to which you are in agreement 

or disagreement (tick the appropriate box) with the subsequent statements. Please use the following 

scale: Strongly Disagree = 1; Disagree = 2; Uncertain = 3; Agree = 4; Strongly Agree = 5. 

 

25. Over the previous three years, our bank’s performance as evaluated by the return on 

investment (ROI) has been better than the competition * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

26. Over the past 3 years, our bank’s expenses and costs have been lower than our competitors’. 

* 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 
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27. The bank’s digital transformation initiatives have seen an increase in customers satisfaction 

over the past 3 years. * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

28. Over the past 3 years, our bank’s net profit has been higher than our competitors due to 

digital transformation initiatives. * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly agree 

 

29. The bank experienced revenue growth that exceeded the competition during the past three 

years. * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly Agree 

 

30. Over the past three years, our bank has witnessed an increase in the market share due to digital 

transformation * 

 

Mark only one oval. 

 Strongly disagree  Disagree  Neutral  Agree  Strongly Agree 

 

Thank you for your valuable time. 

 

 

 



464 

 

Appendix I: Structured Data Collection Sheet 

 Return on Assets (ROA) 
Bank 2022 2023 2024 Average 
1. AFC Commercial Bank  8.00% 59.10% 52.38% 39.83% 
2. BancABC Zimbabwe 7.00% 14.00% 48.78% 23.26% 
3. CBZ Bank Limited 22.00% 24.79% 6.18% 17.66% 
4. Ecobank Zimbabwe Limited 18.50% 29.69% 10.77% 19.65% 
5. FBC Bank Limited 18.34% 29.00% 40.52% 29.29% 
6. First Capital Bank Limited  13.50% 18.07% 17.26% 16.28% 
7. Metbank Limited 30.00% 40.14% 15.00% 28.38% 
8. Nedbank Zimbabwe Limited 10.00% 46.71% 10.53% 22.41% 
9. NMB Bank Limited 28.00% 59.41% 53.10% 46.84% 
10. Stanbic Bank Zimbabwe Limited 25.73% 41.81% 10.77% 26.10% 
11. Standard Chartered Bank Zimbabwe Limited 13.00% 15.24% -1.74% 8.83% 
12. Steward Bank Limited 7.00% 17.00% 33.08% 19.03% 
13. ZB Bank Limited 7.00% 38.00% 23.80% 22.93% 
Market 16.01% 33.30% 24.65%     24.65 

Source: Bank Published Financial Statements 
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Appendix J: Averages for Descriptive Statistics for Study Constructs 

Construct 
N 

 

Grand Mean 

 

Average Std. 

Deviation 

Average Variance 

 

Digital Transformation 310 3.9271 .4463 .2072 

Employee Productivity 310 3.9310 .4767 .2284 

IT Capability 310 3.9716 .4313 .186 

IT Innovation 310 3.9632 .4216 .179 

Commercial Bank Performance 310 3.9645 .3835 .148 

Note: N = Sample Size. 
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Appendix K: Online Consent Form 

Timestamp Consequently, I 

agree to take 

part in this 

study. 

What gender do you 

identify as? (Please 

select one option by 

ticking the appropriate 

box) 

Age Level of Education 

(Please choose the 

highest level of 

education attained 

by ticking one box) 

Duration of 

Employment 

(Please state the 

actual number of 

years in your 

current bank) 

Employment Status 

(Please indicate by 

choosing one option) 

2024/09/16 12:17:24 PM GMT+3 I agree Male 18 Degree 5 Permanent 

2024/09/09 9:45:56 PM GMT+3 I agree Female 20 Degree 12 Permanent 

2024/09/09 9:38:21 PM GMT+3 I agree Female 24 Degree 12 Permanent 

2024/09/09 5:10:53 PM GMT+3 I agree Male 24 Degree 2 Contract 

2024/09/05 12:10:20 PM GMT+3 I agree Male 25 Degree 1 Contract 

2024/09/09 10:02:33 PM GMT+3 I agree Female 25 Degree 1 Contract 

2024/09/18 1:19:26 PM GMT+3 I agree Male 25 Degree 1 Contract 

2024/09/09 11:40:31 PM GMT+3 I agree Male 25 Degree 1 Contract 

2024/09/11 11:33:14 AM GMT+3 I agree Male 25 Degree 1 Contract 

2024/09/09 9:38:42 PM GMT+3 I agree Female 25 Degree 10 Permanent 

2024/09/09 10:40:34 PM GMT+3 I agree Male 25 Degree 9 Permanent 

2024/09/09 10:25:02 PM GMT+3 I agree Female 25 Degree 2 Permanent 

2024/09/11 9:42:29 AM GMT+3 I agree Male 26 Degree 8 Permanent 

2024/09/11 9:33:14 AM GMT+3 I agree Female 26 Degree 1 Contract 

2024/09/17 3:20:39 PM GMT+3 I agree Female 26 Degree 1 Contract 

2024/09/17 3:21:58 PM GMT+3 I agree Male 26 Degree 1 Contract 

2024/09/09 9:28:36 PM GMT+3 I agree Male 26 Degree 1 Contract 

2024/09/11 9:09:18 AM GMT+3 I agree Male 26 Degree 2 Contract 

2024/09/18 1:51:16 PM GMT+3 I agree Male 26 Degree 1 Contract 

2024/09/18 2:11:55 PM GMT+3 I agree Male 26 Degree 2 Contract 

2024/09/11 9:46:02 AM GMT+3 I agree Female 27 Degree 8 Permanent 

2024/09/17 4:33:08 PM GMT+3 I agree Female 27 Degree 2 Contract 

2024/09/09 9:36:41 PM GMT+3 I agree Male 27 Degree 3 Permanent 
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2024/09/12 9:43:52 AM GMT+3 I agree Male 27 Degree 6 Permanent 

2024/09/09 4:56:06 PM GMT+3 I agree Male 27 Degree 1 Contract 

2024/09/18 1:35:19 PM GMT+3 I agree Male 27 Degree 1 Contract 

2024/09/16 10:20:38 AM GMT+3 I agree Female 27 Degree 5 Permanent 

2024/09/09 5:26:37 PM GMT+3 I agree Female 27 Masters 10 Permanent 

2024/09/11 9:06:33 AM GMT+3 I agree Female 27 Degree 5 Permanent 

2024/09/16 12:03:46 PM GMT+3 I agree Male 27 Degree 2 Contract 

2024/09/11 10:42:01 AM GMT+3 I agree Male 27 Degree 5 Permanent 

2024/09/09 10:08:22 PM GMT+3 I agree Male 27 Degree 15 Permanent 

2024/09/10 8:00:39 PM GMT+3 I agree Male 27 Degree 2 Contract 

2024/09/09 10:20:05 PM GMT+3 I agree Male 27 Degree 4 Permanent 

2024/09/18 1:49:38 PM GMT+3 I agree Female 27 Degree 2 Permanent 

2024/09/18 1:53:12 PM GMT+3 I agree Female 27 Degree 4 Permanent 

2024/09/17 3:58:52 PM GMT+3 I agree Male 28 Degree 4 Permanent 

2024/09/09 9:44:56 PM GMT+3 I agree Male 28 Degree 2 Permanent 

2024/09/09 9:18:17 PM GMT+3 I agree Male 28 Degree 5 Permanent 

2024/09/12 10:17:52 AM GMT+3 I agree Male 28 Masters 6 Permanent 

2024/09/18 1:04:58 PM GMT+3 I agree Male 28 Degree 4 Permanent 

2024/09/18 1:33:20 PM GMT+3 I agree Female 28 Degree 5 Permanent 

2024/09/10 8:23:49 PM GMT+3 I agree Male 28 Degree 13 Permanent 

2024/09/11 11:15:57 AM GMT+3 I agree Male 28 Degree 3 Permanent 

2024/09/16 10:44:37 AM GMT+3 I agree Female 28 Degree 4 Permanent 

2024/09/16 11:10:01 AM GMT+3 I agree Male 28 Degree 5 Permanent 

2024/09/16 10:22:33 AM GMT+3 I agree Male 28 Degree 6 Permanent 

2024/09/09 5:20:18 PM GMT+3 I agree Male 28 Degree 4 Permanent 

2024/09/11 9:21:14 AM GMT+3 I agree Female 28 Masters 5 Permanent 

2024/09/16 6:19:26 PM GMT+3 I agree Female 28 Degree 2 Contract 

2024/09/16 12:27:24 PM GMT+3 I agree Female 28 Degree 5 Permanent 

2024/09/17 9:58:46 AM GMT+3 I agree Female 28 Degree 2 Contract 
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2024/09/09 10:02:29 PM GMT+3 I agree Male 28 Degree 15 Permanent 

2024/09/09 10:51:13 PM GMT+3 I agree Male 28 Degree 19 I prefer not to say 

2024/09/05 11:26:47 AM GMT+3 I agree Male 28 Masters 1 Contract 

2024/09/11 9:31:11 AM GMT+3 I agree Female 28 Degree 2 Contract 

2024/09/18 1:28:47 PM GMT+3 I agree Female 28 Degree 3 Permanent 

2024/09/18 2:51:17 PM GMT+3 I agree Male 28 Degree 3 Permanent 

2024/09/11 9:35:03 AM GMT+3 I agree Female 29 Degree 4 Permanent 

2024/09/11 9:36:27 AM GMT+3 I agree Female 29 Degree 5 Permanent 

2024/09/17 10:08:38 AM GMT+3 I agree Male 29 Degree 4 Permanent 

2024/09/11 10:56:02 AM GMT+3 I agree Male 29 Masters 12 Permanent 

2024/09/12 10:04:26 AM GMT+3 I agree Male 29 Masters 6 Permanent 

2024/09/12 10:22:31 AM GMT+3 I agree Female 29 Masters 9 Permanent 

2024/09/09 9:34:27 PM GMT+3 I agree Male 29 Masters 10 Permanent 

2024/09/10 8:07:47 PM GMT+3 I agree Female 29 Degree 16 Permanent 

2024/09/10 7:42:27 PM GMT+3 I agree Female 29 Degree 18 Permanent 

2024/09/11 11:19:23 AM GMT+3 I agree Male 29 Degree 8 Permanent 

2024/09/04 1:22:30 PM GMT+3 I agree Female 29 Masters 5 Permanent 

2024/09/11 9:16:03 AM GMT+3 I agree Male 29 Masters 6 Permanent 

2024/09/11 9:04:13 AM GMT+3 I agree Female 29 Degree 13 Permanent 

2024/09/16 6:18:08 PM GMT+3 I agree Male 29 Degree 5 Permanent 

2024/09/16 11:59:42 AM GMT+3 I agree Male 29 Degree 6 Permanent 

2024/09/16 6:30:57 PM GMT+3 I agree Male 29 Degree 6 Permanent 

2024/09/09 9:59:23 PM GMT+3 I agree Female 29 Degree 15 Permanent 

2024/09/05 11:42:37 AM GMT+3 I agree Male 29 Masters 5 Permanent 

2024/09/04 1:11:18 PM GMT+3 I agree Female 30 Degree 5 Permanent 

2024/09/09 9:18:41 PM GMT+3 I agree Male 30 Masters 3 Contract 

2024/09/04 1:46:34 PM GMT+3 I agree Female 30 Degree 4 Permanent 

2024/09/10 9:08:07 PM GMT+3 I agree Male 30 Degree 14 Permanent 

2024/09/16 10:24:40 AM GMT+3 I agree Male 30 Degree 6 Permanent 
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2024/09/09 9:30:28 PM GMT+3 I agree Male 30 Masters 10 Permanent 

2024/09/09 10:05:02 PM GMT+3 I agree Female 30 Degree 12 Permanent 

2024/09/09 10:59:48 PM GMT+3 I agree Male 30 Degree 12 Permanent 

2024/09/11 10:38:00 AM GMT+3 I agree Female 31 Degree 1 Contract 

2024/09/11 9:50:29 AM GMT+3 I agree Male 31 Masters 7 Permanent 

2024/09/11 9:39:00 AM GMT+3 I agree Male 31 Masters 8 Permanent 

2024/09/17 10:04:55 AM GMT+3 I agree Male 31 Degree 3 Permanent 

2024/09/17 12:33:44 PM GMT+3 I agree Male 31 Masters 5 Permanent 

2024/09/17 2:21:36 PM GMT+3 I agree Male 31 Masters 5 Permanent 

2024/09/17 3:54:04 PM GMT+3 I agree Male 31 Degree 4 Permanent 

2024/09/05 5:27:22 PM GMT+3 I agree Male 31 Degree 3 Permanent 

2024/09/09 9:40:07 PM GMT+3 I agree Male 31 Degree 4 Permanent 

2024/09/10 9:31:46 PM GMT+3 I agree Male 31 Masters 5 Permanent 

2024/09/12 9:42:25 AM GMT+3 I agree Male 31 Degree 6 Permanent 

2024/09/12 9:47:31 AM GMT+3 I agree Male 31 Degree 7 Permanent 

2024/09/09 5:50:03 PM GMT+3 I agree Male 31 Masters 7 Permanent 

2024/09/09 4:52:55 PM GMT+3 I agree Female 31 Masters 3 Permanent 

2024/09/18 12:50:58 PM GMT+3 I agree Male 31 Masters 3 Permanent 

2024/09/18 1:11:44 PM GMT+3 I agree Male 31 Masters 4 Permanent 

2024/09/16 11:11:42 AM GMT+3 I agree Male 31 Degree 4 Permanent 

2024/09/11 11:09:29 AM GMT+3 I agree Female 31 Degree 7 Permanent 

2024/09/11 9:14:06 AM GMT+3 I agree Male 31 Masters 9 Permanent 

2024/09/11 9:02:38 AM GMT+3 I agree Male 31 Degree 12 Permanent 

2024/09/16 12:02:02 PM GMT+3 I agree Male 31 Degree 2 Contract 

2024/09/16 12:09:34 PM GMT+3 I agree Male 31 Masters 4 Permanent 

2024/09/16 6:25:42 PM GMT+3 I agree Male 31 Degree 4 Permanent 

2024/09/17 9:51:09 AM GMT+3 I agree Male 31 Degree 4 Permanent 

2024/09/16 6:16:33 PM GMT+3 I agree Male 31 Masters 5 Permanent 

2024/09/11 9:54:38 AM GMT+3 I agree Female 31 Degree 6 Permanent 
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2024/09/11 9:58:39 AM GMT+3 I agree Female 31 Degree 6 Permanent 

2024/09/16 12:12:42 PM GMT+3 I agree Male 31 Degree 6 Permanent 

2024/09/16 12:14:14 PM GMT+3 I agree Male 31 Masters 55 Permanent 

2024/09/16 11:55:07 AM GMT+3 I agree Male 31 Degree 4 Permanent 

2024/09/16 11:58:16 AM GMT+3 I agree Male 31 Degree 4 Permanent 

2024/09/16 3:30:06 PM GMT+3 I agree Male 31 Degree 6 Permanent 

2024/09/11 9:29:10 AM GMT+3 I agree Male 31 Masters 7 Permanent 

2024/09/18 2:29:22 PM GMT+3 I agree Male 31 Degree 3 Permanent 

2024/09/11 9:51:49 AM GMT+3 I agree Female 32 Masters 5 Permanent 

2024/09/11 9:47:43 AM GMT+3 I agree Male 32 Masters 5 Permanent 

2024/09/17 2:25:29 PM GMT+3 I agree Male 32 Masters 6 Permanent 

2024/09/04 1:22:28 PM GMT+3 I agree Male 32 Masters 8 Contract 

2024/09/10 2:03:21 PM GMT+3 I agree Female 32 Degree 10 Permanent 

2024/09/17 1:03:32 PM GMT+3 I agree Male 32 Masters 5 Permanent 

2024/09/17 10:11:45 AM GMT+3 I agree Male 32 Masters 6 Permanent 

2024/09/17 2:49:46 PM GMT+3 I agree Male 32 Degree 3 Permanent 

2024/09/11 11:00:44 AM GMT+3 I agree Male 32 Degree 7 Permanent 

2024/09/09 9:54:16 PM GMT+3 I agree Female 32 Masters 4 Permanent 

2024/09/09 9:08:14 PM GMT+3 I agree Male 32 Degree 11 Permanent 

2024/09/09 9:12:42 PM GMT+3 I agree Male 32 Masters 12 Permanent 

2024/09/09 9:36:11 PM GMT+3 I agree Male 32 Degree 15 Permanent 

2024/09/09 4:50:48 PM GMT+3 I agree Male 32 Masters 6 Permanent 

2024/09/18 1:30:31 PM GMT+3 I agree Male 32 Masters 3 Permanent 

2024/09/18 1:22:52 PM GMT+3 I agree Male 32 Masters 5 Permanent 

2024/09/18 12:49:22 PM GMT+3 I agree Male 32 Degree 4 Permanent 

2024/09/10 9:32:57 PM GMT+3 I agree Male 32 Degree 12 Permanent 

2024/09/16 11:13:08 AM GMT+3 I agree Male 32 Degree 6 Permanent 

2024/09/05 4:30:06 PM GMT+3 I agree Female 32 Degree 10 Permanent 

2024/09/09 5:00:20 PM GMT+3 I agree Male 32 Masters 4 Permanent 
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2024/09/09 5:41:01 PM GMT+3 I agree Male 32 Degree 12 Permanent 

2024/09/05 12:00:52 PM GMT+3 I agree Female 32 Masters 5 Permanent 

2024/09/17 10:02:26 AM GMT+3 I agree Male 32 Masters 4 Permanent 

2024/09/16 12:05:36 PM GMT+3 I agree Male 32 Masters 5 Permanent 

2024/09/16 12:22:56 PM GMT+3 I agree Female 32 Degree 5 Permanent 

2024/09/16 6:29:03 PM GMT+3 I agree Male 32 Masters 5 Permanent 

2024/09/16 2:31:14 PM GMT+3 I agree Male 32 Degree 6 Permanent 

2024/09/16 2:33:34 PM GMT+3 I agree Male 32 Masters 6 Permanent 

2024/09/17 9:56:48 AM GMT+3 I agree Male 32 Masters 5 Permanent 

2024/09/09 9:52:50 PM GMT+3 I agree Male 32 Degree 13 Permanent 

2024/09/18 2:06:25 PM GMT+3 I agree Female 32 Masters 3 Permanent 

2024/09/18 2:22:39 PM GMT+3 I agree Male 32 Masters 3 Permanent 

2024/09/18 2:08:09 PM GMT+3 I agree Female 32 Degree 4 Permanent 

2024/09/18 2:10:09 PM GMT+3 I agree Female 32 Degree 4 Permanent 

2024/09/18 1:48:20 PM GMT+3 I agree Male 32 Degree 6 Permanent 

2024/09/18 2:39:33 PM GMT+3 I agree Male 32 Masters 3 Permanent 

2024/09/18 1:45:51 PM GMT+3 I agree Male 32 Degree 4 Permanent 

2024/09/09 9:53:46 PM GMT+3 I agree Male 32 Degree 7 Permanent 

2024/09/17 2:29:14 PM GMT+3 I agree Male 33 Masters 4 Permanent 

2024/09/17 1:00:53 PM GMT+3 I agree Male 33 Degree 4 Permanent 

2024/09/17 3:09:21 PM GMT+3 I agree Male 33 Masters 4 Permanent 

2024/09/11 10:47:53 AM GMT+3 I agree Male 33 Masters 12 Permanent 

2024/09/05 12:56:02 PM GMT+3 I agree Female 33 Masters 4 Permanent 

2024/09/10 9:41:52 PM GMT+3 I agree Male 33 Masters 4 Permanent 

2024/09/12 9:45:02 AM GMT+3 I agree Male 33 Degree 6 Permanent 

2024/09/09 9:14:35 PM GMT+3 I agree Female 33 Degree 12 Permanent 

2024/09/09 5:57:32 PM GMT+3 I agree Male 33 Masters 16 Permanent 

2024/09/09 5:55:45 PM GMT+3 I agree Male 33 Masters 12 Permanent 

2024/09/05 4:49:18 PM GMT+3 I agree Male 33 Masters 5 Permanent 
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2024/09/05 4:33:53 PM GMT+3 I agree Female 33 Degree 12 Permanent 

2024/09/18 1:13:23 PM GMT+3 I agree Male 33 Masters 2 Contract 

2024/09/18 12:52:34 PM GMT+3 I agree Male 33 Degree 3 Permanent 

2024/09/18 12:59:47 PM GMT+3 I agree Male 33 Masters 6 Permanent 

2024/09/10 9:43:08 PM GMT+3 I agree Female 33 Degree 12 Permanent 

2024/09/10 7:39:58 PM GMT+3 I agree Male 33 Degree 14 Permanent 

2024/09/10 9:13:19 PM GMT+3 I agree Male 33 Degree 15 Permanent 

2024/09/11 11:29:13 AM GMT+3 I agree Male 33 Degree 7 Permanent 

2024/09/09 5:34:32 PM GMT+3 I agree Male 33 Masters 6 Permanent 

2024/09/09 5:37:21 PM GMT+3 I agree Female 33 Masters 10 Permanent 

2024/09/09 4:58:23 PM GMT+3 I agree Female 33 Degree 2 Contract 

2024/09/09 5:14:55 PM GMT+3 I agree Male 33 Degree 8 Permanent 

2024/09/04 1:57:26 PM GMT+3 I agree Male 33 Degree 5 Permanent 

2024/09/11 9:23:35 AM GMT+3 I agree Male 33 Degree 6 Permanent 

2024/09/16 6:22:27 PM GMT+3 I agree Female 33 Masters 4 Permanent 

2024/09/16 11:56:55 AM GMT+3 I agree Male 33 Degree 5 Permanent 

2024/09/16 6:15:19 PM GMT+3 I agree Male 33 Degree 5 Permanent 

2024/09/16 6:21:06 PM GMT+3 I agree Male 33 Masters 5 Permanent 

2024/09/09 10:33:29 PM GMT+3 I agree Female 33 Masters 17 Contract 

2024/09/09 10:17:53 PM GMT+3 I agree Male 33 Masters 5 Permanent 

2024/09/09 10:30:10 PM GMT+3 I agree Female 33 Masters 6 Permanent 

2024/09/18 2:13:42 PM GMT+3 I agree Male 33 Degree 4 Permanent 

2024/09/18 2:43:28 PM GMT+3 I agree Male 33 Masters 5 Permanent 

2024/09/18 2:03:04 PM GMT+3 I agree Female 33 Masters 4 Permanent 

2024/09/18 1:26:44 PM GMT+3 I agree Male 33 Degree 5 Permanent 

2024/09/09 9:58:34 PM GMT+3 I agree Male 33 Degree 13 Permanent 

2024/09/17 3:18:10 PM GMT+3 I agree Male 34 Degree 5 Permanent 

2024/09/04 1:37:24 PM GMT+3 I agree Female 34 Degree 3 Contract 

2024/09/09 9:30:48 PM GMT+3 I agree Male 34 Masters 3 Permanent 
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2024/09/12 9:39:31 AM GMT+3 I agree Female 34 Masters 6 Permanent 

2024/09/09 10:07:55 PM GMT+3 I agree Female 34 Masters 7 Permanent 

2024/09/10 7:45:05 PM GMT+3 I agree Female 34 Degree 14 Contract 

2024/09/10 8:04:56 PM GMT+3 I agree Male 34 Degree 17 Permanent 

2024/09/04 1:45:31 PM GMT+3 I agree Female 34 Degree 2 Permanent 

2024/09/09 10:21:34 PM GMT+3 I agree Male 34 Degree 15 Permanent 

2024/09/09 10:44:00 PM GMT+3 I agree Female 34 Diploma 15 Permanent 

2024/09/09 11:10:10 PM GMT+3 I agree Male 34 Degree 16 Permanent 

2024/09/18 1:39:55 PM GMT+3 I agree Male 34 Masters 5 Permanent 

2024/09/09 10:01:14 PM GMT+3 I agree Male 34 Masters 4 Permanent 

2024/09/09 9:23:07 PM GMT+3 I agree Male 35 Degree 5 Permanent 

2024/09/09 5:47:57 PM GMT+3 I agree Male 35 Masters 12 Permanent 

2024/09/04 1:30:28 PM GMT+3 I agree Female 35 Masters 4 Permanent 

2024/09/10 7:23:50 PM GMT+3 I agree Male 35 Degree 13 Permanent 

2024/09/10 7:33:23 PM GMT+3 I agree Male 35 Degree 15 Permanent 

2024/09/09 5:45:08 PM GMT+3 I agree Female 35 Masters 11 Permanent 

2024/09/11 9:12:05 AM GMT+3 I agree Male 35 Masters 6 Permanent 

2024/09/09 10:14:55 PM GMT+3 I agree Female 35 Degree 15 Permanent 

2024/09/09 9:49:27 PM GMT+3 I agree Female 35 Masters 20 Permanent 

2024/09/09 11:37:44 PM GMT+3 I agree Female 35 Masters 11 Permanent 

2024/09/09 9:51:04 PM GMT+3 I agree Male 35 Masters 12 Permanent 

2024/09/05 11:55:39 AM GMT+3 I agree Female 36 Masters 4 Permanent 

2024/09/18 1:01:37 PM GMT+3 I agree Male 36 Masters 3 Permanent 

2024/09/18 1:17:41 PM GMT+3 I agree Female 36 Masters 4 Permanent 

2024/09/18 1:20:57 PM GMT+3 I agree Male 36 Degree 4 Permanent 

2024/09/18 1:02:58 PM GMT+3 I agree Male 36 Masters 5 Permanent 

2024/09/10 7:56:24 PM GMT+3 I agree Male 36 Degree 15 Permanent 

2024/09/10 8:10:34 PM GMT+3 I agree Male 36 Degree 17 Permanent 

2024/09/09 5:29:00 PM GMT+3 I agree Female 36 Masters 4 Permanent 
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2024/09/09 11:06:59 PM GMT+3 I agree Male 36 Degree 16 Permanent 

2024/09/09 10:27:07 PM GMT+3 I agree Male 36 Degree 17 Permanent 

2024/09/18 1:41:55 PM GMT+3 I agree Male 36 Degree 3 Permanent 

2024/09/18 2:41:41 PM GMT+3 I agree Male 36 Masters 3 Permanent 

2024/09/10 9:39:18 PM GMT+3 I agree Female 37 Masters 9 Permanent 

2024/09/09 5:53:06 PM GMT+3 I agree Female 37 Degree 13 Permanent 

2024/09/10 7:50:14 PM GMT+3 I agree Male 37 Degree 13 Permanent 

2024/09/10 9:01:04 PM GMT+3 I agree Male 37 Degree 14 Permanent 

2024/09/10 9:16:34 PM GMT+3 I agree Female 37 Degree 16 Permanent 

2024/09/09 5:42:47 PM GMT+3 I agree Male 37 Masters 15 Permanent 

2024/09/05 11:40:12 AM GMT+3 I agree Female 37 Masters 9 Permanent 

2024/09/09 10:30:01 PM GMT+3 I agree Male 37 Degree 20 Permanent 

2024/09/18 2:25:49 PM GMT+3 I agree Female 37 Degree 3 Permanent 

2024/09/18 2:47:38 PM GMT+3 I agree Male 37 Degree 4 Permanent 

2024/09/05 5:24:44 PM GMT+3 I agree Female 38 Degree 11 Permanent 

2024/09/18 1:37:30 PM GMT+3 I agree Male 38 Masters 4 Permanent 

2024/09/18 1:24:35 PM GMT+3 I agree Male 38 Masters 6 Permanent 

2024/09/10 9:05:27 PM GMT+3 I agree Male 38 Degree 14 Permanent 

2024/09/09 10:36:40 PM GMT+3 I agree Male 38 Masters 18 Permanent 

2024/09/09 9:56:05 PM GMT+3 I agree Male 38 Degree 20 Permanent 

2024/09/09 10:24:00 PM GMT+3 I agree Male 38 Diploma 28 Permanent 

2024/09/09 10:38:40 PM GMT+3 I agree Male 38 Masters 6 Permanent 

2024/09/10 9:28:17 PM GMT+3 I agree Male 39 Masters 10 Permanent 

2024/09/18 1:15:32 PM GMT+3 I agree Female 39 Doctorate and 

higher 

7 Permanent 

2024/09/10 9:10:59 PM GMT+3 I agree Male 39 Degree 15 Permanent 

2024/09/10 7:47:38 PM GMT+3 I agree Female 39 Masters 16 Permanent 

2024/09/10 9:23:48 PM GMT+3 I agree Male 39 Degree 17 Permanent 

2024/09/10 8:20:17 PM GMT+3 I agree Male 39 Masters 39 Permanent 
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2024/09/09 9:20:56 PM GMT+3 I agree Female 40 Doctorate and 

higher 

6 Permanent 

2024/09/04 1:25:13 PM GMT+3 I agree Female 40 Degree 10 Permanent 

2024/09/10 7:36:49 PM GMT+3 I agree Male 40 Degree 20 Permanent 

2024/09/11 9:25:18 AM GMT+3 I agree Male 40 Masters 12 Permanent 

2024/09/10 7:53:07 PM GMT+3 I agree Male 41 Degree 22 Permanent 

2024/09/10 9:40:42 PM GMT+3 I agree Female 41 Degree 22 Permanent 

2024/09/12 9:40:55 AM GMT+3 I agree Male 42 Masters 9 Permanent 

2024/09/10 9:30:03 PM GMT+3 I agree Female 42 Degree 13 Permanent 

2024/09/16 12:19:36 PM GMT+3 I agree Male 42 Masters 8 Permanent 

2024/09/09 11:03:25 PM GMT+3 I agree Female 42 Masters 22 Permanent 

2024/09/09 9:55:54 PM GMT+3 I agree Female 42 Masters 17 Permanent 

2024/09/11 9:44:09 AM GMT+3 I agree Female 43 Masters 6 Permanent 

2024/09/12 9:48:44 AM GMT+3 I agree Male 43 Degree 6 Permanent 

2024/09/10 8:12:48 PM GMT+3 I agree Male 43 Masters 22 Permanent 

2024/09/16 6:27:31 PM GMT+3 I agree Male 43 Masters 5 Permanent 

2024/09/09 10:22:12 PM GMT+3 I agree Female 43 Masters 13 Permanent 

2024/09/09 9:56:47 PM GMT+3 I agree Male 44 Masters 7 Permanent 

2024/09/10 9:45:24 PM GMT+3 I agree Male 44 Masters 25 Permanent 

2024/09/09 10:56:32 PM GMT+3 I agree Male 44 Degree 24 Permanent 

2024/09/09 10:15:07 PM GMT+3 I agree Male 44 Masters 3 Permanent 

2024/09/10 8:03:48 PM GMT+3 I agree Female 44 Masters 6 Permanent 

2024/09/11 9:49:13 AM GMT+3 I agree Male 45 Doctorate and 

higher 

11 Permanent 

2024/09/09 9:26:33 PM GMT+3 I agree Male 45 Masters 7 Permanent 

2024/09/09 10:05:00 PM GMT+3 I agree Female 45 Degree 17 Permanent 

2024/09/10 7:29:27 PM GMT+3 I agree Female 45 Masters 20 Permanent 

2024/09/10 9:20:09 PM GMT+3 I agree Male 45 Masters 25 Permanent 

2024/09/09 9:34:38 PM GMT+3 I agree Male 45 Degree 15 Permanent 
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2024/09/09 10:36:47 PM GMT+3 I agree Female 45 Doctorate and 

higher 

12 Permanent 

2024/09/11 9:27:32 AM GMT+3 I agree Male 45 Masters 12 Permanent 

2024/09/05 12:04:14 PM GMT+3 I agree Male 46 Doctorate and 

higher 

20 Permanent 

2024/09/09 9:33:33 PM GMT+3 I agree Male 46 Doctorate and 

higher 

10 Permanent 

2024/09/18 12:57:47 PM GMT+3 I agree Male 46 Doctorate and 

higher 

5 Permanent 

2024/09/04 2:22:15 PM GMT+3 I agree Male 46 Masters 8 Permanent 

2024/09/09 10:11:36 PM GMT+3 I agree Female 46 Masters 26 Permanent 

2024/09/09 10:47:25 PM GMT+3 I agree Male 46 Masters 26 Permanent 

2024/09/09 10:18:33 PM GMT+3 I agree Male 46 Degree 26 Permanent 

2024/09/17 2:23:15 PM GMT+3 I agree Male 47 Doctorate and 

higher 

14 Permanent 

2024/09/10 8:15:40 PM GMT+3 I agree Male 47 Degree 23 Permanent 

2024/09/10 9:29:38 PM GMT+3 I agree Female 47 Masters 27 Permanent 

2024/09/10 9:18:30 PM GMT+3 I agree Female 48 Doctorate and 

higher 

18 Permanent 

2024/09/10 8:58:44 PM GMT+3 I agree Male 48 Degree 23 Permanent 

2024/09/09 10:53:58 PM GMT+3 I agree Male 48 Masters 28 Permanent 

2024/09/10 9:38:04 PM GMT+3 I agree Female 49 Degree 29 Permanent 

2024/09/09 10:27:16 PM GMT+3 I agree Female 49 Doctorate and 

higher 

14 Permanent 

2024/09/18 2:18:53 PM GMT+3 I agree Male 49 Doctorate and 

higher 

10 Permanent 

2024/09/09 9:51:45 PM GMT+3 I agree Male 50 Doctorate and 

higher 

14 Permanent 

2024/09/05 12:07:36 PM GMT+3 I agree Female 50 Doctorate and 

higher 

21 Permanent 

2024/09/09 5:16:48 PM GMT+3 I agree Male 50 Doctorate and 

higher 

20 Permanent 

2024/09/09 9:42:31 PM GMT+3 I agree Male 50 Degree 19 Permanent 
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2024/09/10 9:36:26 PM GMT+3 I agree Male 51 Doctorate and 

higher 

27 Permanent 

2024/09/09 5:24:27 PM GMT+3 I agree Male 51 Doctorate and 

higher 

40 Permanent 

2024/09/10 9:35:30 PM GMT+3 I agree Female 54 Degree 35 Permanent 

2024/09/04 1:55:16 PM GMT+3 I agree Female 56 Doctorate and 

higher 

16 Permanent 

2024/09/10 9:26:29 PM GMT+3 I agree Female 59 Degree 38 Permanent 

2024/09/09 10:11:04 PM GMT+3 I agree Female 62 Doctorate and 

higher 

27 Permanent 

2024/09/09 9:47:18 PM GMT+3 I agree Male 63 Masters 16 Permanent 

 

 

 

 

 

 

 

 

 

 




